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PREFACE

We are happy to present the proceedings of the International CLASS Workshop on Natural, Intelligent
and Effective Interaction in Multimodal Dialogue Systems, that was held in Copenhagen, Denmark,
28-29 June 2002. The workshop was sponsored by the European CLASS project (http://www.class-
tech.org). CLASS was initiated on the request of the European Commission with the purpose of
supporting and stimulating collaboration within and among Human Language Technology (HLT)
projects, aswell as between HLT projects and relevant projects outside Europe.

The workshop was given a specia format with the main purpose of bringing into focus both
theoretically and practically oriented research that has given rise to innovative and challenging
approaches on natural, intelligent and effective interaction in multimodal dialogue systems. In order to
reach this goal we planned the workshop to contain a relatively high number of invited contributions
in addition to papers solicited via an open Call for Papers. We invited a group of 9 internationally
leading researchers with a balanced composition of expertise on the topics of the workshop. We were
especially interested in the following topics:

Multimodal Sgnal Processing

Models for multimodal signal recognition and synthesis, including combinations of speech
(emotional speech and meaningful intonation for speech), text, graphics, music, gesture, face and
facial expression, and (embodied) animated or anthropomorphic conversational agents.

Multimodal Communication Management

Dialogue management models for mixed initiative conversational and user-adaptive natural and
multimodal interaction, including models for collaboration and multi-party conversation.
Multimodal Miscommunication Management

Multimodal strategies for handling or preventing miscommunication, in particular multimodal
repair and correction strategies, clarification strategies for ambiguous or conflicting multimodal
information, and multimodal grounding and feedback strategies.

Multimodal Interpretation and Response Planning

Interpretation and response planning on the basis of multimoda dialogue context, including
(context-semantic) models for the common representation of multimodal content, as well as
innovative concepts/technologies on the relation between multimodal interpretation and generation.
Reasoning in Intelligent Multimodal Dialogue Systems

Non-monotonic reasoning techniques required for intelligent interaction in various types of
multimodal dialogue systems, including techniques needed for multimodal input interpretation, for
reasoning about the user(s), and for the coordination and integration of multimodal input and
output.

Choice and Coordination of Media and Modalities

Diagnostic tools and technologies for choosing the appropriate media and input and output
modalities for the application and task under consideration, as well as theories and technologies for
natural and effective multimodal response presentation.

Multimodal Corpora, Tools and Schemes

Training corpora, test-suites and benchmarks for multimodal dialogue systems, including corpus
tools and schemes for multilevel and multimodal coding and annotation.

Architectures for Multimodal Dialogue Systems

New architectures for multimodal interpretation and response planning, including issues of
reusability and portability, as well as architectures for the next generation of multi-party
conversational interfaces to distributed information.

Evaluation of Multimodal Dialogue Systems

Current practice and problematic issues in the standardisation of subjective and objective
multimodal evaluation metrics, including evaluation models allowing for adequate task fulfilment



measurements, comparative judgements across different domain tasks, as well as models showing
how evaluation translates into targeted, component-wise improvements of systems and aspects.

The proceedings contain 21 contributions. An online version of the proceedings can be found on the
workshop web page (http://www.class-tech.org/eventsNMI_workshop2). In addition to 7 invited
contributions (2 invited contributions were cancelled) we received 21 paper submissions of which 14
were selected for presentation at the workshop.

Together with invited contributions, a selected number of extended and updated versions of papers
contained in these proceedings will appear in abook to be published by Kluwer Academic Publishers.

We are in particular grateful for the work done by the members of the Program Committee which are
leading and outstanding researchers in the field. The authors of papers submitted to the workshop
clearly have benefited from their expertise and efforts. The names of the members of the Program
Committee are presented on the next page.

Further, we would like to thank Tim Bickmore, Phil Cohen, Ronad Cole, Bjérn Granstrém, Dominic
Massaro, Candy Sidner, Oliviero Stock, Wolfgang Wahlster and Yorick Wilks for accepting our
invitation to serve asinvited speaker. Unfortunately, both Wolfgang Wahlster and Y orick Wilks had to
cancel their participation to the workshop. We are convinced that the presence of our invited guests
will add greatly to the quality and importance of the workshop.

Finally, we want to acknowledge the assistance work done by the NISLab team at University of
Southern Denmark, in particular the clerical support provided by Merete Bertelsen and the valuable
and direct internet support given by Torben Kruchov Madsen.

We hope you will benefit greatly from these proceedings and your participation in the workshop.

Jan van Kuppevelt (IMS, University of Stuttgart),
Laila Dybkjaar (NISLab, University of Southern Denmark) and
Niels Ole Bernsen (NISLab, University of Southern Denmark).
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Implementing and evaluating a multimodal and multilingual
tourist guide
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Abstract

This paper presents the EURESCOM
project MUST, (MUItimodal, multilingual
information Services for small mobile
Terminals). The project started in Febru-
ary 2001 and will last till the end of 2002.
Based on existing technologies and plat-
forms a multimodal demonstrator (the
MUST tourist guide to Paris) has been
implemented. This demonstrator uses
speech and pen (pointing) for input, and
speech, text, and graphics for output. In
addition a multilingual Question/ Answer-
ing system has been integrated to handle
out of domain requests. The paper focuses
on the implementation of the demonstra-
tor. The real-time demonstrator was used
for evaluations performed by usability ex-
perts. The results of this evaluation are
also discussed.

Introduction

For Telecom Operators and Service Providers i
is essential to stimulate the widest possible us
of the future UMTS networks. Wide usage pre-
supposes that services fulfil at least two re
gquirements: customers must have the feeling th

and pen at the input side, and text, graphics, and
audio at the output side in a small form factor,
promise to offer a platform for the design of
multimodal interfaces that should overcome the
usability problems. However, the combination of
multiple input and output modes in a single ses-
sion appears to pose new technological and hu-
man factors problems of its own. The research
departments of three Telecom Operators col-
laborate with two academic institutes in the

EURESCOM project MUST (Boves & den Os,

2002}. The main aims of MUST are:

1. Getting hands-on experience by integrating
existing speech and language technologies
into an experimental multimodal interface to
a realistic real-time demonstrator in order to
get a better understanding of the issues that
will be important for future multimodal and
multilingual services in the mobile networks
accessed from small terminals.

2. Use this demonstrator to conduct human fac-
tor experiments with naive non-professional
users to evaluate the multimodal interaction.

Multimodal interaction has been studied for sev-

gral years, see e.g. (Oviatt, 1999 and Oviatt et al,

000). Most papers on user studies report ex-
periments that were carried out with Wizard-of-
Oz systems and professional users who manipu-

6h’;\ted objects on large terminal screens (Kehler et

al., 1998, Martin et al., 1998, and Wahlster et al.,

the service offers more or better functionality
than existing alternatives, and the service mus
have a easy and natural interface. Especially the
latter requirement is difficult to fulfil with the 1 Updated information from the MUST-project can be
interaction capabilities of the small lightweight found at

mobile handsets. Terminals that combine speechttp://www.eurescom.de/public/projects/P1100-
series/pl1104/default.asp

?001)- For the Telecom Operators these studies




are of interest in so far that they indicate some ofo talk about objects on a map. This probably
the general principles of multimodal interaction. explains why multimodal map services have
However, Telcos can only start to consider debeen so popular in the research community
veloping multimodal services if these can be(Oviatt, et al, 2000; Martin et al., 1998). Tourist
built on standard architectures and off-the-shelfguides that are organised around detailed maps
components, that work in real-time and that carof small sections of a city are an example of this
be accessed from small mobile terminals by nonfamily of services. Therefore, we decided to
professional users. Therefore, the MUST projecmodel the MUST demonstrator service after this
is focused on a user study with a real-time demmmetaphor. Paris was selected as the object city.
onstrator of what could become a real service. Thus, the MUST Guide to Paris is organized in
In addition, a large part of the existing literaturethe form of small sections of the town around
is based on experiments that address issues sutoints of Interests” (POI's), such as the Eiffel
as the preference for specific modes for error retower, the Arc de Triumph, etc. These POI's are
pair and comparisons of several combinations othe major entry point for navigation. The maps
modes (including unimodal interaction). In show not only the street plan, but also pictorial
MUST we concentrate on gathering knowledgerepresentations of major buildings, monuments,
about behaviour of untrained users interactingetc. When the user selects one of the POI’s, a
with one —carefully designed- multimodal sys- detailed map of the surroundings of that object is
tem that is virtually impossible to use without displayed on the screen of the terminal (cf. Fig.
combining speech and pen for input. 2). Many map sections will contain additional
In this paper we first present the functionality of objects that might be of interest to the visitor. By
the demonstrator service that served as the backointing at these objects on the screen they be-
bone of the MUST project. Then we describe thecome the topic of the conversation, and the user
architecture, and the user interface. Finally, wecan ask questions about these objects, for exam-
present the results of an expert evaluation of th@le “What is this building?”, and “What are the
first operational version of the demonstrator. opening hours?”. The user can also ask more
general questions about the section of the city
1 The functionality of the demonstrator that is displayed, such as “What restaurants are

Multimodal interaction comes in several forms N this neighbourhood?’ The latter question will
that imply different functionalities for the user, 2dd icons for restaurants to the display, that can
In MUST we decided to investigate the mostP€ turned into the topic of conversation by point-
powerful approach, i.e. simultaneous coordi-"9 @nd asking questions, for example about the
nated multimodal interactiénWe want to pro- YPe of food that is offered, the price range, and
vide Telecom Operators with information on OPENiNg hours. The information returned by the
what this type of interaction implies in terms of SyStem is rendered in the form of text, graphics
implementation effort and on how users will ap-(Maps, and pictures of hotels and restaurants),
preciate this new way of interaction. and text-to-speech synthesis. _

Only some of the services that one might want td=0r mobile network operators a substantial part

develop for the mobile Internet networks lend it- Of CCeSS to services comes from roaming cus-
self naturally to the use of simultaneous coordi-oMers. Itis well-known that most people prefer

nated interaction combining speech and text iniC US€ their native language, especially when us-

put. A necessary requirement for such a servicd'd SPeech recognisers, that are known to de-
is the need to talk about objects that can be iderff@de in performance for non-native speech.
tified by pointing at them on the screen. OneTher_efore, information services offered in the
family of services where pointing and speakinngb”e networks must be multilingual, so as to

can be complementary is when a user is require@!!0W €very customer to use the preferred lan-
guage. The MUST demonstrator is developed

for Norwegian, Portuguese, French and English.

2 Simultaneous coordinated multimodal interaction is . .

the term used by W3Qttp:/www.w3.orgfor the  Users will be allowed to ask questions about
most complicated multimodal interaction, where all POI's for which the answers are not in the data-
available input devices are active simultaneously, andase of the service, perhaps because only a small
their actions are interpreted in context.




proportion of the users is expected to be interThe GALAXY Communicator Software Infra-
ested in this information (e.g., ‘Who is the archi- structure, a public domain reference version of
tect of this building?’ and ‘What other buildings DARPA Communicator maintained by MITRE
has he designed in Paris?’). For the answers tthttp://fofoca.mitre.orly has been chosen as the
these questions access will be provided to a mulinderlying inter-module communication frame-
tilingual Question/Answering (Q/A) system, de- work of the system. It also provides the HUB in
veloped by France Télécom R&D, that will try Figure 1, through which nearly all the inter-

to find the answers on the Internet (Boualem andnodule messages are passed. The main features

Filoche, n.y.). of this framework are modularity, distributed na-
ture, seamless integration of the modules, and
2 The architecture of the demonstrator flexibility in terms of inter-module data ex-

The overall architecture of the MUST demon-C¢hange (synchronous and asynchronous com-
strator is shown in Figure 1. The server side offhunication through HUB and directly between
the architecture combines a number of specialMdules). GALAXY allows to ‘glue’ existing
ised modules, that exchange information amongOmPonents (e.g., ASR, TTS, etc.) together in

each other. The server is accessed by the usgifferent ways by providing extensive facilities
through a thin client that runs on the mobile ter-[07 Passing messages between the components

minal. The application server is based on théhrough the central HUB. A component can eas-
Portugal Telecom Inovacdo (Azevedo ang!ly invoke a functionality t_hat is belng. prowdgd
Beires, 2001) and Telenor R&D (Knudsen et al.,Py other components without knowing which
2000) voice servers, which were originally de- Component provides it or where it is running.
signed for voice-only services, i.e. there are two

versions of the demonstrator that only differ in

the voice platforms used. The voice servers pro ASR

vide an interface to ISDN and PSTN telephony TTs P,\;‘;'ffm

and advanced voice resources such as Automat d PHN Server
Speech Recognition (ASR) and Text-to-Speect =

Synthesis (TTS). The ASR applied is Philips |

SpeechPearl20Q0that supports all the lan- ¥

guages in the project (English, French, Portu- e QA H
guese and Norwegian). ASR-features such a System)] | Server U
confidence scores and N-best lists are supportet Nep Nep B
The TTS engine is used to generate real-time Info Server

speech output. Different TTS-engines are use(

for the different languages in MUST. Telenor Muitimodal Servey

and France Télécom use home-built TTS en .

gines, while Portugal Telecom usBgalSpeak Dg';g:q“d

from L&H. Manager L]

The multilingual question-answering (Q/A) sys-
tem uses a combination of syntactic/semantic
parsing a_nd statistical natural Language Processrigyre 1. Schematic architecture of the MUST
ing techniques to search the Web for potentially tourist guide to Paris

relevant documents. The search is based on a

question expressed in natural language, and thene processing in the HUB can be controlled us-
system subsequently tries to extract a short anggy 5 script or it can act as a facilitator in an
swer from the documents. The size (in terms o gent based system. In MUST the HUB messag-
number of characters) of the answer cannot be,q control is script based. The modules are writ-
predicted in advance, but it is expected that mo

- n in Java and C/C++ under Linux and Win-
answers are short enough to fit into the text boxyows NT.

that is used for presenting information that is al-, orger to keep the format of the messages ex-

ready available in the database. If an answer ighanged hetween the modules simple and flexi-
too long, it will be provided by Text to Speech. ble, it has been decided to use an XML based



mark-up language named MxML - MUST XML speech, the two input actions are integrated into
Mark up Language. MXML is used to representone combined action. An example is the utter-
most of the multimodal content that is ex- ance “Show hotels here”, while tapping at Notre
changed between the modules. Parameters r®ame. When the time between tapping and
quired for set-up, synchronization, and discon-speech is longer than a pre-set threshold, the ac-
nection of modules use key pair (name - value}ions are considered as sequential and independ-
attributes in Galaxy messages. ent.

The client part of the demonstrator is imple- The overall interaction strategy is user con-
mented on a COMPAQ iPAQ Pocket PC run-trolled, in accordance with what is usual in
ning Microsoft CE with WLAN connection. The graphical user interfaces. This implies that the
speech part is handled by a mobile phone. Thepeech recogniser must always be open to cap-
user will not notice this “two part” solution, ture input. Obviously, this complicates signal
since the phone will be hidden and the interfacgrocessing and speech recognition. However, it
will be transparent. Only the headset (micro-is difficult to imagine an alternative for a con-
phone and earphones) with a wireless connedinuously active ASR without changing the in-
tion will be visible for the user. teraction strategy. Users can revert to sequential
The spoken utterances are forwarded to theperation by leaving enough time between
speech recogniser by the telephony module. Thepeech and pen actions.

text and pen inputs are transferred from the GUIThe output information is mainly presented in
Client via the TCP/IP connection to the GUI the form of text (e.g. "the entrance fee is 3
Server. The inputs from the speech recogniseeuro”) and graphics (maps and pictures of hotels
and the GUI Server are integrated in the Multi-and restaurants). The text output appears in a
modal Server (late fusion) and passed to the Diatext box on the screen.

logue/Context Manager (DM). The DM inter- To help the user keep track of the system
prets the result and acts accordingly, for examstatus, the system will always respond to an in-
ple by contacting the Map Server and fetchingput. In most cases the response is graphical. For
the information to be presented for the user. Thexample, when a Point of Interest (POI) has
information is then sent to the GUI Server andbeen selected, the system will respond by show-
Voice Server via the Multimodal Server that per-ing the corresponding map. If the system detects
forms the fission. Fission consists of the extrac-an ambiguity (e.g. if audio input was detected,
tion of data addressed to the output modalitiedut ASR was not able to recognise the input with
(speech and graphics in this case). sufficiently high confidence), it provides a
MUST set out to investigate implementation is- prompt saying that it did not understand the ut-
sues related to coordinated simultaneous multiterance.

modal input, i.eall parallel inputs must be in- The graphical part of the user interface consists
terpreted in combination, depending on the fu-of two types of maps: an overview map showing
sion of the information from all channels. In our all POls, and detailed maps with a POI in the
implementation we opted for the “late fusion” centre. The Dialogue/Context Manager is de-
approach, where recogniser outputs are consigned such that the interaction starts without a
bined at a semantic interpretation level. Thefocus for the dialogue. Thus, the first action that
temporal relationship between different inputa user must take is to select a POI. The selected
channels is obtained by considering all inputobject automatically becomes the focus of the
contents within a reasonable time window. Thedialogue: all deictic pronouns, requests etc. now
length of this time window has a default value ofrefer to the selected object. Selection can be ac-
1 second and is a variable parameter that can ®mplished in three ways: by speaking, by
adjusted dynamically according to the dialogpointing, or by both simultaneously. Irrespective

context. of the selection mode, the application responds
by showing the section map that contains the
3 The user interface of the demonstrator POI. A selected object is marked by a red frame

One important feature for the user interface isSurrounding it, as a graphical response to the se-
the “Tap While Talk” functionality. When the lection action. All additional selectable objects

pen is used shortly before, during or shortly afte®" & Map are indicated by green frames. When



the user has selected a POI, several facilitieSpeech input allows what we call shortcuts. For
such as hotels and restaurants can be shown agample, at the top navigation level (where the
objects on the maps. This can be accomplishedverview map with POIs is on the screen) the
by means of speech (by asking a question suchser can ask questions such as ‘What hotels are
as ‘What hotels are there in this neighbour-there near the Notre Dame?’. That request will
hood?’), or by tapping on one of the ‘facility’ result in the detailed map of the Notre Dame,
buttons that appear at the bottom of the screemith the locations of hotels indicated as select-
just below each section map. able objects. However, until one of the hotels is
selected, the Notre Dame will be considered as

: Pocket_PC = the topic of the dialogue.

File Zoom Took: Help 4 Expert review

MUST Tourist Guide (¢ 18:50 €9 The MUST application was investigated by
Norwegian and Portuguese experts in human-
machine interaction. Since only twelve experts
participated in this evaluation, results should be
interpreted with due caution. There were great
similarities between the remarks and observa-
tions of the Portuguese and Norwegian experts.
The most noteworthy observations will be dis-
cussed here.
During the exploratory phase of the evaluation,
most experts started to use the two input modali-
ties one by one, and some of them never tried to
use them simultaneously. After a while five of
the twelve experts started to use pen and speech
simultaneously.
Timing between speech and pointing has been
studied in other experiments (Martin et al. 1998;
Kehler et al., 1998). In the expert evaluation we
observed that the experts typically tapped at the
end or shortly after the utterance. This was espe-
r“""—‘“"—'| = 7| "a E|‘ cially the case when the utterances ended with
deictic expressions like ‘here’ or ‘there’. If no
deictic expressions were present, tapping often
occurred somewhat earlier. Timing relations be-
tween speech and pointing will be investigated
in more detail in the user evaluation experiment
Fig. 2 shows the buttons that were present in th atis now being designed. -

he results from the exploratory phase indicate

toolbar of the first version of the GUI. Two but- hat f PC and PDA
tons are related to the functionality of the service'at frequent PC an VUSErs are so accus-
omed to use a single modality (pen or mouse) to

(hotels and restaurants), and three buttons are &

lated to navigation: a help button, a home but_select objects or navigate through menus to nar-

ton. and a back button. The back button will W down the search space, that even if they are
' : told that it is possible to use speech and pen si-

make the application go back to the previous I v th il h h

state of the dialogue as a kind of error recover ultaneously, t ety wi " ave :0 god tt rotLrJ]g a

mechanism to deal with recognition failures. earning process 1o get accustomed 1o the new
simultaneous coordinated multimodal interaction

‘Help’ was context independent in the first ver- le. B hev h di d and .
sion of the demonstrator; the only help that wags €. But once they have discovered and experi-
nced it, the learning curve appears to be quite

provided was a short statement saying thaf
speech and pen can be one by one or combined€eP-
to interact with the application.

Figure 2. Screen Layout of the MUST tourist
guide



It was not intuitive and obvious that the interfacetem to convey information about its capabilities
was multimodal, and in particular that the two and limitations (Walker and Passonneau, 2001).
modalities could be used simultaneously. This

indicates that for the naive user evaluation web Conclusion and further work

should pay much attention to the introductionThe aim of MUST is to provide Telecom Opera-
phase where we explain the service and the ingyrg \with useful information on multimodal ser-
terface to the user. vices. We have built a stable, real-time multi-
_ _ ... . modal demonstrator using standard components
During the expert evaluation many usability is-\ithout too much effort.
sues were revealed. They can be divided into inthe first version was evaluated by human-factor
teraction style issues and issues that are Spec'f@xperts. One of the main conclusions was that
for the MUST tourist guide. The MUST guide 556 ysers will need instructions before being
specific issues were mainly related to buttonSgpe 1o henefit from a simultaneous coordinated
feedback, prompts, the way selected objeCtynimodal interaction. Once aware of the sys-
were highlighted, and the location of the POISie g capabilities they should be able to use the
on the screen. Most of the problems can bg&ygiem with small cognitive effort. This will be

solved rather easily. The comments from the eX«t,died more in forthcoming user experiments.

perts gave helpful advice to improve the graphi-apqther issue we will study in this experiment is

cal i.nterface and button-design fqr the secondy,q timing of the input, especially when deictic
version of the demonstrator that will be used forexpressions are used.

the user evaluation experiments.
Almost all experts agreed that without some ini-References
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Abstract

The goal of this paper is to present
in detail a graphical evaluation tool
for multimodal dialogue systems
which is used to compare the users’
satisfaction with the system’s tech-
nical performance quasi objectively.
It is also used to define weights for
the calculation of overall system per-
formance (user satisfaction & tech-
nical performance) of multimodal di-
alogue systems.

1 Keywords

Multimodal dialogue systems, end-to-end
evaluation, graphical evaluation tool, evalu-
ation framework, SmartKom

2 Introduction

When evaluating multimodal dialogue sys-
tems the evaluators have many problems to
solve and only partly can transfer established
methods from spoken dialogue system eval-
uations (see (Beringer et al., 2002b) for fur-
ther details) such as the PARADISE frame-
work (Walker et al., 1997). In the end-to-
end evaluation of the multimodal dialogue
system SmartKom the evaluators have to
deal with the innovative character of mul-
timodality. Therefore, we developed a new
evaluation framework for multimodal dia-
logue systems, PROMISE (Procedure for
Multimodal Interactive System Evaluation)
(Beringer et al., 2002a) since established
methods cannot be transferred unambigu-
ously from monomodal frameworks like PAR-
ADISE.

This new framework combines established
methods from spoken dialogue evaluations
and takes into account new methods to han-
dle multimodal characteristics like gestural
input combined with speech input, graphical
vs. speech output or userstate information
via facial expression of the user.

One of the features of spoken dialogue eval-
uation frameworks, namely the independence
of systems and tasks by weighting objectively
measured qualities and quantities of the sys-
tem by subjective user satisfaction has been
implemented in PROMISE as well.

To obtain weights, user satisfaction can be
directly correlated with the objective quality
and quantity measures (further referred to as
costs) via Pearson correlation (see (Beringer
et al., 2002a) for further details). But not all
costs can be given corresponding questions in
usability questionnaires. However, to obtain a
normalization over differing systems, scenar-
ios and tasks we have to weight them some-
how.

To handle this problem, the evaluators
have to objectively compare with costs the
recorded passages of the dialogues in question.

This was the motivation to develop a graph-
ical approach to check and relate user satis-
faction and system performance objectively.

The paper is structured as follows: section
3 describes briefly the function of the multi-
modal SmartKom dialogue system which has
to be evaluated. In section 4 we give a gen-
eral outline of PROMISE. Section 5 describes
the possibility to define weights to normalize
over systems, scenarios and tasks. The re-
quirements and characteristics of the graph-
ical evaluation tool as well as some positive



side effects will be presented in section 5. The
paper finishes with a short summary and out-
lines our future work.

3 The SmartKom project

In the SmartKom project, an intelligent
computer-user interface is being developed
which deals with various kinds of oral or phys-
ical input. Potential benefits of SmartKom
include the ease of use and the naturalness
of the man-machine interaction due to mul-
timodal input and output. However, a very
critical obstacle to progress in this area is the
lack of a general methodology for evaluating
and comparing the performance of the three
possible scenarios provided by SmartKom:

e SmartKom Home/Office to communicate
and operate machines at home (e.g. TV,
workstation, radio),

e SmartKom Public to have a public access
to public services, and

e SmartKom Mobile as a mobile assistant.

The system understands input in the form
of natural speech as well as in the form of
gestures. In order to "react” properly to the
intentions of the user, the emotional status
is analyzed via the facial expression and the
prosody of speech. One of the requirements of
the project is to develop new modalities and
new techniques.

4 General Outline of the
PROMISE Framework

PROMISE (Procedure for Multimodal
Interactive System Evaluation) is an ex-
tended evaluation framework for multimodal
dialogue systems (Beringer et al., 2002a),
where we aimed to solve the problems of
scoring multimodal inputs and outputs,
weighting the different recognition modalities
and how to deal with non-directed task
definitions and the resulting, potentially
uncompleted tasks by the users.

Advantages of established methods like ab-
stracting from systems, scenarios and tasks

are included in PROMISE as well as modal-
ity specific measures. The latter, of course,
is the basis of a number of problems. The
most challenging is described in the following
subsection.

4.1 Scoring multimodal inputs and
outputs

In contrast to interactive monomodal spo-
ken dialogue systems, multimodal dialogue
systems consist of several equivalent tech-
nologies which are functionally similar to
each other. In other words, multimodal dia-
logue systems are based on many component
technologies like speech recognition, gesture
recognition, recognition of emotional states,
text-to-speech, natural language understand-
ing, natural language generation, generation
of graphical presentation, synchronization of
speech and graphics and database query lan-
guages. Taking the example of recognition,
the different modalities can and will interfere
with each other.

To evaluate interfering functionalities mul-
timodal inputs have to be identified and fur-
ther processed on according to the “total or
nothing” principle!.

Another problem in scoring multimodal in-
put is how to estimate the accuracy of differ-
ent recognizers. l.e., in talking about speech
recognition, we have to deal with a very
complicated pattern match, whereas gesture
recognition has a limited set of recognizible
gestures which can be found in a given coor-
dinate plane.

4.2 Dealing with non-directed task
definitions

Apart from the scoring problems PROMISE
also offers a solution for handling non-directed
task definitions. In contrast to task require-
ments, where the user has to check several
functions of a system in a defined order,
SmartKom offers a variety of different func-
tions which can be combined in any order to
get the wanted information. Therefore we had
to define more dynamic “keys” (a PARADISE

!Only those combined inputs get access to the eval-
uation which are not ambiguous in their content.



term) to extract different superordinate con-
cepts depending on the task at hand referred
to below as “information chunks” or “bits” .
These “information chunks” are carefully se-
lected, categorized and weighted by hand be-
fore the tests start to compute, normalize and
compare across different tasks and scenarios.

The number of information chunks can vary
within one completed task, but it must define
a task unambiguously in order to complete it
successfully.

4.3 Abstraction from systems,
scenarios and tasks

The requirement of abstracting from systems,
scenarios and tasks is assumed to be necessary
not only for spoken dialogue systems eval-
uation but also for the evaluation of multi-
modal dialogue systems. This can be done by
weighting successfully completed tasks with
correlation coefficient of the Pearson corre-
lation between user satisfaction values and
task completion. Due to the more dynamic
task definition in SmartKom, PROMISE al-
lows only two values for task success:

Tj = + 1 : task success;

7j = — 1 : task failure;

where j is the index of the corresponding tests.

To abstract from dialogues, PROMISE uses
the mean value 7.

To compute the system performance we
have to normalize over the cost functions via
a z-scored normalization function: N (¢;) =
cia;g, where c; i-th cost, o.; variance of ¢;, ¢;

€

the mean of ¢;.

5 The SmartKom Graphical
Evaluation Tool

5.1 Requirements

For the SmartKom evaluation we designed
a graphical evaluation tool which gives the
possibility to compare user satisfaction val-
ues (out of a usability questionnaire) about
a given functionality with the corresponding
quality and quantity measures (objectively
measurable technical evaluation) of the re-
spective dialogue. A human evaluator checks
both parts and decides which of the two is
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more likely or if both are equally likely. To
get a better idea of the dialogue (s)he has to
evaluate, the video or parts of it can be dis-
played as well - either by choosing the start
and endpoint by hand or by clicking offered
timestamps (see section 5.4 below). For eval-
uators’ comments we must also provide a text
field. The quasi objective scoring is written in
an SQL database described below in section
5.3.

Table 1 gives an overview of the cost and
usability pairs we defined for SmartKom.

The tool offers a defined course of evalua-
tion results. This balances individual differ-
ences both of the evaluators and of the users.
Making the data available to a number of eval-
uators by offering a platform independent tool
the evaluation can be done highly objectively.

5.2 Video display

For the linux version of our Graphical Evalu-
ation Tool we had to provide a video player
which allows starting, stopping and repeating
parts of the filmed dialogues. Video playback
is implemented using a specially hacked up
copy of XAnim?. XAnim is embedded into
the interface by means of two wrappers:

embedded xanim and XAnimRemoteControl.

5.2.1 Modifiactions to XAnim

XAnim had to be modified to allow viewing
of single parts of a video and to allow rapid
stopping of replay. It now sports four new
command line options, to specify start and
end times in frames or milliseconds.

5.2.2

embedded xanim is an interactive interface
for XAnim written in C.
It displays a window with the specified size
at the specified position. It then goes into a
loop reading lines from standard input which
are interpreted as X Anim command line argu-
ments and an optional window title. XAnim
is run with these arguments, thus playing the
desired video. Furthermore, the video can be
stopped at any point during replay using the
‘stop’ command.

embedded_xanim

2X Anim 2.80.1, see
http://xanim.va.pubnix.com/home.html



Quality and quantity measures

usability question

Transaction success
Task complexity

The task was easy to solve

Misunderstanding of input
Offtalk

SmartKom has understood my input

Misunderstanding of output

SmartKom can easily be understood

Semantical, syntactical correctness
Incremental compatibility

SmartKom has answered properly in most

cases

Mean system response time
Mean user response time
Timeout

The speed of the system was acceptable
for each situation
I always knew what to say

Acc. gesture recognition

The gestural input was successful

Acc. ASR

The speech input was successful

Dialogue complexity

SmartKom worked as assumed
SmartKom reacted quickly to my input
SmartKom is easy to handle

Percentage of appropriate/inappropriate
system directive diagnostic utterances
Percentage of explicit recovery answers
repetitions

No. of ambiguities

SmartKom offered an adequate amount
of high quality information
SmartKom is easy to handle

Diagnostic error messages
Rejections
Timeout

SmartKom needs input only once to
successfully complete a task

Help-analyzer

SmartKom offers adequate help

Output complexity (display)

The display is clearly designed

Mean elapsed time
Task completion time
Dialogue elapsed time

SmartKom reacted fast to
my input

Duration of speech input
Duration of ASR

SmartKom reacted fast to
speech input

Duration of gestural input
Duration of gesture recognition

SmartKom reacted fast to
gestural input

Bargeln
Cancel

SmartKom allows interrupts

Dialogue complexity

Was the task difficult?

Gesture turns
Ways of interaction

input via graphical display

Display turns

output via graphical display

Speech input

speech input

Speech synthesis (synchronicity)

speech output

N-way communication
Ways of interaction
Error rate of questions
Input complexity

Possibility to interact in a quasi-human
way with SmartKom

Table continues next page
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Quality and quantity measures

usability question

Recognition/duration of facial expression
Prosodic features

SmartKom reacted towards my
emotional state

Synchronicity
Graphical output (turns)
Cooperativity

How do you score the competence of the
agent?
Were actions of the persona natural?

Gestural input

Gestural input

Table 1: Quality and quantity measures for the SmartKom evaluation compared with user

satisfaction values

5.2.3 XAnimRemoteControl

XAnimRemoteControl is a high-level Java
wrapper-class for embedded _xanim.
During initialization, an instance of embed-
ded xanim is started. Then, arbitrary video-
files can be played with the play()-method,
and replay can be stopped with the stop()-
method. The quit()-method cleans up and
kills embedded xanim.

5.3 The Back-end - A MySQL
Database

The data processed by the tool comes from
and goes into a MySQL database.

The questions and answers of the techni-
cal evaluation (mainly extracted from the
logfiles) are read in from the TE_Frage &
TE_Antwort table pair3. The results of the er-
gonomic evaluation (from the questionnaire)
are read from a slightly more complicated ar-
rangement of tables, where the questions are
split into one or more subquestions. The tech-
nical and ergonomic questions are connected
by a link table. The result is written into a
separate synthesis table.

5.4 The Evaluation GUI

The evaluation process is based on a GUI pro-
gramm written in Java. It is deliberately se-
lected for its character of platform indepen-
dence, so the program can be easily executed
on the different computer types in the insti-
tute.

3Name of the cost and the value
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5.4.1 Functional description

The graphical interface is composed of 3
sections: a Java window for the evaluation,
a XAnim window* for the video display and
an emacs window for the label display. Figure
1 shows a screenshot of the GUI.

The Java window is divided into 3 boxes of

the same size. The left box is displayed for the
result of technical evaluation, and the data is
imported from the related MySQL database,
in which the results of different sessions are
located. The right one shows a display for
questions and answers of ergonomic evalution
related to the technical part. The middle
section offers pre-defined decision categories.
Comments can be written in plain text in the
comment field.
When the GUI is started with a session, an
aligned XAnim window with the video file in
questions as well as an aligned emacs win-
dow including the corresponding annotations
is initialized.

5.4.2 XAnim control

During the evaluation process, human eval-
uators can navigate through the video file
by clicking the timestamps in order to see a
sepecified part of the video sequence. It is
integrated into the Java program, so the eval-
uator can mark the start and end point in
milliseconds to fire an event, which is handled
correspondingly in the programm to run the
embedded xanim with the specified segment.

5.4.3 Database connection

Another main component of this tool,
which runs in the background, is the database

“see the section 5.2 Video display



connection. The database used in the evalua-
tion process is a MySQL database, which in-
cludes the essential tables for the whole eval-
uation(See the section 5.3 for details). The
program communicates with the database in
two ways:

e In the initialization process of the
GUI, the program makes queries to the
database to extract the related results of
technical and ergonomic evaluation in or-
der to graphically represent them in the
provided boxes.

During the evalution process the evalua-
tor makes decisions and comments. The
outgoing results are then immediately in-
serted into the corresponding table of the
database.

5.5 Side Effects

Apart from allocating user satisfaction and
system performance via the evaluation GUI
the tool offers some positive side effects,
namely

e the possibility of annotating userstate
and gestural input (Steininger et al.,
2001; Steininger et al., 2002)

e the possibility to score multimodal recog-
nition facilities

e the repetition of video sequences

Using a graphical interface not only for
evaluation purposes but also for presentation
of detailled evaluation results we make it pos-
sible for every scenario that the developers get
access to all content-related problems, results
and protocols within the corresponding eval-
uation phase. While using the display, they
can easily find out by checking the related ob-
jectively measured and user satisfaction val-
ues on which evaluation part to concentrate
(user satisfaction scores or objective costs) to
improve the system.

6 Conclusion

The Graphical Evaluation Tool allows a vi-
sual representation of dialogues that can be
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used both for evaluating the system and com-
paring user satisfaction with objectively mea-
sured costs. Human evaluators have to follow
the same course of evaluation by the Graph-
ical Evaluation Tool. This balances individ-
ual differences both between the evaluators as
well as the users.

Apart from the primary functionality of
evaluation, our tool offers the possibility of
annotating user state and gestural input.

Via the GUI, it is possible to score the dif-
ferent recognition modalities as well.

Finally, the controlled playing of video se-
quences can be done platform independently
due to the Java implementation.
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Abstract

This study compares people’s interactions with

Embodied Conversational Agents to similar

interactions over the phone, and investigates the
impact these media have on a wide range of
behavioral, task and subjective measures. While
the behavioral measures were consistent with
previous studies, the subjective measures
indicated that the fit of an ECA's persona to the

task and style of interaction can overwhelm the
effects of media on subjects' assessment of the

ECA and the interaction.

Introduction

Social psychologists have compared face-to-face
conversation with phone conversation, video-
mediated communication and other mediated
modalities, showing the effect various media have on
psychosocial variables such as interpersonal vs. task-
orientation, cooperation, trust, metacognition, person
perception, veracity and task outcomes in negotiation
and collaborative problem-solving (Rutter, 1987).
Studies comparing human-human to human-computer
interaction have demonstrated effects on speech
disfluency, turn length and frequency, utterance
length and interruptions (e.g., Oviatt, 1995). Few
studies to date, however, have investigated how
interaction with embodied conversational agents
(ECAs) compares with these other well-understood
modalities.
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In this paper we present the results of a study
comparing  interaction with an  embodied
conversational agent to interaction with a phone-based
dialogue system. This study extends previous work
investigating the effects of social dialogue ("small
talk") in a real estate sales domain, which
demonstrated that social dialogue can have a
significant impact on a user's trust of a computer
agent (Bickmore and Cassell, 2001). In addition to
varying medium (phone vs. embodied) and dialogue
style (social dialogue vs. task-only) we also assessed
the user's personality along the
introversion/extroversion dimension, since
extroversion is one indicator of a person's comfort
level with face-to-face interaction.

1 Related Work

Work on the development of ECAs, as a distinct field
of development, is best summarized in (Cassell,
Sullivan et al., 2000). The current study is based on
the REA ECA (see Figure 1), a simulated real-estate
agent, who uses vision-based gesture recognition,
speech recognition, discourse planning, sentence and
gesture planning, speech synthesis and animation of a
3D body (Cassell, Bickmore et al., 1999). Some of the
other major systems developed to date are Steve
(Rickel and Johnson, 1998), the DFKI Persona
(Andre, Muller et al., 1996), Olga (Beskow and
McGlashan, 1997), and pedagogical agents developed
by Lester, et al, (Lester, Stone et al., 1999). These
systems vary in their linguistic generativity, input
modalities, and task domains, but all aim to engage
the user in natural, embodied conversation.



Figure 1. REA

1.2 User Studies on Embodied Conversational
Agents

Koda and Maes (Koda and Maes, 1996) and Takeuchi
and Naito (Takeuchi and Naito, 1995) studied
interfaces with static or animated faces, and found
that users rated them to be more engaging and
entertaining than functionally equivalent interfaces
without a face. Kiesler and Sproull (Kiesler and
Sproull, 1997) found that users were more likely to
be cooperative with an interface agent when it had a
human face (vs. a dog or cartoon dog).

Andre, Rist and Muller found that users rated their
animated presentation agent ("PPP Persona") as more
entertaining and helpful than an equivalent interface
without the agent (Andre, Rist et al., 1998). However,
there was no difference in actual performance
(comprehension and recall of presented material) in
interfaces with the agent vs. interfaces without it.

In a user study of the Gandalf system (Cassell and
Thorisson, 1999), users rated the smoothness of the
interaction and the agent's language skills
significantly higher under test conditions in which
Gandalf utilized limited conversational behavior
(gaze, turn-taking and beat gesture) than when these
behaviors were disabled.

Sproull et al. (Sproull, Subramani et al., 1997)
showed that subjects rated a female embodied
interface significantly lower in sociability and gave it
a significantly more negative social evaluation
compared to a text-only interface. Subjects also
reported themselves to be more aroused (less relaxed
and assured) when interacting with the embodied
interface than when interacting with the text interface.
They also presented themselves in a more positive
light (gave themselves significantly higher scores on
social desirability scales) and disclosed less (wrote
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significantly less and skipped more questions in
response to queries by the interface) when interacting
with an embodied interface vs. a text-only interface.
Men were found to disclose more in the embodied
condition and women disclosed more in the text-only
condition.

Most of these evaluations have tried to address
whether embodiment of a system is useful at all, by
including or not including an animated figure. In
their survey of user studies on embodied agents, Dehn
and van Mulken conclude that there is no "persona
effect", that is a general advantage of an interface
with an animated agent over one without an animated
agent (Dehn and Mulken, 1999). However, they
believe that lack of evidence and inconsistencies in
the studies performed to date may be attributable to
methodological shortcomings and variations in the
kinds of animations used, the kinds of comparisons
made (control conditions), the specific measures used
for the dependent variables, and the task and context
of the interaction.

1.3 User Studies on Human-Human vs.
Human-Computer Communication

Several studies have shown that people speak
differently to a computer than another person, even
though there are typically no differences in task
outcomes in these evaluations. Hauptmann and
Rudnicky (Hauptmann and Rudnicky, 1988)
performed one of the first studies in this area. They
asked subjects to carry out a simple information-
gathering task through a (simulated) natural language
speech interface, and compared this with speech to a
co-present human in the same task. They found that
speech to the simulated computer system was
telegraphic and formal, approximating a command
language. In particular, when speaking to what they
believed to be a computer, subject’s utterances used a
small vocabulary, often sounding like system
commands, with very few task-unrelated utterances,
and fewer filled pauses and other disfluencies.

These results were extended in research conducted by
Oviatt (Oviatt, 1995; Oviatt, Levow et al., 1998;
Oviatt and Cohen, 2000), in which she found that
speech to a computer system was characterized by a
low rate of disfluencies relative to speech to a co-
present human. She also noted that visual feedback
has an effect on disfluency: telephone calls have a
higher rate of disfluency than co-present dialogue.
From these results, it seems that people speak more
carefully and less naturally when interacting with a
computer.



Boyle and Anderson (Boyle, Anderson et al., 1994)
compared pairs of subjects working on a map-based
task who were visible to each other with pairs of
subjects who were co-present but could not see each
other. Although no performance difference was found
between the two conditions, when subjects could not
see one another, they compensated by giving more
verbal feedback and using longer utterances. Their
conversation was found to be less smooth than that
between mutually visible partners, indicated by more
interruptions, and less efficient, as more turns were
required to complete the task. The researchers
concluded that visual feedback improves the
smoothness and efficiency of the interaction, but that
we have devices to compensate for this when
visibility is restricted.

Daly-Jones, et al. (Daly-Jones, Monk et al., 1998),
also failed to find any difference in performance
between  video-mediated and audio-mediated
conversations, although they did find differences in
the quality of the interactions (e.g., more explicit
questions in audio-only condition).

Whittaker and O'Conaill (Whittaker and O'Conaill,
1997) survey the results of several studies which
compared video-mediated communication with audio-
only communication and concluded that the visual
channel does not significantly impact performance
outcomes in task-oriented collaborations, although it
does affect social and affective dimensions of
communication. Comparing video-mediated
communication to face-to-face and audio-only
conversations, they also found that speakers used
more formal turn-taking techniques in the video
condition even though users reported that they
perceived many benefits to video conferencing
relative to the audio-only mode.

1.4 Trait-based Variation in User Responses

Several studies have shown that users react differently
to social agents based on their own personality and
other dispositional traits. For example, Reeves and
Nass have shown that users like agents that match
their own personality (on the introversion/
extraversion dimension) more than those which do
not, regardless of whether the personality is portrayed
through text or speech (Reeves and Nass, 1996; Nass
and Lee, 2000). Resnick and Lammers showed that in
order to change user behavior via corrective error
messages, the messages should have different degrees
of "humanness" depending on whether the user has
high or low self-esteem ("computer-ese" messages
should be used with low self-esteem users, while
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"human-like" messages should be used with high-
esteem users) (Resnick and Lammers, 1985).
Rickenberg and Reeves showed that different types of
animated agents affected the anxiety level of users
differentially as a function of whether users tended
towards internal or external locus of control [20].

2. Experimental Methods

This was a multivariate, multiple-factor, between-
subjects experimental design, involving 58 subjects
(69% male and 31% female).

2.1 Apparatus

One wall of the experiment room was a rear-
projection screen. In the EMBODIED condition Rea
appeared life-sized on the screen, in front of the 3D
virtual apartments she showed, and her synthetic
voice was played through two speakers on the floor in
front of the screen. In the PHONE condition only the
3D virtual apartments were displayed and subjects
interacted with Rea over an ordinary telephone placed
on a table in front of the screen.

For the purpose of this experiment, Rea was
controlled via a wizard-of-oz setup on another
computer positioned behind the projection screen. The
interaction script included verbal and nonverbal
behavior specifications for Rea (e.g., gesture and gaze
commands as well as speech), and embedded
commands describing when different rooms in the
virtual apartments should be shown. Three pieces of
information obtained from the user during the
interview were entered into the control system by the
wizard: the city the subject wanted to live in; the
number of bedrooms s/he wanted; and how much s/he
was willing to spend. The first apartment shown was
in the specified city, but had twice as many bedrooms
as the subject requested and cost twice as much as
s’he could afford (they were also told the price was
"firm"). The second apartment shown was in the
specified city, had the exact number of bedrooms
requested, but cost 50% more than the subject could
afford (but this time, the subject was told that the
price was "negotiable"). The scripts for the TASK
and SOCIAL conditions were identical, except that
the SOCIAL script had additional small talk
utterances added to it, as described in (Bickmore and
Cassell, 2001). The part of the script governing the
dialogue from the showing of the second apartment
through the end of the interaction was identical in
both conditions.

Procedure. Subjects were told that they would be
interacting with Rea, who played the role of a real



estate agent and could show them apartments she had
for rent. They were told that they were to play the role
of someone looking for an apartment in the Boston
area. In both conditions subjects were told that they
could talk to Rea "just like you would to another
person".

2.2 Measures

Subjective evaluations of Rea -- including how
friendly, credible, lifelike, warm, competent, reliable,
efficient, informed, knowledgeable and intelligent she
was -- were measured by single items on nine-point
Likert scales. Evaluations of the interaction--including
how tedious, involving, enjoyable, natural, satisfying,
fun, engaging, comfortable and successful it was--
were also measured on nine-point Likert scales.
Evaluation of how well subjects felt they knew Rea,
how well she knew and understood them and how
close they felt to her were measured in the same
manner.

Liking of REA was an index composed of three items-
-how likeable and pleasant Rea was and how much
subjects liked her--measured items on nine-point
Likert scales (Cronbach's alpha = .87).

Amount Willing to Pay was computed as follows.
During the interview, Rea asked subjects how much
they were able to pay for an apartment; subjects’
responses were entered as $X per month. Rea then
offered the second apartment for $Y (where Y = 1.5
X), and mentioned that the price was negotiable. On
the questionnaire, subjects were asked how much they
would be willing to pay for the second apartment, and
this was encoded as Z. The task measure used was (Z
- X) / (Y - X), which varies from 0% if the user did
not budge from their original requested price, to 100%
if they offered the full asking price.

Trust was measured by a standardized trust scale
(Wheeless and Grotz, 1977) (alpha = .93).

Given literature on the relationship between user
personality and preference for computer behavior, we
were concerned that subjects might respond
differentially based on predisposition. Thus, we also
included composite measures for introversion and
extroversion on the questionnaire.

Extrovertedness was an index composed of seven
Wiggins (Wiggins, 1979) extrovert adjective items:
Cheerful, Enthusiastic, Extroverted, Jovial, Outgoing,
and Perky. It was used for assessment of the subject’s
personality (alpha = .87).

Introvertedness was an index composed of seven
Wiggins (Wiggins, 1979) introvert adjective items:
Bashful, Introverted, Inward, Shy, Undemonstrative,
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Unrevealing, and Unsparkling. It was used for
assessment of the subject’s personality (alpha = .84).
Behavioral Measures

Rates of speech disfluency (as defined in Oviatt,
1995) and utterance length were coded from the video
data.

Observation of the videotaped data made it clear that
some subjects took the initiative in the conversation,
while others allowed Rea to lead. Unfortunately, Rea
is not yet able to deal with user-initiated talk, and so
user initiative often led to Rea interrupting the
speaker. To assess the effect of this phenomenon, we
therefore divided subjects into PASSIVE (below the
mean on number of user-initiated utterances) and
ACTIVE (above the mean on number of user-initiated
utterances). To our surprise, these measures turned
out to be independent of introversion/extroversion
(Pearson r=0.042), and to not be predicted by these
latter variables.

3. Results

Full factorial single measure ANOVAs were run, with
SOCIALITY (Task vs. Social), PERSONALITY OF
SUBJECT (Introvert vs. Extrovert), MEDIUM (Phone
vs. Embodied) and INITIATION (Active vs. Passive)
as independent variables.

3.1. Subjective Assessments of Rea

In looking at the questionnaire data we find that
subjects seemed to feel more comfortable interacting
with Rea over the phone than face-to-face. Thus,
subjects in the phone condition felt that they knew
Rea better (F=5.02; p<.05), liked her more (F=4.70;
p<.05), felt closer to her (F=13.37; p<.001), felt more
comfortable with the interaction (F=3.59; p<.07), and
thought Rea was more friendly (F=8.65;p <.005),
warm (F=6.72; p<.05), informed (F=5.73; p<.05), and
knowledgeable (F=3.86; p<.06) than those in the
embodied condition.

However, in the remainder of the results section, as
we look more closely at different users, different
kinds of dialogue styles, and users’ actual behaviour,
a more complicated picture emerges. Subjects felt
that Rea knew them (F=3.95; p<.06) and understood
them (F=7.13; p<.05) better when she used task-only
dialogue face-to-face; these trends were reversed for
phone-based interactions. Task-only dialogue was
more fun (F=3.36; p<.08) and less tedious (F=8.77;
p<.005; see Figure 2) when embodied, while social
dialogue was more fun and less tedious on the phone.



That is, in the face-to-face condition, subjects
preferred Rea to simply “get down to business.”

How TEDIOUS the interaction was
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These results may be telling us that Rea's nonverbal
behavior inadvertently projected an unfriendly,
introverted  personality that was especially
inappropriate for social dialogue. Rea's smiles are
limited to those related to the ends of turns, and at the
time of this experiment, she did not have a model of
immediacy or other nonverbal cues for liking and
warmth typical of social interaction (Argyle, 1988).
According to Whittaker and O'Connail (Whittaker and
O'Conaill, 1993), nonverbal information is especially
crucial in interactions involving affective cues, such
as negotiation or relational dialogue, and less
important in purely problem-solving tasks. This
interpretation of the results is backed up by comments
such as this response from a subject in the face-to-
face social condition:

The only problem was how she would

respond. She would pause then just say

"OK", or "Yes". Also when she looked to

the side and then back before saying

something was a little bit unnatural.
This may explain why subjects preferred task
interactions face-to-face, while on the phone Rea's
social dialogue had its intended effect of making
subjects feel that they knew REA better, that she
understood them better, and that the experience was
more fun and less tedious.

In our earlier study, looking only at an embodied
interface, we reported that extroverts trusted the
system more when it engaged in small talk, while
introverts were not affected by the use of small talk
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(Bickmore and Cassell, 2001). In the current study,
these results were re-confirmed, but only in the
embodied interaction; that is, a three-way interaction
between  SOCIALITY, PERSONALITY and
MEDIUM (F=3.96; p<.06) indicated that extroverts
trusted Rea more when she used social dialogue in
embodied interactions, but there was essentially no
effect of user’s personality and social dialogue on
trust in phone interactions. Further analysis of the data
indicated that this result derived from the substantial
difference between introverts and extroverts in the
face-to-face task-only condition. Introverts trusted
her significantly more in the face-to-face task-only
condition than in the other conditions (p<.03), while
extroverts trusted her significantly less in this
condition than in the other conditions (p.<01).

In light of these new observations, our earlier results
indicating that social dialogue leads to increased trust
(for extroverts at least) needs to be revised. This
further analysis indicates that the effects we observed
may be due to the attraction of a computer displaying
similar personality characteristics, rather than the
process of trust-building. In the face-to-face, task-only
condition both verbal and nonverbal channels were
clearly indicating that Rea was an introvert (also
supported by the comments that REA's gaze-away
behavior was too frequent, an indication of
introversion (Wilson, 1977)), and in this condition we
find the introverts trusting more, and extroverts
trusting less. In all other conditions, the personality
cues are either conflicting (a mismatch between
verbal and nonverbal behavior has been demonstrated
to be disconcerting to users (Nass, Isbister et al.,
2000)) or only one channel of cues is available (i.e. on
the phone), yielding trust ratings that are close to the
overall mean.

There was, nevertheless, a preference by extroverts
for social dialogue as demonstrated by the fact that,
overall, extroverts liked Rea more when she used
social dialogue, while introverts liked her more when
she only talked about the task (F=8.09; p<.01).

Passive subjects felt more comfortable interacting
with Rea than active subjects did, regardless of
whether the interaction was face-to-face or on the
phone, or whether Rea used social dialogue or not.
Passive subjects said that they enjoyed the interaction
more (F=4.47; p<.05), felt it was more successful
(F=6.04; p<.05) and liked Rea more (F=3.24; p<.08),
and that Rea was more intelligent (F=3.40; p<.08),



and knew them better (F=3.42; p<.08) than active
subjects. These differences may be explained by the
fixed-initiative dialogue model used in the WOZ
script. Rea's interaction was designed for passive
users--there was very little capability in the
interaction script to respond to unanticipated user
questions or statements--and user initiation attempts
were typically met with uncooperative system
responses or interruptions. But, given the choice
between phone and face-to-face, passive users
preferred to interact with Rea face-to-face: they rated
her as more friendly (F=3.56; p<.07) and informed
(F=6.30; p<.05) in this condition. Passive users also
found the phone to be more tedious, while active
users also found the phone to be less tedious (F=5.15;
p<.05). Active users may have found the face-to-face
condition particularly frustrating since processing
delays may have led to the perception that the floor
was open (inviting an initiation attempt), when in fact
the wizard had already instructed Rea to produce her
next utterance.

However, when interacting on the phone, active users
differed from passive users in that active users felt she
was more reliable when using social dialogue and
passive users felt she was more reliable when using
task-only dialogue. When interacting face-to-face
with Rea, there was no such distinction between
active and passive users (F=4.67; p<.05).

3.2. Effects on Task Measure

One of the most tantalizing results obtained is that
extroverts were willing to pay more for the same
apartment in the embodied condition, while introverts
were willing to pay more over the phone (F=3.41;
p<.08), as shown in Figure 3.

While potentially very significant, this finding is a
little difficult to explain, especially given that trust did
not seem to play a role in the evaluation. Perhaps,
since we asked our subjects to simply play the role of
someone looking for an apartment, and given that the
apartments displayed were cartoon renditions, the
subjects may not have felt personally invested in the
outcome, and thus may have been more likely to be
persuaded by associative factors like the perceived
liking and credibility of Rea. In fact, trust has been
shown to not play a role in persuasion when
"peripheral route" decisions are made, which is the
case when the outcome is not of personal significance
(Petty and Wegener, 1998). Further, extroverts are not
only more sociable, but more impulsive than
introverts (Wilson, 1977), and impulse buying is
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governed primarily by novelty (Onkvisit and Shaw,
1994). Extroverts did rate face-to-face interaction as
more engaging than phone-based interaction (though
not at a level of statistical significance), while
introverts rated phone-based interactions as more
engaging, providing some support for this
explanation. It is also possible that this measure tells
us more about subjects’ assessment of the house than
of the realtor. In future experiments we may ask more
directly whether the subject felt that the realtor was
asking a fair price.

3.3. Gender Effects

Women felt that Rea was more efficient (F=5.61;
p<.05) and reliable (F=4.99; p<.05) in the embodied
condition than when interacting with her over the
phone, while men felt that she was more efficient and
reliable by phone. Of course, Rea has a female body
and a female voice and so in order to have a clearer
picture of the meaning of these results, a similar study
would need to be carried out with a male realtor.

3.4. Effects on Behavioral Measures

Although subjects’ beliefs about Rea and about the
interaction are important, it is at least equally
important to look at how subjects act, independent of
their conscious beliefs.

In this context we examined subjects’ disfluencies
when speaking with Rea. Remember that disfluency
can be a measure of naturalness — human-human
conversation demonstrates more disfluency than does
human-computer communication. The rates of speech
disfluencies (per 100 words) are shown in Table 1.
Comparing these to results from previous studies (see



Table 2) indicates that interactions with REA were
more similar to human-human conversation than to
human-computer interaction. When asked if he was
interacting with a computer or a person, one subject
replied “A computer-person I guess. It was a lot like a
human.”

Embodied Phone Overall

Disfluencies 4.83 6.73 5.83
Table 1. Speech Disfluencies per 100 Words

Human-human speech

Two-person telephone call 8.83
Two-person face-to-face dialogue 5.5
Human-computer speech

Unconstrained computer interaction 1.80
Structured computer interaction 0.83

Table 2. Speech Disfluencies per 100 Words for
Different Types of Human-Human and Simulated
Human-Computer Interactions (adapted from
(Oviatt, 1995))

There were no significant differences in utterance
length (MLU) across any of the conditions.

The behavioral measures indicate that, with respect to
speech disfluency rates, talking to REA is more like
talking to a person than talking to a computer.

Once again, there were significant effects of MEDIA,
SOCIALITY and PERSONALITY on disfluency rate
(F=7.09; p<.05), such that disfluency rates were
higher in TASK than SOCIAL, higher overall for
INTROVERTs than EXTROVERTSs, higher for
EXTROVERTs on the PHONE, and higher for
INTROVERTs in EMBODIED condition. These
effects on disfluency rates are consistent with the
secondary hypothesis that the primary driver on
disfluency is cognitive load, once the length of the
utterance is controlled for (Oviatt, 1995). Given our
results, this hypothesis would indicate that social
dialogue requires lower cognitive load than task-
oriented dialogue, that conversation requires a higher
cognitive load on introverts than extraverts, that
talking on the phone is more demanding than talking
face-to-face for extraverts, and that talking face-to-
face is more demanding than talking on the phone for
introverts, all of which seem reasonable.

4. Conclusion
The complex results of this study give us hope for the
future of embodied conversational agents, but also a
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clear roadmap for future research. In terms of their
behaviour with Rea, users demonstrated that they treat
conversation with her more like human-human
conversation than like human-computer conversation.
Their verbal disfluencies are the mark of unplanned
speech, of a conversational style. However, in terms
of their assessment of her abilities, this did not mean
that users saw Rea through rose-colored glasses.
They were clear about the necessity not only to
embody the interaction, but to design every aspect of
the embodiment in the service of the same interaction.
That is, face-to-face conversations with ECAs must
demonstrate the same quick timing of nonverbal
behaviors as humans (not an easy task, given the state
of the technologies we employ). In addition, the
persona and nonverbal behavior of an ECA must be
carefully designed to match the task, a conversational
style, and user expectations. And finally, as
computers begin to resemble humans, the bar of user
expectations is raised: people expect that Rea will
hold up her end of the conversation, including dealing
with interruptions by active users.

We have begun to demonstrate the feasibility of
embodied interfaces. Now it is time to design ECAs
that people wish to spend time with, and that are able
to use their bodies for conversational tasks for which
human face-to-face interaction is unparalleled, such as

social dialogue, initial business meetings, and
negotiation.
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Carl BURKE
The MITRE Corporation
7515 Colshire Drive
McLean VA 22102 USA
cburke@mitre.org

Abstract

Robots  typically execute
programmed, limited instructions. For hu-
mans to command teams of semi-
autonomous robots in non-trivial, mobile,
and dynamically changing tasks, the human-
robot interface will need to include several
aspects of human-human communication.
These aspects include cooperatively detect-
ing and resolving problems, making using of
context, and maintaining contexts across
multiple conversations. In this paper, we
describe the architecture we are developing
to support this dialogue system, based on the
TRINDIKit framework.

only pre-

Introduction

Robotics research has recently experienced a
surge of interest due to a growing awareness that
robots can work collaboratively with humans to
perform tasks in situations unsafe for humans.
The 1997 Mars Sojourner rover was tasked to
act as a "mobile remote geologist" and con-
ducted soil experiments in several different ter-
rains (NASA 1997). Teleoperated robots as-
sisted at the site of the World Trade Center in
New York City after the September 11 attack.
Robots were able to penetrate into areas of rub-
ble debris in cavities too narrow and dangerous
for humans and dogs (Kahney 2001). Finally,
the US Government’s Defense Advanced Re-
search Projects Agency (DARPA) has invested
substantial funding toward a vision in which
robots will support future combat systems.

Despite this increased activity in robotics, rela-
tively few advances have been made in the area
of human-robot interaction. In a recent Robocup
Rescue event, the best contenders in the compe-
tition relied upon teleoperation (joystick-style
control) by human controllers (Eyler-Walker,
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p.c.). Though ultimately supervisory control of
teams of semi-autonomous robots is a very
promising avenue for future research in robot
search and rescue, this technological approach
does not yet reach the level of competence of
teleoperation. Recently, NASA has been con-
cerned with human-machine interaction are
commanded by high-level commands rather than
sequences of low level commands. A grape-
fruit-sized Personal Satellite Assistant (PSA) is
being developed to operate aboard the Space
Shuttle's flight deck. It will navigate using its
own navigation sensors, wireless network con-
nections, and propulsion components. Rayner et
al. (2000a, 2000b) describe an architecture for a
spoken interface with the PSA.

An alternative approach to human-robot interac-
tion by Fong et al (2001) bridges teleoperation
with "collaborative control". In this model, hu-
mans and robots act as peers exchanging infor-
mation in dialogue to achieve goals. Instead of
controlling the vehicular robot solely by direct
(manual) control, the human specifies a set of
waypoints that the robot can achieve on its own.
One problem observed with waypoint driving is
that robots may encounter obstacles for which its
vision system is inadequate to assess. In such a
circumstance, the robot can query the human
about the nature of the obstacle and receive as-
sistance.

In this paper we describe a dialogue architecture
we are developing for a Personal Digital Assis-
tant (PDA)-based dialogue interface to a robot,
which we plan to extend toward a team-based
search and rescue task. Currently, the PDA sup-
ports single user, single robot dialogue in a lim-
ited navigation and question-answer scenario for
visitors to a technology trade show. Using touch
gestures and speech, users may ask the robot to
guide them to a particular booth, show images
from remotely located robots, and answer ques-
tions about exhibits at the trade show.



Our primary research interest is the development
of a dialogue system architecture robust enough
to tolerate continuous operational use, flexible
enough for porting to different domains and
tasks, and able to support multiple, simultaneous
conversations involving one or more humans
and one or more cooperative robot entities. The
dialogue management architecture we are devel-
oping is based on the TRINDIKit (Task oRi-
ented Instructional Dialogue Toolkit) (TRINDI
2002) framework, although we have introduced
a number of implementational changes in the re-
engineering of a TRINDIKit architecture.

1 Original Architecture

Our architecture was first assembled for devel-
opment of a demonstration system called Mia,
the MITRE Information Assistant. Mia is an in-
formation kiosk equipped with a touch screen
and a microphone, and stocked with information
about MITRE’s internal research projects for use
as a visitors’ guide to a MITRE trade show.

Mia was built as a set of independent modules
that communicated using SRI's Open Agent Ar-
chitecture (OAA). The Graphical User Interface
(GUI) was written in Tcl/Tk. The GUI handled
push-to-talk for the speech recognizer, main-
tained a text menu of possible user utterances,
showed a map of the overall trade show layout
with the ability to zoom in on specific rooms,
and displayed prerecorded output videos of the
animated agent speaking and gesturing. Dia-
logue management was done with the TRIN-
DIKit system.

TRINDIK:it itself provides the basic infrastruc-
ture of a dialogue manager. It provides struc-
tured data types and the means to define an In-
formation State (IS) from those types, a lan-
guage for defining the modules of a Dialogue
Move Engine (DME), and a language for con-
trolling the application of individual modules to
the job of dialogue management. With all
TRINDIKIit provides, it does not implement a
theory of dialogue. For that we used the GoDiS
(Gothenburg Dialogue System) (Larsson et al
2000) system, which implements the Questions
Under Discussion model in TRINDIKit. We
were able to adapt existing GoDiS dialogues to
our kiosk domain in a very short time.
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In order to integrate TRINDIKit into the kiosk
using the OAA, we used TRINDIKit’s concur-
rent mode, which incorporates support for use of
the OAA. While this seemed to be a natural
choice, and allowed more natural definition of
module interactions, it also raised several prob-
lems, as discussed below.

1.1 Speed

TRINDIKit in concurrent mode ran very slowly,
on a 750 MHz Pentium2 with 384 MB RAM
running WindowsNT and no other processes.
We believe using the OAA for data transport
caused the delays, as a large number of mes-
sages were exchanged. Lewin et al (2000:45)
report that running GoDiS with TRINDIKit on
the OAA vyielded a 2-second user utterance to
system utterance time, compared to a 0.5 second
time when using TRINDIKit’s internal agent
environment (which is not available for use with
non-prolog components).  Although modules
run independently in concurrent mode, updates
to IS were still transmitted to each module indi-
vidually. Updates were sent whether they were
used by that module or not, and all other proc-
essing waited until that module finished its
work.

1.2 Data Consistency

TRINDIKIit does not exercise good controls over
asynchronous modifications to IS. At one point
we had to build artificial delays into our system
to work around these limitations. The dialogue
manager we built for Mia was based on GoDiS,
which requires very structured turn-taking. In
several cases, however, the interactions with the
user flowed better if these responses were auto-
matic. Processing was sufficiently slow that our
GUI’s automatic acknowledgement often arrived
and was processed before TRINDIKit was fin-
ished cleaning up from the previous utterance.
As a result, it was possible to change the IS
twice before the DME could respond to one
change, and the system lost track of the dialogue
state. Consistency of data needs to be assured
throughout the design of the system.

1.3 Inconsistent Semantics

We encountered situations where constructs of
the GoDiS plan language were interpreted dif-
ferently depending on the depth of the plan.
With the proliferation of small languages im



plemented by different sets of macros, it was
difficult to track down bugs in the rules and
conversation scripts. This was made more diffi-
cult by the nature of Prolog. Clauses that fail do
not normally generate any error messages, be-
cause failure is a normal aspect of program exe-
cution. Unfortunately, database bugs and mis-
spelled names often caused unexpected failures,
causing the system to generate either no re-
sponse or a response that looked reasonable but
was in fact incorrect. We feel it’s necessary to
provide explicit notification of certain kinds of
failure, such as failure to find a named variable,
failure to find a matching value in a table, and so
on.

1.4 Lack of Multimodal Support

Neither TRINDIKit nor GoDiS provides any
direct support for multimodal processing. The
primary interface driving the development of
these systems was language; there is no separa-
tion of events by source, no temporal tagging of
input events, and no provision for assessing
temporal relationships between different inputs.

2

We are moving ahead with the design for a dia-
logue manager for robot control. From our expe-
rience with the dialogue manager in Mia, we’re
convinced of the advantages of a kit-based ap-
proach. We feel that TRINDIK it was a good first
cut at it, and hope that our efforts will lead to a
second, somewhat better iteration.

2.1 Distributed Information State

Revised Architecture

We’ve chosen to model all of our module inter-
actions as if they were asynchronous. This pro-
vides the cleanest separation of modules, and the
cleanest conceptual integration with the asyn-
chronous requirements of robot control. Our ap-
proach to solving this problem is to define an
explicit interface definition language, which will
be used to define every module’s interface with
the outside world. We explicitly include the in-
formation state structure in this interface defini-
tion, perhaps as a module in itself. Since TRIN-
DIKit does not include a separate language for
specifying module interfaces, we are designing
our own. This language is analogous to CORBA
Interface Definition Language, but with less
concern for the physical implementation.
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There are a large number of protocols and infra-
structures that have been developed to support
communications between agents, each with
characteristics optimized for particular tasks or
emphasizing desired functionality. We intend to
support small standard set of operations that
have wide applicability across programming
languages and communication protocols.

2.2 Controlled Extensibility

Our interface specifications will need to be
translated into specific computer languages be-
fore they can be executed. The translation will
vary depending on the underlying protocol used
to communicate between modules. While we
want to support the widest possible audience, we
don’t want to get bogged down in the construc-
tion of translators for every possible set of im-
plementation language and protocol. Our ap-
proach is to exploit an existing standard set of
translation software, namely XML and XSLT
processors such as Xalan. We are specifying a
dialect of XML for modules interface defini-
tions, and a small set of templates for realizing
interfaces with specific combinations of pro-
gramming language and protocol. Additional
templates can be written as necessary to extend
the kit to other languages and protocols without
requiring modification of the kit itself.

The same approach extends to the specifications
of DME rules, module synchronization and con-
trol, and the definition of new “languages” for
the kit. We have defined what well-formed for-
mulas look like in our kit’s scripting language:
what names look like, the types of expressions
that are possible, how expressions and state-
ments are aggregated to form programs. What is
left unspecified is the exact sequences of expres-
sions that form statements in any particular
script language. Those are specified using tem-
plates analogous to XML DTDs, which gives us
the flexibility to define new constructs as
needed.

2.3 Rule Engine

The DME rules in TRINDIKit have strong
similarities to rules in expert systems. We plan
to implement these rules in both a sequential
form, equivalent to the current TRINDIKit, and
in an expert system form which may be more
efficient. We expect that there will be differ-
ences in operating characteristics between those



two styles, and we want to identify and quantify
those differences.

One issue we must address in our design is uni-
fication. While logic variables are natural for
modeling discourse given the history of the
field, most languages typically used to imple-
ment robot software do not support it directly.
Our kit must ensure that sound unification pro-
cedures are provided for every language it sup-
ports, so that semantics are common across all
realizations of a script. We must also provide for
backtracking or iteration through the set of alter-
natives in a straightforward way.

2.4 Control and Synchronization

Our primary focus is multimodal communica-
tion, potentially multiparty as well. We are ex-
tending TRINDIKit’s triggers to include support
for consideration of temporal relationships be-
tween events, both within and across modes.

2.5 Integrated Environment

An ideal toolkit would have an integrated set of
tools for designing, testing, and debugging dia-
logues. We would like to support static and dy-
namic analysis of dialogues, recording and play-
back of dialogues, graphical dialogue design
tools, a “validation suite” of tests to support ex-
tension of the toolkit to new programming lan-
guages and agent protocols, and above all, the
ability to plug-in as-yet-undefined capabilities.

3 Future Work

Significant effort has been devoted to defining
our mutable language capability. This capability
provides both a reasonable transition path from
TRINDIK:it scripts and a means for specifying
module interfaces and information state structure
using a common XML representation.

Our intent is to provide support for several dif-
ferent transport mechanisms to explore the
limitations of our approach. To date, we have
completed an initial interface definition specifi-
cation and have developed templates to realize
those interfaces with the OAA. DARPA's Gal-
axy Communicator is the second transport
mechanism we will be considering. Time and
resources permitting, we will examine some ad-
ditional transports with differing characteristics,
such as CORBA, Java Remote Method Invoca-
tion (RMI), or Linda.
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We have devoted considerable time to up-front
consideration of scripting languages, portable
code generation, and module communications,
and are now beginning the task of implementing
our versions of the TRINDIKit scripting lan-
guages. Our target realization for these scripts is
a combination of Java code and expert systems
that can be executed within a Java program.

We plan to port and formally evaluate our dia-
logue toolkit within three domains (question-
answering, automated tutoring, and multimodal
robot control). Our dialogue toolkit will be
openly available, as well as sample implementa-
tions for each of these domains.

Conclusion

We have described our evolving architecture
(based on the TRINDIKit framework) for a
flexible dialogue system capable of robust, mul-
timodal, multiparty control of robots.
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Abstract

A preliminary experimental study is presented,
which aims at eliciting the contribution of oral
messages to facilitating visual search tasks in
crowded visual displays.

Results of quantitative and qualitative analyses
suggest that appropriate verbal messages can
improve both target selection time and accuracy.
In particular, multimodal messages including a
visual presentation of the isolated target together
with absolute spatia oral information on its
location in the displayed scene are most
effective.

1 Context and motivation
1.1 Multimodality: state of theart

Numerous forms of speech-based input
multimodality have been proposed, implemented
and tested. Combinations of speech with gestural
modalities have been studied extensively,
especialy combinations of speech with
modalities exploiting new input media, such as
touch screens, pens, data gloves, haptic devices.
Both usability and implementation issues have
been considered; see, among others, Oviatt et al.
(1997) 1, Robbe et al. (2000) 2, for the first
category of issues; Nigay and Coutaz (1993), for
the second category.

Contrastingly, speech combined with text and
graphics has motivated few studies. As an output
modality, speech is mostly used either as a
substitute for standard visual presentation modes
(cf phone services) or for supplementing
deficienciesin visual exchange channels. Recent
research efforts have been focusing on two main
application domains: providing blind or partialy
sighted users with easy computer access, and

1 on speech and pen.
2 on speech and finger gestures on a touch screen.
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implementing appropriate interaction facilitiesin
situations where only small displays are
available (e.g., PDAs and wearable computers),
or where the gaze is involved in other activities
(e.g., while driving a car); see, for instance,
Baber (2001) concerning the first application
domain, and De Vries and Johnson (1997)
concerning the second one.

However, there is not yet, at least to our
knowledge, a substantial amount of scientific
work on the integration of speech into the
system output modalities, with a view to
enriching standard graphical human-computer
interaction 3; that is interaction intended for
standard categories of users using standard
application software in standard environments
and contexts of use.

Published research on output types of
multimodality including speech amounts to
usability studies of the role of speech in
multimedia presentations, such as Faraday and
Sutcliffe (1997), and contributions to the
automatic generation of multimedia
presentations (¢f André and Rist, 1993;
Maybury, 2001).

In fact, multimedia and multimodality refer to
two different concepts, although these terms are
often used as synonyms, especially when applied
to system outputs. Precise definitions are
presented in the next paragraph.

1.2 Definitions: multimodality vs multimedia

Coutaz and Caelen (1991), Maybury (1993;
2001) and Bernsen (1994), among others, define
‘media’ and ‘modalities’ contrastingly.

They use the first term for referring to the
hardware and software channels through which
information is conveyed, and the second one for
designating the coupling of a medium with the

3 cf. direct manipulation, the present prevailing
interaction paradigm (Shneiderman, 1983).



interpretation processes required for
transforming physical  representations  of
information into meaningful symbols or

messages. In other words, and focusing on
output media and modalities:

‘ by media we mean the carrier of
information such as text, graphics, audio, or
video. Broadly, we include any necessary
physical interactive device (e.g., keyboard,
mouse, microphone, speaker, screen). In
contrast, by mode or modality we refer to the
human senses (more generally agent senses)
employed to process incoming information,
e.g., vision, audition, and haptics.’

(Maybury, 2001)

To characterize the various possible
combinations of modalities, taxonomies have
been proposed. In Coutaz and Caelen (1991),
multimodality is characterized in terms of
temporal and semantic coordination strategies
for controlling the use of modalities.

In addition, Coutaz er al. (1995) defines four
properties which prove useful for comparing
modalities in terms of their expressive power
(i.e., complementarity versus equivalence), and
their usage in multimodal contexts (i.e.,
redundancy versus complementarity).

As for Bernsen's taxonomy (cf. Bernsen, 1994),
it is a thorough inventory of the output
modalities available to user interface designers.

1.3 Mativation and objectives

The frequent confusion between multimedia and
multimodality may explain why the generation
of system multimodal responses has raised but
little interest in the user interface research
community, especialy from an ergonomic angle,
save for studies focused on specific categories of
users or specific contexts of use.

However, if standard users are offered speech
facilities together with other input modalities, it
is mandatory that the system responses are not
limited to visual messages. Communication
situations where one interlocutor can speak and
the other cannot, are rather unusual. Research is
then needed on the usability and software issues
concerning the generation of appropriate
multimodal system responses in standard
human-computer interaction environments, and
for standard user categories, including the
general public.
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The main objective of the early experimental
study presented hereis to contribute to scientific
advances in this research area, as it addresses
one of the mgjor usability issues relating to the
generation of effective oral system messages,
namely:

How to design oral messages which facilitate

the visual exploration of crowded displays?

In particular, how to design messages which

effectively help users to locate specific

graphical objectsin such displays?

Resorting to deictics and visual enhancements of
graphical targets is a solution which seems
“natural”. However, it is no more effective than
the sole visual enhancement of the target.

Another approach is to implement a human-like
embodiment of the system and to endow it with
a pointing device; see, for instance the PPP4
persona with a pointing stick in André (1997).
However, the contribution of personae to the
usability and effectiveness of human-computer
interaction seems questionable (¢f. Mulken et
al., 1999). Further testing is required in order to
determine the usefulness of animated human-
like system embodiments in this context.

These reasons explain why we chose to focus
first on assessing whether oral messages
including spatial information actualy facilitate
the visual exploration of complex displays,
especialy the localization of graphical targetsin
the context of standard computer environments
for standard categories of users.

We selected visual search as the experimental
task for the following reasons. It is one of the
few human visua activities, besides reading,
which have motivated a significant amount of
psychological research (cf Henderson and
Hollingworht, 1998; Findlay and Gilchrigt,
1998). And mostly, the design of numerous
computer applications may benefit from a better
knowledge of this activity, especialy
applications for the general public such as:
Online help to current interactive application
software. For instance, novice users
interacting with present graphical interfaces
are often confused by the increasing number
of toolbars and icons displayed concurrently.

4 PPP means ‘ Personalized Plan Based Presenter’.



Map reading environments (cf. geographical
applications), and navigation systems in
vehicles.
Data mining through exploring visualizations
of very large data sets (c¢f, for instance, the
hyperbolic graph visualizations proposed by
Lamping et al., 1995).
The methodology and experimental set-up are
described in the next section, together with the
underlying working hypotheses.
Quantitative and qualitative results are presented
and discussed in section 3.
Future research directions stemming from these
results are included in the conclusion.

2 Methodology and experimental set-up
2.1 Overall experimental protocol

To assess the potential contribution of oral
gpatial information to facilitating visual search,
we designed afirst experimental study with:
target presentation mode as independent
variable,
target search+selection time, and accuracy of
target selection, as dependent variables.
Eighteen subjects were to locate and select
visual targets in thirty six complex displayed
scenes, using the mouse. They were requested to
carry out target localization and selection as fast
asthey could. Colour displays only were used.

Each scene display was preceded by one out of
three available presentations of the target:
Display of the isolated target at the centre of
the screen during three seconds (V P);
Oral characterization of the target (i.e., name
of the relevant graphical object), plus spatial
information on its position in the scene (OP);
Simultaneous display of the visual and oral
presentations of the target (i.e., multimodal
presentation, MP).
These three sets of thirty six dual stimuli (i.e.,
pairs of stimuli 3) determined three experimental
situations, namely the VP, OP and MP
situations. The visual and oral presentations of
the targets used in the MP situation were
identical to those used in the VP and OP
situations.

5 each pair consisting of a scene and a presentation
mode.
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Subjects were randomly split up into three
groups (of six), so that each subject processed
twelve pairs of stimuli in each set, and each pair
of stimuli was processed by six subjects.

In order to avoid task learning effects, the
processing order was balanced inside each
group: three subjects processed pairs in the VP
set first, while the other three subjects processed
pairs in the OP set first. All subjects processed
pairsin the MP set last.

Experimental design choices were motivated by

the intent to assess the soundness of the three

following working hypotheses, using the VP

situation as the reference task context:

A. Multimodal presentations of targets will
reduce selection times and error rates in
comparison with visual presentations.

. Ora presentations of targets will aso
improve selection times and accuracy,
compared to visual presentations.

. The type of spatia information included in
the oral presentations of targetswill influence
selection times and error rates. In particul ar:

absolute or relative spatial information
will prove more effective than references
to a priori knowledge (cf. subsection 2.3).

In the remainder of the section, further
information is given on:

the criteria used for selecting visual scenes
and targets (subsection 2.2);

the structure and information content of oral
messages (subsection 2.3);

subjects’ profiles (subsection 2.4);

the experimental set-up (subsection 2.5);

the methodology adopted for analysing and
interpreting subjects’ results (subsection 2.6).

2.2 Scene sdlection criteria

Most visual scenes were taken from currently
available Web pages in order to provide subjects
with realistic task environments.

They were classified according to criteria
stemming from Bernsen’'s taxonomy of output
modalities (cf Bernsen, 1994), our aim being to
investigate the possible influence of the type of
visual information displayed, on target selection
times and accuracy.

Actually, our classification was derived from the
graphical categories in Bernsen's taxonomy as
follows. We focused on static graphical displays



exclusively 6, on the ground that the localization
and selection of moving targets in animated
visual presentations is a much more complex
activity than the selection of still targetsin static
visual presentations. Issues relating to the
exploration of visual animated scenes will be
addressed at alater stage in our research.

We established two main classes of static
presentations:

Class 1 comprises representations of
structured or unstructured collections of
symbolic or arbitrary graphical objects, such
as maps, flags, graphs, geometrical forms (cf.
classes 9, 11, 21, 25 in Bernsen's taxonomy);
Class 2 includes representations of realistic
objects or scenes, namely photographs or
naturalistic drawings figuring complex real
objects (e.g., monuments) or everyday life
environments, such as views of rooms, town
or country landscapes, ... (c¢f class 10 in
Bernsen’ s taxonomy).

Half of the thirty six visual scenes belonged to
class 1, and the other half to class 2. Class 1 and
class 2 scenes in each of the three scene subsets
described in subsection 2.1 were randomly
ordered. See the overall task set-up in table 1.

Group | VP | OP | MP | Group | OP | VP | MP
Gl |PL|P2|P3| G4 |[P2|P1|P3
G2 |P3|P1L|P2| G5 |[P1|P3| P2
G3 |P2|P3|P1L| G6 |P3|P2|P1

Table 1: Overall task set-up.

Gi: group of 3 subjects (3 x 6 = 18 subjects)
P;: set of 12 visual scenes (3 x 12 = 36 scenes)

Targets were objects or component parts of
complex objects (cf the complex real objectsin
class 2).

They were chosen according to the following
criteria. An acceptable target was a unique
autonomous 7 graphical object which could be
designated unequivocally by a short simple
verbal phrase. Although all targets were unique,
some of them could be easily confused with
other objectsin the scene, such confusions being
impossible for the other ones.

6 cf. the five types of static graphical presentations in
Bernsen’staxonomy, namely classes 9, 10, 11, 21, 25.
7 cf. congtituent parts of complex real objects.

In order to avoid task learning effects, target
size 8 and position were varied from one scene to
another.

2.3 Message structures and contents

All messages included a noun phrase meant to
designate the target unequivocally. For instance,
“the pear” refers to the target unequivocally in
the realistic scene reproduced in figure 1.

Figure 1: Basket with fruit (class 2)
“On the left of the apple, the pear.”

Three types of spatial information on target

locations were experimented:
Absolute spatial information (ASI), such as
“on the left/right”, “at the top/bottom”;
Relative spatial information (RSl), for
instance “on the left of the apple” (c¢f figure
1);
Implicit spatial information (1Sl), that is
gpatial information that can be easily inferred
from common a priori knowledge and the
visual context; for instance, it is easy to
locate the Mexican flag among twenty other
national flags, from the simple message “ The
Mexican flag.”, if each flag representation is
placed on a planisphere inside the matching
country (cf. figure 2).

Messages included one or two spatial phrases of

the same type (ASI, RSl or I1Sl), or two spatial

phrases of different types (namely, ASI + RSl or

ASI +18l), according to the scene complexity.

In order to make the assessment of hypothesis C
possible, all messages had the same syntactical
structure so that information content was the
only variable in messages which might influence
localization times and selection errors. The
following structure, which emphasizes spatial

8 within the limits of the fixed size presentation box.



information, was adopted for most messages,
some ISl messages including no spatial phrase:

[Spatial phrase] + Noun phrase (designation)

N.B. Target choices were also influenced by
message design requirements: some targets were
rejected because they could not be designated
verbally in asimple unequivocal way.

Figure 2.: National flags (class 1)
“The Mexican flag.”

2.4 Subjects profiles

As this study involved a restricted number of
subjects (18) and was a first attempt at
validating hypotheses A, B and C, we defined
constraints on subjects’ profiles in order to
reduce inter-individual diversity so that the
selected group would be likely to carry out the
prescribed tasks successfully.

To achieve homogeneity, we selected 18
undergraduate or graduate students in computer
science with normal eyesight ¢, and ages ranging
from 22 to 29.

Then, all participants were expert mouse users
with alike quick motor reactions, familiar with
visual search tasks, and capable of performing
the experimental tasks accurately and rapidly.

2.5 Experimental set-up

First, the experimenter presented the overal
experimental set-up. Then, after a short training
(6 target selections in the VP situation), each
subject processed 12 scenes per situation, in the
order VP+OP+MP or OP+VP+MP. Before each
change in target presentation, the experimenter
explained the new specific set-up to the subject.

For each visual scene;

9 save for one subject who was dlightly colour-blind.
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The target was presented first, during three

seconds:

— either visualy in a fixed-size box in the
centre of the screen,

— or oraly (together with a blank screen),

— or oraly and visually, simultaneously.

Then, a button appeared in the centre of the

screen together with a written message

requesting the subject to click on the button

to launch the display of the scene. Therefore,

at the beginning of each target selection step,

the mouse was positioned in the centre of the

screen, making it possible to compare

subjects’ selection times.

The next target was presented as soon as the

subject had clicked on any object in the

displayed scene.

At the end of the session, subjects had tofill ina
guestionnaire requesting them to rate the
difficulty of each task using a six degree scale
(ranging from “very easy” to “very difficult”).
The session ended up in a debriefing interview.

2.6 Analysis methodology

Quantitative results comprise:

— average{localization + selection} times,

— and error (ie., wrong target selections)
counts or percentages,

computed over all subjects and scenes, aswell as

per scene category and per type of oral message.

We made no attempt at determining the

statistical significance of these results, by reason

of the small amount of available data.

Qualitative analyses of subjects results,
especially comparisons between target selection
errors in the VP, OP and MP situations,
provided useful information for defining further
research directions.

In order to €elicit the possible factors at the origin
of selection errors, scenes and targets were
characterized using the following features:

Scene characterisation:

— complexity (according to the number of
displayed objects);

— and, for class 1 scenes only, visua
structure (e.g., random layout of objects;
tree, crown or matrix structures; ...).

Target characterization:

— position on the screen (centre, left, ...);

— visua salience;



— familiarity versus unfamiliarity/oddness;
— unicity versus ambiguity;
— inthe case of unicity, possible confusions.

Quantitative and qualitative results are presented
and discussed in the next section.

3. Resaults: presentation and discussion
3.1 Experimental data checking

In the first place, we checked whether
experimental design choices might have biased
subjects’ error rates and selection times.

No effect of task order (VP-OP versus OP-VP)
could be detected on the basis of comparisons
between average selection times, respectively
error rates, in the following group pairs. G1
versus G4, G2 versus G5, and G3 versus G6 (cf.
the groupsin table 1).

In addition, subjects achieved similar results in
each of the three situations (VP, OP and MP),
whatever subset of scenes (P1, P2 or P3) they
processed. Comparisons between the G1+G4,
G2+G5 and G3+G6 groups showed no evidence
of scene group influence on subjects’ results.

Finaly, two scenes (both in class 1) had to be
excluded from the analysis of subjects’ resuilts,
due to technical incidents.

3.2 Quantitativeresults

3.2.1 Global analysis

As regards selection accuracy, ora messages
proved much more effective than visual target
presentations, as shown by comparisons between
the VP and OP situations. However, selection
was slower in the absence of prior visualizations
of isolated targets (cf table 2). The total number
of errors in the OP situation decreased by 55%,
while average selection time increased by 28%.
Slower average selection time in the OP
situation, together with a much higher standard
deviation, may be explained by the fact that
subjects were unfamiliar with the visual search
tasks in the OP situation; this situation being
rather unusual compared to the VP and MP
situations which occur frequently in everyday
life. Therefore, the higher variability of selection
times in the OP situation may be assumed to
reflect the high inter-individual diversity of
cognitive abilities and processes.
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In keeping with these results, table 2 also shows
that multimodal presentations of targets reduced

both selection times and error rates, in
comparison with visual presentations.
Target Number | Average Standard
presentation of selection deviation
mode errors | time (sec.) (sec.)
VP 31 2.83 1.70
OoP 14 3.92 3.50
MP 8 2.70 1.93

Table 2: Results per target presentation mode.

This finding is compatible with perception
models which postulate the existence of higher
level multimodal processes resulting from
interferences or collaborations between lower
level visual and auditory unimodal processes
(cf, for instance, Engelkamp, 1992).

To conclude, as no task learning effect was
observed (cf. subsection 3.1), these results
contribute to validating hypothesis A, while they
confirm hypothesis B partly. However, if our
interpretation of the longer selection timesin the
OP situation is correct, hypothesis B may be
held to be true for users familiar with visual
target selection tasksin OP contexts.

These quantitative global results also suggest

useful recommendations for improving user
interface design.
In order to facilitate and improve the

effectiveness of visual search tasks in crowded
displays, two forms of user support may prove
useful:

a if accuracy only is sought for, an orad
message comprising an unambiguous verbal
designation of the graphical target and spatial
information on its location in the display will
prove sufficient.

if both accuracy and rapidity are sought for,
a multimoda message will be more
appropriate, that is a message comprising a
context-free visual presentation of the target
together with an oral message including the
same information as the message in a.
However, further experimental research is
needed to confirm these recommendations
beyond doubt, in-assmuch as they have been
inferred from a relatively smal sample of
experimental data and measurements.




In addition, ora and multimodal messages
should be compared, in terms of effectiveness
and comfort, with other forms of user support,
such as target visua enhancement through
colour, animation, zooming, etc. Until a
sufficient amount of experimental data has been
collected, recommendations a. and b. should be
considered as tentative.

Analyses of results per class of scenes and type
of message (i.e., type of spatial oral information)
are presented next. These analyses make it
possible to refine the above recommendations.

3.2.2 Detailed analysis
Results per class of scenes

Subjects’ results, grouped per scene class and
target presentation mode, are presented in table
3. Error percentages have been computed over
96 samples for class 1 (cf., in subsection 3.1, the
exclusion of two class 1 scenes), and 108
samplesfor class 2.

Multimodal messages proved most effective,
especialy for scenes representing symbolic or
arbitrary objects, in comparison with the VP and
OP situations. For scenesin class 1, errors were
reduced by 86% and 73%, respectively, while
average selection times were decreased by 7%
and 30%.

As for redlistic scenes, the average selection
time in the MP situation is similar to the VP one
and markedly inferior (by 33%) to the OP one,
while the number of errors is similar to the OP
one, and inferior (by 35%) to the VP one.

These results suggest that subjects in the MP
situation took advantage of all the information
available in the VP and OP situations. They used
successfully visual information to solve
ambiguous verbal designations of targets, and
oral information or both types of information, to
solve visual ambiguities between the target and
other graphical objects in the scene. In addition,
verbal spatial information helped them to locate
targets more rapidly, or so it seems.

Finally, the fact that average selection times
were consistently longer for class 1 scenes than
for class 2 scenes can be explained as follows.

If the target is afamiliar object (such asapan) in
a familiar realistic scene (a kitchen, for
instance), visual exploration of the scene is
facilitated by a priori knowledge of the standard
structure of the scene and the likely locations of
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the target therein. Such knowledge is not
available in the case of unrealistic scenes such as
class 1 scenes; the structure of the scene and the
possible locations of the target cannot be
foreseen using a priori knowledge, so that a
more careful search, or even an exhaustive
exploration, of the scene is necessary for
locating the target object.

Target Percentage | Average | Standard

presentation of selection | deviation
mode errors time (sec.) (sec.)
VP-C1 14.6 3.27 1.94
VP-C2 15.7 243 1.39
OP-C1 7.3 4.30 4.09
OP-C2 6.5 3.58 2.87
MP-C1 2 3.03 2.36
MP-C2 55 2.40 1.36

Table 3: Results per target presentation mode
and class of scene

This hypothesis may aso explains why
multimodal target presentations proved most
effective for scenes belonging to class 1: both
oral and visual information contributed to
compensate for the lack of a priori knowledge.

Results per message type

Five categories of verba messages were
experimented (cf subsection 2.3). Messages
were classified according to the type of spatia
information they comprised: absolute (ASI),
relative (RSI), implicit (ISI), plus absolute-
relative (ASI+RSI) and absolute-implicit
(ASI+1Sl). Subjects' results, grouped according
to these messages categories, are presented in
table 4. As the number of scenes varied from
one message class to the other, error percentages
have been computed over 48 samples (ASl), 72
samples (RSl), 24 samples (I1Sl), 36 samples
(ASI+RSI) and 12 samples (ASI+ISl) 10,

For each category of messages, comparisons
between results achieved by subjects in the VP,
OP and MP situations suggest that absolute
and/or relative spatial information improved
selection accuracy markedly (¢f the ASI, RSI
and ASI+RSI types of messages).

10 that is 192 samples instead of 6 x 36 = 204 samples
(cf- the two scenes which were excluded).



However, the usefulness of 1SI messages seems
guestionable, at least in the OP situation. Their
effectiveness in the MP situation denotes the
complexity of the interpretation processes at
work in the interpretation of multimodal stimuli.

Average RSI and ISI selection times were much
longer in the OP situation (4.03, 6.12) than in
the other situations (i.e., 2.86 and 1.84 for VP,
3.12 and 2.1 for MP).

For RSI messages, this effect may be due to the
complexity of the visual search strategy induced
by relative spatial information. This strategy
probably includes two steps: first, localization of
the reference graphical object, then exploration
of itsvicinity in search of the target.

Asfor ISl messages, their interpretation involves
cognitive processes which may slow down
selection.

VP Situation
Scenes Percentage | Average | Standard
grouped per of selection | deviation

message type errors time (sec.) (sec.)
AS 104 2.87 1.19
RS 26.4 2.86 2.14
ISl 4.17 1.84 0.57
ASI+RS| 13.89 3.57 1.99
ASI+I S| 8.33 3.54 0.98

oP Situation
AS 0 291 341
RSI 8.33 4.03 5.94
1Sl 16.67 6.12 3.78
ASI+RS| 5.56 3.82 3.78
ASI+ISI 16.67 5.19 3.37

MP Situation
AS 4.17 242 141
RSI 8.33 3.12 243
ISl 0 21 1.06
ASI+RS| 0 2.82 1.84
ASI+I S| 0 2.98 2.53

Table 4: Results per target presentation mode
and type of verbal message

This interpretation may also explain why RSI
messages did not affect selection times in the
MP situation noticeably. The target being in the
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vicinity of the reference object and having been
viewed previoudly, it can be recognized through
peripheral vision, so that one eye fixation only is
required for locating both the reference object
and the target (cf. van Diepen et al., 1998).
However, it is also possible that, in the MP
situation, subjects tended to adopt a simpler
search strategy based exclusively on the
available visual information, hence comprising a
single visual search step, whenever the ora
message induced a complex slow selection
strategy. This second interpretation has the
advantage to explain why both RSl and ISl
messages exerted no perceptible influence, inthe
MP situation, on selection times.

To sum up, while the inclusion of any category
of verbal spatial information in multimodal
target presentations seems worthwhile, absolute
spatial information should be preferred over
other information types in the design of oral
target presentations, in order to improve both
selection times and accuracy. This conclusion
partly confirms hypothesis C.

3.3 Qualitative analyses

Qualitative analyses were focused on the

subjects’ errors exclusively, with aview to:

— getting a better understanding of the
contribution of verbal messages to assisting
usersin visual search tasks,

— and obtaining useful knowledge for
improving message design.
These analyses involve the detailed

characterisations of scenes and messages listed
in subsection 2.6, as well as the subjects
subjective ratings of the difficulty of the 36
experimental visual tasks (cf. the post-session
questionnaires mentioned in subsection 2.5).
Scenes were filtered so that, in each situation,
only the scenes which had occasioned more than
one error were considered, on the basis of the
following assumption:
for a given scene in a given situation, the
reasons for the failure of one single subject
are more likely to be related to the subject’
capabilities than to the scene characteristics
or the message information content.

3.3.1 Visual situation

The main plausible factors at the origin of the
selection errors observed in the visual situation
are presented next. Percentages represent:



- the number of errors which a given
characteristic of the scene may explain, by
itself or in conjunction with other factors;

— computed over the total number of filtered
errors (i.e., 26).

Factors are listed in decreasing order of the

percentages of errors they contribute to explain:
Concerning targets:
lack of salience (85%), eccentric position in
the scene (69%), possible confusions with
other objects (69%), unfamiliarity (50%).
Concerning scenes:

crowded (69%), unstructured
representing geometric forms (42%).

This analysis of subjects errors in the VP
situation will be used as a reference in the next
subsection which is focused on errors in the OP
and MP situations.

(46%),

3.3.2 Oral and multimodal situations

Five scenes in the OP situation and only two in
the MP situation occasioned more than one
error, against eight in the VP situation.

In addition, 23 errors in the VP situation were
“corrected” in the OP situation, so that six out of
the eight scenes occasioning more than one error
in the VP situation yielded error-free results in
the OP situation.

These comparisons bring out the usefulness of
oral messages for improving target selection
accuracy.

However, four scenes yielding error-free results
in the VP and MP situations occasioned ten out
of the twelve filtered errors observed in the OP
situation 1. Therefore, it is likely that the main
factor at the origin of these errors is the poor
guality of the information content of the
corresponding oral messages.

The analysis of the four corresponding
messages, together with the information
provided by questionnaires and debriefings,
support this conclusion. Four errors were
motivated by an 1Sl message which referred to
knowledge unfamiliar to the magjority of
subjects. A too complex ASI+ISI message
(structure and length) referring to knowledge
some subjects were unfamiliar with may account
for two other errors. Asfor the two other pairs of

11 Error patterns for these images were as follows: 4,
2,2, 2.
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errors, they may be reliably ascribed to the use,
in the two verbal target designations, of
technical substantives the exact meanings of
which were unfamiliar to some subjects.

The fact that none of these errors occurred in the
MP situation, together with the fact that two
scenes only occasioned the four filtered errors
observed in this sSituation, illustrates the
advantages of combining visual and verbal
information in target presentations.

Two errors occurred, in this situation, on a
“difficult” scene which occasioned six errors in
the VP situation (crowded scene, and non
salient, unfamiliar target, easy to confuse with
other objects), and two errors in the OP situation
(use of technical vocabulary). The other two
errors were occasioned by a scene which was
processed successfully by all subjectsin the OP
situation, but occasioned three errors in the VP
situation. This may hint that the processing of
multimodal incoming information is guided or
controlled by visual perception strategies rather
than by cognitive processes.

The qualitative analysis of errors confirms the
usefulness of oral messages for improving the
accuracy of visual target identification, provided
that:

— messages are short, their syntactical structure
straightforward, the vocabulary used familiar
to users,

— and mostly, provided that their information
content is appropriate.

4. Conclusion

A preliminary experimental study has been
presented, which ams at diciting the
contribution of oral messages to facilitating
visual search tasksin crowded visua displays.
Results of quantitative and qualitative analyses
suggest that appropriate verbal messages can
improve both target selection time and accuracy.
In particular, multimodal messages including a
visual presentation of the isolated target, and
absolute spatial oral information on its location
in the visual scene, are most effective.

However, these results are tentative by reason of
the small number of subjects involved in the
experiment (18), the limited number of scenes
they had to process, and the coarseness of
measurements based on target selection using
the mouse. Nevertheless, these results are



encouraging, especialy the qualitative ones, in-
asmuch as they suggest that the research
directions we have initiated are worth pursuing.
In the short term, we intend to conduct an
experimental study along the same lines as the
study presented here. The protocol and set-up
will be roughly similar, save for the following
features:

it will involve a greater number of subjects so
that the statistical significance of quantitative
results can be assessed:;

an eye-tracker will be used for measuring
target localization time and accuracy more
precisely; the analysis of ocular movements
will also enable us to gain an insight into
subjects’ visual search strategies according to
the scene characteristics; the present
classification of scenes will be refined
accordingly.

In the medium term, we shall attempt to
compare oral assistance to visua search with
target visual enhancement techniques, in terms
of effectiveness and user comfort.
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Abstract
To facilitate a full-fledged multimodal human-
machine conversation, we are developing an
intelligent infrastructure called Responsive
Information Architect (RIA). As a part of this
effort, we are building a semantics-based multi-
modal interpretation framework called MIND
(Multimodal Interpretation for Natural Dialog).
MIND addresses both multimodal input under-
standing and discourse interpretation in a con-
versation setting. In particular, MIND has two
unique features. First, MIND characterizes
intention and attention of user inputs and the
entire conversation from multiple dimensions.
This fine grained semantic model provides a
computational basis for multimodal interpreta-
tion. Second, MIND uses rich contexts such as
conversation discourse, domain knowledge,
visual context, user and environment models to
facilitate multimodal understanding. This
approach allows MIND to improve understand-
ing of user inputs, including those abbreviated
Or imprecise ones.
Keywords: multimodal user interfaces, multimodal
input interpretation, multimodal conversation

1. Introduction

To aid users in their information-seeking process,
we are building an intelligent infrastructure, called
Responsive Information Architect (RIA), which can
engage users in a full-fledged multimodal conversa-
tion. Currently, RIA is embodied in atestbed, called
Real Hunter™, a real-estate application for helping
usersfind residential properties.

Figure 1 shows RIA’s main components. A user
can interact with RIA using multiple input channels,
such as speech and gesture. To understand a user
input, the multimodal interpreter exploits various
contexts (e.g., conversation history) to produce an
interpretation frame that captures the meanings of
theinput. Based on the interpretation frame, the con-
versation facilitator decides how RIA should act by
generating a set of conversation acts (e.g., Describe
information to the user). Upon receiving the conver-
sation acts, the presentation broker sketches a pre-
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sentation draft that expresses the outline of a
multimedia presentation. Based on this draft, the
language and visual designers work together to
author a multimedia blueprint that contains fully
coordinated and detailed multimedia presentation.
The blueprint is then sent to the producer to be real-
ized. To support all components described above, an
information server supplies various contextual infor-
mation, including domain data (e.g., houses and cit-
ies for a real-estate application), a conversation
history (e.g., detailed conversation exchanges
between RIA and a user), a user mode (e.g., user
profiles), and an environment model (e.g., device
capabilities).

Our focusin this paper is on the interpretation of
multimodal user inputs. Specificaly, we are devel-
oping a semantics-based multimodal interpretation
framework called MIND (M ultimodal | nterpretation
for Natural Dialog). MIND isinspired by the earlier
works on input interpretation from both multimodal
interaction systems (e.g.,[Bolt 1980, Burger and
Marshall 1993, Cohen et a 1996, Zancanaro et al
1997, Wahlster 1998, Johnston and Bangalore
2000]) and spoken dialog systems [Allen et al 2001,
Wahlster 2000]. In particular, MIND provides a
unique framework that addresses both multimodal
input interpretation (capture the meanings of a mul-
timodal input at a particular conversation turn) and
discourse interpretation (identify the impact of indi-

presentation

Visual draft Language
Designer Designer
|_, Presentation 4—, graphics
I Broker/ speech
ation video

Coordinator
Domain
Data

—
o
]
S
2
ol
23
g
s
]

Media

Conversation Producer

Facilitator

Interpretation
Frame

1 speech
recognizer
{ Gesture
recognizer
MIND
Figure 1. RIA Infrastructure

speech
Multimodal
Interpreter

J9AI8S UolTewWw.Iou|

!

gesture




Turn Discourse

Interpretation Interpretation
Unimodal Multimodal
Understanding Fusion
Unimodal Interpretation Frame
Speech & Text) Discourse
text — o Sangliage S ) Structure
I nter preter
Speech
speech —> Recognizer Multimodal Discourse
Integrator Integrbted I nter preter
gesture Geﬂufe Gesture T Interpretation Frame
Recognizer
Imerpreter Unimodal Interpretation Frame
(Gesture)
Context
|
[ I I I I I !
Linguistics Gesture Visual Domain Conversation User Environment
Figure 2. MIND components

vidual inputs on the overall progress of a conversa
tion). Specifically, MIND presents two features. The
first is a fine-grained semantic model that character-
izes the meanings of user inputs and the overall con-
versation. The second is an integrated interpretation
approach that identifies the semantics of user inputs
and the overall conversation using a wide variety of
contexts (e.g., conversation history and domain
knowledge). These two features enable MIND to
improve understanding of user inputs, including
those ambiguous and incomplete inputs.

Before presenting MIND in details, we begin with
an overview and an example scenario to help explain
our work.

2. MIND Overview

MIND supports two major processes (Figure 2): turn
interpretation and discourse interpretation. Turn
interpretation identifies the semantics of user multi-
modal inputs a a particular turn of a conversation.
Turn interpretation is a two-step process. First, an
array of recognizers (e.g., a speech recognizer) con-
vert input signals (e.g., speech signals) to modality-
specific outputs (e.g., text). These outputs are then
processed by modality-specific interpreters (e.g., a
natural language interpreter). As a result, the mean-
ings of each unimodal input are captured by a unimo-
dal interpretation frame. Based on these meanings, a
multimodal integrator uses proper contextual infor-
mation to infer and create an integrated interpretation
frame. This frame captures the overall meanings of
the multimodal inputs at this conversation turn.

In addition to understanding user inputs at each
conversation turn, MIND also captures the overall
progress of a conversation. In particular, MIND uti-
lizes a discourse interpreter to capture how a particu-
lar user input is related to the conversation as a
whole. Based on a discourse structure that models
the conversation history, MIND decides whether the
current input contributes to an existing conversation
topic or it initiates a new one.
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3. Example Scenario

Table 1 logs a conversation fragment between a user
Joe and RIA. Joe initiates the conversation by asking
for houses in Irvington (u1), and RIA replies by
showing a group of desired houses (r1). Based on the
generated visua display, Joe points to the screen (a
position between two houses) and asks for the price
(u2). In this case, it is not clear which object Joe is
pointing at. There are three candidates. two houses

nearby and the town of IrvingtonT. Using our domain
knowledge, MIND can rule out the town of Irving-
ton, since Joe is asking for a price. At this point,
MIND still can not determine which of the two house
candidates is the desired one. To clarify this ambigu-
ity, RIA highlights both houses and asks Joe to pin-
point the house of interest (R2).

Again, Joe's reply (u3) alone would be ambiguous,
since there are multiple red objects on the screen.
However, using the conversation history (R2) and the
visual properties (Figure 3), MIND is able to infer
that Joe is referring to the highlighted red house. Joe
continues on to ask for the size (U4). This request by
itself isincomplete, since Joe did not explicitly spec-
ify the object of interest (house). Nevertheless,
MIND understands that Joe is asking for the size of
the same red house based on the conversation history
(U2-3).

Joe moves on to inquire about another house (U5).
Thisinput by itself does not indicate exactly what Joe
wants. Again, using the conversation history (u4),
MIND recognizes that Joe is most likely asking for
the size of another house. Next Joe switches to asking

Joe: Speech: Show me housesin Irvington. (U1)
RIA:  Speech: Here are the houses you requested.
Graphics: Show acollection of houses on the map (R1)
Joe: Speech: What's the cost?
Gesture: Point to the screen (U2)
RIA:  Speech: Which house are you interested in?
Graphics: Highlight two candidate houses (R2)
Joe: Speech: Thered one (U3)
RIA:  Speech: The asking price of this red house is 350,000 dollars.
Graphics: Highlight the red house and show the price (R3)
Joe: Speech: And the size? (U4)
RIA:  Speech: Thesize of thishouse is 2000 sguare feet (R4)
Joe: Speech: Thisone?
Gesture: Put a question mark on top of a houseicon (U5)
RIA:  Speech: Thesize of this house is 2200 square feet. (R5)
Graphics: Highlight the house icon
Joe: Speech: By the way, where is the train station? (U6)
RIA:  Speech: Hereisthetrain station in Irvington.
Graphics: Indicate the train station on the map (R6)
Joe: Speech: OK.Then...how many bedrooms does it have? (U7)
RIA:  Speech: This house has four bedrooms.(R7)

Table 1. A conversation fragment.

t The generated display has multiple layers, where the house icons are
on top of the Irvington town map. Thus this deictic gesture could either
refer to the town of Irvington or houses.
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for the location of a train station (us). According to
our domain knowledge, train stations are aways
related to towns. Although Joe did not specify the
town at this turn, MIND is able to conclude that the
relevant town is Irvington using the conversation his-
tory (u1). Finaly Joe asks about the number of bed-
rooms (U7). Based on the current visual context (one
house still being highlighted from us), MIND infers
that Joe now returns to the previously explored
house.

4. Semantics-based User I nput Modeling

To enable a thorough understanding of user multimo-
dal inputs, we use a set of semantic features to model
user-computer conversations. As described below,
our model not only captures fine-grained semantic
aspects of user inputs at each turn of a conversation,
but also characterize the overall progress of the con-
versation.

4.1 Turn-level Modeling

In support of afull-fledged multimodal conversation,
MIND has two goals. First, MIND must understand
the meanings of user inputs precisely so that the con-
versation facilitator (Figure1l) can decide how the
system should act. Second, MIND attempts to cap-
ture the user input styles (e.g., using a particular ver-
bal expression or gesturing in a particular way) or
user communicative preferences (e.g., preferring a
verbal vs. avisual presentation). The captured infor-
mation helps the multimedia generation components
(visua or language designers in Figurel) create
more effective and tailored system responses. To
accomplish both goals, MIND characterizes five
aspects of a user input: intention, attention, interpre-
tation status, presentation preference, and modality
decomposition.

Intention. Intention describes the purpose of a user
input [Grosz and Sidner 1986]. We characterize three
aspects of intention: Motivator, Act, and Type. Motivator
captures the purpose of an interaction. Since we
focus on information-seeking applications, MIND
currently distinguishes three top-level purposes.
DataPresentation, DataAnalysis (€.g., comparison), and
ExceptionHandling (€.g., disambiguation).
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Act indicates one of the three user actions: request,
reply, and inform. Request specifies that a user is mak-
ing an information request (e.g., asking for a collec-
tion of houses in U1 Table 1). Reply indicates that the
user is responding to a previous RIA request (e.g.,
confirming the house of interest in u3). Unlike
Request OF Reply, Inform states that a user is smply
providing RIA with specific information, such as per-
sonal profiles or interests. For example, during a
house exploration, a user may tell RIA that she has
school-age children.

Type further refines an user action. For example,
MIND may distinguish two different types of
Request. One user may regquest RIA to Describe the
desired information, such as the price of a house,
while the other may request RIA simply to Identify the
desired information (e.g., show atrain station on the
screen).

In some cases, Motivator, Act and Type can be
directly captured from individual inputs (e.g. U1).
However, in other stuations, they can only be
inferred from the conversation discourse. For exam-
ple, from u3 itself, MIND only understands that the
user isreferring to ared house (i.e., Type: Refer). It is
not clear whether this is a reply or inform. Moreover,
the overall purpose of this input is also unknown.
Nevertheless, based on the conversation context,
MIND understands that this input is a reply to a pre-
vious RIA question (Act: Reply), and contributes to the
overall purpose of ExceptionHandling (Motivator: Excep-
tionHandling).

In addition to the purpose of each user input, Moti-
vator also captures discourse purposes (described
later). Therefore, Motivator can be also viewed as
characterizing subdialogues discussed in previous lit-
eratures [Lambert and Carberry 1992, Litman and
Allen 1987]. For example, ExceptionHandling (with
Type: correct) corresponds to Correction subdialogue.
The difference from earlier worksis that our Motivator
is used to model intentions at both input and dis-
course levels. Finally, we modd intention not only to
support conversation, but also to facilitate multime-
dia generation. Specifically, Motivator and Type
together direct RIA in its response generation. For
example, RIA would consider Describe and Identify
two different data presentation directives [Zhou and
Pan 2001].

Figure 4(a) shows the Intention that MIND hasiden-
tified from the user input U2 (Table 1). It saysthat the
user isasking RIA to present him with some informa-
tion. The information to be presented is captured in
Attention (described next).

Attention. While Intention indicates the purpose of a
user input, Attention captures the content of a user
input with six parameters. Base specifies the semantic
category of the content (e.g., al houses in our appli-
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Figure 4. The interpretation of a multimodal input U2L.
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valueindicates that a pre-defined vlaue is given to a parameter since
information concerning this parameter has been identified from theu
input. A default value can be overwritten when information isidentifi
from other sources (e.g., context).

cation belong to the House category). Topic indicates
whether the user is concerned with a concept, arela-
tion, an instance, or a collection of instances. For
example, in U1 (Table 1) the user is interested in a
collection of House, while in U2 he is interested in a
specific instance.

Focus further narrows down the scope of the con-
tent to distinguish whether the user is interested in a
topic as awhole or just specific aspects of the topic.
For example, in U2 the user focuses only on one spe-
cific aspect (price) of a house instance. Aspect enu-
merates the actual topical features that the user is
interested in (e.g., the price in U2). Constraint holds
the user constraints or preferences placed on the
topic. For example, in U1 the user is only interested
in the houses (Topic) located in Irvington (Constraint).
The last parameter Content points to the actual datain
our database.

Figure4(b) records the Attention identified by
MIND for the user input U2. It states that the user is
interested in the price of a house instance,
MLS0187652 or MLS0889234 (house ids from the Mul-
tiple Listing Service). As discussed later, our fine-
grained modeling of Attention provides MIND the
ability to discern subtle changes in user interaction
(e.g., a user may focus on one topic but explore dif-

ferent aspects of the topic). Thisin turn helps MIND
assess the overall progress of a conversation.

Inter pretation Status. InterpretationStatus  provides an
overal assessment on how well MIND understands
an input. This information is particularly helpful in
guiding RIA’s next move. Currently, it includes two
features. SyntacticCompleteness assesses whether there
is any unknown or ambiguous information in the
interpretation result. SemanticCompleteness indicates
whether the interpretation result makes sense. Using
the status, MIND can inform other RIA components
whether a certain exception has risen. For example,
the value AttentionalContentAmbiguity in SyntacticCom-
pleteness (Figure 4c) indicates that there is an ambi-
guity concerning Content in Attention, since MIND
cannot determine whether the user is interested in
MLS0187652 Or MLS0889234. Based on this status,
RIA would ask a clarification guestion to disambigu-
ate the two houses (e.g., R2 in Table 1).

Presentation Preference. During a human-computer
interaction, a user may indicate what type of
responses she prefers. Currently, MIND captures user
preferences along four dimensions. Directive specifies
the high-level presentation goa (e.g., preferring a
summary to details). Media indicates the preferred
presentation medium (e.g., verba vs. visual). Style
describes what general formats should be used (e.g.,
using a chart vs. a diagram to illustrate information).
Device states what devices would be used in the pre-
sentation (e.g., phone or PDA). Using the captured
presentation preferences, RIA can generate multime-
dia presentations that are tailored to individual users
and their goals. For example, Figure 4(e) records the
user preferences from u2. Since the user did not
explicitly specify any preferences, MIND uses the
default values to represent those preferences. Presen-
tation preferences can either directly derived from
user inputs or inferred based on user and environ-
ment contexts.

M odality Decomposition. ModalityDecomposition

(Figure 4d) maintains a reference to the interpreta-
tion result for each unimodal input, such as the ges-
ture input in Figure 5(a—d) and the speech input in
Figure 5(ef). In addition to the meanings of each
unimodal input (Intention and Attention), MIND also
captures modality-specific characteristics from the

Gesture Input (b) (© (d) Speech Input (e) ()]
@
Intention Attention (A1) (A2) (A3) Intention Attention

Act: <> Base: House Base: House Base: City Act: Request Base: <>

Motivator: <> Topic: Instance Topic: Instance Topic: Instance M otivator: DataPresen- | Topic: Instance

Type: Refer Focus: <> Focus.< > Focus: <> tation Focus: SpecificAspect(*Topic)

SurfaceAct: Point | Aspect: <> Aspect: <> Aspect: <> Type: Describe Aspect: Price{
Constraint: <> Congtraint: <> Congtraint: < > SurfaceAct: Inquire <SynCat: Noun>
Content: Content: Content: [Irvington] <Realization: “cost”>}
[MLS0187652] [MLS0889234] Constraint: [ReferredBy THIS]

Content: <>

Figure 5. Separate interpretation of two unimodal inputs in U2.

40



inputs. In particular, MIND uses SurfaceAct to distin-
guish different types of gesture/speech acts. For
example, there is an Inquire speech act (Figure 5€)
and a Point gesture act (Figure5a). Furthermore,
MIND captures the syntactic form of a speech input,
including the syntactic category (SyncCat) and the
actual language redlization (Realization) of important
concepts (e.g., Topic and Aspect). For example, Aspect
price is realized using a noun cost (Figure 5f). Using
such information, RIA can learn to adapt itself to
user input styles (e.g., using similar vocabulary).

4.2 Discour se-level Modeling.

In addition to modeling the meanings of user inputs
at each conversation turn, we also model the entire
progress of a conversation. Based on Grosz and Syn-
der’s conversation theory [Grosz and Sidner 1986],
we establish a refined discourse structure that char-
acterizes the conversation history for supporting a
full-fledge multimodal conversation. Thisis different
from other multimodal systems that maintain the
conversation history by using a global focus space
[Neal et al 1998], segmenting focus space based on
intention [Burger and Marshall 1993], or establishing
a single dialogue stack to keep track of open dis
course segments [Stent et al 1999].

Conversation Unit and Segment. Our discourse struc-
ture has two main elements: conversation units and
conversation segments. A conversation unit records
user or RIA actions at a single turn of a conversation.
These units can be grouped together to form a seg-
ment (e.g., based on their intentional similarities).
Moreover, different segments can be organized into a
hierarchy (e.g., based on intentions and sub-inten-
tions). Figure 6 depicts the discourse structure that
outlines the first eight turns of the conversation in
Table 1. This structure contains eight units (rectan-
gles ui-4 for the user, R1-4 for RIA) and three seg-
ments (ovals DS1-3).

Specifically, a user conversation unit contains the

Attention
Base: House
Topic: Collection
Focus: <>
Aspect: <>
Constraint:[LocatedIn “Irvington”]

Content: [MLS0187652, ...]
\ \Attention Switch

Dominate
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DS1 Motivator: DataPresentation

/Ul
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Figure 6. Fragment of a discourse structure
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interpretation result of a user input discussed in the
last section. A RIA unit contains the automatically
generated multimedia response, including the seman-
tic and syntactic structures of a multimedia presenta-
tion [Zhou and Pan 2001]. A segment has five
features. Intention, Attention, Initiator, Addressee, and
State. The Intention and Attention are similar to those
modeled in theturns (see DS1, U1 and R1 in Figure 6).
Our uniform modeling of intention and attention for
both units and segments alows MIND to derive the
content of a segment from multiple units (see Section
5.2) during discourse interpretation. In addition, Initi-
ator indicates the conversation initiating participant
(e.g., Initiator iS User in DS1). Addressee indicates the
recipient of the conversation (e.g., Addressee iSRIA in
Ds1). Currently, we are focused on one-to-one con-
versation. However, MIND can be extended to multi-
party conversations where the Addressee could be a
group of agents. Finaly, state reflects the current
state of a segment: active, accomplished O suspended.
For example, after U3 DS1 is still active, but DS3 is
aready accomplished since its purpose of disambigu-
ating the content has been fulfilled.

Discourse Relations. To model the progress in a con-
versation, MIND captures three types of relations in
the discourse: conversation structural relations, con-
versation transitiona relations and data transitiona
relations.

Conversation structural relations reveal the inten-
tional structure between the purposes of conversation
segments. Following Grosz and Sidner’s early work,
there are currently two types: dominance and satis-
faction-precedence. For example, in Figure 6, DS1
dominates DS2, since exploring al available housesin
Irvington (DS1) comprises the exploration of a spe-
cific house in this collection (DS2).

Conversation transitiona relations specify transi-
tions between conversation segments and between
conversation units as the conversation unfolds. Cur-
rently, two types of relations are identified between
segments: intention switch and attention switch. The
intention switch relates a segment which has a differ-
ent intention from the current segment. Interruption
is a subtype of an intention switch. The attention
switch relates a segment that has the same intention
but different attention from the current segment. For
instance, in Figure 6, there is an intention switch from
DS2 to DS3, since DS3 starts a new intention (Excep-
tionHandling). Furthermore, U5 starts a new segment
which is related to DS2 through attention switch. In
addition to segment relations, there is aso temporal-
precedence relation between conversation units that
preserves the sequence of conversation.

Datatransitional relations further categorize differ-
ent types of attention switches. In particular, we dis-
tinguish eight types of attention switch including



Collection-to-Instance and Instance-to-Aspect. For exam-
ple, the attention is switched from a collection of
houses in DS1 to a specific house in bs2 (Figure 6).
Data transitiona relations alow MIND to capture
user data exploration patterns. Such patterns in turn
can help RIA decide potential data navigation paths
and provide users with an efficient information-seek-
ing environment.

Our studies showed that, in an information-seeking
environment, the conversation flow usually centers
around the data transitional relations. This is differ-
ent from task oriented applications where dominance
and satisfaction precedence are greatly observed. In
an information seeking application, the communica-
tion is more focused on the type and the actua con-
tent of information which by itself does not impose
any dominance or precedence relations.

5. Context-based Multimodal I nter pretation

Based on the semantic model described above,
MIND uses awide variety of contextsto interpret the
rich semantics of user inputs and conversation dis-
course.

5.1 Turn Interpretation

To capture the overall meaning of a multimodal input
at a particular turn, MIND first interprets the mean-
ings of individual unimodal inputs (e.g., understand-
ing a speech utterance). It then combines all different
inputs using contextual information to obtain a cohe-
sive interpretation. The first step is known as unimo-
dal understanding, and the latter, multimodal
under standing.

Unimodal Under standing. Currently, we support three
input modalities: speech, text, and gesture. Specifi-
cally, weuse IBM ViaVoiceto perform speech recog-
nition, and a datistics-based natural language
understanding component [Jelinek et al 1994] to pro-
cess the natural language sentences. For gestures, we
have developed a simple geometry-based gesture
recognition and understanding component. Since
understanding unimodal inputs is out of the scope of
this paper, next we explain how to achieve an overall
understanding of multimodal inputs.

Multimodal Understanding. Traditional multimodal
understanding that focuses on multimodal integration
is often inadequate to achieve a full understanding of
user inputs in a conversation, since users often give

partial information at a particular turn. For example,
in us (Table 1) it is not clear what exactly the user
wants by just merging the two inputs together. To
address these inadequacies, MIND adds context-
based inference. Our approach allows MIND to use
rich contextual information to infer the unspecified
information (e.g., the exact intention in us) and
resolve ambiguities rising in the user input (e.g., the
gestural ambiguities in u2). In particular, MIND
applies two operations: fusion and inference to
achieve multimodal understanding.

Fusion. Fusion creates an integrated representation
by combining multiple unimodal inputs. In this pro-
cess, MIND first merges intention structures using a
set of rules. Here is one of our rules for merging
intentions from two unimodal inputs:

IF I1 is the intention from unimodal input 1 &
12 is the intention from unimodal input 2 &
(11 has non-default values) &
(12.Type == Refer) & (12.Motivator == DEFAULT) &
(12.Act == DEFAULT)
THEN Select 11 as the fused intention

It asserts that when combining two intentions
together, if oneis only for referral purpose (e.g., the
gesture of U2 in Figure 5a, where the Act and Motivator
carry the default values), then the other (e.g., the
speech of U2 in Figure 5e) serves as the combined
intention (e.g., the integrated Intenton of U2 in
Figure4a). The rational behind this rule is that a
referral action without any overall purpose most
likely complements another action that carriesamain
communicative intention. Thus, this communicative
intention is the intention after fusion. Once intentions
are merged, MIND unifies the corresponding atten-
tion structures. Two attentions can be unified if and
only if parameter values in one structure subsume or
are subsumed by the corresponding parameter values

in the other structure’. The unified value is the sub-
sumed value (e.g., the more specific or the shared
value). For example, in u2 MIND produces two com-
bined attention structures by unifying the Attention
from the speech (Figure 5f) with each Attention from
the gesture (Figure5b-d). The result of fusion is
shown in Figure 7. In this combined representation,
there is an ambiguity about which of the two atten-

T Value V1 subsumesvalue V2 if V1 ismore general than V2 or isthe
same as V2. A special caseisthat adefault value subsumes any other
non-default values.

@ (b)
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Figure 7. Combined interpretation as a result of multimodal fusion in U2.



tion structures is the true interpretation (Figure 7b,
¢). Furthermore, within the attention structure for
House, there is an additional ambiguity on the exact
object (Content in Figure 7b). This example shows
that integration resulting from unification based mul-
timodal fusion is not adequate to resolve ambiguities.
We will show later that some ambiguities can be
resolved based on rich contexts.

For simple user inputs, attention fusion is straight-
forward. However, it may become complicated when
multiple attentions from one input need to be unified
with multiple attentions from another input. Suppose
that the user says “tell me more about the red house, this
house, the blue house,” and at the same time she points
to two positions on the screen sequentially. To fuse
these inputs, MIND first applies temporal constraints
to align the attentions identified from each modality.
This alignment can be easily performed when thereis
an overlapping or a clear temporal binding between a
gesture and a particular phrase in the speech. How-
ever, in a situation where a gesture is followed (pre-
ceded) by a phrase without an obvious temporal
association asin “tell me more about the red house (deic-
tic gesture 1) this house (deictic gesture 2) the blue house,”
MIND uses contexts to determine which two of the
three objects (the red house, this house, and the blue
house) mentioned in the speech should be unified
with the attentions from the gesture.

Modality integration in most existing multimodal
systems is speech driven and relies on the assumption
that speech always carries the main act, and others
are complementary [Bolt 1980, Burger and Marshall
1993, Zancanaro et al 1997]. Our modality integra-
tion is based on the semantic contents of inputs rather
than their forms of modalities. Thus MIND supports
al modalities equaly as in Quickset [Johnston
1998]. For example, the gesture input in U5 is the
main act, while the speech input is the complemen-
tary act for reference.

Inference. Inference identifies user unspecified
information and resolves input ambiguities using
contexts. In a conversation, users often supply abbre-
viated or imprecise inputs at a particular turn, e.g.,
abbreviated inputs given in U3, u4, U5, and the
imprecise gesture input in U2 (Table 1). Moreover,
the abbreviated inputs often foster ambiguities in
interpretation. To derive a thorough understanding
from the partial user inputs and resolve ambiguities,
MIND exploits various contexts.

The domain context is particularly useful in resolv-
ing input ambiguities, since it provides semantic and
meta information about the data content. For exam-
ple, fusion inputs in U2 which has imprecise gesture
results in ambiguities (Figure7). To resolve the
ambiguity whether the attention is a city object or a
house abject, MIND uses the domain context. In this
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case, MIND eliminatesthe city candidate, since cities
cannot have an attribute of price. As aresult, MIND
understands that the user is asking about the House.

In addition to the domain context, the conversation
context also provides MIND with a useful context to
derive the information not specified in the user
inputs. In an information seeking environment, users
tend to only explicitly or implicitly specify the new
or changed aspects of their information of interest
without repeating those that have been mentioned
earlier in the conversation. Therefore, some required
but unspecified information in a particular user input
can be inferred from the conversation context. For
example, the user did not explicitly specify the object
of interest in U4 since he has provided such informa-
tion in Uu3. However, MIND uses the conversation
context and infers that the missing object in U4 isthe
house mentioned in u3. In another example us, the
user specified another house but did not mention the
interested aspect of this new house. Again, based on
the conversation context, MIND recognizes that the
user isinterested in the size aspect of the new house.

RIA’s conversation history is inherently a complex
structure with fine-grained information (e.g.,
Figure 6). However, with our hierarchical structure
of conversation units and segments, MIND is able to
traverse the conversation history efficiently. In our
example scenario, the conversation between u1 and
R5 contributes to one segment (DS1 in Figure 6),
whose purpose is to explore houses in Irvington. U6
starts a new segment, in which the user asked for the
location of atrain station, but did not specify therele-
vant town name. However, MIND is ableto infer that
the relevant town is Irvington directly from Ds1,
since DS1 captures the town name Irvington. Without
the segment structure, MIND would have to traverse
al previous 10 turns to reach u1 to resolve the town
reference.

As RIA provides a rich visual environment for
users to interact with, users may refer to objects on
the screen by their spatial (e.g., the house at the left
corner) or perceptua attributes (e.g., the red house).
To resolve these spatial/perceptual references, MIND
exploits the visual context, which logs the detailed
semantic and syntactic structures of visual objects
and their relations. More specifically, visual encod-
ing automatically generated for each object is main-
tained as a part of the system conversation unit in the
conversation history. During reference resolution,
MIND would identify potential candidates by map-
ping the referring expressions with the internal visual
representation. For example, the object which is
highlighted on the screen (R5) has an internal repre-
sentation that associates the visual property Highlight
with the object identifier. This allows MIND to cor-
rectly resolve referents for it in U7. In this reference
resolution process, based on the Centering Theory



[Grosz et a 1995], MIND first identifies the referent
most likely to be the train station since it is the pre-
ferred center in the previous utterance. However,
according to the domain knowledge, such a referent
is ruled out since the train station does not have the
attribute of bedrooms. Nevertheless, based on the
visual context, MIND recognizes a highlighted house
on the screen. An earlier study indicates that objects
in the visual focus are often referred by pronouns,
rather than by full noun phrases or deictic gestures
[Kehler 2000]. Therefore, MIND considers the abject
in the visual focus (i.e., the highlighted house) as a
potential referent. In this case, since the highlighted
house is the only candidate that satisfies the domain
constraint, MIND resolves the pronoun it in U7 to be
that house. Without the visual context, the referent in
U7 would not be resolved.

Furthermore, the user context provides MIND with
user profiles. A user profile is established through
two means. explicit specification and automated
learning. Using a registration process, information
about user preferences can be gathered such as
whether the school district is important. In addition,
MIND can also learn user vocabularies and prefer-
ences based on real sessions between auser and RIA.
Currently, we are investigating the use of user con-
text for interpretation. One attempt is to use this con-
text to map fuzzy terms in an input to precise query
constraints. For example, the interpretation of the
term expensive or big varies from one user to another.
Based on different user profiles, MIND can interpret
these fuzzy terms as different query constraints.
Finally, the environment context provides device pro-
files that facilitate response generation. For example,
if a user uses a PDA to interact with RIA, MIND
would present information in a summary rather than
an elaborated textual format because of the limited
display capability.

5.2 Discour se I nterpretation

While turn interpretation derives the meanings of
user inputs at a particular turn, discourse interpreta-
tion identifies the contribution of user inputs toward
the overall goal of a conversation. In particular, dur-
ing discourse interpretation MIND decides whether
the input at the current turn contributes to an existing
segment or starts anew one. In the latter case, MIND
aso decides where to add the new segment and how
this segment relates to existing segments in a conver-
sation history. To make these decisions, MIND first
calculates the semantic distances between the current
turn and existing segments. Based on the distances,
MIND then interprets how the turn is related to the
overall conversation.

Some previous works on discourse interpretation
are based on the shared plan model [L ochbaum 1998,
Rich and Sidner 1998] where specific plans and reci-
pes are defined for the applications. In an informa-

tion seeking application, since users can freely
browse or navigate information space, it would be
difficult, if not impossible, to come up with ageneric
navigation plan. Therefore, our approach is centered
around user information needs such as the desired
operations on information, the type of information
and the finer aspects of information. Specifically, our
discourse interpretation is based on intention and
attention that captures user information needs, and
the discourse structure reflects the overall exchanged
information at each point in the conversation. This
discourse structure provides MIND an overall picture
about what information has been conveyed, and thus
guide MIND in more efficient information naviga-
tion (e.g., decide on what information needs to be
delivered). At the core of this approach, isthe seman-
tic distance measurement.

M easuring Semantic Distance. Semantic distance
measures the closeness of user information needs
captured in apair of intention/attention. For example,
auser first requests for the information about the size
of ahouse, and after afew interactions, he asks about
the price of the same house. In this case, although
there are a few interactions between these two
reguests, the second request is closely related to the
first request since they both asking specific aspects
about the same house object. Therefore, the semantic
distance between intention/attention representing
those two requests is small. For another example,
suppose the user asks about the price of a house, and
then in the next turn, he asks RIA to compare this
house with a different house. Although these two
reguests are adjacent in the conversation, they are
quite different since the first requests for data presen-
tation and the second asks for data comparison. So
the semantic distance between those two requests is
larger than that in the first example.

Furthermore, since MIND consistently represents
intention and attention in both conversation units and
conversation segments, the semantic distance can be
extended to measure the information needs repre-
sented in a new conversation unit and those repre-
sented in existing conversation segments. This
measurement allows MIND to identify the closeness
between a new information need (from an incoming
user input) with other information exchanges in the
prior conversation. By relating similar information
needs together using the semantic distance measure-
ment, MIND is able to construct a space of commu-
nicated information and its inter-relations.

Specifically, to measure the semantic distance
between a user conversation unit and a segment,
MIND compares their corresponding Intention and
Attention. As in the following formula, the distance
between two intentions (I, and Ig) or attentions (A,
and Ay is aweighted sum of distances between their

corresponding parameters as the following, where w;



(w;) isthe weight and d, (d)) isthe parametric distance
for each parameter i in Intention (Or j in Attention).
Intention: Distance(l, 19 = »"w; - d

|
Attention: Distance(A, A) = >'w; - d;
j

Different weights help promote/demote the signifi-
cance of different parameters in the distance measur-
ing. For example, MIND assigns the highest weight
to Motivator in Intention, since it manifests the main
purpose of an input. Likewise, Aspect in Attention is
given aleast weight since it captures a very specific
dimension of the content. To compare two parame-
ters, MIND currently performs a binary comparison.
That is, if two parameter values are equal or one
value subsumes the other, the parametric distance is
0, otherwise 1. Once the semantic distance between a
conversation unit and a conversation segment is
computed, MIND determines the relationship
between them using interpretation rules. Note that
currently, our weights are manually assigned. In the
future, those weights can be trained over a labeled
corpus.

Applying Interpretation Rules. To determine how the
current user input is related to the existing conversa-
tion, MIND first calculates the semantic distance
between the conversation unit representing the cur-
rent user input and every existing segment. Based on
these distances, MIND will then choose the segment
that is the closest and apply a set of rules to decide
how the current unit relates to this segment. Specifi-
cally, these rules use a set of thresholds to help deter-
mine whether this unit belongs to the existing
segment or starts a new segment. For example, when
u2 is encountered, MIND first calculates the seman-
tic distance between U2 and DS1 (the only existing
segment at this point). Since the distance measure-
ment satisfies the conditions in Ruleset 2(a)
(Figure 8), a new segment DS2 is generated. Further-
more, Ruleset 2(b) helps MIND identify that DS2 is
dominated by Dsi1, since the content of DS2
(MLS0187652 or MLS0889234, which is copied from
the current turn) is a part of DS1 (a collection that

Ruleset 1:
(a) IF Unit U with Intention |, and Attention A,
& Segment S with Intention I and Attention Ag
& Distance(l,, l) <t, & Distance(A,, Ay <t,
THEN Add Unit U to Segment S & Update S

Ruleset 2:
(a) IF Unit U with Intention |, and Attention A,
& Segment S, with Intention Ig; and Attention A,
& Distance(l, , Ig;) <t, & t, < Distance(A, , Agy) <t;
THEN Create a new segment S,
& Copyl, and A, tolg, and A, & AddunitU to S,
(b) IF Ig,.content is a part of Ig;.content
THEN S, dominates S,

Figure 8. Examples of interpretation rules

45

includes both MLS0187652, MLS0889234). This struc-
ture indicates that, up to this point in the conversa-
tion, the overall purpose is presenting a collection of
housesin Irvington, and this overall purpose contains
a sub-purpose which is presenting a particular house
in this collection. Similarly, for u4 MIND calculates
the distance between u4 and three existing segments
(Ds1, bs2 and DS3). In this case, since DS2 is the
closest, MIND attaches u4 to Ds2 (Figure 6) accord-
ing to Ruleset 1(a).

Our current approach to discourse interpretation
relies on our fine-grained model of Intention and Atten-
tion. Different applications may require understand-
ing the conversation at different levels of granularity
(the granularity of segments). To accommodate dif-
ferent interpretation needs, MIND can vary the
weights in the distance measurement and adjust the
thresholds in the interpretation rules.

6. Evaluation

We have developed MIND as a research prototype.
The modeling scheme and interpretation approach
are implemented in Java. The prototype is currently
running on Linux.

Our initial semantic models and interpretation
algorithms were driven by a user study we con-
ducted. In this study, one of our colleagues acted as
RIA and interacted with users to help them find red
estate in Westchester county. The analysis of the con-
tent and the flow of the interaction indicates that our
semantic models and interpretation approaches are
adequate to support these interactions.

After MIND was implemented, we conducted a
series of testing on multimodal fusion and context-
based inference (focusing on domain and conversa-
tion contexts). The testing consisted of a number of
trials, where each trial was made up by a sequence of
user inputs. Half of these inputs were specifically
designed to be ambiguous and abbreviated. Since the
focus of the testing was not on our language model,
we designed the speech inputs so that they could be
parsed successfully by our language understanding
components. The testing showed that once the user
speech input was correctly recognized and parsed, in
about 90% of those trials, the overall meanings of
user inputs were correctly identified. However,
speech recognition is a bottleneck in MIND. To
improve the robustness of MIND, we need to
enhance the accuracy of speech recognition and
improve the coverage of the language model. We
plan to do more vigorous evaluations in the future.

7. Conclusions and Future Work

To support a full-fledged multimodal conversation,
we have built MIND, which unifies multimodal input
understanding and discourse interpretation. In partic-
ular, MIND has two unique features. The first is a



fine-grained semantic model that characterizes the
meanings of user inputs and the overall conversation
from multiple dimensions. The second is an integrated
interpretation approach that identifies the semantics of
user inputs and the overall conversation using a wide
variety of contexts. These features enable MIND to
achieve a deep understanding of user inputs.

Currently, multimodal fusion (for intention) and dis-
course interpretation rules are constructed based on
typical interactions observed from our user study.
These rules are modality independent. They can be
applied to different information seeking applications
such as searching for computers or cars. Our future
work includes exploring learning techniques to auto-
matically construct interpretation rules and incorporat-
ing confidence factors to further enhance input
interpretation.
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Abstract

The goal of the Conversational In-
terfaces project at CSLI is to de-
velop a general purpose architec-
ture which supports multi-modal di-
alogues with devices. Our systems
use a common software base consist-
ing of the Open Agent Architecture,
Nuance speech recogniser, Gemini
(SRI’s parser and generator), Fes-
tival speech synthesis, and CSLI’s
“Conversational Intelligence Archi-
tecture” (CIA). This paper focuses
on one application of this architec-
ture — an automated tutor for ship-
board damage control. We discuss
the benefits of adopting this archi-
tecture for intelligent tutoring.

Keywords

dialogue system architecture, tutorial di-
alogue, intelligent tutoring system, multi-
modal

1 Introduction

Multi-modal, activity-oriented dialogues with
devices present a challenge for dialogue sys-
tem developers. Conversational interaction in
these contexts is mixed-initiative and open-
ended. Consider dialogue with an intelligent
tutoring system (ITS). Dialogue can be un-
predictable in tutorial interactions. The user
may need to query the system; e.g., ask a def-
initional question. Further, the tutor must
have a way of reacting to various types of user
input; e.g., by adjusting the tutorial agenda

when the student asks for clarification about
past topics of discussion.

In this paper we discuss a new general pur-
pose architecture for intelligent dialogue sys-
tems which addresses these issues: the Con-
versational Intelligence Architecture (CIA)
developed at CSLI.

The CIA has previously been used in a di-
alogue system for multi-modal conversations
with a robot helicopter (the WITAS system;
Lemon et al. 2001, 2002). We focus on a
parallel deployment of this architecture in the
domain of automated tutoring. We will first
discuss the ITS we are developing for ship-
board damage control. Next, we discuss the
CIA for dialogue systems and what benefits
it has for intelligent tutoring.

2 An Intelligent Tutoring System
for Damage Control

Shipboard damage control refers to the task of
containing the effects of fire, explosions, and
other critical events that can occur aboard
Naval vessels. The high-stakes, high-stress
nature of this task, together with limited op-
portunities for real-life training, make dam-
age control an ideal target for Al-enabled ed-
ucational technologies like intelligent tutoring
systems.

We are developing an intelligent tutoring
system for automated critiquing of student
performance on a damage control simulator
(Clark et al. 2001). The simulator is DC-
TRAIN (Bulitko and Wilkins 1999), an im-
mersive, multimedia training environment for
damage control. DC-TRAIN’s training sce-
narios simulate a mixture of physical phenom-
ena (e.g., fire) and personnel issues (e.g., ca-
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sualties). Figure 1 provides a sample of the
type of tutorial interaction our system aims
to support.

Conversation with automated tutors places
the following requirements on dialogue man-
agement (see Lemon et al. 2001, Clark 1996):

1. Flexibility: user and system input should
be interpreted as dialogue moves, even
when they are not predictable in advance

2. Open-ended: there are not rigid pre-
determined goals for the dialogue

3. Mized-initiative: in general, both the
user and the system should be able to
introduce topics

In the next section, we discuss a gen-
eral purpose architecture for dialogue systems
which meets these two demands.

3 An Architecture for Multi-modal
Dialogue Systems

To facilitate the implementation of multi-
modal, mixed-initiative interactions we use
the Open Agent Architecture (OAA) (Mar-
tin et al. 1999). OAA is a framework for
coordinating multiple asynchronous commu-
nicating processes. The core of OAA is a
‘facilitator’ which manages message passing
between a number of encapsulated software
agents that specialize in certain tasks (e.g.,
speech recognition).

Our system uses OA A to coordinate the fol-
lowing agents:

1. The Gemini NLP system (Dowding
et al. 1993). Gemini uses a sin-
gle unification grammar both for pars-
ing strings of words into logical forms
(LFs) and for generating sentences from
LF inputs. This agent enables us to
give precise and reliable meaning rep-
resentations which allow us to identify
dialogue moves (e.g., question) given
a linguistic input; e.g., the question
“What happened next?” has the LF:
(ask(wh([past,happen]))).

2. A Nuance speech recognition server,
which converts spoken utterances to
strings of words. The Nuance server re-
lies on a language model, which is com-
piled directly from the Gemini grammar,
ensuring that every recognized utterance
is assigned a LF.

3. The Festival text-to-speech
which ‘speaks’ word strings generated by
Gemini.

system,

4. The Conversational Intelligence Ar-
chitecture, which coordinates inputs
from the user, interprets the user’s di-
alogue moves, updates the dialogue con-
text, and delivers speech and graphical
outputs to the user. This agent is dis-
cussed in Section 4.

Agents 1-3 are ‘off-the-shelf’ dialogue sys-
tem components (apart from the Gemini
grammar, which must be modified for
each application).  The CIA agent (4)
was written in Java for dialogue man-
agement applications in general. This
OAA/Gemini/Nuance/Festival/CIA  archi-
tecture has also been deployed successfully in
Lemon et al. 2001, 2002.

4 Dialogue Managment

Dialogue Management with the CIA makes
use of several recent ideas in dialogue model-
ing, described in detail in Lemon et al. (2001,
2002). It creates and updates an Informa-
tion State, corresponding to a notion of di-
alogue context. Dialogue moves (e.g., asser-
tion, wh-question) update information states.
A user’s dialogue move might send a response
to the system, elicit an assertion by the sys-
tem, or prompt a follow-up question. The sys-
tem itself generates dialogue moves which are
treated just like the user’s conversational con-
tributions.

The CIA includes the following dynami-
cally updated components (see Lemon et al.
2002 for full details):

1. The Dialogue Move Tree: a structured
history of dialogue moves and ‘threads’,
plus a list of ‘active nodes’
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T: There were two fires, and you put out both of them. You also handled one flood. The first
fire was in the officer’s baggage room. For a fire, what’s the first thing you should do?

I’m not sure.

to investigate.

Order a repair team to fight the fire.

Isolate the space.

Yes.

Send a repair team to set fire boundaries on the compartment.

No, you missed a step. What comes before setting fire boundaries?

Okay. First send a team to investigate. For the second fire, you also forgot to send a team

Okay. After setting fire boundaries, what should you do?

No, you missed a step. What should you do before sending a repair team to fight the fire?

Always electrically and mechanically isolate a space before fighting a fire. For the

second fire, you also forgot to isolate the space.

Figure 1: A Sample dialogue: T=tutor/system, S=student

2. The Activity Tree: a temporal and hi-
erarchical structure of activities initiated
by the system or the user, plus their ex-
ecution status

3. The System Agenda:
raised by the system

the issues to be

4. Salience List: the objects referenced in
the dialogue thus far, ordered by recency

5. The Pending List: the questions asked
but not yet answered

6. The Modality Buffer: stores gestures for
later resolution

The Dialogue Move Tree (DMT) provides a
representation of dialogue context in terms of
a structured history of dialogue moves. Fur-
ther, the DMT determines whether or not
user input can be interpreted in the current
dialogue context, and how to interpret it. Re-
call the three requirements placed on auto-
mated tutors discussed in Section 2. The
DMT structure is able to interpret user and
system input as dialogue moves, even when
they are not predictable in advance (flexibil-
ity). Further, the DMT can handle dialogues

with no clear endpoint (open-ended). The
CIA supports the third requirement of mized-
initiative by way of the System Agenda and
generation component. In the next section,
we discuss further benefits of the CIA for in-
telligent tutoring systems, both in the domain
of shipboard damage control and in general.

5 Benefits of the Conversational
Intelligence Architecture

The CTA has the following useful properties:

1. It embodies Clark’s (1996) joint activ-
ity theory of dialogue, in which dialogue
serves the activity the conversational
participants are engaged in. By uti-
lizing the Dialogue Move Tree/Activity
Tree distinction, we are able to provide
a model of the joint activities (the Ac-
tivity Tree), and follow the structure of
dialogue deployed in service of those ac-
tivities (the Dialogue Move Tree).

2. While other intelligent tutoring systems
employ finite-state automata which con-
strain the dialogue move option space for
any input (e.g., AutoTutor; Graesser et
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al. 2000), our CIA is not a finite-state
machine, and is dynamically updated.
The latter property is useful for handling
unpredictable input and for shifting the
agenda in response to user input.

3. The Dialogue Move Tree provides us with
a rich representation of dialogue struc-
ture, which allows us to return to past
topics of discussion in a principled, or-
derly way. For example, in the domain
of shipboard damage control, the auto-
mated tutor might compare the handling
of a later crisis to the handling of earlier
crises. Further, the student might ask for
clarification about the reasons for earlier
actions, so we would like to be able to re-
turn to the earlier topic, and pick up the
context at that point, as well as simply
referring to the earlier crisis.

4. Dialogue moves used in the different im-
plementations of the CIA are domain-
general, and thus reusable across differ-
ent domains. We are building a library
of dialogue moves for use by any type of
dialogue system. For example, tutorial
dialogue will share with other systems di-
alogue moves such as questions and an-
swers, but not others (e.g., hints).

5. The architecture separates dialogue man-
agement from “back-end” activities, such
as robot control or tutorial strategies. In
the tutorial case, it provides a high-level
representation of the tutorial strategies
(in the form of the Activity Tree) acces-
sible by the Dialogue Move Tree.

6. The architecture supports multi-
modality by way of the Modality Buffer.
For example, we are able to coordinate
speech input and output with gestural
input and output (e.g., the user can
indicate a point on a map with a mouse
click or the system can highlight a map
region).
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Perceptive Animated I nterfaces:
The Next Generation of Interactive Learning Tools
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We envision a new generation of human computer interfaces that engage usersin natural face-to-face
conversational interaction with intelligent animated characters. In specific learning domains, these
perceptive animated interfaces will process auditory and visual signals presented by the user (e.g.,
speech sounds, lip movements, facial expressions, hand and body gestures) to interpret the user's
spoken utterances and infer the user’s intentions and cognitive state (e.g., focused, excited,
frustrated). In addition, the system will use this information to build user models relevant to the
learning task— e.g., if the system is helping the student learn about space science, it will analyze the
student’s responses to discover the student’s preconceptions within that domain. Based on this
information, the animated agent will orient to the user, provide real time feedback when the user
speaks, and respond to the user much like a sensitive and effective teacher—through speech, facial
expressions and hand and body gestures.

Research on perceptive animated interfaces at CSLR builds on advanced spoken dialogue systems
research supported by DARPA and NSF. This research uses CU Communicator, an environment for
researching and developing spoken dialogue systems that enable completely natural, unconstrained,
mixed-initiative spoken dialogues in specific task domains. Communicator uses the public domain
Galaxy hub-server architecture developed by the MIT speech group and maintained by MITRE under
DARPA support. Spoken dialogue interaction in Communicator occurs via communication between
users and various technology servers (all developed at CSLR) that pass messages through the Galaxy
hub—audio server, speech recognizer, semantic parser, language generator, speech synthesizer,
dialogue manager, and back-end servers that communicate with Web sites. By adding computer
vision and computer animation servers, we have transformed Communicator into a platform for
research and development of perceptive animated interfaces.

Our research on perceptive animated interfaces occurs in the context of Interactive Books: powerful
learning tools that reside on client machines, and communicate with servers running Communicator.
Interactive Books employ full-bodied 3D animated characters that integrate auditory and visual
processing so the animated character can orient to the user, interpret the user’s auditory and visual
behaviors, and respond to these behaviors using speech, facial expressions and gestures. By studying
the behaviors of master teachers working with individual students, and by working with these
teachers to incorporate their best practices into our learning tools, we hope to invent animated agents
that interact with students much like sensitive and effective teachers.

Our presentation will demonstrate the capabilities of Interactive Books, discuss the major research
challenges involved, and describe ongoing work applying these learning tools to a number of learning
domains, including foundational speech and reading skills, comprehension training and science
education.
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Abstract

This paper reports on a study whose goal was to
investigate how people make use of gestures and spoken
utterances while playing a videogame without the
support of standard input devices.

We deploy a Wizard of Oz technique to collect audio-
video- and body movement-related data on people' s free
use of gesture and speech input. Data was collected
from eleven subjects for up to 60 minutes of game
interaction each. We provide information on
preferential mode use, as well as the predictability of
gesture based on the objectsin the scene.

The long-term goal of this on-going study is to
collect natural and reliable data from different input
modalities, which could provide training data for the
design and development of a robust multimodal
recognizer.

1. Introduction

Human-computer interaction in virtual environments has
long been based on gesture, with the user's hand(s)
being tracked acoustically, magneticaly, or via
computer vision. In order to execute operations in
virtual environments, users often are equipped with
datagloves, whose handshapes are captured digitaly, or
a tracked device that is equipped with multiple buttons.
For a number of reasons, these systems have frequently
been difficult to use. First, although the user’s hand/arm
motions are commonly called “gesture,” the movements
to be recognized are typically chosen by the developer.
Thus, rather than recognize people's naturally occurring
movements, such systems require users to learn how to
move “properly.” Secondly, gestural devices have many
buttons and modes, making it difficult for a naive
subject to remember precisely which button in a given
mode accomplishes which function.  Third, the 3D
interaction paradigm usually derives from the 2D-based
direct manipulation style, in which one selects an object
and then operates upon it. Some systems have modeled
the virtual environment interface even more strongly
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upon the WIMP (windows, icons, menus, pointing
device) graphical user interface, providing users with
menus that need to be manipulated in the 3D world.
Unfortunately, it turns out to be very difficult to select
objects and menu entriesin 3D environments.

Various researchers have attempted to overcome these
awkward interfaces in different ways. For example,
Hinckley [1] ogave users rea-world models to
manipulate, causing analogous actions to take place in
the virtual environment.  Stoakley et a [2] provided a
miniature copy of the virtual world in the user’s virtual
hand, thereby alowing smaller movements in hand to
have analogous results on the world itself. Fisher et al.
[3] developed an early multimodal 3D interface for
simulated Space Station operations, incorporating
limited speech recognition, as well as hand gestures
using a VPL dataglove. Weimer and Ganapathy
developed a prototype virtual environment interface [4]
that incorporated a VPL dataglove, and a simple speech
recognizer.  Although only three gestures, al by the
user’s thumb, were recognized, and the speech system
offered just a 40 word vocabulary, the authors remarked
upon the apparent improvement in the interface once
voice was added.

Based in part on this prior research, we hypothesize that
multimodal interaction in virtual environments can ease
the users burden by distributing the communicative
tasks to the most appropriate modalities. By employing
speech for its strengths, such as asking questions,
invoking actions, etc., while using gesture to point at
locations and objects, trace paths, and manipulate
objects, users can more easily engage in virtual
environment interaction. In order to build such
multimodal systems, we need to understand how, if at
al, people would speak and/or gesture in virtua
environments if given the choice. What would users do
on their own, without being limited to the researchers
preferred gestures and language? Would gestures and
language be predictable, and if so from what? Can the
recognition of gesture and/or speech in virtua
environments be improved by recognizing or



understanding the input in another modality, as we find
in 2D map-systems[5, 6].

Regarding predictability of speech and gesture, we
hypothesize that without instruction, people will
mani pul ate manufactured objectsin VE in the ways they
were designed to be manipulated — using their
affordances [7], [8]. Given data indicating a user’'s
viewpoint on the object, and the degrees of freedom
afforded by the object, a system should be able to
predict how the user’s hand/arm will move. If the user
can also speak, will they employ the same gestures
during multimodal interaction as they employ using
gesture alone?

In order to answer these questions, and to provide a first
set of data for training recognizers and statistically-basd
multimodal integration systems, we conducted a
Wizard-of-Oz study of multimodal interaction with a
simple, though redlistically rendered, computer game.

2. Study

Eleven volunteer subjects (ten adults, one 12 year-old
child), interacted with the Myst™ 111 game played on a
2GHz Dell computer with Nvidia GeForce 3 graphics
card. Myst is a semi-immersive 2.5-dimensional game
in which a user moves around a complex world,
containing both indoor and outdoor scenes. The user
views the world through a (moderate) fish-eye viewport,
which g/he can rotate 360 degrees, as well as tilt to see
above and below. In Myst Ill, the user's task is
(partidly) to travel around an island, rotating a series of
beacons so that they shine on one another in a certain

"ok, turn it again”

[close fist, pull hand from
left to right three times]

sequence, etc. Thus, the game involves navigation,
manipulation of objects (doors, a knife switch, beacons,
push-buttons, etc.) and search.

The subjects wore a set of four 3D trackers attached to
their head and dominant arm. They were told that they
could interact with the game as they wished, and that the
system could understand their speech and gestures.

2.1 Wizard of Oz study

The classic method for studying recognition-based
systems before the appropriate recognizers have been
trained is to employ a Wizard of Oz paradigm [9]. In
this kind of study, an unseen assistant plays the role of
the computer, processing the user's input and
responding, as the system should. Importantly, the
response time should be rapid enough to support
satisfactory interactive performance.  In the present
study, subjects were told that they would be playing the
Myst I11 computer game, to which they could speak and
gesture freely.  The user chose where s/he wanted to
stand.

Subjects “played” the game standing in front of a 50”
diagonal flat-panel plasma display in wide-view mode.
They could and did speak and/or gesture without
constraint. Unbeknownst to the subject, a researcher
observed the subjects’ inputs, and controlled the game
on aloca computer, whose audio and video output was
sent to the subject. This “wizard's’ response time
averaged less than 0.5 seconds. Since Myst 111 (and its
predecessors) assumes the user is employing a mouse, it

Figure2: Example of experimental setup, utterance, gesture, and humanoid reproducing the subject’s motions



is designed to minimize actual gesturing, allowing only
mouse-selection.  Although occasionally the Wizard
made errors, subjects received no explicitly marked
recognition errors. A research assistant was present in
the room with the subject, and would upon request give
the subject hints about how to play the game, though not
about what to say or how to gesture.

2.2 Equipment

To acquire the gesture data, the six-degree-of-freedom
Flock of Bird (FOB) magnetic tracking device from
Ascension Technology Corporation [10] was used. We
attached four sensors to the subject; one on the top head,
one on the upper arm to register the position and
orientation of the humerus, one on the lower arm for the
wrist position and lower arm orientation, and finally one
on the top of the hand. The last three sensors are aligned
with each other anytime the subject stretched his or her
arm to the side of the body, keeping the palm of the hand
facing and parallel to the ground (see Figure 3).

Figure 3: Arrangement of trackers on subject's body

The data from the FOB are delivered via serial lines, one
for each sensor. The four data streams can be processed
in real time by a single SGI Octane machine employing
the Virtual Reality Peripheral Network (VRPN) package
[11], which provides time-stamps of the data and
distributes it to customer processes. Because the FOB
devices uses a magnetic field that is affected by metallic
objects, and the laboratory is constructed of steel-
reinforced concrete, the data from the sensors is often
distorted. As a result, the data is processed with a
median filter to partidly eliminate noise. A digital
“humanoid” plays back the sensor data, providing both a
check on accuracy and distortion.

3. DataAnalysis

The subject’s body motions were captured by the FOB,
while the video recorded the subject’s view, and voca
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interaction (see Figure 2).  The speech and gesture on
the video were transcribed, an example of which
follows:

TRANSCRIPT FROM GAME

Bold = speech

# = location of gesture when not overlapping speech

(...) = hesitation/pause

XXX = undecipherable

[ ] = speech-gestural stroke overlapped event

Indications such as “08-01-42-25/44-11" = VCR time-code

08-01-42-25/44-11:# go acrossthe bridge
[hand held palm open to point toward the bridge then hand
used as cursor along bridge]

08-01-47-00:
no gesture

keep going

08-01-50-03/57-27:[grab] this thing (...) just [grab it] and
pull it down and see what happen #

reach for rim of telescope with hand, [close fist and pull hand
from up to down], [one more time], [one more time]

08-01-59-29/07-04:# can | pull thisthing ? (...) ah ahaa#
reach for rim of telescope, [close fist, pull hand from left to
right circularly], [one more time]

08-02-10-00/15-16:0k [look at] look at this purple and seeif
thereisanything to see
[move hand toward the purple ball asto push at it]

08-02-15-16/18-28:# no (...) [back]

move hand toward lens of telescope, [close fist to grab at rim
of telescope and pull hand back toward the body], [move open
hand again back toward the body]

08-02-19-04/26-25:0k # [turn it] again #

reach for rim of telescope, [close fist and pull hand from left to
right circularly as to rotate rim of telescope], [one more time],
[one more time]

The transcript includes both speech to the system, as
well as self-talk, but not requests for hints asked of the
research assistant.

3.1 Coding

The following categories were coded: For events that
required explicit interaction with the system beyond
causing the scene to rotate around, subjects were coded
as using gesture-only, speech-only, or multimodal
interaction. Numerous subcategories were coded, but
this paper only reports on the subset of gesture and
multimodal interaction for which the user employed
gesture “manipulatively,” when interacting with an



object. Interrater reliability for second-scoring of 18%
of the multimodal data was 98%.

- Speech manipulative + gesture NOT manipulative:
like above but the gesture does not match the way
the object functions.

Use of Modalities
120
100
- 100 - 92 —
g %) — 83
=T 63 63 62
Lo 60 4650
© =
= % 40 - 31 5 35
S o 0
- = 1
& = 20 1 - 7 6 5 6 98 8 11 3
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Subject
@ Speech-only m Gesture-only O Multimodal

Figure4: Subjects use of modalities

For ONLY GESTURE:
- Consistent manipulative gesture: gesture used with
the objective of changing the state of an object in
the game --- eg., turning a wheel or pressing a
button.  Such gestures are consistent if the
movement matches the way the object operates.

- Manipulative gesture, NOT consistent: see above
but the movement does not match the way the
operate operates.

For ONLY SPEECH:

- Seech manipulative: involving any change of
state of an object in the scene --- e.g., standing in
front of the wheel and saying "turn the wheel", or
"press the button” when in the elevator.

For SPEECH AND GESTURE TOGETHER
- Speech manipulative + consistent manipulative
gesture: eg. saying "turn the whed" AND

mimicking the gesture of turning awheel.
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4. Reaults

Of the 3956 “interactive events,” we totaled the use of
gesture-only, speech-only, or multimodal interaction
(see Figure 4). Subjects were classified as “habitual
users’ of a mode of communication if they employed
that mode during at least 60% of the available times. As
can be seen, 90% of the subjects were habitual users of
speech (including multimodal interaction), and 60% of
the subjects were habitua users of multimodal
interaction.

Subjects were classified as “habitual users’ of the
consistent manipulation of objects strategy if they
gesturally manipulated the object at least 10 times in a
given communication mode (using gesture-only or
multimodally) and 60% of those times, their body
motion was consistent with the affordances of that object
(i.e., the ways humans would normally employ it).
Figure 5 provides Myst 111 images that show some of
those objects, whose affordances the reader can readily
determine.



We examined the two cases separately: use of gesture-
only and use of gesture within a multimodal event. Six
subjects used gesture within their multimodal interaction
manipulatively, rather than deictically, in order to
change the state of an object. Of those six, five gestured
in a fashion consistent with the object’s affordances,
indicating that subjects using multimodal interaction
manipulated digital “artifacts’ according to the actions
afforded by their design (Wilcoxon, p<0.03, Z= -1.89,
one-tailed). The one subject who did not do so used a
speak-and-point strategy (“turn the wheel” <point>).

As for gesture alone, four subjects changed the state of
an object with manipulative gesture used in a fashion
consistent with the object affordances, whereas no
subjects using manipulative gestures inconsistent with
the object’ s affordances (Wilcoxon, p=0.023, Z= -2.000
one-tailed).

Figure = Other objectsthat can be manipulated
in Myst 111

4.1 Results from Questionnaire

The subjects filled out a post-test questionnaire (See
Appendix) indicating, on scales of 1(very low) -10 (very
high), their:

Experience with adventure games (X=2.3, S =1.8)
Immersive experience (X=42,S =25)
Involvement in the game (X=4.1,S =2.6)
Ranking of the interface (X=6.1,S =17)
System response latency (X=5.3,S =26)

g wDdhE

In other words, the game itself was not particularly
exciting, and subjects were only moderately involved in
it. However, the speech/gesture interface received better
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than middling ratings, while the latency inherent in a
Wizard-of-Oz did not make the interaction annoyingly
slow.

4.2 Comments from subjects

Subjects were asked, “Do you think there was a
‘preferred’ channel between speech or gesture for the
interaction? Or did you feel both channels were equally
effective? Please explain”. In response, we received the
following comments, which often did not match the
subjects performance:

- “| feel that speech was easier for commands, since it is
more economical in energy than gesture, and more
precise. | grew tired of trying to motion precisely
with my arms, and the time it took to turn. | would
prefer to use speech over gesture, at least with the
way gesture seemed to be implemented here.” Used
speech-only 49%, gesture-only 45% of the time.

- "l am confident that anything | was doing, | could do
with either channel. Speech seemed more natural for
some situations, and gestures for others, though." A
habitual user of speech-only interaction, using
gesture 20% of the time, speech-only 74%.

- "Preferred (channel) seemed to be speech. The
movement felt like | was doing exercises." A
habitual user of speech (100%).

- "l found voice commands worked better for me than
the hand gestures." A habitual user of multimodal
interaction (62%), with no gesture-only interaction.

- "I think the preferred channel is a gesture, with speech
used to make clarifications." A habitual user of
multimodal interaction (83%).

- "In the first few minutes, | realized that gesturing
worked best for me. | aways talk to my computer or
my car while operating them, so that was more
unconscious....l find it very involving to talk to the
game...". A habitual user of multimodal interaction
(75%).

- "l was under the distinct impression that gesture did
nothing and the system was a speech-recognition
one’. A habitual user of multimodal interaction
(69%).

- "l liked hands but used speech when confusing”. A
habitual user of multimodal interaction (63%).



5. Discussion

Results show that if given the opportunity, most subjects
(60%) would use multimodal interaction more than 60%
of the time for interacting with the game; an additional
30% would use speech-only interaction 60% of the time
or more, but only 10% would even use gesture half the
time. Overal, subjects were found to employ gesture
aone 14% of the time, speech aone 41% of the time,
and used speech and gesture for 45% of their
interactions. These latter results are somewhat skewed
by subjects who employed only speech, since in order to
navigate in the scene, they issued many more navigation
commands (e.g., “go left”) than would be necessary if
multimodal interaction were employed.

Subjects’  opinions about which modalities were
important were often belied by their actions. Some
thought that gesture was the key modality, but used
multimodal interaction habitually, while others thought
speech was the essential modality, but aso used
multimodal interaction frequently. 1t would appear that
having both available would suit just about al the
subjects.

When given the opportunity to use whatever gestures
they wanted, most subjects who attempted to manipulate
an artifact generally did so according to the affordances
of those objects — subjects turned wheels, pulled down
knife switches, pushed in doorbells, etc. Thus, a future
virtual environment control program that detects that a
manufactured object is in the scene should be able to
predict how a person’s arm would be shaped and would
move in order to manipulate that object properly. The
gesture recognizer could then adapt to the scene itself,
giving such gestures higher weight.

As novices to these kinds of games, the subjects found
Myst |11 to be a modestly immersive experience with a
moderate degree of involvement. Unlike true 3D
games, there is no avatar in the scene that represents the
user, and thus one would expect a lesser degree of
immersion than a full 3D virtual reality environment.
Also, given that the subjects were not supplied with
explicit objectives in playing the game, it is not
surprising that their degree of involvement with the
game was moderate. A number of subjects very much
liked the speech-gesture interface, while most gave it
mixed reviews.

Finaly, two female subjects who stood close to the
screen experienced some degree of nausea or instability.
Virtual environment illness is usually associated with 3D
head-mounted displays or wrap-around environments
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[12]. Various factors affect VE illness, but it is not
known precisely which are the most important. Factors
that have been identified as possible contributors, and
which may have been at work here include: subject
gender (females are more prone), angle of view,
distortion, response latency, refresh rate, and phosphor

lag [13].
6. Related work

Most of the existing research on gestures has been
performed by cognitive scientists who are interested in
how people gesture, and the reasons why people gesture
([24-17]). Various taxonomies of gesture have been
offered (e.g, McNeill’s description of iconic, deictic,
emblematic, and beat gestures [14], which usefully
inform scientists who build gesture-based systems and
avatars [18, 19]. Specific claims can aso be useful to
technologists.  McNeill [14] argues that speech and
gesture derive from an internal  knowledge
representation (termed a “catchment”) that encodes both
semantic and visual information. Our results tend to
confirm this claim, in that the visual representation
depicts the object’s affordances, which then determines
the manipulative gesture. The present corpus could also
be used to confirm Kendon's [17] claim that the stroke
phase of gestures tends to co-occur with phonologically
prominent words.

Quek et al. [20] have provided a case-study of cross-
modal cues for discourse segmentation during natura
conversation by observing a subject describing her
living space to an interlocutor. A comparative anaysis
of both video and audio data was performed to extract
the segmentation cues while expert transcribed the
gestures. Then both the gestural and spoken data was
correlated for 32 seconds of video. A strong correlation
between handedness and high-level semantic content of
the discourse was found, and baseline data on the kinds
of gestures used was provided.

Whereas this style of observational research is needed as
a foundation, it needs to be combined with quantitative
observational and experimental work in order to be
useful to building computer systems. Wilson et al. [19]
employed the McNeill theory to motivate their research
to distinguish bi-phasic gestures (e.g, beats) from more
meaningful tri-phasic gestures that have preparatory,
stroke, and retraction phases.

Early work by Hauptmann [21] employed a Wizard of
Oz paradigm and investigated the use of multimodal
interaction for simple 3D tasks. It was found that people



prefer to use combined speech and gesture interaction
over either modality alone, and given the opportunity to
do so in afactorially designed experiment, chose to use
both 70% of the time (vs. 13% gesture only, and 16%
speech only). Their factorial study has the advantage
that al subjects were exposed to al ways of
communicating, whereas our more ecologicaly realistic
study alowed users to develop their own ways of
interacting. On the other hand, it aso allowed users to
become functionally fixed into their first successful way
of operating.

Perhaps the most relevant work to ours is that of Sowa
and Wachsmuth [22] who employed a WOZ paradigm to
collect subjects gestures as they attempt to describe a
limited set of objects to a listener within a virtual
construction domain. It was found that subjects’ hand
shapes corresponded to features of the objects
themselves. Based on this data, a prototype system was
built that decomposes each gesture into spatia
primitives and identifies their interrelationships. The
object recognition engine then employs a graph-
matching technique to compare the structure of the
objects and that of the gesture.

This latter work differs from the results presented herein
that the game we studied included the task of
manipulating the object rather than describing it. Thus,
we find people attempt to manipulate artifacts in the
ways they were built to be manipulated, whereas Sowa
and Wachsmuth found people used their hands in
describing objects to indicate their shape. Clearly, the
subjects’ goals and intentions make a difference to the
kinds of gestures they use, whether in a multimodal or
unimodal context.

7. Futurework

The next steps in this research are to analyze the syntax
and semantics of the utterances in conjunction with the
form and meaning of the gesture. To date, we have
employed unification as the primary information fusion
operation for multimoda integration [5, 23]. We
hypothesize that by using a feature-structured action
representation that offers a “manner” attribute [24],
whose value can itself be an action, and by representing
the meanings of gestures as such actions, unification can
again serve as the mechanism for information fusion
across modalities. The analyses of utterance and gesture
will be used to test this hypothesis. Given the
identification of the same kind of gesture by the subjects
to manipulate the same object, a gesture recognizer can
then be trained [25] and used in a multimoda
architecture. We aso will investigate to what extent
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mutual disambiguation of modalities [6] can be used to
overcome recognition errors in a complete multimodal
virtual environment system [26].

8. Conclusions

This paper has provided initial empirical results based
on a Wizard of Oz paradigm that indicate people will
prefer to use multimoda interaction in virtua
environments than speech or gesture aone.
Furthermore, when they attempt to manipulate virtual
representations of artifacts, they do so according to the
objects affordances — the ways the objects were
designed to be manipulated. We therefore conclude
that virtual environment systems should be capable of
multimodal interaction that would employ subjects
natural gestures, and that such systems should in fact
employ information about the objects currently in the
user's view to predict the kinds of gestures that will
ensue. In the future, information about the users gaze
could be employed to restrict still further the kinds of
gestures that might be employed.
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11. Appendix: Questionnaire MY ST |1l - EXILE

PRE-SESSION:
1) Haveyou ever played MY ST Il1: Exile - the sequel to the MY ST and RIVEN series ?
2) Haveyou ever played adventure or puzzle-like games?

3) How would you rank your experience in playing the game on a scale from 1 to 10 (1 = not experience at all -
10 = very experienced player)

4) Would you say that your current state of fitnessis: asusual, you are sick, or both ? Please explain.
POST-SESSION:

5) Didyou like the game ? Please explain.

6) Would you like to play again ? Please explain.

7) What did you find difficult when playing ? Please explain.

8) How did you feel physically during the game ? If you did not feel well, please report your symptoms.

9) If you did not feel well, would you say you had

nausea,
vomiting,

eyestrain,

disorientation,

ataxia, (akind of inability to coordinate voluntary muscular movements)
vertigo

disturbed locomotion,change in postural control,

perceptual-motor disturbances,

past pointing,

flashbacks,

drowsiness,

fatigue,

lowered arousal or mood

pallor

cold swesating

increased salivation

headache

flushing

dizziness

other (describe)

SO SQETOSITAT I SIQOQA0 T

10) How would you rank the immersive effect of the game on a scale from 1 to 10 (1 = not immersive at all — 10 =
amazingly immersive) ?
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11) How would you rank your involvement in playing the game on a scale from 1 to 10 (1 = | played because | was
requested to — 10 = | fully wanted to get to the end of the game) ?

12) How would you rank the interface on a scale from 1 to 10 (1 = extremely bad, it never did what | wanted to — 10
= amazingly good) ?

13) How would you rank the latency response of the interface on a scale from 1 to 10 (1 = when | entered a
command the interface reacted too slowly — 10 = | did not even redize there was a latency between my
commands and the response of the interface)

14) Would you have preferred to play using a mouse/joystick/trackball/keyboard instead the way you played ? Please
explain.

15) Did you consciously decide when to use speech or gesture for playing ? Please explain.

16) Did you have some hints concerning if and how to use gesture or speech or did you just do what it come naturally
to you ? Please explain.

17) Do you think there was a“ preferred” channel between speech or gesture for the interaction ? Or did you feel both
channels were equally effective ? Please explain.

18) Were the sensors attached to your body cumbersome ? Did you feel restricted in your movements? Please
explain.

19) Do you have any suggestiong/criticism concerning the experiment ?
20)
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Abstract

Multimodal approaches are proposed for
segmenting multiple speakers using geo-
metric or statistical techniques. When
multiple microphones and cameras are
available, 3-D audiovisual tracking is
used for source segmentation and ar-
ray processing. With just a single cam-
era and microphone, an information the-
oretic criteria separates speakers in a
video sequence and associates relevant
portions of the audio signal. Results are
shown for each approach, and their inte-
gration discussed as future work.

1 Introduction

Conversational dialog systems have become prac-
tically useful in many application domains, includ-
ing travel reservations, traffic information, and
database access. However most existing conver-
sational speech systems require tethered interac-
tion, and work primarily for a single user. Users
must wear an attached microphone or speak into a
telephone handset, and do so one at a time. This
limits the range of use of dialog systems, since
in many applications users might expect to freely
approach and interact with a device. Worse, they
may wish to arrive as a group, and talk among
themselves while interacting with the system. To
date it has been difficult for speech recognition
systems to handle such conditions, and correctly
recognize the utterances intended for the device.

Given only a single sensing modality, and per-
haps only a single sensor, disambiguating the au-
dio from multiple speakers can be a challenge. But
with multiple modalities, and possibly multiple
sets of sensors, segmentation can become feasible.
In this paper we present two methods for audio-
visual segmentation of multiple speakers, based
on geometric and statistical source separation ap-
proaches.
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We have explored two configurations which are
of practical interest. The first is based on a “smart
environment” or “smart room” enabled with mul-
tiple stereo cameras and a ceiling mounted large-
aperture microphone array grid. In this configura-
tion users can move arbitrarily through the room
or environment while focused audiovisual streams
are generated from their appearance and utter-
ance. In the second configuration we presume a
single omnidirectional microphone and single cam-
era is available. This is akin to what one might
find on a PDA or cellphone, or low-cost PC video-
conferencing installation.

In a multi-sensor environment we use a geo-
metric approach, and use multi-view image corre-
spondence and tracking methods combined with
acoustic beamforming techniques. A multimodal
approach can track sources even in acoustically
reverberant environments with dynamic illumina-
tion, conditions that are tough for audio or video
processing alone.

When only a single multimodal sensor pair (au-
dio and video) is available we use a statistical ap-
proach, jointly modelling audio and video varia-
tion to identify cross-modal correspondences. We
show how this approach can detect which user is
speaking when several are facing a device. This
allows the segregation of users’ utterances from
each other’s speech, and from background noise
events.

We first review related work, and then present
our method for geometric source separation
and vision-guided microphone array processing.
We then describe our single camera/microphone
method for audiovisual correspondence using joint
statistical processing. We show results with each
of these techniques, and describe how the two ap-
proaches may be integrated in future work.

2 Related Work

Humans routinely perform tasks in which ambigu-
ous auditory and visual data are combined in or-
der to support accurate perception. In contrast,



automated approaches for statistical processing of
multi-modal data sources lag far behind. This is
primarily due to the fact that few methods ade-
quately model the complexity of the audio/visual
relationship. Classical approaches to multi-modal
fusion at a signal processing level often either as-
sume a statistical relationship which is too simple
(e.g. jointly Gaussian) or defer fusion to the de-
cision level when many of the joint (and useful)
properties have been lost. While such pragmatic
choices may lead to simple statistical measures,
they do so at the cost of modelling capacity.

An information theoretic approach motivates
fusion at the measurement level without regard
to specific parametric densities. The idea of us-
ing information-theoretic principles in an adaptive
framework is not new (e.g. see [8] for an overview)
with many approaches suggested over the last 30
years. A critical distinction in most information
theoretic approaches lies in how densities are mod-
elled (either explicitly or implicitly), how entropy
(and by extension mutual information) is approx-
imated or estimated, and the types of mappings
which are used (e.g. linear vs. nonlinear). Ap-
proaches which use a Gaussian assumption include
Plumbley [19, 18] and Becker[1]. Additionally, [1]
applies the method to fusion of artificially gener-
ated random dot stereograms.

There has been substantial progress on feature-
level integration of speech and vision. For ex-
ample, Meier et al [17], Stork [25] and others
have built visual speech reading systems that can
improve speech recognition results dramatically.
Our system, described below, is designed to be
able to detect and disambiguate cases where au-
dio and video signals are coming from different
sources. Other audio/visual work which is closely
related to ours is that of Hershey and Movellan
[13] which examined the per-pixel correlation rela-
tive to an audio track, detecting which pixels have
related variation. Again, an inherent assumption
of this method was that the joint statistics were
Gaussian. Slaney and Covell [21] looked at op-
timizing temporal alignment between audio and
video tracks using canonical correlations (equiva-
lent to mutual information in the jointly Gaussian
case), but did not address the problem of detecting
whether two signals came from the same person.

Several authors have explored geometric ap-
proaches to audiovisual segmentation using array
processing techniques. Microphone arrays are a
special case of the more general problem of sen-
sor arrays, which have been studied extensively in
the context of applications such as radar and sonar
[22]. The Huge Microphone Array project[20] is
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investigating the use of very large arrays contain-
ing hundreds of microphones. Their work concen-
trates on audio-only solutions to array processing.
Another related project is Wang and Brandstein’s
audio-guided active camera[24], which uses audio
localization to steer a camera on a pan/tilt base.

A number of projects [2, 3, 4] have used vision
to steer a microphone array, but because they use
a single camera to steer a far-field array, they can-
not obtain or make use of full 3-D position infor-
mation; they can only select sound coming from a
certain direction.

We are exploring both a geometric and statisti-
cal approach to audiovisual segmentation. In the
next section we describe our geometric approach,
based on microphone and camera arrays. Follow-
ing that we present our statistical approach, using
an information theoretic measure to relate single
channel audio and video signals.

3 Multi-modal multi-sensor
domain

The association between sound and location
makes a microphone array a powerful tool for au-
diovisual segmentation. In combination with ad-
ditional sensors and contextual information from
the environment, a microphone array can effec-
tively amplify and separate sounds of interest from
complex background noise.

To focus a microphone array, the location of the
speaker(s) of interest must be known. A number
of techniques exist for localizing sound sources us-
ing only acoustic cues [23], but the performance of
these localization techniques tends to degrade sig-
nificantly in the presence of reverberation and/or
multiple sound sources. Unfortunately, most com-
mon office and meeting room environments are
highly reverberant, with reflective wall and ta-
ble surfaces, and will normally contain multiple
speakers.

However, in a multimodal setting we can take
advantage of other sensors in the environment to
perform localization of multiple speakers despite
reverberation. We use a set of cameras to track
the position of speakers in the environment, and
report the relative geometry of speakers, cameras,
and microphones.

The vision modality is not effected by acous-
tic reverberation, but its accuracy will depend on
the the calibration and segmentation procedures.
In practice we use video information to restrict
the range of possible acoustic source locations to
a region small enough to allow for acoustic local-
ization techniques to operate without severe prob-
lems with reverberation and multiple speakers.
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Figure 1: Array power response as a function of po-
sition (two speakers). This plot shows the array out-
put power as the array’s focus is scanned through a
plane centered on one speaker while another speaker
is nearby. The central speaker is easily discernible in
the plot, but the peak corresponding to the weaker
speaker is difficult to distinguish among the sidelobe
peaks. Using vision-based person tracking cues can
disambiguate this case.

3.1 Microphone array processing

overview

Many problems can be addressed through array
processing. The two array processing problems
that are relevant to our system are beamforming
and source localization.

Beamforming is a type of spatial filtering in
which the signals from individual array elements
are filtered and added together to produce an out-
put that amplifies signals coming from selected re-
gions of space and attenuates sounds from other
regions of space. In the simplest form of beam-
forming, delay-and-sum beamforming, each chan-
nel’s filter is a pure delay. The delay for each
channel is chosen such that signals from a chosen
“target location” are aligned in the array output.
Signals from other locations will tend to be com-
bined incoherently.

Source localization is a complementary problem
to beamforming whose goal is to estimate the lo-
cation of a signal source. One way to do this is to
beamform to all candidate locations and to pick
the location that yields the strongest response.
This method works well, but the amount of com-
putation required to do a full search of a room
is prohibitively large. Another method for source
localization consists of estimating relative delays
among channels and using these delays to calcu-
late the location of the source. Delay-estimation
techniques are computationally efficient but tend
to perform poorly in the presence of multiple
sources and/or reverberation.

For microphone arrays that are small in size
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compared to the distance to the sources of inter-
est, incoming wavefronts are approximately pla-
nar. Because of this, only source direction can be
determined; source distance remains ambiguous.
When the array is large compared to the source
distance, the sphericity of the incoming wavefronts
is detectable, and both direction and distance can
be determined. These effects of array size ap-
ply both to localization and to beamforming, so if
sources at different distances in the same direction
must be separated, a large array must be used. As
a result, with large arrays the signal-to-noise ra-
tio (for a given source) at different sensors will
vary with source location. Because of this, sig-
nals with better signal-to-noise ratios should be
weighted more heavily in the output of the ar-
ray. Our formulation of the steering algorithm
presented below takes this into account.

3.2 Person tracking overview

Tracking people in known environments has re-
cently become an active area of research in com-
puter vision. Several person-tracking systems
have been developed to detect the number of
people present as well as their 3D position over
time. These systems use a combination of fore-
ground /background classification, clustering of
novel points, and trajectory estimation over time
in one or more camera views [7, 15].

Color-based approaches to background mod-
elling have difficulty with illumination variation
due to changing lighting and/or video projection.
To overcome this problem, several researchers
have supported the use of background models
based on stereo range data [7, 14]. Unfortunately,
most of these systems are based on computation-
ally intense, exhaustive stereo disparity search.

We have developed a system that can perform
dense, fast range-based tracking with modest com-
putational complexity. We apply ordered dispar-
ity search techniques to prune most of the dis-
parity search computation during foreground de-
tection and disparity estimation, yielding a fast,
illumination-insensitive 3D tracking system. De-
tails of our system are presented in [6]. Our sys-
tem reports the 3-D position of people moving
about an environment equipped with an array of
stereo cameras.

3.3 Vision-guided acoustic volume

selection

We perform both audio localization and beam-
forming with a large, ceiling-mounted microphone
array. Localization uses information from both
audio and video, while beamforming uses only the
audio data and the results of the localization pro-
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Figure 2: The test environment. On the left is a schematic view of the environment with stereo cameras
represented by black triangles and microphones represented by empty circles. On the right is a photograph of
the environment with microphones and camera locations highlighted.

cessing. A large array gives the ability to select
a volume of 3-D space, rather than simply form a
2-D beam of enhanced response as anticipated by
the standard array localization algorithms. How-
ever, the usual assumption that of constant target
signal-to-noise ratio (SNR) across the array does
not hold when the array geometry is large (array
width on same scale as target distance.)

Our system uses the location estimate from the
vision tracker as the initial guess from which to
begin a gradient ascent search for a local maxi-
mum in beam output power. Beam power is de-
fined as the integral over a half-second window of
the square of the output amplitude. The vision
tracker is accurate to within less than one meter.
Gradient ascent to the nearest local maximum can
therefore be expected to converge to the location
of the speaker of interest when no other speakers
are very close by.

For small microphone arrays, the relative SNRs
of the individual channels do not vary significantly
as a function of source location. This is, however,
not true for larger microphone arrays. For our
array, which is roughly 4 meters across, we must
take into account the fact that some elements will
have better signals than others. Specifically, if we
assume that we have signals x1 and xo which are
versions of the unit-variance desired signal, s, that
have been contaminated by unit-variance uncorre-
lated noise, we can analyze the problem as follows:

r1 = a1+ ny

To = @28 + N2
In this model, the signal to noise ratios of z; and
x9 will be a? and a3, respectively. Their optimal
linear combination will be of the form y = bx1+x-.
Because of the uncorrelated noise assumption, the

SNR of this combination will be

(bay + az)?

SNRW) = =53
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By taking the derivative of this expression with
respect to b and setting the result equal to zero,
one finds that the optimal value of b is:

ay

o an o SNR(QL‘Q)

Because of the symmetry of the signals, this re-
sult implies that, in general, individual elements’
signals should be scaled by a constant propor-
tional to the square root of their SNRs.

Ideally, we would like to have complete knowl-
edge of the strengths and statistical relationships
among the noise signals at the individual sensors.
This information is not easy to obtain, but be-
cause of our large array and multiple stereo cam-
eras, it is easy for us to use our location estimate
to weight individual channels assuming a 1/r at-
tenuation due to the spherical spreading of the
source. Assuming 1/r attenuation from a source
to each microphone, we have a,, = 1/r, in the
above equations, so the optimal weighting factor
for channel n is 1/r,,. This is intuitively appeal-
ing since it means that microphones far from the
source contribute relatively little to the array out-
put.

4 Results

Our test environment, depicted in Figure 2, is a
conference room equipped with 32 omnidirectional
microphones spread across the ceiling and 2 stereo
cameras on adjacent walls.

The audio and video subsystems were calibrated
independently, and for our experiments, we per-
formed a joint calibration by finding the least-
squares best-fit alignment between the two coor-
dinate systems.

Figure 1 is an example of what happens when
multiple speakers are present in the room. Audio-
only gradient ascent could easily find one of the
undesirable local maxima. Because our vision-



| [ SNR (dB) |

Distant microphone —6.6
Video only —4.4
Audio only (dominant speaker) 2.0
Audio-Video 2.3

Table 1: Audio-video localization performance.

[ Interferer: | None [ -24 dB [ -12dB [ 0 dB |
Lapel mic. 98 100 98 83
Mic. array 95 94 90 24
Distant mic. 78 73 38 1

Table 2: Sentence Recognition Rates (percent cor-
rect). Each recognition rate was calculated from 36
queries evenly divided between two male speakers.
The close-talking microphone was clipped to the lapel
of the speaker. The microphone array is as described
above. The distant microphone is one array element
from near the center of the room.

based tracker is accurate to within one meter, we
can safely assume that we will find the correct lo-
cal maximum even in the presence of interferers.

To validate our localization and source separa-
tion techniques, we ran an experiment in which
two speakers spoke simultaneously while one of
them moved through the room. We tracked the
moving speaker with the stereo tracker and pro-
cessed the corresponding audio stream using three
different localization techniques. For each, we
used a reference signal collected with a close-
talking microphone to calculate a time-averaged
SNR (Table 1). For performance comparison we
use the signal from a single distant microphone
near the center of the room. This provides no
spatial selectivity, but for our scenario it tends to
receive the desired speech more strongly than the
interfering speech. The SNR for the single micro-
phone case is negative because of a combination
of the interfering speaker and diffuse noise from
the room’s ventilation system.

To evaluate the microphone array’s effects on
recognition rates for automated speech recogni-
tion (ASR), we connected our system to the
MIT Spoken Language Systems (SLS) Group’s
JUPITER weather information system [26]. We
had two male speakers issue each of nine weather-
related queries from two different locations in the
room. As collected, the data contains quiet but
audible noise from the ventilation system in the
room. To evaluate the results under noisier condi-
tions, additional noise was added to these signals.
The results are shown in Table 2.

The beamformed signal from the microphone
array was in all cases superior to the single dis-
tant microphone. The distant microphone, which
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was approximately 1.5m from the speaker, yielded
recognition rates that were too low to be useful in
our current environment.

Our rough estimates of the signal power to noise
power ratios for both the close-talking microphone
and the distant microphone are about 10 dB. This
suggests that in our scenario with no interferer,
the primary benefit of the microphone array is
that it reduces the proportion of reverberant en-
ergy in the signal.

The 0 and -12 dB interferer significantly de-
graded the performance of the array. We are
currently working on adaptive null-steering algo-
rithms that should improve performance in the
presence of stronger interferers such as this.

These experiments demonstrate that audio-
video localization is superior to video alone in our
environment. We believe our approach improves
upon audio-only localization in cases where there
are multiple simultaneous speakers and the rever-
berant energy is nearly equal or greater than the
direct path energy. The initial position estimate
provided by video localization reduces the amount
of computation required compared to an uncon-
strained audio-only search.

5 Single multi-modal sensor
domain

In the single (multimodal) sensor domain geom-
etry is less useful, and array processing impos-
sible; in this case we instead exploit audiovisual
joint statistics to localize speakers. We adopt the
paradigm of looking at a single camera view, and
seeing what information from a single microphone
can tell us about that view (and vice-versa.)

We propose an independent cause model to cap-
ture the relationship between generated signals in
each individual modality. Using principles from
information theory and nonparametric statistics
we show how an approach for learning maximally
informative joint subspaces can find cross-modal
correspondences. We analyze the graphical model
of multi-modal generation and show under what
conditions related subcomponents of each signal
have high mutual information.

Non-parametric statistical density models can
be used to measure the degree of mutual informa-
tion in complex phenomena [12] which we apply
to audio/visual data. This technique simultane-
ously learns projections of images in the video
sequence and projections of sequences of peri-
odograms taken from the audio sequence. The
projections are computed adaptively such that the
video and audio projections have maximum mu-
tual information (MI).



We first review the basic method for audio-
visual fusion and information theoretic adaptive
methods, see [9] for full details. We present our
probabilistic model for cross-modal signal genera-
tion, and show how audio-visual correspondences
can be found by identifying components with max-
imal mutual information. In an experiment com-
paring the audio and video of every combination
of a group of eight users, our technique was able
to perfectly match the corresponding audio and
video for each user.

Finally, we show a new result on a monocular
speaker segmentation task where we segment the
audio between several speakers seen by the cam-
era. These results are based purely on the instan-
taneous cross-modal mutual information between
the projections of the two signals, and do not rely
on any prior experience or model of user’s speech
or appearance.

5.1 Probabilistic models of audio-visual
fusion

We consider multimodal scenes which can be
modelled probabilistically with one joint audio-
visual source and distinct background interference
sources for each modality. Each observation is a
combination of information from the joint source,
and information from the background interferer
for that channel. In contrast to the array pro-
cessing case, we explicitly model visual appear-
ance variation, not just 3-D geometry. We use a
graphical model (Figure 3) to represent this rela-
tionship. In the diagrams, B represents the joint
source, while A and C' represent single modality
background interference. Our purpose here is to
analyze under which conditions our methodology
should uncover the underlying cause of our obser-
vations.

Figure 3a shows an independent cause model
for our typical case, where {A, B,C} are unob-
served random variables representing the causes
of our (high-dimensional) observations in each
modality {X% X"}. In general there may be
more causes and more measurements, but this
simple case can be used to illustrate our algo-
rithm. An important aspect is that the mea-
surements have dependence on only one common
cause. The joint statistical model consistent with
the graph of figure 3a is P(A4,B,C, X* X") =
P(A)P(B)P(C)P(X*|A,B)P(X"|B,(C).

Given the independent cause model a simple
application of Bayes’ rule (or the equivalent
graphical manipulation) yields the graph of figure
3b which is consistent with P(A, B,C, X%, X")
P(X*)P(CP(A,B|X*)P(X"?|B,C), which
shows that information about X® contained

67

(c)

Figure 3: Graphs illustrating the various statistical
models exploited by the algorithm: (a) the indepen-
dent cause model - X® and X" are independent of
each other conditioned on {A, B,C}, (b) information
about X® contained in X" is conveyed through joint
statistics of A and B, (c) the graph implied by the
existence of a separating function, and (d) two equiv-
alent Markov chains which can be extracted from the
graphs if the separating functions can be found.

in XV is conveyed through the joint statistics
of A and B. The consequence being that, in
general, we cannot disambiguate the influences
that A and B have on the measurements. A
similar graph is obtained by conditioning on
X", Suppose decompositions of the measurement
X and XV exist such that the following joint
densities can be written: P(A,B,C, X% X")

P(A)P(B)P(C)P(X3|A)P(Xp|B)P(Xp|B)P(Xg|C)

where X = [X4,X¢] and XV = [X}, X¢]. An
example for our specific application would be
segmenting the video image (or filtering the audio
signal). In this case we get the graph of Figure 3¢
and from that graph we can extract the Markov
chain which contains elements related only to
B. Figure 3d shows equivalent graphs of the
extracted Markov chain. As a consequence, there
is no influence due to A or C.

Of course, we are still left with the formidable
task of finding a decomposition, but given the de-
composition it can be shown, using the data pro-
cessing inequality [5], that the following inequality



holds:

(X%, XB)
(X%, XB)

I(X3%, B)

<
< I(X3,B)

More importantly, these inequalities hold for func-
tions of X% and X} (e.q. Y* = f(X*h,) and
Y? = f(X%hy)). Consequently, by maximiz-
ing the mutual information between I(Y*;Y") we
must necessarily increase the mutual information
between Y and B and YV and B. The impli-
cation is that fusion in such a manner discovers
the underlying cause of the observations, that is,
the joint density of p(Y*,Y") is strongly related
to B. Furthermore, with an approximation, we
can optimize this criterion without estimating the
separating function directly. In the event that a
perfect decomposition does not exist, it can be
shown that the method will approach a “good”
solution in the Kullback-Leibler sense.

From the perspective of information theory, es-
timating separate projections of the audio video
measurements which have high mutual informa-
tion makes intuitive sense as such features will be
predictive of each other. The advantage is that
the form of those statistics are not subject to the
strong parametric assumptions (e.g. joint Gaus-
sianity) which we wish to avoid.

We can find these projections using a tech-
nique that maximizes the mutual information be-
tween the projections of the two spaces. Following
[10], we use a nonparametric model of joint den-
sity for which an analytic gradient of the mutual
information with respect to projection parame-
ters is available. In principle the method may
be applied to any function of the measurements,
Y = f(X;h), which is differentiable in the pa-
rameters h (e.g. as shown in [10]). We consider a
linear fusion model which results in a significant
computational savings at a minimal cost to the
representational power (largely due the nonpara-
metric density modelling of the output):

k=l ]

where 7 € RV and 2¢ € RV are lexicographic
samples of images and periodograms, respectively,
from an A/V sequence. The linear projection de-
fined by hl € ®RMv*Nv and I € RMa*Nea maps
A/V samples to low dimensional features y; €
RMe and y¢ € R+, Treating z;’s and y;’s as sam-
ples from a random variable our goal is to choose
h, and h, to maximize the mutual information,
I(Y*;Y")), of the derived measurements.
Mutual information indicates the amount of in-
formation that one random variable conveys on
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(c)

Figure 4: Video sequence contains one speaker and
monitor which is flickering: (a) one image from the
sequence, (b) pixel-wise image of standard deviations
taken over the entire sequence, (c) image of the learned
projection, h,, (d) image of h, for incorrect audio

average about another. The usual difficulty of MI
as a criterion for adaptation is that it is an in-
tegral function of probability densities. Further-
more, in general we are not given the densities
themselves, but samples from which they must be
inferred. We use a second-order entropy approx-
imation with a nonparametric density estimator
such that the gradient terms with respect to the
projection coefficients can be computed ezxactly by
evaluating a finite number of functions at a finite
number of sample locations in the output space as
shown in [11, 12].

This method requires that the projection be dif-
ferentiable, which it is in our case. Additionally
some form of capacity control is necessary as the
method results in a system of underdetermined
equations. To address this problem we impose an
L5 penalty on the projection coefficients of h, and
hy [9]. Furthermore, we impose the criterion that
if we consider the projection h, as a filter, it has
low output energy when convolved with images in
the sequence (on average). This constraint is the
same as that proposed by Mahalanobis et al [16]
for designing optimized correlators the difference
being that in their case the projection output was
designed explicitly while in our case it is derived
from the MI optimization in the output space. For
the full details of this method see [10, 9.

5.2 Single microphone and camera
experiments

Our motivating scenario for this application is
a group of users interacting with an anonymous
handheld device or kiosk using spoken commands.
Given a received audio signal, we would like to ver-
ify whether the person speaking the command is



in the field of view of the camera on the device,
and if so to localize which person is speaking.

Simple techniques which check only for the pres-
ence of a face (or moving face) would fail when
two people were looking at their individual devices
and one spoke a command. Since interaction may
be anonymous, we presume no prior model of the
voice or appearance of users are available to per-
form the verification and localization.

We collected audio-video data from eight sub-
jects. In all cases the video data was collected at
29.97 frames per second at a resolution of 360x240.
The audio signal was collected at 48000 KHz, but
only 10Khz of frequency content was used. All
subjects were asked to utter the phrase “How’s
the weather in Taipei?”. This typically yielded 2-
2.5 seconds of data. Video frames were processed
as is, while the audio signal was transformed to a
series of periodograms. The window length of the
periodogram was 2/29.97 seconds (i.e. spanning
the width of two video frames). Upon estimating
projections the mutual information between the
projected audio and video data samples is used as
the measure of consistency. All values for mutual
information are in terms of the maximum possible
value, which is the value obtained (in the limit) if
the two variables are uniformly distributed and
perfectly predict one another. In all cases we as-
sume that there is not significant head movement
on the part of the speaker during the utterance
of the sentence. While this assumption might be
violated in practice one might account for head
movement using a tracking algorithm, in which
case the algorithm as described would process the
images after tracking.

Figure 4a shows a single video frame from one
sequence of data. In the figure there is a sin-
gle speaker and a video monitor. Throughout
the sequence the video monitor exhibits significant
flicker. Figure 4b shows an image of the pixel-wise
standard deviations of the image sequence. As
can be seen, the energy associated with changes
due to monitor flicker is greater than that due to
the speaker. Figure 6a shows the associated pe-
riodogram sequence where the horizontal axis is
time and the vertical axis is frequency (0-10 Khz).
Figure 4c shows the coefficients of the learned pro-
jection when fused with the audio signal. As can
be seen the projection highlights the region about
the speaker’s lips. Figure 5a shows results from
another sequence in which there are two people.
The person on the left was asked to utter the test
phrase, while the person on the right moved their
lips, but did not speak. This sequence is inter-
esting in that a simple face detector would not
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(c) (d)

Figure 5: Video sequence containing one speaker
(person on left) and one person who is randomly mov-
ing their mouth/head (but not speaking): (a) one im-
age from the sequence, (b) pixel-wise image of stan-
dard deviations taken over the entire sequence, (c)
image of the learned projection, h,, (d) image of h,
for incorrect audio.

be sufficient to disambiguate the audio and video
stream. Figure 5b shows the pixel variance as be-
fore. There are significant changes about both
subjects lips. Figure 5c shows the coefficients of
the learned projection when the video is fused
with the audio and again the region about the
correct speaker’s lips is highlighted.

In addition to localizing the audio source in the
image sequence we can also check for consistency
between the audio and video. Such a test is useful
in the case that the person to which a system is
visually attending is not the person who actually
spoke. Having learned a projection which opti-
mizes MI in the output feature space, we can then
estimate the resulting MI and use that estimate to
quantify the audio/video consistency.

Using the sequences of figure 4 and 5 we com-
pared the fusion result when using a separately
recorded audio sequence from another speaker.
The periodogram of the alternate audio sequence
is shown in figure 6b. Figures 4d and 5d show the
resulting h, when the alternate audio sequence is
used. In the case that the alternate audio was
used we see that coefficients related to the video
monitor increase significantly in 6d while energy
is distributed throughout the image of 5d. For fig-
ure 4 the estimate of mutual information was 0.68
relative to the maximum possible value for the
correct audio sequence. In contrast when com-
pared to the periodogram of 6b, the value drops
to 0.08 of maximum. For the sequence of figure 5,
the estimate of mutual information for the correct
sequence was 0.61 relative to maximum, while it
drops to 0.27 when the alternate audio is used.

Data was collected from six additional subjects



Figure 6: Gray scale magnitude of audio perioda-
grams. Frequency increases from bottom to top, while
time is from left to right. (a) audio signal for image se-
quence of figure 4. (b) alternate audio signal recorded
from different subject.

al a2 a3 a4 ab ab a7 a8
vl 0.68 0.19 0.12 0.05 0.19 0.11 0.12 0.05
v2 0.20 0.61 0.10 0.11 0.05 0.05 0.18 0.32
v3 0.05 0.27 0.55 0.05 0.05 0.05 0.05 0.05
v4 0.12 0.24 0.32 0.55 0.22 0.05 0.05 0.10
v5 0.17 0.05 0.05 0.05 0.55 0.05 0.20 0.09
v6 0.20 0.05 0.05 0.13 0.14 0.58 0.05 0.07
vT 0.18 0.15 0.07 0.05 0.05 0.05 0.64 0.26
v8 0.13 0.05 0.10 0.05 0.31 0.16 0.12 0.69

Table 3: Summary of results over eight video se-
quences. The columns indicate which audio sequence
was used while the rows indicate which video sequence
was used. In all cases the correct audio/video pair
have the highest relative MI score.

for this experiment, and each video sequence was
compared to each audio sequence. (No attempt
was made to temporally align the mismatched
audio sequences at a fine scale, but they were
coarsely aligned). Table 3 summarizes the results.
The previous sequences correspond to subjects 1
and 2 in the table. In every case the matching au-
dio/video pairs exhibited the highest mutual in-
formation after estimating the projections.

Finally, we present a new experiment demon-
strating how this method can segregate speech of
users in front of a kiosk. In concert with a face de-
tection module, it is possible to detect which user
is speaking and whether they are facing the cam-
era. The audiovisual mutual information method
is able to match the visual speech motion with
the acoustic signal, and ignore confounding mo-
tions of the other user’s head or other motions in
the scene. Figure 7 shows the result tracking two
users speaking in turns in front of a single cam-
era and microphone, and detecting which is most
likely to be speaking based on the measured au-
diovisual consistency.

6 Future Work

We have shown separately how geometric and
statistical approaches can be used to solve au-
diovisual segmentation tasks and enable unteth-
ered conversational interaction. The geometric
approach used 3-D tracking and array processing,
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and ignored appearance variation. The statistical
approach used a mutual information analysis of
appearance and spectral variation, and ignored 3-
D geometry. While each approach is already valu-
able in the intended domain, it is clear that they
are orthogonal and would benefit from combina-
tion. We are currently exploring an integrated
approach that combines geometric and statistical
insights in a common source separation algorithm.
In addition, we are implementing a 3-D track-
ing algorithm which uses a symmetric approach
to audio and video cues, rather than always using
the video to initialize the audio search as reported
above. We expect these results to be available for
discussion at the June CLASS workshop meeting.
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Abstract

Our objective in developing natura human-
computer interfaces is to adlow for an
adaptive dialogue based on learning new
linguistic knowledge. This paper presents a
didogue system capable of adapting its
language by learning new words, phrases,
sentences, and their semantics from users.
The acquisition of the new linguistic
knowledge at syntactic and semantic levels
is done using multiple modalities, including
speaking, typing, pointing, touching or
showing. The language knowledge is
permanently stored in a rule grammar and a
semantic database. Both can be updated
periodically with newly acquired language.

Keywords. dialogue systems, adaptive dialogue,
language acquisition, language understanding,
multimodal interaction.

Introduction

A goal of current computer interfacesisto allow
for a more natural, intelligent and easy human-
computer interaction. One way of achieving this
objective is by incorporating spoken diaogue
into the interfaces. Increasingly, computers have
integrated audio hardware for recording and
playing sounds. This facilitates implementation
of speech interfaces.

The speech modaity complements and
supplements the standard input-output methods
based on keyboard, mouse and display. Other
input devices, such as pen tablet and CCD
camera, enhance further the interaction between
users and system.

A spoken dialogue system requires the
implementation of speech technologies that
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include automatic speech recognition (ASR),
text-to-speech (TTS), speech understanding and
dialogue management. Dialogue systems based
on unconstrained vocabulary of course offer the
most natural interaction, but they are more
difficult to implement than those based on
constrained vocabulary stored in arule grammar.

A disadvantage of using didogue systems
based on rule grammars is that the developer
cannot pre-program the rule grammar to account
for all language preferences of users. Users find
dialogue systems easier and more natural if they
can change or adapt the alowed vocabulary and
grammar according to their preferences.

To acquire language, computers need to learn
linguistic knowledge at two levels: the surface
level, represented by the syntax of these units;
and the deep level, represented by the meaning
of new linguistic units. In a series of studies of
language acquisition based on connectionist
methods, presented by Gorin (1995), new words
or phrases are acquired at the surface level and
thelr corresponding meanings are determined by
probabilistic associations with pre-programmed
semantic actions.

A study focusing on the acquisition of
linguistic units and their primitive semantics
from raw sensory data was published by Roy
(1999). In that study the system learned new
language by making associations between
speech sounds representing words and their
semantic representation acquired from a video
camera.

Another study, published by Oates (2001),
focused on discovering useful linguistic-
semantic structures from raw sensory data. The
goal was to enable a robot to discover
associations between words and different
semantic representations obtained from a video
camera.



A method of acquiring new linguistic units and
their semantics using multiple input modalities
was introduced by Dusan and Flanagan (2001).

In this paper we present a computer dialogue
system capable of adapting its vocabulary and
grammar by learning new words, phrases,
sentences and their semantic representation. The
learning is accomplished from user input over a
multimodal interface. The dialogue system is
suitable for command and control applicationsin
which the vocabulary of the didogue can be
expanded and personalised by users according to
their preferences.

1 Adaptive Dialogue System

For a spoken dialogue interface, the adaptation
means primarily being able to understand new
words and sentences and this can be
accomplished by learning new linguistic
knowledge. The adaptation of the computer
dialogue system presented in this paper is based
on supervised language learning. We adopted a
constrained-grammar dialogue method because
this is suitable for command-and-control
applications on a computer.

Our adaptive dialogue system is supported by a
computer with amultimodal interface based on a
microphone and speakers for speech, akeyboard
for typing, amouse for pointing, a pen tablet for
drawing and touching, a CCD camera for image
capturing and a display for graphics and text.

The adaptive dialogue system interprets users
utterances according to alowed sentence
structures stored in the rule grammar, and
executes different actions according to
information stored in the semantic database. The
adaptive dialogue system contains a speech
recognition engine and a text-to-speech engine.
The rule grammar and the semantic database are
stored in two different files on a hard disk from
which they are loaded into computer memory.
When the adaptive system detects unknown
words and the user provides the corresponding
semantic representation, the system dynamically
updates the rule grammar and the semantic
database with the new linguistic knowledge. At
the end of the application, the user has the
option to save permanently the updated rule
grammar and  semantic  database in
corresponding files on the hard disk.

Adaptation of the dialogue to include new
vocabulary and grammar takes place in real time
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during user-computer interaction. The learning
method is that of supervised learning in which
the user teaches the computer the semantic
representation of new linguistic units. In
addition to adapting the dialogue by learning
new linguistic units and their semantics, the user
can adapt the system’'s vocabulary by using
synonyms or different names for already known
terms.

2 L anguage K nowledge Representation

As mentioned, systems acquire language
knowledge at two different levels: surface level
and deep level. At the surface level, language is
represented by knowledge of the vocabulary,
syntax and grammar. We store this knowledgein
a rule grammar. At the deep level, language is
represented by knowledge of the meanings of
linguistic units. We store this knowledge in a
semantic database.

21 Rule Grammar

Grammar represents a specification of the
allowed sentence structuresin alanguage. A rule
grammar defines the allowed sentence structures
by a set of production rules. A context-free
grammar (CFG) consists of a single start symbol
and a set of rules.

We specify allowed sentence structures in a
rule grammar, organised as a context-free
grammar in a form of a semantic grammar, De
Mori (1999). In this form the nonterminal
symbols represent semantic classes of concepts,
such as colors, fruits and geometric shapes, and
the terminal symbols represent concept words
such as yellow, apple and rectangle.

The rule grammar can be dynamically updated
by adding new words or phrases in semantic
classes or by adding new production rules. A
linguistic unit integrated into a semantic class
has a corresponding semantic object stored in
the semantic database.

2.2  Semantic Database

Interpretation of utterances for performing
necessary actions is based on semantic
knowledge stored in the semantic database. This
database contains a set of semantic objects that
describe the meaning (or a semantic
representation) for each concept stored in each
class in the rule grammar. This semantic
database can be dynamically updated with new



objects consisting of semantic representations of
new linguistic units.

The semantic objects are created using the
concept of object-oriented programming and
they are instances of classes. The semantic
representation stored in such an object defines
the computer knowledge and interpretation of
the corresponding linguistic unit. For example,
the semantic object corresponding to the word
blue included in the semantic class colors, has
semantic representation defined by the RGB
attributes (0, 0, 255). These attributes represent
all computer knowledge regarding the meaning
of this color. Another example is the semantic
object for the word sguare. In this case the
object contains a pointer to a regular polygon
and an attribute equal to 4 representing the
number of sides. All characteristics of aregular
polygon are thus inherited by the sguare
semantic object.

The semantic representation necessary to build
these objects is either pre-programmed or
acquired from the user through multiple input
modalities.

3

In our system acquisition of language consists of
acquiring new vocabulary and corresponding
semantics using multiple input modalities. A
detailed block diagram of the system is given in
Fig. 1.

The user communicates with the system by
voice and the utterances are converted to text
strings by an automatic speech recognition
(ASR) engine and then analysed by a Language
Understanding module, containing a Parser, a
Command Processor, a Rule Grammar and a
Semantic Database. Initially the ASR uses a
language model derived from the Rule
Grammar. The alowed utterances are converted
to text at ASR output 1. Then they are parsed
and executed by the Command Processor or
forwarded to the Dialog Processor to provide
appropriate answers through synthetic voice.
The Command Processor also displays the
results on the screen. The Dialogue Processor
module includes a Text-To-Speech synthesizer
and a Dialogue History necessary to solve
ambiguities from the context of the dialogue.
When the user's utterances contain unknown
words or phrases, the ASR engine does not
provide any text at its output 1. In this case the

Multimodal Language Acquisition
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Figure 1: Multimodal Language Acquisition

ASR switches the language model to one
derived from the Dictation Grammar. Then these
utterances are converted to text strings at ASR
output 2 and are applied to the New Words
Detector. This module contains a Dictation
Grammar and a Parser. The Dictation Grammar
contains a very large vocabulary of words and
allows the ASR to recognise more unconstrained
utterances. The Parser analyses these utterances
according to al alowed words stored in the
Rule Grammar and detects in these utterances
unknown words or phrases. Upon the detection
of new linguistic units, this module issues a
signal to the Dialogue Processor that asks the
user by synthetic voice to provide a semantic
representation of the new words or phrases.

The user can provide a semantic representation
using multiple modalities. For each new
linguistic unit the semantic representation is
captured by the Multimodal Semantic
Acquisition module that creates a new semantic
object. After the user has provided semantics for
the new words or phrases, the new linguistic
units are stored in the rule grammar and the
corresponding semantic objects are stored in the
semantic database.

Another means to acquire language is by
teaching the computer by typing a whole new
sentence and the corresponding computer action.
The new sentence is stored in the rule grammar
and the computer action must be based on a
combination of known actions. For example, one
can type in the new sentence  Doubl e the radius’
and the corresponding computer action ‘{ radius}
{multiplication} {2}, where the word *double



is unknown, but the words ‘the’, ‘radius,
‘multiplication’ and ‘2’ are known.

4 Experiments

To demonstrate and evaluate the method of
adaptive dialogue based on multimodal language
acquisition we developed a simple application
on a persona computer system with multimodal
input-output devices consisting of microphone
and speakers, keyboard, mouse, pen tablet and
stylus, a CCD cameraand a graphic display. The
whole application was written in JAVA. The
rule grammar was specified using Java Speech
Grammar Format (JSGF). We used the
automatic speech recognition and speech
synthesis engines from the IBM Viavoice
commercia package.

The system permits a dialogue between user
and computer to create, move, rotate and delete
graphic objects on the screen. The initial
allowed dialogue was stored in a rule grammar
in a set of 25 production rules and 23
nonterminal  symbols representing classes of
concepts such as, colors, actions, names, display
variables, etc.

The system can easily learn synonyms, new
user names, new colors by pointing the mouse
on a color palette or new graphic objects by
drawing with a stylus on a pen tablet. The new
language knowledge can be built upon already
known knowledge. Fig. 2 shows a graphic
screen for a session in which the user taught the
computer the graphic representations for the
terms. hair, face, left eye, right eye, nose, left
ear, right ear, mouth and head. Each new word
or phrase was spoken and the computer asked
for semantic representations which were
provided by the user by drawing the
corresponding graphics. After al primitive terms
were taught, the user created a composition of
these graphical elements representing a head and
then taught the computer the word head. The
second head in the picture was then created by
the user by just saying ‘Create a head’ and
simultaneously pointing the cursor with the
mouse to the desired location. The nine concepts
were taught in about 8 minutes, but most of this
time was spent in drawing.

Conclusion

We present a computer dialogue system capable
of adaptation and personalization by teaching
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Figure 2: Language acquisition example screen

the computer new linguistic units and their
semantics using multiple input modalities. The
system can expand its vocabulary by adding new
words or phrases in the rule grammar and by
creating and storing into a semantic database
new objects containing the corresponding
semantic representation. An aternative method
of dialogue adaptation is by typing new
sentences and their executable actions. The
dialogue system can also be personalised by
users by providing synonyms or different proper
names to already-known terms.
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prominence, phrasing and emphasis. These cues
Abstract generaly take the form of eyebrow and head

This paper describes activitiesat CTT using
the potential of animated talking agents to
increase the efficiency of communication.
Our mativation for moving into audiovisual
output is to investigate the advantages of
multimodality in human-system
communication. While the mainstream
character animation area has focussed on the
naturalness and realism of the animated
agents, our primary concern has been the

possible increase of intelligibility and
efficiency of interaction, resulting from the
addition of atalking face.

I ntroduction

Spoken dialogue systems, which strive to take
advantage of the effective communication
potential of human conversation, need in some
way to embody the conversational partner. A
talking animated agent provides the user with an
interactive partner whose goal is to take the role
of the optimal human agent. This is the agent
who is ready and eager to supply the user with a
wealth of information, can smoothly navigate
through varying and complex sources of data
and can ultimately assist the user in a decision
making process through the give and take of
conversation. One way to achieve believability
is through the use of a taking head which
transforms information through text into speech,
articulator movements, speech related gestures
and conversational gestures.

The talking head developed at KTH is based
on text-to-speech synthesis. Audio speech
synthesis is generated from a text representation
in synchrony with visual articulator movements
of the lips, tongue and jaw. Linguistic
information in the text is used to generate visua
cues for relevant prosodic categories such as
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movements which we have termed “visua
prosody”. These types of visual cues with the
addition of a smiling or frowning face are also
used as conversational gestures to signal such
things as positive or negative feedback,
turntaking regulation, and the system’s internal
state. In addition, the head can visually signal
attitudes and emotions.

In the context of this paper, the talking head is
primarily discussed in terms of applications in
spoken dialogue systems which enable the user
to access information and reach a decision
through a conversational interface. Other useful
applications include aids for the hearing
impaired, educational software, stimuli for
audiovisual human perception experiments,
entertainment, and high-quality audio-visual
text-to-speech synthesis for applications such as
news reading. In this paper we will focus on two
aspects of effective interaction: presentation of
information and the flow of interactive dialogue.

Effectiveness in the presentation of
information is crucial to the success of an
interactive system. Information must be
presented rapidly, succinctly and with high
intelligibility. The use of the talking head aims
a improving the intelligibility of speech
synthesis through visual articulation and by
providing the system with a visible location of
the speech source to maintain the attention of the
user. Important information is highlighted by
prosodic enhancement and by the use of the
agent’s gaze and visua prosody to create and
maintain a common focus of attention.

The second issue of effective interaction
focusses on facilitating the interactive nature of
dialogue. In this area, the use of the talking head
aims at increasing effectiveness by building on
the user’ s social skillsto improve the flow of the
dialogue and engage the user interactively.



Visual cues to feedback, turntaking and
signalling the system’s interna state (the
thinking metaphor) are key aspects of effective
interaction.

This paper presents a brief overview and
technical description of the KTH talking head
explaining what the head can do and how.
Examples of experimental applications in which
the head is used are then described, and finally,
the two issues of intdligibility and
communication interaction are discussed and
exemplified by results from applications and
perceptual evaluation experiments.

1 Technical description of the talking head

Animated synthetic talking faces and characters
have been devel oped using a number of different
techniques and for a variety of purposes during
the past two decades. Our approach is based on
parameterised, deformable 3D facial models,
controlled by rules within a text-to-speech
framework (Carlson & Granstrém, 1997) The
rules generate the parameter tracks for the face
from a representation of the text, taking
coarticulation into account (Beskow, 1995). We
employ ageneralised parameterisation technique
to adapt a static 3D-wireframe of a face for
visual speech animation (Beskow, 1997). Based
on concepts first introduced by Parke (1982), we
define a set of parameters that will deform the
wireframe by applying weighted transformations
to its vertices. One critical difference from
Parke's system, however, is that we have de-
coupled the model definitions from the
animation engine, thereby greatly increasing
flexibility.

The models are made up of polygon surfaces
that are rendered in 3D using standard computer
graphics techniques. The surfaces can be
articulated and deformed under the control of a
number of parameters. The parameters are
designed to alow for intuitive interactive or
rule-based control. For the purposes of
animation, parameters can be roughly divided
into two (overlapping) categories: those
controlling speech articulation and those used
for non-articulatory cues and emotions. The
articulatory parameters include jaw rotation, lip
rounding, bilabial occlusion, labiodental
occlusion and tongue tip elevation. The non-
articulatory category includes eyebrow raising,
eyebrow shape, smile, gaze direction and head
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orientation.  Furthermore, some of the
articulatory parameters such as jaw rotation can
be useful in signalling non-verbal elements such
as certain emotions. The display can be chosen
to show only the surfaces or the polygons for the
different components of the face. The surfaces
can be made (semi)transparent to display the
internal parts of the model. The model presently
contains a relatively crude tongue model
primarily intended to provide realism as seen
from the outside, through the mouth opening. A
full 3D model of the internal speech organs is
presently being developed for integration in the
talking head (Engwall, 2001). This capability of
the model is especially useful in explaining non-
visible articulations in the language learning
situation (Cole et al., 1999) In Figure 1 some of
the display options are illustrated.

Figure 1. Different display possibilities for the
talking head model. Different parts of the model
can be displayed as polygons or smooth
(semi)transparent  surfaces to emphasise
different parts of the model.

For stimuli preparation and explorative
investigations, we have developed a control
interface that allows fine-grained control over
the trajectories for acoustic as well as visual
parameters. The interface is implemented as an
extension to the WaveSurfer application
(www.speech.kth.se/wavesurfer + Sjdlander &
Beskow, 2000) which is a tool for recording,
playing, editing, viewing, printing, and labelling
audio data.

The interface makes it possible to start with an
utterance synthesised from text, with the
articulatory parameters generated by rule, and




then interactively edit the parameter tracks for
FO, visual (non-articulatory) parameters as well
as the durations of individual segments in the
utterance to produce specific cues. An example
of the user interface is shown in Figure 2. In the
top box a text can be entered in Swedish or
English. This creates a phonetic transcription
that can then be edited. On pushing
“Synthesize”, rule generated parameters will be
created and displayed in different panes below.
The selection of parameters is user controlled.
The lower section contains segmentation and the
acoustic waveform. A talking face is displayed
in a separate window. The acoustic synthesis can
be exchanged for a natural utterance and
synchronised to the face synthesis. Thisis useful
for different experiments on multimodal
integration and has been wused in the
Synface/Teleface project (see below). In
language learning applications it could be used
to add to the naturalness of the tutor’s voice in
cases when the acoustic synthesisisjudged to be
inappropriate.
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Figure 2. The Speech Surfer user interface for
parametric manipulation of the multimodal
synthesis.

The parametric manipulation tool is used to
experiment with and define different gestures. A
gesture library is under construction, containing
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procedures with general emotion settings and
non-speech specific gestures as well as some
procedures with linguistic cues. We are  at
present developing an XML-based
representation of visual cues that facilitates
description of the visual cues at a higher level.

2 Experimental applications

During the past decade a number of
experimental applications using the talking head
have been developed at KTH. Four examples
which will be discussed here are the Waxholm
demonstator system designed to provide tourist
information on the Stockholm archipelago, the
Synface project which isavisua hearing aid, the
August project which was a dialogue system in
public use, and the Adapt multimodal rea-estate
agent.

2.1 Thewaxholm demonstator

The first KTH demonstrator application, which
we named WAXHOLM, gives information on
boat traffic in the Stockholm archipelago. It
references timetables for a fleet of some twenty
boats from the Waxholm company connecting
about two hundred ports (Bertenstam et al.,
1995)

Besides the dialogue management and the

speech recognition and synthesis components,
the system contains modules that handle graphic
information such as pictures, maps, charts, and
timetables. This information can be presented as
aresult of the user-initiated dialogue.
The Waxholm system can be viewed as a micro-
world, consisting of harbours with different
facilities and with boats that you can take
between them. The user gets graphic feedback in
the form of tables complemented by speech
synthesis. In the initial experiments, users were
given a scenario with different numbers of
subtasks to solve. A problem with this approach
is that the users tend to use the same vocabulary
as the text in the given scenario. We also
observed that the user often did not get enough
feedback to be able to decide if the system had
the same interpretation of the dialogue as the
user.

To dea with these problems a graphical
representation that visualises the Waxholm
micro-world was implemented. An example is
shown in Figure 3. One purpose of this was to
give the subject an idea of what can be done



with the system, without expressing it in words.
The interface continuously feeds back the
information that the system has obtained from
the parsing of the subject’s utterance, such as
time, departure port and so on. The interface is
also meant to give a graphica view of the
knowledge the subject has secured thus far, in
the form of listings of hotels and so on.

FOLJANDE HAMNAR HAR HOTELL:
DALARD

FURUSUND
(GRUVBRYGGAN
INORRA LAGN(
INORRTALJE
INYNASHAMN
SALTSJUBADEN

STAVSNAS
VAXHOLH
VASBYSTRAND

Figure 3. The graphical model of the

WAXHOLM micro-world.

The visual animated talking agent is an integral
part of the system. This is expected to raise the
intelligibility of the system’s responses and
guestions. Furthermore, the addition of the face
into the dialogue system has many other exciting
implications. Facia non-verbal signals can be
used to support turntaking in the dialogue, and to
direct the user’ s attention in certain ways, e.g. by
letting the head turn towards time tables, charts,
etc. that appear on the screen during the
dialogue. The dialogue system also provides an
ideal framework for experiments with non-
verbal communication and facial actions at the
prosodic level, as discussed above, since the
system has a much better knowledge of the
discourse context than is the case in plain text-
to-speech synthesis.

To make the face more dive, one does not
necessarily have to synthesise meaningful non-
verbal facial actions. By introducing semi-
random eyeblinks and very faint eye and head
movements, the face looks much more active,
and becomes more pleasant to watch. This is
especialy important when the face is not
talking.
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2.2 The Synface/Teleface project

The speech intelligibility of talking animated
agents, as the ones described above, has been
tested within the Teleface project at KTH
(Beskow et al., 1997; Agelforset al., 1998). The
project has recently been continued/expanded in
a European project, Synface (Granstrom,
Karlsson & Spens, 2002). The project focuses on
the usage of multi-modal speech technology for
hearing-impaired persons. The aim of the first
phase of the project was to evaluate the
increased intelligibility hearing-impaired
persons experience from an auditory signal
when it is complemented by a synthesised face.
In this case, techniques for combining natural
speech with lip-synchronised face synthesis have
been developed. A demonstrator of a system for
telephony with asynthetic face that articulatesin
synchrony with anatural voiceis currently being
implemented (see Figure 4).

=10ix|

7 SynfaceTelephone

Help

| Press the telephone butten to ¢all 0090510

Figure 4. Telephone interface for SYNFACE.
2.3 TheAugust system

The Swedish author, August Strindberg,
provided inspiration to create the animated
talking agent used in a dialogue system that was
on display during 1998 as part of the activities
celebrating Stockholm as the Cultural Capital of
Europe (Gustafson et al., 1999). This dialogue
system made it possible to combine severa
domains, thanks to the modular functionality of
the architecture. Each domain has its own
dialogue manager, and an example based topic
spotter is used to relay the user utterances to the
appropriate dialog manager. In this system, the
animated agent “ August” presents different tasks
such as taking the visitors on a trip through the
Department of Speech, Music and Hearing, and
giving street directions and also presenting short



excerpts from the works of August Strindberg,
when waiting for someone to talk to.

August was placed, unattended in a public area
of Kulturhuset in the centre of Stockholm. One
challenge is this very open situation with no
explicit instructions being given to the visitor. A
simple visual “visitor detector” makes August
start talking about one of his knowledge
domains.

24  The Adapt multimodal realestate agent

The practical goal of the AdApt project is to
build a system in which a user can collaborate
with an animated agent to solve complicated
tasks (Gustafson et al., 2000). We have chosen a
domain in which multimodal interaction is
highly useful, and which is known to engage a
wide variety of people in our surroundings,
namely, finding available apartments in
Stockholm. In the AdApt project, the agent has
been given the role of asking questions and
providing guidance by retrieving detailed
authentic information about apartments. The
user interface can be seenin Figure 5

_—
g
[
- karlavigen 61 2 rum, 42 kvm

o ibyllegatan 22 2 rum, 57 kvm
keppargatan 39 2 rum, 43 kvm
!

rtillerigatan 40 2 rum, 65 kvin
rtillerigatan 89 2 rum, 69 kvm
brahegatan S0 2 rum, 61 kvm
gatan 40 2 rum, 47 kvm

Figure 5 .
apartment domain.

The agent Urban in the AdApt

Because of the conversational nature of the

AdApt domain, the demand is great for
appropriate interactive signals (both verbal and
visual) for  encouragement, affirmation,

confirmation and turntaking (Cassell et al.,
2000; Pelachaud, Badler & Steedman, 1996). As
generation of  prosodically  grammatical
utterances (e.g. correct focus assignment with
regard to the information structure and dialogue
state) is also one of the goals of the system it is
important to maintain modality consistency by
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simultaneous use of both visual and verbal
prosodic and conversational cues (Nass & Gong,
1999). As described in Section 1, we are at
present developing an XML-based
representation of such cues that facilitates
description of both verbal and visual cues at the
level of speech generation. These cues can be of
varying range covering attitudina settings
appropriate for an entire sentence or
conversational turn or be of a shorter nature like
a quaifying comment to something just said.
Cues relating to turntaking or feedback need not
be associated with speech acts but can occur
during breaks in the conversation. Also in this
case, it is important that there is a one-to-many
relation between the symbols and the actual
gesture implementation to avoid stereotypic
agent behaviour. Currently a weighted random
selection between different redlizations is used.

3 Effectiveness in intelligibility and
infor mation presentation

One of the more striking examples of
improvement and effectiveness in speech
intelligibility is taken from the Synface project
which ams a improving telephone
communication for the hearing impaired
(Agelfors et al., 1998). The results of a series of
tests using VCV words and hearing impaired
subjects showed a sdignificant gain in
intelligibility when the talking head was added
to a natural voice. With the synthetic face,
consonant identification improved from 29% to
54% correct responses. This compares to the
57% correct response result obtained by using
the natural face. In certain cases, notably the
consonants consisting of lip movement (i.e. the
bilabial and labiodental consonants), the
response results were in fact better for the
synthetic face than for the natural face. This
points to the possibility of using overarticulation
strategies for the talking face in these kinds of
applications. Recent results indicate that a
certain degree of overarticulation can be
advantageous in improving intelligibility
(Beskow, Granstrom & Spens, 2002)

Similar intelligibility tests have been run using
normal hearing subjects where the audio signal
was degraded by adding white noise (Agelfors et
al., 1998). Similar results were obtained. For
example, for a synthetic male voice, consonant
identification improved from 31% without the



face to 45% with the face. While the visua
articulation is most probably the key factor
contributing to this increase, we can speculate
that the presence of visua information of the
speech source can also contribute to increased
intelligibility by sharpening the focus of
attention of the subjects. Although this
hypothesis has not been formally tested, it could
be useful to test it generally in many different
applications.

Another quite different example of the

contribution of the talking head to information
presentation is taken from the results of
perception studies in which the percept of
emphasis and syllable prominence is enhanced
by eyebrow and head movements. In an early
study restricted to eyebrows and prominence
(Granstrom et a., 1999) it was shown that
raising the eyebrows alone during a particular
syllable resulted in an increase in prominence
judgments for the word in question by nearly
30%. In a later study, it was shown that
eyebrows and head movement can serve as
independent visual cuesfor prominence, and that
synchronization of the visual movement with the
audio speech syllable is an important factor
(House et al., 2001). Head movement was
shown to be somewhat more salient for
signalling prominence as eyebrow movement
could be potentially misinterpreted as supplying
non-linguistic information such asirony.
A third example of information enhancement by
the visua modality is to be found in the
Waxholm demonstrator and the Adapt system.
In both these systems, the agent uses gaze to
point to areas and objects on the screen, thereby
strengthening the common focus of attention
between the agent and the user. Although this
type of information enhancement has not yet
been formally evaluated in the context of these
systems, it must be seen as an important
potential for improving the effectiveness of
interaction.

Finally, an important example of the addition
of information through the visual modality is to
be found in the August system. This involved
adding mood, emation and attitude to the agent.
To enable display of the agent's different
moods, six basic emotions similar to the six
universal emotions defined by Ekman (1979)
were implemented (Figure 6), in away similar to
that described by Pelachaud, Badler & Steedman
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(1996). Appropriate emotiona cues were
assigned to a number of utterancesin the system,
often paired with other gestures.

4

The use of a believable talking head can trigger
the user’'s social skills such as using greetings,
addressing the agent by name, and generaly
socially chatting with the agent. Thiswas clearly
shown by the results of the public use of the
August system during a period of six months
(Bell & Gustafson, 1999)). These promising
results have led to more specific studies on
visual cues for feedback (Granstrém et al., 2002)
in which smile, for example, was found to be the
strongest cue for affirmative feedback. Further
detailed work on turntaking regulation, feedback
seeking and giving and the signalling of the
system’s internal state will enable us to improve
the gesture library available for the animated
talking head and continue to improve the
effectiveness of multimodal dialogue systems.

Effectiveness In interaction

Figure 6. August showing different emotions
(from top left to bottom right): Happiness,
Anger, Fear, Surprise, Disgust and Sadness
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Abstract

Few techniques are available for
analysing the effectiveness of multi-
modal interaction. Psycholinguis-
tic models have the potential to
fill this gap however existing ap-
proaches have some methodological
and practical limitations. This pa-
per proposes a technique based on
the conversation analytic model of
breakdown and repair. The ratio-
nale for the approach is presented
and a protocol for coding repair is
introduced. The potential applica-
tion of this approach to the analy-
sis of mutli-modal interaction is de-
scribed.

Keywords: Computer-Mediated Commu-
nication, Evaluation, Conversation Analysis.

1 Introduction

Communication has a central role in many
human activities, even for tasks and tech-
nologies that are ostensibly individual (Such-
man, 1987; Heath, 2000; Nardi and Miller,
1991; Nickerson and Adams, 1995). Com-
munication is central to the implicit and ex-
plicit co-ordination of routine activities and
to peoples’ responses to unexpected contin-
gencies. Significant commerical effort is di-
rected toward the development of applica-
tions that are explicitly designed to support
communication. For example, desktop 'mes-
senger’ and chat applications and more com-
plex integrated conferencing tools. It is also
recognised that even for applications not di-

rectly designed to support interaction the ex-
tent to which they impede or facilitate com-
munication is often critical to their success
(Heath and Luff, 1992; Hughes, Randall and
Shapiro, 1992; Bowers, Button and Sharrock,
1995). Conceptual and empirical analysis of
human communication should have much to
contribute to the design and use of these tech-
nologies. However, there are few techniques
either for identifying the communication re-
lated requirements of a given activity or for
evaluating the impact different technologies
have on the effectiveness of communication.

Ethnomethodological studies of workplace
interaction have provided detailed descrip-
tions of some of the practices by which indi-
viduals adjust their patterns of communica-
tion to sustain collaborative activity (Heath
and Luff, 1992; Hughes, Randall and Shapiro,
1992; Bowers, Button and Sharrock, 1995).
For example, one recurrent observation is the
use of ’outlouds’, a class of utterances that
have a broadcast character which helps to ma-
nipulate the visibility of activities to mem-
bers of a team without being addressed to
any specific individual or requiring any spe-
cific acknowledgment. Despite the elegance
of the empirical observations, workplace stud-
ies have a problematic relationship to design
(Hughes, Randall and Shapiro, 1992; Button
and Dourish, 1996). The analyses they pro-
vide are retrospective in character and do not
support systematic comparisons across differ-
ent technologies or situations.

The models and techniques developed in
the psycholinguistic tradition explicitly aim
to quantify communicative phenomena and
develop explanations that support predictive
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generalisations. The simplest application of
this approach has been to use structural mea-
sures of interaction such as turn-taking, inter-
ruptions, backchannels, and gaze (O’Conaill,
Whittaker and Wilbur, 1993; OMalley, Lang-
ton, Anderson, Doherty-Sneddon, and Bruce,
1996). Although these measures support di-
rect comparison between some aspects of,
for example, video-mediated interaction and
face-to-face exchanges, the coding categories
are coarse and do not take account of commu-
nicative function. For example, the category
of ‘interruptions’ is formulated as the occur-
rence of overlapping speech where there has
been no signal that a speaker is relinquishing
the floor. This conflates accidental overlap,
disruptive or competitive interventions and
cooperative interventions such as collabora-
tive completions. As a result the distribution
of e.g., numbers of turns, lengths of turn, and
interruptions are consistent with a number
of possible interpretations (Anderson et al,
1997). Observations such as the finding that
video-mediated communication leads partici-
pants to use more turns and words than they
would when face-to-face are thus difficult to
interpret. It might indicate either that video
adds something to the interaction or that par-
ticipants are working to compensate for its
limitations. Two psycholinguistic approaches
that have improved on structural analyses are
Dialogue Games analysis and the Collabora-
tive Model of Dialogue.

1.1 Dialogue Games Analysis

Problems with the interpretation of simple
structural analyses have been addressed to
some extent by techniques which analyse com-
municative function directly. For example,
Anderson et al (1997) compare the perfor-
mance of subjects carrying out a map drawing
task under different media conditions. This
task has a reliable dialogue coding system de-
veloped for it which characterises the func-
tional structure of the dialogues, analysing
each utterance as a move (e.g., instruct,
explain, check, clarify, query-w, align) and
structured sequences of moves as dialogue
games (Kowtko, Isard and Doherty, 1991).

(Anderson et al, 1997) have shown how this
approach improves on structural analyses by
analysing the profile of moves used to carry
out the task either face-to-face, using audio
only or using video-mediated communication.
Unlike the structural analyses this provides
a means of isolating the communicative func-
tions that are preserved or impeded under dif-
ferent conditions of mediated interaction.
Although it supports systematic compar-
isons between media, this kind of functional
analysis also has limitations. The coding sys-
tem was designed to exhaustively classify ut-
terance function in a particular collaborative
task, the map task. As a result the move
types are tailored to the transactional char-
acter of the task and although it does ap-
pear to generalise well to some other infor-
mation exchange tasks it is unclear whether
the coding scheme is adequate for qualita-
tively different kinds of exchange such as com-
petitive negotiation. A practical limitation
is that because the coding system is exhaus-
tive, every utterance is analysed and coded.
This is labour intensive and has the conse-
quence that the sensitivity of the coding sys-
tem is traded-off against its coverage (Car-
letta, Isard, Isard, Kowtko, Doherty-Sneddon
and Anderson, 1996). An additional concern
is that the functional analysis doesn’t discrim-
inate between incidental exchanges and those
necessary for the activity at hand. The cod-
ing system includes all exchanges regardless
of whether they are related to the task, the
weather, or incidental gossip and anecdotes.

1.2 The Collaborative Model of
Dialogue

A more readily generalised approach to mod-
eling communication that also improves on
simple structural analyses is the collabora-
tive model of dialogue (CM) developed by
Clark and co-workers (Clark, 1996; Clark
and Wilkes-Gibbs, 1986; Clark, 1989). This
model is based on an account of the process
through which people build up their common
ground during interaction. The basic princi-
ple is that the parties to an interaction only
consider an utterance, or other communica-
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tive act, to be successful where some pos-
itive evidence of its acceptance or ‘ground-
ing’ has been obtained. The grounding prin-
ciple is modified according to the types of ev-
idence necessary to secure understanding in a
given case and the degree of effort required to
achieve it. Two of the most important qualifi-
cations are that; a) interlocutors always seek
to reduce the joint, as opposed to individual,
effort necessary to successfully ground a com-
municative act and b) interlocutors will at-
tempt to ground a contribution only up to a
criterion level (the grounding criterion) which
is adjusted according to circumstances.

This apparatus has been applied to char-
acterising the properties of different media.
Clark and Brennan (1991) identify a set of 8
constraints on grounding that derive from the
signal characteristics of different communica-
tive media (Copresence, Visibility, Audibil-
ity, Cotemporality, Simultaneity, Sequential-
ity, Reviewability and Revisability). These
constraints alter the ease with which particu-
lar types of feedback can be provided and,
consequently, the ease with which ground-
ing can be achieved. The constraints are
linked to the process of grounding by ref-
erence to the costs they exact on ground-
ing techniques (Formulation costs, Produc-
tion costs, Reception costs, Understanding
Costs, Start-up costs, Delay costs, Asyn-
chrony costs, Speaker Change costs, Fault
costs, Repair costs). During interaction, in-
dividuals must make a trade-off between the
different types of action they can undertake in
order to ground a particular contribution and
their relative costs in a particular medium.
For example, where turn taking costs are high
individuals may invest more in the construc-
tion of each utterance and less in attempts at
concurrent feedback.

The CM has also been applied to the analy-
sis of system feedback. The CM distinguishes
a number of levels at which an action is con-
sidered complete. For example, an utterance
may be perceived but not understood, or it
may be understood but the action it proposes
is not undertaken. These action levels are
ordered according to the principle that feed-

back which indicates completion at a higher
level presupposes completion at a lower level:
if I comply with your request then this is
evidence that I have also heard and under-
stood it. Consequently, the current state of
the common ground with respect to commu-
nicative action can vary depending on the de-
gree of grounding that has been secured. The
maintenance of context in interaction with
a system can be supported by giving feed-
back which signals the level of grounding that
a particular action has achieved (Brennan,
1988) . The level of feedback given can be
modulated by the risks associated with possi-
ble misunderstandings.

There are some important limitations to
these applications of the CM model. One
problem is that it provides only a limited
analysis of situations in which contributions
fail to secure acceptance. Where this occurs
there is a general expectation that some re-
pair will ensue, for example through reformu-
lation of the contribution in a way that is ac-
ceptable to the addressee(s). In this situa-
tion a number of possible types of reformula-
tion e.g., alternative descriptions, installment
descriptions and trial references, are distin-
guished but the pattern of choice amongst
these types, and their relationship to the suc-
cess of repairs, is not addressed in the CM.
Although it is explicitly acknowledged that
processes of conversational repair play a criti-
cal role in sustaining the mutual-intelligibility
of interactions (Brennan, 1988; Clark, 1996),
no specific mechanism is provided for dealing
with it.

A more practical limitation on the applica-
tion of the CM to the analysis of interaction is
its relative underspecification. As Clark and
Brennan (1991) note the media constraints
and costs invoked to explain particular pat-
terns of communication in different media are
essentially heuristic. The list of costs and con-
straints are neither exhaustive nor exclusive
and there is no means of quantifying the fac-
tors necessary to provide more precise analy-
ses of the possible trade-offs involved. In or-
der to make a systematic comparison of the
costs and benefits imposed by different me-
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dia some quantification of the communicative
effort invested in an interaction would be re-
quired. Without some means of comparing
the grounding criteria being employed in dif-
ferent cases i.e., of estimating the grounding
criterion, the rationale behind particular pat-
terns of communicative response cannot be
determined. A pattern of small, installment,
contributions is consequently consistent both
with a situation in which, say, turn costs are
low or a situation in which the grounding cri-
terion is high.

2 Breakdown and Repair

The position developed in this paper is that
the problems with functional and CM anal-
yses of communication identified above can
be addressed by focusing on the analysis
of breakdown and repair in communication.
Conceptually, the distinguishing feature of
this approach is that it is concerned only with
those parts of an interaction in which com-
municative trouble arises. A detailed frame-
work for characterising these situations has
been developed in the conversation analytic
(CA) tradition (Sacks, Schegloff and Jeffer-
son, 1974; Schegloff, 1987, 1992). Before
describing the potential application of this
framework to the analysis of mediated inter-
actions, it is important to set out the basic CA
repair framework and then clarify the concept
of communicative problem it invokes.

Two basic aspects to the CA model are
of particular relevance to the present paper.
The structural or procedural elements and the
analysis of specificity. Structurally, the CA
repair framework distinguishes between three
things; who initiates a repair, where in the
turn taking structure it occurs, and the sub-
sequent trajectory of the repair to comple-
tion. For example, self-initiated repair oc-
curs where the speaker identifies a problem
with one of their own turns in a conversation.
Other-initiated repair occurs in situations in
which someone signals a problem with an-
other participant’s turn. The point at which
the problem is addressed, the ‘repair’, is also
classified in terms of ‘self’ and ‘other’. Self
repair occurs where the person who produced

the problematic utterance also addresses the
problem, regardless of whether they signaled
that it was problematic. Other repair occurs
where someone addresses a putative problem
in someone else’s turn. Four positions are dis-
tinguished in which a problem can be signaled
or addressed. First position repair occurs in
the turn in which a problem occurs, second
position repair takes place in the next turn
that occurs as a response to the problem turn.
Third position repair-initiation occurs in the
next turn that occurs as a response to the
second position and so on (Schegloff, 1992,
1987).

Repair initiations are also distinguished ac-
cording to the specificity with which they lo-
calise a problem. Sacks, Schegloff and Jef-
ferson (1974) proposed a non-exhaustive or-
dering of other-initiation types according to
their power. The most general kind of initia-
tion is a “huh?” or “what?” which signals that
the utterer has a problem but gives almost
no clues about its precise character. This is
followed, in order of increasing specificity, by
a ‘wh’ question, such as “who?” or “what”.
In this case the nature of the signaled prob-
lem is clearer and could potentially be asso-
ciated with a particular sub-part of the prob-
More specific still are a par-
tial repeat plus a 'wh’ question or just a par-
tial repeat. This type of reprise clarification
provides information about the specific point
in the original turn that caused the prob-
lem. The strongest form of repair initiation
in Sacks et. al.’s ordering is a full paraphrase
or reformulation prefaced by “you mean ”. In
this situation the recipient of the turn has suc-
cessfully recognised and parsed what was said
but wishes to test a possible interpretation of
it with the original speaker. Sacks, Schegloff
and Jefferson (1974) note that there is a pref-
erence for using the strongest or most specific
type of initiation available in any given case.
This is supported by the observed tendency
to interrupt weaker initiations with stronger
initiations and, where several initiations oc-
cur in sequence, for an increase in strength of
initiator as they progress.

lematic turn.
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2.1 A Repair-based Analysis

The CA repair framework can be adapted
to the comparative analysis of technologically
mediated communication. In contrast to the
approaches discussed above this framework
focuses only on those junctures where some-
thing goes wrong in an interaction. The CA
approach to breakdown and repair does not
involve appeal to a model of what is ‘actu-
ally’ being communicated or a theory of error.
This theoretical orientation is inherited from
the Ethnomethodological and Phenomenolog-
ical roots of CA (see Taylor (1992) for further
discussion). For example, Schegloff (1992)
states that:

“adequacy of understanding and
intersubjectivity is assessed not
against some general criterion of
meaning or efficacy (such as con-
vergent paraphrase) and not by ’ex-
ternal’ analysts, but by the par-
ties themselves vis--vis the exigen-
cies of the circumstances in which
they find themselves.”  (Schegloff
1992, p.1338)

The question of whether a breakdown in
communication occurs because of some gen-
uine or objectively verifiable misunderstand-
ing is explicitly suspended (Garfinkel, 1967).
The focus instead is on analysing the situa-
tions which the interlocutors treat as prob-
lematic, independently of accounts of what is
really being transacted in a given exchange
or of whether a problem is really resolved by
a repair. Consequently, the analysis is not
concerned with whether a turn was in some
sense correctly formulated or contains accu-
rate information, but only with whether it
was treated as intelligible by the participants
themselves. For example, a request for clar-
ification that does not signal a problem with
the intelligibility of a preceding utterance is
not a repair in the present sense. Moreover,
a complaint about, say, audibility when using
voice over IP does not count as a communica-
tion problem unless there is evidence that the
recipient of the complaint had trouble under-
standing it.

This orientation has two potential practical
benefits. Firstly, the analysis of communica-
tive coordination is separated from analysis of
the task domain. It is not necessary for the
analyst to have a theory of what task peo-
ple are engaged with or how it is carried out.
The patterns of repair type and trajectory
can be analysed independently of the transac-
tion involved. In contrast to some functional
schemes of analysis such as dialogue games,
the analysis should thus be applicable to a
variety of different kinds of communicative in-
teraction.

The second potential benefit is that it
promises to improve the sensitivity of the
analysis by concentrating attention on those
exchanges in which communicative problems
occur. This claim trades on the assump-
tion that, relative to other kinds of exchange,
the frequency with which problems are sig-
naled and addressed is moderated by their
perceived importance to the coherence of the
interaction. This assumption is based on the
observation in the CA literature that turns
which initiate repair are avoided if possible,
especially those that signal problems with an-
other participants contribution (Sacks, Sche-
gloff and Jefferson, 1974). A focus on repair
should thus help to filter out those exchanges
which are incidental to the participants’ pur-
poses from those which are essential.

2.2 The Repair Protocol

In order to exploit the CA model in the com-
parative analysis of interaction it is neces-
sary to develop a coding protocol that op-
erationalises and specifies criteria for iden-
tifying the instances of repair of each type.
This involves putting the CA framework to
an unintended use. The CA repair model is
based on the detailed analysis of spoken con-
versations and was developed in a tradition
in which statistical generalisations are specif-
ically eschewed (Schegloff, 1992), although see
Frohlich, Drew and Monk (1994). The inten-
tion here is to exploit the procedures for sig-
naling and addressing communicative prob-
lems described by CA. Inevitably some of the
subtlety of the original observations is lost by
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doing this. For example, the protocol does
not capture 4th position repairs because they
are too rare to be of service in making sys-
tematic comparisons.

The complete repair protocol is shown in
Figure 3 in the appendix. It is constructed so
that an analyst takes each turn in an exchange
and tests it against the criteria specified in
each box. These follow a binary decision for-
mat and are formulated to be as simple as
possible. Because a given turn may contain
more than one repair related event the pro-
tocol is applied recursively to a turn until no
further repairs are detected.

Although built on empirical studies of ver-
bal interactions, the protocol is designed to
be modality neutral. It aims to capture re-
pair phenomena across a variety of modal-
ities including, for example, graphical and
gestural interaction. As a result it refers to
initiators rather than speakers and, follow-
ing Clark (1989), contributions, and modifi-
cations to contributions, rather than turns.
It has also been designed to avoid reliance on
clearly identifiable sequences of turns. This
is important for situations such as text and
whiteboard based interaction where turn se-
quence is less reliably maintained than in ver-
bal interaction. The protocol does require,
however, that analysts can identify what, if
any, preceding parts of the interaction a con-
tribution may be addressed to.

The protocol has been designed to be used
by people who have no specific knowledge
of the body of conversation analytic research
that it draws on. However, one potentially
count-intuitive aspect of this heritage is that
the protocol is not concerned with whether
a turn was in some sense correct but only
with whether it was treated as intelligible by
the participants. For example, a question
for clarification that does not signal a prob-
lem with the intelligibility of a preceding ut-
terance is not a repair in the present sense.
This approach is incorporated into the pro-
tocol through the use of retrospective criteria
for determining the type, for example, of a po-
sition two (P2) or position three (P3) repair
by assessing whether they occurs in response

to a prior turn. Additionally, if a partici-
pant makes a statement that is an error from
the analyst’s point of view this will not be
coded as a communication problem unless it
is treated as such by the participants.

2.3 Measuring Communicative
Co-ordination

Repair per se is not necessarily an indicator
of lower communicative coherence. It could,
for example, reflect greater efforts to under-
stand exactly what is being said or reflect a
more complex exchange. Instead of making
overall comparisons of the frequency of repair,
the proposal is to use the structure and dis-
tribution of specific types of breakdown and
repair to provide indices of communicative co-
ordination. The protocol has yet to be sys-
tematically tested and this is the subject of
ongoing work. This section illustrates the
potential of this approach to analyse multi-
modal communication by suggesting some of
the potential measures of communicative co-
ordination it could provide.

The simplest index that this approach can
provide is a measure of the difficulty of pro-
ducing a contribution in a particular medium.
In conversation a significant proportion of
communicative problems relate to problems
with articulating an utterance. Analogous
problems arise in text chat where typos are
frequently a problem, and in drawing where
problems with the execution of shapes and
In the protocol prob-
lems of this kind are classified as Articula-
tion problems and their frequency of occur-
rence provides a basic index of the difficulty
of externalising a contribution in a particular
medium. Because the protocol captures only
those ‘typos’ or ‘disfluencies’ that the initia-
tor of a contribution chooses to correct, it re-
flects the participants estimate of the impact
of the articulation problem on the effective-
ness of the interaction. It can also be used to
index the grounding criteria (see above) that
an individual employs. For example, if we
hold task and media constant the frequency
of Articulation repairs should be proportional
to the effort being invested in making them-

letters are common.
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selves understood.

A second index that the protocol can pro-
vide is a measure of the effect of a medium on
the difficulty of formulating a contribution. In
the protocol this is captured by the position
1, self-initiated, self-repairs (P1,SI,SR). These
are repairs in which the initiator makes mod-
ifications that, that unlike typos, alter the
possible meaning of their contribution during
production. For example a referring expres-
sion may be rephrased by replacing “he” with
“she”, or part of a drawing may be erased
and redrawn before being presented as com-
plete. It might be expected that media which
produce a persistent representation of a con-
tribution, e.g., text chat or email, should, all
things being equal, lead to more Formulation
repairs than those that produce a transient
representations, for example speech. Alterna-
tively, if we hold the medium constant then
the frequency of Formulation repairs should
vary as a function of the cognitive load the
task places on participants.

Perhaps the most interesting potential
measures are those which promise to directly
index the communicative load imposed by dif-
ferent media and tasks. Omne way in which
this could be addressed is by assessing the fre-
quency of, for example, position two and po-
sition three repair initiations under different
task and media conditions. All things being
equal, if a particular medium alters the intel-
ligibility of interaction in some situation then
this should be reflected in the frequency of re-
pair initiations. More subtle distinctions can
also be made. Arguably, self-initiated, self-
repair in position three is indicative of high
communicative co-ordination since it depends
on sensitivity to a recipient’s interpretation
of one of the initiator’s preceding utterances.
Measures like this could provide for character-
isation of the relative communicative ‘trans-
parency’ of different media.

One further interactional measure can be
derived from the analysis of the specificity of
the problems encountered. The ability of in-
terlocutors to efficiently localise and deal with
a problem provides an index of their commu-
nicative coherence. One possibility provided

directly by the CA framework is to exploit the
ranking of initiation types according to their
power to locate a ‘repairable’ as discussed
above. However, the notions of paraphrase
and ‘wh question do not generalise to non-
verbal interaction. If it is assumed that, all
things being equal, more severe problems will
require more extensive repairs then analysis
can focus on the amount of the preceding ma-
terial that is replaced. For verbal exchanges
this could be indexed by the proportion of
words altered or amended in the repair. For
graphical exchanges it can be indexed by the
proportion of a drawing or sketch that is re-
vised.

3 Discussion

The present proposal is that a repair-based
analysis can provide useful operationalisa-
tions of several aspects of communicative co-
ordination. The discussion of specific mea-
sures is however speculative. It is also an open
question whether the categories proposed by
conversation analysts, and abstracted in the
protocol, can be reliably identified by inde-
pendent judges. Although there is a large
body of research which has applied the CA
analyses to a variety of examples, interjudge
agreement between different individuals has
not, to our knowledge, been assessed. This
is a prerequisite for the applications proposed
here and must be evaluated in future work.

The present claim is that a repair-based ap-
proach can provide a more effective analysis of
communicative coordination than existing ap-
plications of psycholinguistic techniques. One
important gap in the current protocol is that
it doesn’t currently capture problems with the
handover of turns. Anecdotal observations
of remote mutli-modal communication sug-
gest that this is an important class of com-
muniction problem, particularly where there
are more than two participants.

An interesting corollary of the present anal-
ysis is that communicative coherence should
be enhanced by situations or technologies that
make visible as much of the structure of each
individual’s contribution as possible. This fol-
lows from the observation that repairs are ini-
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tiated and effected by manipulating the struc-
ture of preceding contributions. To give a
concrete example, in current implementations
of text chat it is difficult to signal a problem
with preceding turns. It is difficult both to
identify the preceding turn itself and to iden-
tify what elements of the turn were problem-
atic. Users usually have to repeat the prob-
lematic material together with some identifier
in order to effect a repair initiation. Shared
whiteboards, by contrast, support much sim-
pler devices. For example, users can circle or
underline problematic contributions directly.
The original contribution is thus more eas-
ily operated on on a whiteboard than in text
chat. Media or environments that allow users
to manipulate the structure of each others
contributions should, on this view, provide
more effective support for co-ordinating un-
derstanding.
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Appendix: Repair Protocol

Does the initiator alter, or amend their contribution
before another participant responds to it?

YES NO
v - v
Is this contribution introduced to confirm an interpretation
of a previous contribution by the initiator?

Does the modification change or clarify the
meaning or interpretation of the contribution?

YES NO NO YES

I | ‘ - ¥

Does the modification occur P1, S|, SR, Is this contribution introduced to change or clarify an
before a possible completion Articulation interpretation of a previous contribution by the initiator?
of the contribution? Problem
YES NO
YES NO | |
Does the initiator P1, SI, SR Did another participant request Is this contribution introduced to change or
complete the change to Transition an amendment or clarification clarify an interpretation of a previous
their contribution? Space in an intervening contribution ? contribution by another participant?
YES NO YES NO YES NO
P1, SI, SR, P1, SI, Repair is Repair is Does this other participant
Formulation Formulation P3, 0l, SR P3, SI, SR subsequently accept the
Problem Problem + change or clarification?
YES NO

Intervening
turn is r’
P2 RI Accepted

Does the other participant
subsequently contest the
change or clarification?

YES NO
P2, RI, P2, RI,
c d I

Repeat until no more repairs are detected

A

v

Figure 1: Repair Analysis Protocol
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Abstract

We have carried out a pilot experiment to
investigate the effects of different eye gaze
behaviors of a cartoon-like talking face on the
quality of human-agent diaogues’. We
compared a version of the talking face that
roughly implements some patterns of human-
like behavior with two other versions. We
caled this the optimal version. In one of the
other versions the shifts in gaze were kept
minima and in the other version the shifts
would occur randomly. The talking face has a
number of restrictions. There is no speech
recognition, so questions and replies have to
be typed in by the users of the systems.
Despite this restriction we found that
participants that conversed with the optimal
agent appreciated the agent more than
paticipants that conversed with the other
agents. Conversations with the optimal version
proceeded more efficiently. Participants
needed |ess time to complete their task.

Introduction

Research on embodied conversational agents is
carried out in order to improve models and
implementations simulating aspects of human-
like conversational behavior as best as possible.
Ultimately, one would like the synthetic
characters that one is building to be bdievable,
trustworthy, likeable, human- and life-like. This
involves, amongst other things, having the
character display the appropriate signs of a
changing mood, a recognisable personality and a
rich emotional life. The actions that have to be
carried out by agents in dialogue situations

1 Short 2 page papers related to this experiment were
submitted to the CHI 2002 conference (Minneapolis)
and AVI (Trento) and accepted for presentation. We
have benefitted greatly from comments made by
anonymous reviewersto these versions.
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include the obvious language understanding and
generation tasks, knowing how to carry out a
conversation and all the types of conversational
acts this involves (openings, greetings, closings,
repairs, asking a question, acknowledging, back-
channeling, etc.) and also using al the different
modalities, including body-language (posture,
gesture, and facial expressions).

Although embodied conversational agents are
still far from perfect, some agents have already
been developed that can perform quite a few of
the functions that were listed above to a
reasonable extent and that can be useful in
practical applications like tutoring (Cassell,
2001).

In our research laboratory we started to develop
spoken dialogue systems some years ago. We
focused on an interface to a database containing
information on performances in the local
theatres. Through natural language dialogue,
people could obtain information about
performances and order tickets. A second step
involved reconstructing one of the theatresin 3D
using VRML and design a virtual human, Karin,
that embodies this dialogue systems. We first
focused the attention on several aspects of the
multi-modal presentation of information (Nijholt
and Hulstijn, 2000). We combined presentation
of the information through the dialogue system
with traditional desktop ways of presentation
through tables, pop-up menus and we combined
natural language interaction with keyboard and
mouse input. We wanted our basic version to be
web-accessible which, for reasons of efficiency,
forced us at that time to leave out the speech
recognition interface from this version. We have
moved on to implement other types of embodied
conversational agents that are designed to carry
out other tasks like navigating the user through
the virtual environment or agents that act as
tutors. Besides the work we did on building
other types of agents we have also tried to



explore in more depth dfferent cogritive and
affedive models of agents, including symbolic
BDI models as well as neural network models.
We have aso worked on extending their
communicative skills.  Current work, as
summarised in Heylen et al. (2007), is concerned
with several aspects of nonverbal behavior
including facial expressons, posture and
gesture, and gaze (which is the topic of this
paper).

In the next section o this paper we will discuss
some aspects of the function o gaze in face-to-
face conversations between humans and in
mediated forms. Next we describe our
experiment and discussthe outcome.

1. Functionsof (mutual) gaze

The function d gaze in human-human, face-to-
face dialogues has been studied quite
extensively (see Argyle and Cook (1976 and
many other puldications mentioned in the
references). The way speakers and hearers ek
or avoid mutual eye contact, the function of
looking to a away from the interlocutor, the
timing o this behavior in relation to aspeds of
discourse and information structure have all
been investigated in geat detail and certain
typical patterns have been found to accur. In
these investigations a lot of parameters like age,
gender, personality traits, and aspects of
interpersonal relationships like friendship or
dominance have been considered.

Gaze has been shown to serve a number of
functions in human-human interaction (Kendan,
1990. It hdps to regulate the flow of
conversation and plays an important role in
ensuring smooth turn-taking behavior. Speakers,
for instance, have the tendency to gaze away
from listeners at potential turn-taking positions
when they want to keep on talking. Listeners
show continued attention when gazing at the
speaker. Duration and types of gaze
communicate the nature of the relationship
between the interlocutors.

In trying to build lifellike and human-like
software agents that act as talking heads which
humans can interact with as if they were talking
faceto-face with ancther human, one is forced
to consider the way the agents look away and
towards the human interlocutor. This has been
the concern o several researchers on embodied
conversational agents and on aher forms of
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mediated communication as in teleconferencing
systems that make use of avatars, for instance.
Previous research was mostly concerned with
trying to describe an accurate computational
model of gaze behavior. Evaluations of the
effeds of gaze on the quality of interactions in
mediated conversation (mostly avatars instead of
autonomous agents) have been carried aut by
Vertegad (1999, Garau et al. (2001), Colburn et
a. (2000 and Thdrisson and Cassl (1996,
amongst others. These papers have shown that
improving gaze behavior of agents or avatars in
human-agent or human-avatar communication
has naticeable effeds on the way
communication proceeds. This made us curious
about our own situation with the agent Karin.
We wondered whether implementing some kind
of human-like rules for gaze behavior would
have any effeds given her somewhat limited
dialogue functionality, her cartoon-like face, the
somewhat unnatural way of input that lets users
type in their questions only instead o using
speech and the fact that the face is only one
modality amongst others that is used to present
information. We therefore set up our experiment
which is further described in Section 3.

1.1 Humanto Human

The amount of eye contact in a human-human
encounter varies widdly. Some of the sources of
this variation as well as some typical patterns
that occur have been identified. Women, for
instance, are found to engage in eye contact
more than men. Cultural diff erences acoount for
part of the variation as well.

When people in a conversation like each ather or
are cooperating there is more eye contact. When
personal or cognitively demanding topics are
discussed eye contact is avoided. Stressng the
fact that the following figures are only averages
and that wide variation is found, Argyle (1993
provides the following statistics on the
percentage of time people look at one another in
dyadic (two-person) conversations.

Individual gaze 60%
Whil e listening 75%
Whil e talking 40%
Eye-contact 30%

Among the common subjective interpretations of
eye contact have been found friendship, sexual



attraction, hate and a strugde for dominance.
Gaze levels are aso higher in those who are
extroverted, dominant or assrtive, and socially
skilled. People who look more tend to be
perceived more favourably, other things being
equal, and in particular as competent, friendly,
credible, assrtive and socially skill ed (Kleinke,
1987. Besides these more psychodogical or
emotional signal functions of gaze, looking to
the conversational partner also plays an
important part in regulating the interaction. The
patterns in turn taking behavior and the relation
to (mutual) gaze have been the subject of several
investigations. In cur experiment we wanted to
focus the attention on the way appropriate rules
of gazing d the agent would improve the quality
of the conversation. However, we also wanted to
see whether the different patterns that we had
chosen would affect the way our agent was liked
or disliked.

Studying the patterns in gaze and turn-taking
behavior, Kendon (1990 was one of the first to
look with some detail at how gaze behaviour
operates in dyadic conversations. He distin-
guishes between two important functions of an
individual's perceptual activity in social
interaction. By looking o not looking, a person
can control the degree of monitoring his
interlocutor and this choice can also have
regulatory/expressve functions.

Argyle and Dean (1972 report that in all
investigations where this has been studied it has
been found that there is more g/e contact when
the subjed is listening than when he is geaking
(cf. the table above). Furthermore people look
up at the end d their turn and/or at the end of
phrases and look away at the start of (long)
utterances, nat necessarily resulting in mutual
gaze or eye contact. The patterns in gaze
behaviour are eplained by a combination of
principles. Speakers that start longer utterances
tend to look away to concentrate on what they
are saying, avoiding dstraction, and to signal
that they are taking the floor and do not want to
be interrupted. At the end o a turn, speakers
tend to look up to monitor the hearer's reaction
andto dfer thefloor.

In Casl et al. (1999, the relation between
gaze, turn-taking, and information structure is
investigated in more detail. The empirical
analysis $iows the general pattern of looking
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away and looking towards the hearer at turn-
switching positions. The main finding reported
in this paper, is that if the beginning o a turn
starts with the thematic part (the part that links
the utterance with previously uttered o
contextualised information), then the speaker
will always look away and when the end d the
turn coincides with a rhematic part (that
provides new information), than the speaker will
aways look towards the hearer at the beginning
of the rhematic part. In general, beginnings of
themes and beginnings of rhemes are important
places where looking away and looking towards
movements occur.

1.2 Mediated Conversation

Several researchers have investigated the df ects
of implementing gaze behavior in conversational
agents or in cahe forms of mediated
conversation. In videoconfering for instance,
avatars may be used to represent the users.
Vertegad (1999 describes the GAZE group-
ware system in which participants are represen-
ted by simple avatars. Eyetracking o the
participants informs the direction in which the
avatars appear to look at each aher on the
screen (seealso Vertegad e al., 2001).

Garau ¢ al. (200]) describe an experiment with
dyadic conwersation between humans in 4
mediated conditions: video, audio-only, random-
gaze avatars and informed gaze avatars (gaze
was rdated to conwersational flow). The
experiment showed that the random-gaze avatar
did not improve on audio-only communication,
whereas the informed gaze-avatar significantly
outperformed audio-only on a number of
response measures.

Colburn e al. (2000 also describe some
experiments in conversations between humans
and avatars in a video-conferencing context. One
of the questions they asked was whether users
that interact with an avatar will act in ways that
resemble human-human interaction o whether
the knowledge that they are talking to an
artificial agent counteracts natural reactions. In
one periment they changed the gaze behavior
of avatars during a conversation. It appears from
this and similar experiments that participants
while not consciously aware of the differencesin
the avatar's gaze behavior will still react
differently (subliminally).

In the context of embodied conversational
agents, rules for gaze behavior of agents have



been studied by Cassl e a. (1994 1999.
Algorithms and architecures for cortrolling the
non-verbal behavior, including gaze, of agents
are also presented in Chopra e al. (2001 and
Novick e a. (1996. These have focussed
mainly on getting the appropriate computational
models instead o on evaluation. Previous work
on evaluation in this respect is reported in
Tharison and Cassl (1996. They found that
conversations with a gaze informed agent
increased ease/believability and efficiency
compared to a content-only agent and an agent
that produced content and emotional emblems.

In aur pilot experiment described in the next
sedion, we were not so much interested in the
precise rules or the architedure of the system
implementing the rules, but rather in the dfeds
on dialogue quality that a simple implementation
of the patterns might have. Some of the factors
that we wanted to look into are the dficiency of
interactions, the way people judge the character
of the agents and how they rate the quality of the
conversation in general.

Although the work on evaluation o gaze
behavior has nat been concerned to any geat
extent with autonomous embodied
conversational agents, the evaluation work on
human-controlled avatars and  mediated
conversation seaned to provide a promise for
reasonable dfeds in mediated conversations
with agents in general and even with our agent
Karin whom users have to interact with by
typing in their utterances and who presents
information also in the form of tables.

2

In aur experiment we compared three versions
of Karin that differed with respect to gaze
behavior. We had 48 participants each carry out
two ticket reservation tasks with one version of
Karin. After they had finished, they filled aut a
questionnaire. Together with some other
measures (such as the time it took them to
complete the tasks) this data was used to
evaluate the implementations on a number of
factors.

21

The 48 participants in aur experiment were all
graduate students of the University of Twente,
aged between 18 and 25, two thirds were male
and me third female. These participants were

Our experiment

Participants, task and procedure
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randomly asdgned to one of the three
condtions, taking care that the male/female ratio
was roughly the same for each.

The participants were given the task to make
reservations for two concerts. During the
exeaution o the task they were left alone in a
room monitored by two cameras. After they
finished the task they fill ed aut a questionnaire.
The questionnaire together with the notes taken
when doserving the particpants through the
camera and the time it took for the participants
to complete the task were used to evaluate the
differences between the three versions of the

agent.

2.2

In the following table a part of a typical
conversation is given with indications of how
Karin turns her eyes away and towards the
human participant. We show the optimal and
suboptimal version. In the “direct” behavior,
Karin turns her eyes downwards, towards a table

Versions

that cortains information about the
performances.
Optimal Sub
K | Helo, I'm Karin. Avert Gaze
What can | help you Gaze Gaze
with?
S | Hi. When is the next
concert of X?
K | Just amoment, while | Avert Gaze
| look it up. There
are 27 concerts.
Takealook at the Dired Dired
table
For the dates. Gaze Gaze
S | | want to bodk tickets
for the concert on
November 7.
K | You want to make a Avert Gaze
reservation for the
Lunch series.
| have the following Gaze Gaze
information for this
Series:
20 guilders normal Avert Gaze
rate.
How many ticketsdo | Gaze Gaze
you want?




In the optimal version Karen will avert her eyes
at the beginning o aturn for a short period and
then start gazing again. In general Karin's
replies are quite short. But some consist of some
longer sequences, for instance, when she repeats
the information she has © far and also adds a
question to initiate the next step in the
reservation. This is illustrated by the last reply.
In that case, Karin will avert her eyes from the
speaker to indicate that sheis not ready yet and
does not want the user to take the turn. We have
tried to time eye-movements and information-
structure in accordance with the rules described
by Cas=l et a. (1999.

=
|
= L]

We introduced a second version, in which Karin
will only stop looking at the user when she
direds the users with her eyes to the table with
the performances. Eye-movements are therefore
limited severely in this version. In the third
version a random eye-movement action was
chosen at each position at which a specific eye-
movement change could occur in the optimal
version.

2.3

In general, we wanted to find cut whether
participants talking to the optimal version of
Karin were more satisfied with the conversation
than the other participants. We distinguished
between several factors that could be judged:
ease of use, satisfaction, involvement, effiency,
personality/character, naturalness (of eye and
head movements) and mental load. Most of the
measures were judgements on a five point Likert
scale (<agree>/<disagree>). A sdedion of the
questions asked is presented beow. Some
factors were evaluated by taking aher measures
into account. The time it took to complete the
tasks was used, for instance, to measure
efficiency. We asked participants sme
questions about the things said in the dialogue to
judge differences in attention (mental 1oad).

Measures
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Satisfaction
| <liked>/ <didn’t like> talkingto Karin
It takes Karin too long to respond
The mnversation had a dea structure
| like orderingtickets thisways
Ease of Use
It is easy to get theright information
It was clea what | had to ask/say
It took alot of troubleto arder tickets
I nvolvement
| think | looked at Karin about as often as | look
to interlocutorsin normal conversations
Karin keeps her digance
It was always clear when Karin finished speaking
Personality
| trugt Karin
Karinisafriendly person
Karin isquite bad tempered

We were not sure whether participants would be
influenced a lot by the differences in the gaze
behavior. However, if there were any eff ects, we
asaumed that the optimal version would be most
efficient, in that it signals turn-taking mimicking
human patterns.

2.4 Reaults

Efficiency was analyzed using a one-way
ANOVA test. A significant difference was found
between the three groups (F(2,45)=3.80, p<.05).
For means and correspondng standard
deviations e the table below. To find aut
which version was most efficient, the groups
were compared two by two using t-tests (instead
of post-hoc analysis). The optimal version was
found to be significantly more dficient than the
subobtimal version (t(30)=-2.31, p<.05, 1-tailed)
and the random version (t(30)=-2.64, p<.01). No
significant difference (at 5% level) was found
between the suboptimal and the random version.

The main effect of the experimental condtions
on the other factors was analyzed using the
Kruskal-Wallis test. Answers to questions were
recoded such that for all factors the best possble
score was 1 and the worse score was 5. The
results are summarized in the table. The table
shows ggnificant differences between the
versions for ease of use satisfaction and
naturalness of head movement and a marginaly
significant difference for personality.



The main effects of experimental condition: meansand
standard deviations (in parentheses) of the factor scores
and theresults of the Kruskal-Wallistest

Factors Opti | Sub Ran | X?
2.55 3.05 2.66 o
Ease of use (131) | (1.30) | (1.17) 12.09
. . 2.33 274 2.79 ox
Satisfaction | 150 | (129 | (120 | 22
3.08 3.47 3.47
Involvement (135 | (128 | (1.17) 3.53
. 246 | 279 | 279 :
Personality | 151y | (127) | (114 262
Natural head | 1.31 1.31 1.63 11.66"
movement (.62 (.55 (.62) '
Natural eye | 1.13 113 1.29 334
movement (.39 (.49 (.58 '
2.54 3.02 2.63
Mental load (127 | (131) | (1.20 3.93
Efficienc 6.88 8.88 9.56 i
Y | (200 | (283 | (356
" p<.10 " p<.05 " p<.01

Two by two comparisons using Mann-Whitney
tests pointed aut that on the factor ease of use
the optimal version was sgnificantly better than
the suboptimal version (U=6345 p<.001). Users
of the optimal version were more satisfied than
users of the suboptimal and the random version
(resp. U=514Q p<.05and U=49135, p<.01). On
the factor personality the optimal version was
better than the random version (U=52615,
p<.05) and marginally better than the suboptimal
version (U=53585, p<.10). Both the optimal and
the suboptimal agent moved their head more
naturally than the random agent (resp. U=8055,
p<.01 and U=8235, p<.01). The eye movements
were found to be marginally better in the
optimal version than in the random version
(U=1006 p<.10). On the factor mental load the
difference between the optimal version and the
suboptimal version was marginally significant
(U=910 p<.10). The other comparisons yielded
no significant differences.

3

The table clearly shows that the optimal version
performs best overall. We can thus conclude that
even a crude implementation of gaze patterns in
turn-taking situations has sgnificant eff ects. Not
only do participants like the optimal version
best, they also perform the tasks much faster and
tend to be more invaved in the conversation.
The more natural version is preferred above a

Discussion
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version in which the eyes are fixed amost
constantly and a version in which the eyes may
move as much as in the optimal situation but do
not foll ow the conventional patterns of gaze.

To measure satisfaction participants were asked
to rate how well they liked Karin and how they
fet the conversation went in general besides
some other questions that relate directly or
indirectly to what can be call ed satisfaction. The
participants of the optimal version were nat only
more satisfied with their version, but they also
related more to Karin than the participants of the
other versions did as they found her to be more
friendly, helpful, trustworthy, and less distant.
The differences between the optimal and the
suboptimal version seem to correspond to
patterns observed in human-human interaction.
In the suboptimal version, Karin looks at the
visitor amost constantly. Although in general it
is the case that people who look more tend to be
perceived more favourably, as mentioned above
(Kleinke, 1987, in this case the suboptimal
version in which Karin looks at the participants
the most of all the versions is not the preferred
one. This, however, is in line with a conclusion
of Argyle @ al. (1974 who point out that
continuous gaze can result in negative
evaluation o a conwersation partner. This is
probably the major explanation behind the
negative dfect on how Karin is perceived as a
person in this version. Note that Karin still looks
at participants quite a lot in the optimal version
as de only looks away at beginning o turns and
at potential turn-taking positions when she wants
to keep the turn, otherwise she will look at the
listener while speaking. She also looks towards
the interlocutor while listening. She therefore
seams to have found an adequate equilibrum in
gazing alot to be liked but not too much.

When participants have to evaluate how natural
the faces behave it appears that the random
version scored lower than the other versions but
no differences could be noted between the
optimal and suboptimal version. Making “the
right” head and eye movements or amost no
movements are both concelved o as being
equally natural, whereas random movements are
judged less natural. What is interesting,
however, is that these eplicit judgements on the
life-likenessof the behavior of the agents do not



reflect directly judgments on aher factors. The
random version may be rated as lessnatural than
the others but in general it does not perform
worse than the suboptimal version. For the
factor ease of use it is judged even significantly
better than the suboptimal version. Does this
mean that having regular movements of the eyes
instead of almost fixed eyes is the important cue
here? On the other hand, the difference in this
rating (which is gotten from judgments on
questions like “does it take Karin long to
respord”, “was it easy to arder tickets’) isnot in
line with the real amount of time people actually
spent on the task. Though the random version is
judged easy to use, it takes the participants using
it the most time to complete the tasks.

The optimal version is clearly the most efficient
in actual use. This gain in efficiency might be a
result of the transparancy of turn-taking signals;
i.e. the flow of conversation may have improved
as one would asaume when regulators like gaze
work appropriately. But the gain might also have
been a result, indredly, of the increased
involvement in the conversation o the
participants that used the optimal version.
Whatever is cause or effed is difficult to say.
We have an indication that the different gaze
patterns had some impact not just on overall
efficiency but also on the awareness of
participants about when Karin was finishing her
turn. We have some rough figures on the number
of times participants garted their turn before
Karin was finished with hers. In aimost all of
these cases this dowed down the task, because
participants would have to redo change their
utterance midway.

Opt | Sub | Ran
Often/Regularly 5 4
Sometimes 4 2 3
Never 12 |9 9

These figures are not conclusive, but give an
indication that at least in the optimal version,
participants paid more attention to Karin than in
the other versions.

4

In faceto-face conversations between human
interlocutors, gaze is an important factor in
signalling interpersonal attitudes and personali-

Conclusion
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ty. Gaze and mutual gaze aso function as
indicators that help in guiding turn-switching. In
the experiment that we have conducted, we were
interested in the effeds of implementing a
simple strategy to control eye-movements of an
artificial agent at turn-taking boundaries.

The crude rules that we have used are sufficient
to effeda significant improvements in communi-
cation between humans and embodied conversa-
tional agents. So, therefore, the dfort to
investigate and implement human-like behavior
in artificial agents sems to be well worth the
investment.
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Abstract

Annotated corpora have played a
critical role in speech and natural
language research; and, there is an
increasing interest in corpora-based
research in sign language and ges-
ture as well. We present a non-
semantic, geometrically-based anno-
tation scheme, FORM, which allows
an annotator to capture the kine-
matic information in a gesture just
from videos of speakers. In addition,
FORM stores this gestural informa-
tion in Annotation Graph format—
allowing for easy integration of ges-
ture information with other types
of communication information, e.g.,
discourse structure, parts of speech,

intonation information, etc.!

1 Introduction

FORM? is an annotation scheme designed
both to describe the kinematic information in
a gesture, as well as to be extensible in order
to add speech and other conversational infor-
mation.

Our goal is to build an extensible corpus
of annotated videos in order to allow for gen-
eral research on the relationship among the

!This presentation is a shortened version of
(Martell, 2002)

2The author wishes to sincerely thank Adam
Kendon for his input on the FORM project. He
has provided not only suggestions as to the direc-
tion of the project, but also his unpublished work on
a kinematically-based gesture annotation scheme was
the FORM project’s starting point (Kendon, 2000).

many different aspects of conversational inter-
action. Additionally, further tools and algo-
rithms to add these annotations and evaluate
inter-annotator agreement will be developed.
The end result of this work will be a cor-
pus of annotated conversational interaction,
which can be:

e extended to include new types of infor-
mation concerning the same conversa-
tions; as new tag-sets and coding schemes
are developed—discourse-structure or
facial-expression, for example—new an-
notations could easily be added;

e used to test scientific hypotheses con-
cerning the relationship of the par-
alinguistic aspects of communication to
speech and to meaning;

e used to develop statistical algorithms to
automatically analyze and generate these
paralinguistic aspects of communication
(e.g., for Human-Computer Interface re-
search).

2 Structure of FORM?3

FORM is designed as a series of tracks repre-
senting different aspects of the gestural space.
Generally, each independently moved part of
the body has two tracks, one track for Lo-
cation/Shape/Orientation, and one for Move-
ment. When a part of the body is held with-
out movement, a Location object describes its
position and spans the amount of time the po-
sition is held. When a part of the body is in

3The author wishes to acknowledge Jesse Fried-
man and Paul Howard in this section. Most of what

is written here is from their “Code Book” section of
http://www.ldc.upenn.edu/Projects/FORM/.
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motion, Location objects with no time period
are placed at the beginning and end of the
movement to show where the gesture began
and ended. Location objects spanning no pe-
riod of time are also used to indicate the Lo-
cation information at critical points in certain
complex gestures.

An object in a movement track spans the
time period in which the body part in ques-
tion is in motion. It is often the case that one
part of the body will remain static while oth-
ers move. For example, a single hand shape
may be held throughout a gesture in which
the upper arm moves. FORM’s multi-track
system allows such disparate parts of single
gestures to be recorded separately and effi-
ciently and to be viewed easily once recorded.
Once all tracks are filled with the appropri-
ate information, it is easy to see the structure
of a gesture broken down into its anatomical
components.*

At the highest level of FORM are groups.
Groups can contain subgroups. Within each
group or subgroup are tracks. Each track con-
tains a list of attributes concerning a partic-
ular part of the arm or body. At the lowest
level (under each attribute), all possible val-
ues are listed. Described below are the tracks
for the Location of the Right or Left Upper-
Arm.

Right/Left Arm

Upper Arm (from the shoulder to the
elbow).

Location

UPPER ARM LIFT (from side of the
body)

no lift

0-45
approx. 45
45-90
approx. 90
90-135
approx. 135
135-180
approx. 180

RELATIVE ELBOW POSITION: The

upper arm lift attribute defines a circle on
which the elbow can lie. The relative elbow
position attribute indicates where on that cir-
cle the elbow lies. Combined, these two at-
tributes provide full information about the lo-
cation of the elbow and reveal total location
information (in relation to the shoulder) of
the upper arm.

extremely inward

inward

front

front-outward

outward (in frontal plane)
behind

far behind

The next three attributes individually indi-
cate the direction in which the biceps muscle
is pointed in one spatial dimension. Taken to-
gether, these three attributes reveal the ori-
entation of the upper arm.

BIcEPS: INWARD/OUTWARD

none
inward
outward

BiceEps: UPWARD/DOWNWARD

none
upward
downward

BicEPS: FORWARD/BACKWARD

none
forward
backward

OBSCURED: This is an binary at-
tribute which allows the annotator to indi-
cate if the attributes and values chosen were
“guesses” necessitated by visual occlusion.
This attribute is present in each of FORM’s
tracks.

Again, we have only presented the Location
tracks for the Right or Left Arm UpperArm
group.The full “Code Book” can be found at
http://www.ldc.upenn.edu/Projects/FORM/.
Listed there are all the Group, Subgroup,
Track, Attribute and Value possibilities.
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3 Annotation Graphs

In order to allow for maximum extensibility,
FORM uses annotation graphs (AGs) as its
logical representation®. As described in (Bird
and Liberman, 1999), annotation graphs are
a formal framework for “representing linguis-
tic annotations of time series data.” AGs do
this by extracting away from the physical-
storage layer, as well as from application-
specific formatting, to provide a “logical layer
for annotation systems.” An annotation
graph is a collection arcs and nodes which
share a common timeline, that of a video
tape, for example. Each node represents a
timestamp and each arc represents some lin-
guistic event spanning the time between the
nodes. The arcs are labeled with both at-
tributes and values, so that the arc given
by the 4-tuple (1,5,Wrist Movement,Side-to-
side) represents that there was side-to-side
wrist movement between timestamp 1 and
timestamp 5. The advantage of using an-
notation graphs as the logical representation
is that it is easy to combine heterogeneous
data—as long as they share a common time
line. So, if we have a dataset consisting of
gesture-arcs, as above, we can easily extend
this dataset by adding more arcs represent-
ing discourse structure, for example, simply
by adding other arcs which have discourse-
structure attributes and values. Again, this
allows different researchers to use the same
linguistic data for many different purposes,
while, at the same time, allowing others to
explore the correlations between the different
phenomena being studied.

4 Preliminary Inter-Annotator
Agreement Results

Preliminary results from FORM show that
with sufficient training, agreement among the
annotators can be very high. Table 2 shows
preliminary interannotator agreement results
from a FORM pilot study.> The results are

4Cf. (Martell, 2002) for a more complete discussion
of FORM’s use of AGs

®Essentially, all the arcs for each annotator are
thrown into a bag. Then all the bags are combined
and the intersection is extracted. This intersection

for two trained annotators for approximately
1.5 minutes of Jan24-09.mov, the video from
Figure 1. For this clip, the two annotators
agreed that there were at least these 4 ges-
ture excursions. One annotator found 2 addi-
tional excursions. Precision refers to the deci-
mal precision of the time stamps given for the
beginning and end of gestural components.
The SAME value means that all time-stamps
were given the same value. This was done
in order to judge agreement with having to
judge the exact beginning and end of an ex-
cursion factored out. Ezact vs. No-Value per-
centage refers to whether both the attributes
and values matched exactly or whether just
the attributes matched exactly. This distinc-
tion is included because a gesture excursion
is defined as all movement between two rest
positions of the arms and hands. For an ex-
cursion, the annotators have to judge both
which parts of the arms and hands are salient
to the movement (e.g., upper-arm lift and ro-
tation, as well as forearm change in orienta-
tion and hand/wrist position) as well as what
values to assign (e.g., the upper-arm lifted 15-
degrees and rotated 45-degrees). So, the No-
Value% column captures the degree to which
the annotators agree just on the structure of
the movement, while Fzact% measures agree-
ment on both structure and values.

The degree to which inter-annotator agree-
ment varies among these gestures might sug-
gest difficulty in reaching consensus. How-
ever, the results on intra-annotator agree-
ment studies demonstrate that a single anno-
tator shows similar variance when doing the
same video-clip at different times. Table 3
gives the intra-annotator results for one anno-
tator annotating the first 2 gesture excursions
of Jan24-09.mov.

For both sets of data, the pattern is the
same:

e the less precise the time-stamps, the bet-
ter the results;

constitutes the overlap in annotation, i.e., where the
annotators agreed. The percentage of the intersection
to the whole is then calculated to get the scores pre-
sented.
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Gesture Excursion | Precision | Exact% | No-Value%
1 2 3.41 4.35
1 10.07 12.8
0 29.44 41.38
SAME 56.92 86.15
2 2 37.5 52.5
1 60 77.5
0 75.56 94.81
SAME 73.24 95.77
3 2 0 0
1 19.25 27.81
0 62.5 86.11
SAME 67.61 95.77
4 2 10.2 12.06
1 25.68 31.72
0 57.77 77.67
SAME 68.29 95.12

Table 1: Inter-Annotator Agreement on Jan24-09.mov

Gesture Excursion | Precision | Exact% | No-Value%
1 0 5.98 7.56
1 20.52 25.21
0 58.03 74.64
SAME 85.52 96.55
2 2 0 0
1 25.81 28.39
0 89.06 95.31
SAME 90.91 93.94

Table 2: Intra-Annotator Agreement on Jan24-09.mov

104



e No-Value% is significantly higher than
Ezact%.

It is also important to note that Gesture
Excursion 1 is far more complex than Ges-
And, in both simple
and complex gestures, inter-annotator agree-
ment is approaching intra-annotator agree-
ment. Notice, also, that for Excursion 2,
inner-annotator agreement is actually better
than intra-annotator agreement for the first
two rows. This is a result of the difficulty for
even the same person over time to precisely
pin down the beginning and end of a gesture
excursion. Although the preliminary results
are very encouraging, all of the above sug-
gests that further research concerning train-
ing and how to judge similarity of gestures is
necessary. Visual information may need very
different similarity criteria.

ture Excursion 2.

5 Conclusion: Applications to HLT
and HCI?

We plan to augment FORM to include
richer paralinguistic information (Head /Torso
Movement, Transcription/Syntactic Informa-
tion, and Intonation/Pitch Information).
This will create a corpus that allows for re-
search that heretofore we have been unable
to do. It will facilitate experiments that
we predict will be useful for speech recogni-
tion, as well as other Human-Language Tech-
nologies (HLT). As an example of similar re-
search, consider the work of Francis Quek et
al. (Quek and others, 2001). They have been
able to demonstrate that gestural information
is useful in helping with automatic detection
of discourse transition. However, their results
are limited by the amount of kinematic in-
formation they can gather with their video-
capture system. Further, an augmented-
FORM corpus will contain much more spe-
cific data and will allow for more fine-grained
analyses than is currently feasible.
Additionally, knowing the relationships
among the different facets of human conversa-
tion will allow for more informed research in
Human-Computer Interaction (HCI). If one of
the goals of HCI is to have better immersive-

training, then it will be imperative that we
understand the subtle connections among the
paralinguistic aspects of interaction. A vir-
tual human, for example, would be much bet-
ter if it were able to understand, and act
in accordance with, all of our communicative
quirks

Having an extensible corpus such as we de-
scribe in this paper is a first-step that will
allow many researchers, across many disci-
plines, to explore these and other useful ideas.
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Abstract

Given the value of visible speech, our
persistent goal has been to develop,
evaluate, and apply animated agents to
produce accurate visible speech. The goal of
our recent research has been to increase the
number of agents and to improve the
accuracy of visible speech. Perceptual tests
indicted positive results of this work. Given
this technology and the framework of the
fuzzy logical model of perception (FLMP),
we have developed computer-assisted
speech and language tutors for deaf, hard of
hearing, and autistic children. Baldi, as the
conversational agent, guides students
through a variety of exercises designed to
teach vocabulary and grammar, to improve
speech articulation, and to develop linguistic
and phonological awareness. The results
indicate that the psychology and technology
of Baldi holds great promise in language
learning and speech therapy.

| ntroduction

The face presents visual information during
speech that is criticaly important for
effective communication. While the auditory
signal alone is adequate for communication,
visual information from movements of the
lips, tongue and jaws enhance intelligibility
of the acoustic stimulus (particularly in
noisy environments). Moreover, speech is
enriched by the facial expressions, emotions
and gestures produced by a speaker
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(Massaro, 1998). The visua components of
speech offer alifeline to those with severe or
profound hearing loss. Even for individuals
who hear well, these visible aspects of
speech are especially important in noisy
environments. For individuals with severe or
profound hearing loss, understanding visible
speech can make the difference in
effectively communicating oraly with
others or alife of relative isolation from oral
society (Trychin, 1997).

Our persistent goa has been to
develop, evaluate, and apply animated
agents to produce accurate visible speech.
These agents have a tremendous potential to
benefit virtually all individuals, but
especially those with hearing problems (>
28,000,000 in the USA), including the
millions of people who acquire age-related
hearing loss every year
(http://www.nidcd.nih.gov/health/hb.htm),
and for whom visible speech takes on
increasing importance. One of many
applications of animated characters allows
the training of individuals with hearing loss
to "read" visible speech, and thus facilitate
face-to-face ora communication in all
situations (educational, social, work-related,
etc). These enhanced characters can also
function effectively as language tutors,
reading tutors, or personal agents in human
machine interaction.

For the past ten vyears my
colleagues and | have been improving the
accuracy of visible speech produced by an
animated talking face - Baldi (Massaro,
1998, chapters 12-14). Baldi has been used



effectively to teach vocabulary to
profoundly deaf children at Tucker-Maxon
Oral School in a project funded by an NSF
Challenge Grant (Barker, 2002; Massaro et
a., 2000). The same pedagogy and
technology has been employed for language
learning with autistic children (Massaro &
Bosseler, 2002). While Baldi's visible
speech and tongue model probably represent
the best of the state of the art in rea-time
visible speech synthesis by a talking face,
experiments have shown that Baldi's visible
speech is not as effective as human faces.
Preliminary observations strongly suggest
that the specific segmental and prosodic
characteristics are not defined optimally.
One of our goas, therefore, is to
significantly improve the communicative
effectiveness of synthetic visual speech.

1 Facial Animation and Visible Speech
Synthesis

Visible speech synthesis is a sub-field of the
general areas of speech synthesis and
computer facial animation (Chapter 12,
Massaro, 1998, organizes the representative
work that has been done in this area). The
goa of the visible speech synthesis in the
Perceptual Science Laboratory (PSL) has
been to develop a polygon (wireframe)
model with realistic motions (but not to
duplicate the musculature of the face to
control this mask). We call this technique
terminal analogue synthesis because its goal
is to simply use the final speech product to
control the facia articulation of speech
(rather than illustrate the physiological
mechanisms that produce it). This method of
rendering visible speech synthesis has also
proven most successful with audible speech
synthesis. One advantage of the terminal
analogue synthesis is that calculations of the
changing surface shapes in the polygon
models can be carried out much faster than
those for muscle and tissue simulations. For
example, our software can generate atalking
face in rea time on a commodity PC,
whereas muscle and tissue simulations are
usually too computationally intensive to
perform in real time (Massaro, 1998). More
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recently, image synthesis, which joins
together images of a real speaker, has been
gaining in popularity because of the realism
that it provides. These systems also are not
capable of real-time synthesis because of
their computational intensity.

Our own current software (Cohen &
Massaro, 1993; Cohen et a., 1996; Cohen et
al., 1998; Massaro, 1998) is a descendant of
Parke's software and his particular 3-D
taking head (Parke, 1975). Our
modifications over the last 6 years have
included increased resolution of the model,
additional and modified control parameters,
three generations of a tongue (which was
lacking in Parke's model), a new visual
speech  synthesis coarticulatory  control

strategy, controls  for  parainguistic
information and affect in the face, alignment
with  natural  speech, text-to-speech

synthesis, and bimodal (auditory/visual)
synthesis. Most of our current parameters
move vertices (and the polygons formed
from these vertices) on the face by
geometric functions such as rotation (e.g.
jaw rotation) or tranglation of the verticesin
one or more dimensions (e.g., lower and
upper lip height, mouth widening). Other
parameters work by scaling and
interpolating between two different face
subareas. Many of the face shape
parameters—-such as cheek, neck, or
forehead shape, and also some affect

parameters such as smiling--use
interpolation. Our animated talking face,
Baldi, can be seen at:

http://mambo.ucsc.edu.

We have used phonemes as the
basic unit of speech synthesis. In this
scheme, any utterance can be represented as
a string of successive phonemes, and each
phoneme is represented as a set of target
values for the control parameters such as
jaw rotation, mouth width, etc. Because
speech production is a continuous process
involving  movements  of  different
articulators (e.g., tongue, lips, jaw) having
mass and inertia, phoneme utterances are
influenced by the context in which they
occur by a process caled coarticulation. In
our visual speech synthesis algorithm



(Cohen & Massaro, 1993; Massaro, 1998,
chapter 12), coarticulation is based on a
model of speech production using rules that
describe the relative dominance of the
characteristics of the speech segments. In
our model, each segment is specified by a
target value for each facial control
parameter. For each control parameter of a
speech segment, there are also tempora
dominance functions dictating the influence
of that segment over the control parameter.
These dominance functions determine
independently for each control parameter
how much weight its target value carries
against those of neighboring segments,

which will in turn determine the fina
control values.
Baldi's synthetic tongue is

constructed of a polygon surface defined by
sagittal and corona b-spline curves. The
control points of these b-spline curves are
controlled singly and in pairs by speech
articulation control parameters. There are
now 9 sagittal and 3 * 7 corona parameters
that are modified to mimic natural tongue
movements. The tongue, teeth, and palate
interactions during speaking require an
algorithm to prevent the tongue from going
into rather than colliding with the teeth and
palate. To ensure this, we have developed a
fast collision detection method to instantiate
the appropriate interactions. Two sets of
observations of real talkers have been used
to inform the appropriate movements of the
tongue. These include 1) three dimensional
ultrasound measurements of upper tongue
surfaces and 2) EPG data collected from a
natural talker using a plastic palate insert
that incorporates a grid of about a hundred
electrodes that detect contact between the
tongue and palate at afast rate (e.g. afull set
of measurements 100 times per second).
These measurements were made in
collaboration with Maureen Stone at John
Hopkins University. Minimization and
optimization routines are used to create
animated tongue movements that mimic the
observed tongue movements (Cohen et a.,
1998).
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2 Recent Progress in Visible Speech
Synthesis

Important goals for the application of talking
heads are to have alarge gallery of possible
agents and to have highly intelligible and
reaistic synthetic visible speech. Our
development of visible speech synthesis is
based on facial animation of a single
canonical face, called Baldi (see Figure 1;
Massaro, 1998).

Figure 1. Picture of Baldi, our computed
animated talking head.

Although the synthesis, parameter control,
coarticulation scheme, and rendering engine
are specific to Baldi, we have developed
software to reshape our canonical face to
match various target facial models. To
achieve redlistic and accurate synthesis, we
use measurements of facial, lip, and tongue
movements during speech production to
optimize both the static and dynamic
accuracy of the visible speech. This
optimization process is called minimization
because we seek to minimize the error
between the empirical observations of real
human speech and the speech produced by
our synthetic talker (Cohen, Beskow, &
Massaro, 1998; Cohen, Clark, & Massaro,
2001; Cohen, Clark, & Massaro, 2002).



2.1 Improving the Static M odel

A Cyberware 3D laser scanning system is
used to enroll new citizens in our gallery of
talking heads. A laser scan of a new target
head produces a very high polygon count
representation. Rather than trying to animate
this high-resolution head (which is
impossible to do in real-time with current
hardware), our software uses these data to
reshape our canonical head to take on the
shape of the new target head. In this
approach, facial landmarks on both the laser
scan head and the generic Baldi head are
marked by a human operator. Our canonical
head is then warped until it assumes as
closely as possible the shape of the target
head, with the additional constraint that the
landmarks of the canonical face move to
positions corresponding to those on the
target face.

2.1.1 Improving the Dynamic M odel
To improve the intelligibility of our talking

heads, we have devel oped software for using
dynamic 3D  optical measurements

(Optotrak) of points on a real face while
talking. In one study, we recorded a large
speech database with 19 markers affixed to
the face of DWM at important locations (see
Figure 2).

Figure 2. Frame from id used in the
recording of the data base and in the evaluation.
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Fitting of these dynamic data occurred in
several stages. To begin, we assigned points
on the surface of the synthetic model that
best correspond to the Optotrak
measurement points. In the training, the
Optotrak data were adjusted in rotation,
trandation, and scale to best match the
corresponding  points marked on the
synthetic face.

The data collected for the training
consisted of 100 CID sentences recorded by
DWM speaking in a fairly natura manner.
In the first stage fit, for each time frame (30
fps) we automatically and iteratively
adjusted 11 facial control parameters of the
face to get the best fit (the least sum of
squared distances) between the Optotrak
measurements and the corresponding point
locations on the synthetic face. In the second
stage fit, the goal was to tune the segment
definitions (parameter targets, dominance
function strengths, attack and decay rates,
and peak strength time offsets) used in our
coarticulation algorithm (Cohen & Massaro,
1993) to get the best fit with the parameter
tracks obtained in the first stage fit. We first
used Viterbi alignment on the acoustic
speech data of each sentence to obtain the
phoneme durations used to synthesize each
sentence. Given the phonemes and
durations, we used our standard parametric
phoneme synthesis and coarticulation
algorithm to synthesize the parameter tracks
for all 100 CID sentences. These were
compared with the parameter tracks
obtained from the first stage fit, the error
computed, and the parameters adjusted until
the best fit was achieved.

3 Perceptual Evaluation

We carried out a perceptua
recognition experiment with human subjects
to evaluate how well thisimproved synthetic
talker conveyed speech information relative
to the real talker. To do this we presented
the 100 CID sentences in three conditions:
auditory alone, auditory + synthetic talker,
and auditory + real talker. In all cases there
was white (speech band) noise added to the
audio channel. Each of the 100 CID



sentences was presented in each of the three
modalities for atotal of 300 trials. Each trial
began with the presentation of the sentence,
and subjects then typed in as many words as
the could recognize.  Students in an
introductory psychology course served as
subjects.

Figure 3 shows the proportion of
correct words reported as a function of the
initial  consonant under the three
presentation conditions. There was a
significant advantage of having the visible
speech, and the advantage of the synthetic
head was equivalent to the origina video.
Overall, the proportion of correctly reported
words for the three conditions was 0.22
auditory, 0.43 synthetic face, and 0.42 with
the real face.
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Figure 3. Proportion words correct as a function
of initial consonant of al words in the test
sentences for auditory alone, synthetic and real
face conditions.
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The results of the current evaluation
study, using the stage 1 best fitting
parameters is encouraging. In studies to
follow, we'll be comparing performance
with visual TTS synthesis based on the
segment definitions from the stage 2 fits,
both for single segments, context sensitive
segments, and also using concatenation of
diphone sized chunks from the stage 1 fits.
In addition, we will be using a higher
resolution canonical head with many
additional polygons and an improved texture

map.
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4 Early History of Speech Science

Speech science evolved as the study
of a unimodal phenomenon. Speech was
viewed as a solely auditory event, as
captured by the semina speech-chain
illustration of Denes and Pinson (1963).
This view is no longer viable as witnessed
by a burgeoning record of research findings.
Speech as a multimodal phenomenon is
supported by experiments indicating that our
perception and understanding are influenced
by a speaker's face and accompanying
gestures, as well as the actual sound of the
speech. Many communication environments
involve a noisy auditory channel, which
degrades speech perception and recognition.
Visible speech from the talker’'s face (or
from a reasonably accurate synthetic talking

head) improves intelligibility in these
situations. Visible speech also is an
important communication channel  for

individuals with hearing loss and others with
specific deficits in processing auditory
information.

We have seen that the number of
words understood from a degraded auditory
message can often be doubled by pairing the
message with visible speech from the
talker's face. The combination of auditory
and visual speech has been called super-
additive because their combination can lead
to accuracy that is much greater than
accuracy on either modality aone. Our
participants, for example, would have
performed very poorly given just the visual
speech aone. Furthermore, the strong
influence of visible speech is not limited to
situations with degraded auditory input. A
perceiver's recognition of an auditory-visual
syllable reflects the contribution of both
sound and sight. For example, if the
ambiguous auditory sentence, My bab pop
me poo brive, is paired with the visible
sentence, My gag kok me koo grive, the
perceiver islikely to hear, My dad taught me
to drivee. Two ambiguous sources of
information are combined to create a
meaningful interpretation (Massaro, 1998).

There are several reasons why the
use of auditory and visua information



together is so successful. These include a)
robustness of visual  speech, D)
complementarity of auditory and visua
speech, and c) optimal integration of these
two sources of information. Speechreading,
or the ability to obtain speech information
from the face, isrobust in that perceivers are
fairly good at speech reading even when
they are not looking directly at the talker's
lips. Furthermore, accuracy is not
dramatically reduced when the facial image
is blurred (because of poor vision, for
example), when the face is viewed from
above, below, or in profile, or when thereis
a large distance between the talker and the
viewer (Massaro, 1998, Chapter 14).

Complementarity of auditory and
visual information simply means that one of
the sources is strong when the other is weak.
A distinction between two segments
robustly conveyed in one modality is
relatively ambiguous in the other modality.
For example, the place difference between
/bal and /da/ is easy to see but relatively
difficult to hear. On the other hand, the
voicing difference between /bal and /pal is
relatively easy to hear but very difficult to
discriminate visualy. Two complementary
sources of information make their combined
use much more informative than would be
the case if the two sources were non-
complementary, or redundant (Massaro,
1998, pp. 424-427).

The final reason is that perceivers
combine or integrate the auditory and visual
sources of information in an optimally
efficient manner. There are many possible
ways to treat two sources of information:
use only the most informative source,
average the two sources together, or
integrate them in such a fashion in which
both sources are used but that the least
ambiguous source has the most influence.
Perceivers in fact integrate the information
available from each modality to perform as
efficiently as possible. Many different
empirical results have been accurately
predicted by a model that describes an
optimally efficient process of combination
(Massaro, 1998). We now describe this
model.
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5 Fuzzy Logical Modéd of Perception

The fuzzy logical model of
perception (FLMP), shown in Figure 4,
assumes necessarily  successive  but
overlapping stages of processing. The
perceiver of speech is viewed as having
multiple sources of information supporting
the identification and interpretation of the
language input. The model assumes that 1)
each source of information is evaluated to
give the continuous degree to which that
source supports various alternatives, 2) the
sources of information are evauated
independently of one another, 3) the sources
are integrated to provide an overall degree
of support for each aternative, and 4)
perceptua identification and interpretation
follows the rel ative degree of support among
the aternatives (Massaro et al., 2001, in
press, a, b).

CJ':: Evaluation
2y Viy
Integration
sk¢
Decision —R

Figure 4. Schematic representation of the three
processes involved in perceptual recognition.
The three processes are shown to proceed left to
right in time to illustrate their necessarily
successive but overlapping processing. These
processes make use of prototypes stored in long-
term memory. The sources of information are
represented by uppercase |etters. Auditory
information is represented by A; and visual
information by V;. The evaluation process
transforms these sources of information into
psychological values (indicated by lowercase
letters g and v;) These sources are then
integrated to give an overall degree of support,
S for each speech aternative k. The decision
operation maps the outputs of integration into
some response alternative, Ry. The response can
take the form of a discrete decision or arating of
the degree to which the alternative is likely.



The paradigm that we have
developed permits us to determine how
visible speech is processed and integrated
with other sources of information. The
results also inform us about which of the
many potentially functional cues are actually
used by human observers (Massaro, 1987,
Chapter 1). The systematic variation of
properties of the speech signal combined
with the quantitative test of models of
speech perception enables the investigator to
test the psychological validity of different
cues. This paradigm has aready proven to
be effective in the study of audible, visible,
and bimodal speech perception (Massaro,
1987, 1998). Thus, our research strategy not
only addresses how different sources of
information are evaluated and integrated, but
can uncover what sources of information are
actually used. We believe that the research
paradigm confronts both the important
psychophysical question of the nature of
information and the process question of how
the information is transformed and mapped
into behavior. Many independent tests point
to the viability of the FLMP as a generd
description of pattern recognition. The
FLMP is centered around a universal law of
how people integrate multiple sources of
information. This law and its relationship to
other laws is developed in detail in Massaro
(1998). The FLMP is also valuable because
it motivates our approach to language
learning.

Baldi can display a midsagital view,
or the skin on the face can be made
transparent to reveal the internal articulators.
The orientation of the face can be changed
to display different viewpoints while
speaking, such as a side view, or a view
from the back of the head (Massaro 1999,
2000). The auditory and visua speech can

aso be independently controlled and
mani pul ated, permitting customized
enhancements  of the  informative

characteristics of speech. These features
offer novel approaches in language training,
permitting one to pedagogically illustrate
appropriate articulations that are usualy
hidden by the face. This technology has the
potential to help individuals with language
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delays and deficits, and we have been
utilizing Baldi to carry out language tutoring
with deaf children and children with autism.

6 Language Learning

As with most issues in socia
science, there is no consensus on the best
way to teach or to learn language. There are
important areas of agreement, however. One
is the central importance of vocabulary
knowledge for understanding the world and
for language competence in both spoken
language and in reading. There is empirical
evidence that very young children more
easily form conceptual categories when
category labels are available than when they
are not (Waxman & Kosowski, 1990). There
is also evidence that there is a sudden
increase in the rate at which new words are
learned once the child knows about 150
words. Grammatical skill also emerges at
this time (Marchman & Bates, 1994). Even
children experiencing language delays
because of specific language impairment
benefit once this level of word knowledgeis
obtained. It follows that increasing the
pervasiveness and  effectiveness  of
vocabulary learning offers a huge
opportunity for improving conceptual
knowledge and language competence for all
individuals, whether or not they are
disadvantaged  because of  sensory
limitations, learning disabilities, or socia
condition. Finaly, it is well-known that
vocabulary  knowledge is positively
correlated with both listening and reading
comprehension (Anderson & Freebody,
1981).

Another area of agreement is the
importance of time on task; learning and
retention are positively correlated with the
time spent learning. Our technology offers a
platform for unlimited instruction, which
can beinitiated when and wherever the child
and/or supervisor chooses. Baldi and the
accompanying lessons are perpetual. Take,
for example, children with autism, who have
irregular sleep patterns. A child could
conceivably wake in the middle of the night



and participate in language learning with
Baldi as hisor her friendly guide.

Several advantages of utilizing a
computer-animated agent as a language tutor
are clear, including the popularity of
computers and embodied conversational
agents with children with autism. A second
advantage is the availability of the program.
Instruction is aways available to the child,
24 hours a day 365 days a year.
Furthermore, instruction occurs in a one-on-
one learning environment for the students.
We have found that the students enjoy
working with Baldi because he offers
extreme patience, he doesn’'t become angry,
tired, or bored, and heisin effect aperpetual
teaching machine.

Our Language Tutor, Baldi,
encompasses  and instantiates  the
developments in the pedagogy of how
language is learned, remembered and used.
Education research has shown that children
can be taught new word meanings by using
drill and practice methods (e.g., McKeown
et a., 1986; Stahl, 1983). It has also been
convincing demonstrated that direct teaching
of vocabulary by computer software is
possible, and that an interactive multimedia
environment is idealy suited for this
learning (Wood, 2001). As cogently
observed by Wood (2001), “Products that
emphasize multimodal learning, often by
combining many of the features discussed
above, perhaps make the greatest
contribution to dynamic  vocabulary
learning. Mulitimodal features not only help
keep children actively engaged in their own
learning, but also accommodate a range of
learning styles by offering severa entry
points: When children can see new wordsin
context, hear them pronounced, type them
into a journal, and cut and paste an
accompanying illustration (or create their
own), the potential for learning can be
dramatically increased.” Following this
logic, many aspects of our lessons enhance
and reinforce learning. For example, the
existing program and planned modifications
make it possible for the student to 1)
Observe the words being spoken by a
realigtic talking interlocutor (Baldi), 2) See
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the word as written as well as spoken, 3)
See visual images of referents of the words
or view an animation of a meaningful scene,
4) Click on or point to the referent, 5) Hear
himself or herself say the word, 6) Spell the
word by typing, observe the word used in
context, and 7) Incorporate the word into
his or her own speech act.

Other benefits of our program
include the ability to seamlessly meld
spoken and written language, provide a
semblance of a game-playing experience
while actually learning, and to lead the child
along a growth path that always bridges his
or her current “zone of proximal
development.”

6.1 Description of Vocabulary Wizard
and Player

The Vocabulary Wizard is a set of
formatted programs permitting authoring
abilities to create vocabulary training in a
language tutorial program. The wizard
interface incorporates Baldi, synthesized
speech, and images of the vocabulary items.
The visual images were imported to create
the vocabulary-training and program in
which parts of the visual image were
associated with spoken words or phrases.
Figure 5 shows a view of the screen in a
prototypical application.

In this application, the students learn
to identify prepositions such as inside, next
to, in front of, etc. Baldi asks the student to
“click on the bear inside of the box”. An
outlined region in orange designates the
selected region. The faces in the left-hand
corner of the figure are the “ stickers’, which
show a happy or a sad face as feedback for
correct and incorrect responses. Processing
information presented via the visua
modality reinforces learning (Courchesne, et
a. 1994) and is consistent with the
TEEACH (Schopler et al., 1995) suggestion
for visually presented material for educating
children with autism.



Figure5. A prototypical Vocabulary Wizard
illustrating the format of the tutors. Each
application contains Baldi, the vocabulary items
and written text and captioning (optional), and
“stickers’. In this application the students learn
to identify prepositions. For example, Baldi says
"show me the bear inside of the box". The
student clicks on the appropriate region and
visual feedback in the form of stickers (the
happy and sad faces) are given for each response

All of the exercises required the
children to respond to spoken directives
such as “click on the little chair”, or “find
the red fox”. These images were associated
with the corresponding spoken vocabulary
words (see appendix for vocabulary
examples). The items became highlighted
whenever the mouse passed over that region.
The student selected his or her response by
clicking the mouse on one of the designated
areas.

The Vocabulary Wizard consists of
5 application modules. These modules are
pretest, presentation, perception practice,
production, and post-test. The Wizard is
equipped with easily changeable default
settings that determine what Baldi says and
how he says it, the feedback given for
responses, the number of attempts permitted
for the student per section, and the number
of times each item is presented. The
program automatically creates and writes all
student performance information to alog file
stored in the student’ s directory.

6.1.1 Research on the educational impact
of animated tutors:
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Research has shown that this
pedagogical and technological program is
highly effective for both children with
hearing loss and children with autism.
These children tend to have major
difficulties in acquiring language, and they
serve as particularly challenging tests for the
effectiveness of our pedagogy. There are
recent research reports on the positive
results of employing our animated tutor to
teach both children with hearing loss
(Barker, 2002) and children with autism
(Bosseler & Massaro, 2002).

Improving the vocabulary of hard of hearing
children

It is well-known that hard of hearing
children have sdignificant deficits in
vocabulary knowledge. In many cases, the
children do not have names for specific
things and concepts. These children often
communicate with phrases such as “the
window in the front of the car,” “the big
shelf where the sink is,” or “the step by the
street” rather than “windshield,” “counter,”
or “curb” (Barker, 2002, citing Pat Stone).
The vocabulary player has been in use at the
Tucker Maxon Oral School in Portland,
Oregon, and Barker (in press) evaluated its
effectiveness. Students were given cameras
to photograph objects a home and
surroundings. The pictures of these objects
were then incorporated as items in the
lessons. A given lesson had between 10 and
15 items. Students worked on the items
about 10 minutes a day until they reached
100% on the posttest. They then moved on
to another lesson. About one month after
each successful (100%) posttest, they were
retested on the same items. Ten girls and
nine boys the “upper school” and the “lower
school” participated in the applications.
There were six deaf children and one
hearing child between 8 and 10 years of age
in the lower school. Ten deaf and two
hearing children, between 11 and 14 years of
age, participated from the upper school.

Figure 6 gives the results of these
lessons for the children. The results are
given for three stages of the study: Pretest,
Posttest, and Retention after 30 days. The



items were classified as known, not known,
and learned. Known items are those that the
children already knew on the initial pretest
before the first lesson. Not known items are
those that the children did not know, as
evidenced by their inability to identify these
itemsin theinitial pretest. Learned items are
those that the children identified correctly in
the posttest. Similar results were found for
the younger age group. Students knew about
one-half of the items without any learning,
they successfully learned the other half of
the items, and retained about one-half of the
newly learned items when retested 30 days
later. These results demonstrate the
effectiveness of the language player for
learning and retaining new vocabulary.

Evaluation of the Vocabulary Tutor
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Figure 6. Results of word learning at the Tucker-
Maxon Oral School using the vocabulary
Wizard/Tutor. The results give the average
number of words that were already known, the
average number learned using the program, and
the average number retained after 30 days. This
outcome indicates significant vocabulary
learning, with about 55% retention of new words
after 30 days. Results from Barker (2002).

6.1.1.1 Improving the vocabulary of
children with autism

Autism is a spectrum disorder
characterized by a variety of characteristics,
which usually include perceptual, cognitive,
and social differences. Among the defining
characteristics of autism, the limited ability
to produce and comprehend spoken
language is the most common factor leading
to diagnosis (American  Psychiatric
Association, 1994). The language and
communicative deficits extend across a
broad range of expression (Tager-Flusberg,
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1999). Individual variations occur in the
degree to which these children develop the
fundamental lexical, semantic, syntactic,
phonological, and pragmatic components of
language including those who fail to develop
one or more of these elements of language
comprehension and production.

Approximately one-half of the
autistic population fails to develop any form
of functional language (Tager-Flusberg,
2000). Within the population that does
develop language, the onset and rate at
which the children pass through linguistic
milestones are often delayed compared to
non-autistic children (e.g. no single words
by age 2 years, no communicative phrases
by age 3) (American Psychiatric
Association, 1994). The ability to label
objects is often severely delayed in this
population as well as the deviant use and
knowledge of verbs and adjectives. Van
Lancker et. a. (1991) investigated the
abilities of autistic and schizophrenic
children to identify concrete nouns, non-
emotional  adjectives, and emotiona
adjectives. The results showed that the
performance of children with autism was
below controlsin al three areas.

Despite the prevalence of language
delays in autistic individuals, formalized
research has been limited, partly due to the
social challenges inherent in this population
(Tager-Flusberg, 2000). Intervention
programs for children with autism typically
emphasize  developing  speech  and
communication skills (eg. TEEACH,
Applied Behavioral Analysis). These
programs most often focus on the
fundamental lexical, semantic, syntactic,
phonological, and pragmatic components of
language. The behavioral difficulties speech
therapists and instructors encounter, such as
lack of cooperation, aggression, and lack of
motivation to communicate, create difficult
situations that are not optimal for learning.
Thus, creating motivational environments
necessary to develop these language skills
introduces many inherent obstacles (Tager-
Flusberg, 2000).

In this study (Bosseler & Massaro,
2002), the Tutors were constructed and run



on a 600 MHz PC with 128 MB RAM hard
drive running Microsoft Windows NT 4
with a Gforce 256 AGP-V6800 DDR
graphics board. The tutorials were
presented on a Graphic Series view Sonic
20" monitor. All students wore a Plantronics
PC Headset model SR1. Students completed
2 sessions a week, a minimum of 2 lessons
per session, and an average of 3, and
sometimes as many as 8. The sessions lasted
between 10 and 40 minutes. A total of 559
different vocabulary items were selected
from the curriculum of both schools for a
total of over 84 unique vocabulary lessons.
A series of observations by the experimenter
(AB) during the course of each lesson led to
many changes in the program, including the
use of headsets, isolating the student from
the rest of the class and removal of negative
verbal feedback from Baldi (such as, “No,
(user) that's not right”. The students
appeared to enjoy working with Baldi. We
documented the children saying such things
as “Hi Baldi” and “I love you Baldi”. The
stickers generated for correct (happy face)
and incorrect (sad face) responses proved to
be an effective way to provide feedback for
the children, athough some students
displayed frustration when he or she
received more than one sad face. The
children responded to the happy faces by
saying such things like “Look, | got them all
right’, or laughing when a happy face
appeared. We also observed the students
providing verba praise to themselves such
as “Good job’, or prompting the
experimenter to say “Good job” after every
response. For the autistic children, severa
hundred vocabulary tutors were constructed,
consisting of various vocabulary items
selected from the curriculum of two schools.
The children were administered the tutorial
lessons until 100% accuracy was attained on
the posttest module. Once 100% accuracy
was attained on the final posttest module,
the child did not see these lessons again until
reassessment approximately 30 days later.
Figure 7 shows that the children
learned many new words, grammatical
constructions, and concepts, proving that the
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language tutors are a valuable learning
environment for these children.

Evaluation of Vocabulary Tutor
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Figure 7. The mean observed proportion of
correct identifications for the initial assessment,
final posttest and reassessment for each of the
seven students. Student 8 was omitted form this
analysis because he |eft the program before we
began reassessment. The results reveal these
seven students were able to accurately identify
significantly more words during the
reassessment than the initial assessment.

In order to assess how well the children
would retain the vocabulary items that were
learned during the tutorial lesson, we
administered the assessment test to the
student at least 30 days following the final
posttest. As can be seen in Figure 8, the
students were able to recall 85% of the
newly-learned vocabulary items at least 30
days following training.

Although al of the children
demonstrated  learning  from  initial
assessment to fina reassessment, the

children might have been learning the words
outside of our program, for example, from
speech therapists, at home, or in their school
curriculum.  Furthermore, we questioned
whether the vocabulary knowledge would
generalize to new pictorial instances of the
words. To address these issues we
conducted a  second experiment.
Corroborating with the children’ s instructors
and speech therapists, we gathered an
assortment of vocabulary words that the
children supposedly did not know. We used
these words in the Horner and Baer (1978)
single subject multiple probe design. We



randomly separated the words to be trained
into three sets, established individual pre-
training performance for each set of
vocabulary items, and trained on the first set
of words while probing performance for
both the trained and untrained sets of words.

Student 1

Pretraining Posttraining

1.00

040 Fi

O O O

=
[}

Proportion Correct
E B

Session

Figure 8. Proportion correct during the
Pretraining, Posttraining, and Generalization for
one of the six students. The vertical lines
separate the Pretraining and Postraining
conditions. Generalization results are given by
the open squares. See text for additional details.

Once the student was able to attain
100% identification accuracy during a
training session, a generalization probe to
new instances of the vocabulary images was
initiated. If the child did not meet the
criterion, he or she was trained on these new
images. Generalization training continued
until the criterion was met, at which time
training began on the next set of words.
Probe tests continued on the original |earned
set of words and images until the end of the
study. We continued this procedure until the
student completed training on all three sets
of words. Our goal was to observe a
significant increase in identification
accuracy during the post-training sessions
relative to the pre-training sessions.
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Figure 9 displays the proportion of
correct responses for atypical student during
the probe sessions conducted at pre-training
and post-training for each of the three word
sets. The vertical lines in each of the three
panels indicates the last pre-training session
before the onset of training. Some of the
words were clearly known prior to training,
and were even learned to some degree
without training. As can be seen in the
figure, however, training was necessary for
substantial learning to occur. In addition, the
children were able to generalize accurate
identification to four instances of untrained
images.

The goal of these investigations was
to evaluate the potential of using a
computer-animated talking tutor for children
with language delays. The results showed a
significant gain in vocabulary. We also
found that the students were able to recall
much of the new vocabulary when
reassessed 30 days after learning. Followup
research showed that the learning is indeed
occurring from the computer program and
vocabulary knowledge can transfer to novel
images.

We believe that the children in our
investigation profited from having the face
and that seeing and hearing spoken language
can better guide language learning than
either modality alone. A direct test of this
hypothesis would involve comparing
learning with and without the face. Baldi can
actually provide more information than a
natural face. He can be programmed to
display a midsagital view, or the skin on the
face can be made transparent to revea the
internal articulators. The orientation of the
face can be changed to display different
viewpoints while speaking, such as a side
view, or a view from the back of the head
(Massaro, 1999). The auditory and visual
speech can also be independently controlled
and manipulated, permitting customized
enhancements  of the  informative
characteristics of speech. These features
offer novel approaches in language training,
permitting one to pedagogically illustrate
appropriate articulations that are usually
hidden by the face. More generdly,



additional research should investigate
whether the influence of several modalities
on language processing provide a productive
approach to language learning.
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Abstract

The paper describes the design and
implementation of an XMIL-based
corpus environment for multilevel
annotated multimodal (language)
data. The TASX-environment
(TASX: Time Aligned Signal data
eXchange format) constitutes a
technical basis for all aspects of
the corpus setup procedure: XML-
based annotation of the multimodal
data, transformation of non XML-
annotations, and the web-based
analysis and dissemination of the
data.

1 Introduction

In this paper we describe ongoing research in
the design and implementation of an XML-
based corpus environment for complex anno-
tated multimodal data.

The development of the corpus environ-
ment complements the LeaP! project, which
explores the acquisition of prosody by both
second language learners of German and En-
glish. In a period of two years a large set of
audio and video recordings of second language
learners’ speech will be made and phonolog-
ically annotated. In addition, the form and
function of gestures in non-native speech are
analysed. It is hypotheized that transfer and
interference from the native language as well
as an adapted variability and frequency of
gestures will occur. The alignment of gestures
with prosodic features will be explored.

Yhttp://www.spectrum.uni-bielefeld.de/LeaP/

From the collected data an XML-annotated
multimodal corpus will be set up. The im-
plementation model of the corpus engine is
based on a client/server approach. For per-
formance reasons the XML-annotated data
can be stored in a relational database. The
XSL-T-based transformation of the data is a
server sided process. The TASX-environment
presented here supports the complete corpus
setup procedure: XML-based annotation of
raw speech and video data, the transforma-
tion of non XML-data and the analysis and
dissemination of the corpus.

The paper is organized in four sections.
The underlying XML-based TASX format is
explained and the components of the TASX-
environment will be described in more detail.
Finally, a short conslusion will be given.

2 The TASX format

A central aspect of our research is to explore
up to which point current standard XML
technology (XML, XSL-T, XSL-FO, XPATH,
SVG, XQUERY) can be used to model multi-
modal corpora, to transform, query and dis-
tribute the content of such corpora and to per-
form adequate linguistic analysis. As a result,
all linguistic data in our system is stored in
an XML-based format called TASX: the Time
Aligned Signal data eXchange format.

A TASX-annotated corpus consists of a
set of sessions, each one holding an arbi-
trary number of descriptive tiers, called lay-
ers. FEach layer consists of a set of sepa-
rated events. Each event stores some tex-
tual information (e.g. a syllable or a hand-
form) and is linked to the primary audio data
by two time stamps denoting the interval of
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this event. Relations between events on dif-
ferent tiers can be encoded by defining links
using the ID/IDREFS mechanism of XML.
This is similar to the approach of stand-off
markup as proposed by MATE (Dybkaer et
al., June 1999), respectivly NITE (Carletta
et al., 2002).

Finally, arbitrary meta-data can be as-
signed to the complete corpus, each session,
each layer and each event. It might be sen-
sible to extend the meta data description in
a way that tree structured data can immedi-
ately be described by XML annotations. Cur-
rently we rather use the simpler version with
linear structure. The following DTD frag-
ment formalizes the TASX format:

<!-- corpus data -->
<!ELEMENT tasx (meta*,session+)>

<!ELEMENT session (meta*,layer+)>
<!ELEMENT layer (meta*,event+)>
<!ELEMENT event (#PCDATA,metax)>

<!-- meta data -->
<!ELEMENT meta (desc*)>
<!ELEMENT desc (name,val)>
<!ELEMENT name (#PCDATA)>
<!ELEMENT val (#PCDATA)>

<!-- atributes -->
<VATTLIST session
s-id CDATA #REQUIRED
day CDATA #REQUIRED
ref IDREF #IMPLIED
month CDATA #REQUIRED
year CDATA #REQUIRED>

<!ATTLIST layer
1-id CDATA #REQUIRED
ref IDREF #IMPLIED>

<VATTLIST event
e—-id CDATA #REQUIRED
start CDATA #REQUIRED
end CDATA #REQUIRED
ref IDREF #IMPLIED
mid CDATA #IMPLIED
len CDATA #IMPLIED>

<!'ATTLIST meta
m-id CDATA #REQUIRED
ref IDREF #IMPLIED
access CDATA #IMPLIED
level CDATA #IMPLIED>
Despite of its simplicity, the TASX-format
is powerful enough to encode most of the cor-
pus annotation formats currently in use. In-
deed a number of format transformation pro-

gramms have been implemented. For exam-

ple, in order to reconstruct the equivalent an-
notation graphs (Bird and Liberman, 1999)
representation of a TASX annotated corpus,
one only has to collect the time stamps en-
coded in the start and end attributes of the
event tags, sort them and then produce the
timeline. Finally the time stamps of the
events have to be replaced by references to
the timeline.

Currently a number of annotation tools are
under development (e.g. Elan (Brugman and
Wittenburg, 2001), AGTK (Bird et al., 2001),
Anvil (Kipp, 2001), Exmaralada (Schmidt,
2001)), each of them designed for a specific
target audience. Most of the tools are using
Java as an implementation base and encode
the linguistic data in a comparable way as
proposed here (XML-based, using time spans
to mark events, separating meta-data and
content). As a result it becomes relativly easy
to convert/generate TASX-annotated corpora
into/from these formats.

2.1 The TASX-annotator and the
corpus engine

The complete TASX-environment consists of:

e tools for the annotation of empirical lan-
guage data (video and audio material),

e a simple meta-data editor

e programs for the transformation of var-
ious formats of linguistic standard soft-
ware (Transcriber, Praat, ESPS/waves+,
SyncWriter, Exmaralda etc.)

e a set of programs for linguistic analysis
of the TASX-annotated data, and

e a corpus system for the distribution of
language data via the internet, including
interactive corpus query and multimodal
data display in a standard web browser.

In the following sections these modules will
be described in more detail (see also (Milde
and Gut, 2001), (Milde and Gut, 2002)).
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Figure 1: A screenshot of the TASX-
annotator. In the bottom half, the main panel
is visible, where the time aligned tier view
has been selected. On top of the main win-
dow, the font selection panel is visible (show-
ing some IPA characters). Above it, the find
tool is shown. In the upper left corner the
video display can been seen.

2.2 The TASX-annotator

The TASX-annotator is a central component
of the TASX-environment. The tool allows
the multilevel annotation and transcription of
video (multi-channel) and audio data (see fig-
ure 1).

The programm is very user friendly and
can be used without a high level of computer
skills. It is possible to completely control the
tool by either mouse or by keyboard short-
cuts.

Video and audio playback can be controlled
by a foot switch. Different data views are
programmed (time-aligned partiture, word-
aligned partiture, sequential text view) to
make annotation as effective as possible.
The time aligned view is organized as a two
dimensinal grid of infinite size. A layer is pre-
sented as a horizontal tier of events. The
order of the layers is arbitrary and can be
changed instantly. The user is able to de-
fine time intervals by dragging the mouse.
Each time interval represents an event. The
event is displayed as a graphical box which
can be selected and moved with the mouse.
The content of an event is entered in an ad-
ditional text field. Any (unicode) font (e.g.
IPA fonts, HamNoSys fonts etc.) available

for the operating system can be used for the
transcription. The user can choose font and
fontpage from a table displaying all charac-
ters of the selected font. It is also possible
to define a virtual keyboard which maps the
given keystrokes to arbitrary characters of the
target font.

A separate video playback window will be
opened up for each video file making it possi-
ble to e.g. display multiple perspectives of the
same scene. The video playback is synchro-
nized with the transcription. For audio tran-
scriptions an oszillogram is calculated and is
displayed inside the main window.

In the text view the data can be manip-
ulated in a standard text editor panel. The
content of the editor represents the layer and
each line represents an event. A list selec-
tion box allows switching between different
layers. It is possible to transfer text from
standard text editors, e.g. Microsoft Word,
by cut and paste operations. In order to ad-
ditionally speed up the transcription process,
a word completion function has been imple-
mented for the text view. Entering the ini-
tial letter of a word and consecutively pressing
CTRL+L will bring up all words starting with
this letter. Once the text is tranferred into
the TASX-annotator, the events still have to
be aligned with the primary audio and video
data. Switching back to the time aligned view
and moving the events with the mouse makes
this task quite simple.

In the partiture view the data cannot be
edited. In practice this means that the data
is transformed into an HTML table and then
displayed to the user. A number of different
HTML formatted views have been designed.
The views can also be saved to external files
and loaded into standard web browsers.

One potential strength of the TASX-
annotator is its manner of handling the ex-
port/import of XML based information. A
standard way of solving this problem would
be the implementation of a set of format spe-
cific XML parsers which construct the inter-
nal representation (e.g. JDom) of the XML
file. While powerful integrated development
systems such as Sun’s Forte for Java make the
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design of such XML handlers simpler, it still
remains a complex task to implement such
a parser. In the TASX-annotator we follow
a different approach. The system integrates
an XSL-T processor (saxon), making it easy
to perform on the fly data transformations.
The import of an XML-file is split into two
steps: first an XSL-T stylesheet transforms
the XML file into TASX, second another XSL-
T stylesheet will transform the TASX file into
a simple text oriented format. This format
can be loaded efficiently.

A crucial problem when setting up larger
corpora are inter anotator transcription er-
rors. While the TASX-annotator is designed
to be used by a single person, it still provides
a number of routines to combine (merge), con-
trol and align annotations created by a larger
team of people. We do not integrate more
complex control functions. This contradicts
our approach of clearly separating corpus cre-
ation from corpus analysis.

2.3 Transcoding tools

The development of tools for the TASX-
environment is based on the concept that a
re-implementation of functionalities already
available in other language and speech pro-
cessing software is not necessary. Estab-
lished software systems such as Praat or
ESPS/waves+ do not need to be duplicated.

TASX ‘ import ‘ export
Annotation graphs XSL-T XSL-T
Exmaralda XSL-T/Java Java/XSL-T
HTML-table - XSL-T
HTML-partiture - XSL-T
RTF - XSL-T/Java
Anvil XSL-T -
Praat-label Perl/XSL-T XSL-T
ESPS-label Perl XSL-T
ESPS-freq Perl/XSL-T/Java XSL-T
SyncWriter Perl -
Table 1: List of currently implemented

transcoding tools. The table shows the pro-
gramming languages used to implement the
transcoders.

The TASX-environment therefore focuses

on the development of transcoding filters from
and into various formats. These include:
Praat/freq, Praat/label, ESPS/waves+,
ESPS/F0-analysis, Transcriber, annotation
graphs stored in XML, SyncWriter and basic
text formats (see table 1). In addition, filters
for data import and export of the Exmaralda
system (Schmidt, 2001) are available. Most
of these components are implemented in Java,
transformations are defined in XSL-T and a
smaller number of additional tools is written
in Perl (mainly to transform non-XML data).

2.4 Pause tracker

To speed up the annotation process a pause
tracking programm has been developed. The
programm separates speech from pauses and
generates a TASX annotated XML document
with two tiers, one holding all pause events,
the other one holding all speech events.

The tracker uses Praat (Boersma, 2001) to
perform the actual speech analysis. It simply
calculates the pitch curve of the audio signal.
If no pitch is detected, then non-speech is as-
sumed, otherwise speech. In a second step,
the results of this classification are combined
to continuous stretches of pauses/speech. Fi-
nally the TASX conformant output is gener-
ated.

The pause tracker has shown to work quite
reliably on a set of recording in different lan-
guages (Japanese, English, German, Sater-
friesisch, French, Ega). Even if tracking is
far from perfect, the human annotator gets
a good pre-segmentation of the signal. This
allows to move very quickly through the file,
possibly performing minor adjustments to the
boundaries or combining a set of separated
events of one speaker.

While the pause tracker gives good results
when doing conversational analysis it is not of
much help for fine grained phonetic research.
Here a tracking system for vowels and conso-
nants would be very useful. Garcia et.al. are
working on such a system (Garcia et al., 2002)

2.5 The corpus system

The main function of the corpus system con-
stitutes the internet-based dissemination of
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the corpus data. With the currently imple-
mented interface it is also possible to inspect
and query the speech corpus, to listen to the
audio material and to display the graphic rep-
resentation of the waveforms in a standard
web browser. We make use of the built-in fea-
tures of the web browser here. Furthermore,
the PAX-tools (Gibbon and Trippel, 2001) for
displaying the intonation contour, the inten-
sity and the spectrogram of the selected re-
gions in the audio file can be integrated.

When playing back the sound file, both
the audio parts and the waveform images
are generated automatically by a small Java
servlet program. The servlet parses the XML-
annotated corpus, extracts the time stamps of
the relevant events and then cuts out the cor-
responding parts of the original sound file.

The corpus system is split into two larger
subcomponents: the information pool and the
corpus engine (see figure 2). The information
pool stores the primary data (raw audio data)
as well as the XML-annotated transcriptions
of the audio files. The corpus engine consists
of five subsystems:

1. Web-client: the interactive user interface
is completly defined to run in a stan-
dard web browser. We are using HTML-
query forms which activate services on
the server side to generate XSL-T-filters
processing the data. Waveforms are dis-
played using SVG. This will allow the
user to select parts of the sound signal
and to perfom more complex phonetic
analyses.

2. Web-server: the web server distributes
the corpus information in several stan-
dard formats (XML, HTML, PDF, SVG,
WAV).

3. Servlet-engine: the servlet engine acti-
vates the suitable services on the server
side (transformation of XML-annotated
data, on-the-fly phonetic analysis, gener-
ation of graphics).

4. Servlets: a set of TASX/XML-aware
servlets are used to transform the data
in numerous ways: generating HTML to

Corpus-Engine
Information-Pool Internet Explorer
e = .
{512} Web Client
Raw Audio URL /GGl /SERVLET HIVL /XML /POF
Data EMBEDDED SQL. GF [ WAV /SVG
Sampdpache
Web Server
Ry wms
[ | Saxon o
=[] XSLT Processor
e R ——
fesly | Fop
TASX 5| | XSL-FO Processor
—T> ResutiSet
XML-annotated [ss], | Cut-Audio <— [ wsQL MysqL
Corpus Java-Servlet > | Rel 1 DBMS
T

QL UDBC) LY
|

Comma separated st

Figure 2: The system architecture of the cor-
pus system. The corpus system is split into
two subsystems: the information pool (left)
storing the TASX-annotated data and the
corpus engine (right) distributing the data
over the internet.

be displayed in the browser, generating
PDF to be printed out, generating wave-
files and images of the waveforms. XSL-
T and XSL-FO are used to perfom the
transformations. The servlets have ac-
cess to the information pool and the re-
lational database.

5. Relational database: in order to im-
prove the system performance, the XML-
annotated corpus data is stored in a
relational database. The database ba-
sically replaces a standard file system.
An XSL-T-program translates the XML-
annotated corpus data into a suitable for-
mat for the DBMS.

The implementation of the corpus system is
based on open source software. The TASX-
annotator is a pure Java application; all other
tools are smaller XSL-T and perl scripts. Asa
result, the complete TASX-environment runs
on Windows and Unix platforms. The soft-
ware will be distributed under GPL and can
be downloaded from our website?.

2.6 Statistical analysis

In the inital design phase of the TASX system
we planned to implement the statistical anal-
ysis in XSL-T and Java. Indeed, a number of
smaller programs have been realized in this

*http://coli.lili.uni-bielefeld.de/~milde/tasx/
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technique. Unfortuneatly it quickly became
evident, that XSL-T is not suited to perform
such calculations on larger sets of data. It
lacks high precision arithmetic functions and
consumes to much memory. When using ex-
ternal Java functions, a large number of data
conversions have to take place. Also the re-
sulting code is very hard to read and debug.

Instead we have chosen to use the R sys-
tem, an open source implementation of the
S-Plus statistics language (Thaka and Gentle-
man, 1996), (Venables and Ripley, 1999). R
implements all major statistical tests and cal-
culations and is equipped with a large num-
ber of high level graphic routines to generate
visually informative presentations of the re-
sults. Even more important it includes effi-
cient input/output routines to load and save
semistructured data (either XML-annotated
or plain ascii text).

3 Conclusions

Despite the early stage of the research the
TASX-based approach has already proved to
be highly efficient and reliable. The time
consuming task of segementing speech data
is partially substituted by automatic anal-
ysis. In the automatic transformation pro-
cess from non-XML to XML-annotated data
a number of errors in the human annota-
tions can be detected. Furthermore, due to
the highly structured format of the TASX-
converted data more complex research ques-
tions can be investigated in a systematic way.

The very good availabilty of XML aware
software and tools enabled us to develop
a powerful linguistic environment in a very
short time. Even more important, the TASX-
annotated data can be transformed into large
number of different formats. The will hope-
fully lead to the creation of linguistic re-
sources which can be used over a long period
of time by different researchers with a wide
range of scientific goals.
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Task-based multimodal dialogs

Dave Raggett, W3C/Openwave

Abstract

A model is presented for representing web-based multimodal dialogs as sets of prioritized tasks. This
is motivated by an analysis of VoiceXML and requirements for richer natural language interaction.
The model facilitates mixed initiative across a set of narrow application focussed domains.

Introduction

Setting the scene - my role in the web - the restricted nature of current voice-based human-machine
dialogs - examples of aricher interaction style - the need for humility in the face of human
intelligence - the opportunity for a modest extension in dialog capabilities.

| have been involved in the Web for many years, helping to drive the development of
standards for HTML, HTTP and more recently work on voice browsing and multimodal
interaction. HTML has enabled people to access content and services right across the world
at the click of a button. HTML has been used to create arich visual experience, but is not
well suited for aural interaction. Work on aural style sheets has made it possible to style
HTML when rendered to speech in combination with keyboard input, but the prevalence of
table-based visual markup has made it difficult for people with visual impairments to easily
browse visual web content. A better solution would help all of us when thereis aneed for
hands and eyes free operation, or when we don't have access to a computer. At the time of
writing there are well over abillion phones world-wide, could these be adapted to provide an
effective means to access Web services? An affirmative answer would have a dramatic
impact on the Web.

Speech Interaction

Speaker dependent speech recognition has been used for several years in dictation products,
e.g. Scansoft's Dragon Dictate and IBM's ViaVoice. These products require the user to train
the system to their voice to attain an adequate level of accuracy. More recently, speaker
independent continuous speech recognition software has become available. Thisis made
possible by using context free grammars to dramatically constrain the recognition task. The
user is conditioned to respond within the scope of the grammar via carefully chosen prompts.
This can be combined with word or phrase spotting techniques.

The need to write speech applications as complex programsis a powerful inhibitor for would
be developers. As aresult, a number of companies began to explore the use of markup asa
means to reduce the effort needed from application developers. Some examplesinclude,

PML from AT&T and Lucent, SpeechML from IBM, VoxML from Motorola, and my own
work at HP Labs on TakML. These have focussed on menuing and form filling as metaphors
for user interaction. AT& T, Avaya, Lucent and Motorola subsequently pooled their efforts to
merge their experience into ajoint design for a new language called VoiceXML, Thiswork
was later picked up by W3C's Voice Browser working group and supplemented by additional
work on markup specifications for speech grammars and speech synthesis, drawing upon
work by Sun Microsystems.
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Learning from VoiceXML

The successful features, e.g. navigation links (main menu), form filling metaphor, tapered prompts,
barge-in, traffic-lights model for confirmations. Flexibility through a judiscious mix of declarative
and procedural elements. Mixed initiative in VoiceXML.

VoiceXML is being successfully deployed by wireless and wireline telephone network
operators, and by companies for various kinds of call centers. A tutorial on VoiceXML is
available on the W3C site. Users dia up to connect to a voice browser running aVoiceXML
interpreter. Thisin turn contacts a web server to request the corresponding VoiceXML
document. An application may extend across several VoiceXML documents. Developers are
comfortable with markup and exploit their skills at dynamically generating markup on the
fly, and providing for adivision of labor between web servers and backend application
servers.

Talephone wWoice KL Consuner or
Interpreter Corporate veb site

Carrier . C e

VoiceXML supports global navigation links and form filling via the <link/> and
<form>...</form> elements. VoiceXML supports the use of grammars for both speech
recognition and DTMF (touch tone) input. For forms you can set form-level and field-level
grammars. The results of speech recognition are treated either as activating alink or as
setting the values of one or more named variables. There is no explicit model of dialog
history. VoiceXML offers ajudiscious mix of declarative and procedural features, with the
ability to use ECMA Script for dynamically computed attribute values, and the ability to
define event handlersin various scopes.

Different styles of interaction

VoiceXML applications are generally based upon a system directed dialog where the
application does most of the talking and the user responds with short simple utterances. As an
example, hereis afictious application for ordering pizza: [play it]

Conputer: Wl cone to Joe's Pizza ordering service
Conputer: Sel ect pizza size fromlarge, nmediumor snmall?

User: |arge
Conput er: what nunber of these pizzas do you want?
User: two

Conputer: Select first topping fromnozzarella, pepperoni and anchovi es?
User: nozzarella

Conputer: Do you want another topping, yes or no?

User: yes

Conput er: Sel ect second topping from nozzarella, pepperoni and anchovi es?
User: pepperon

Conputer: Do you want any other pizzas, yes or no?
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The prompts are designed to €licit very simple responses, thereby avoiding the difficulties of
dealing with al the possible variations in responses such as "yeah sure, | er would like large
pizzas'. If the user doesn't answer in areasonable time, the application repeats the prompt,
perhaps rewording it. If the answer doesn't match the grammar, the application provides
guidance, for example:

Conput er: what nunber of these pizzas do you want?

User: | reckon two would do the job
Conput er: please say the nunber on its own
User: two

Conputer: Select first topping fromnozarella, pepperoni and anchovies?

The dialog gets the job done, but is very rigid. With larger grammars, a more natural
interaction style becomes possible, for example: [play it]

Conputer: Wl cone to Joe's Pizza

Conput er: What woul d you |ike?

User: | would like two |arge pizzas with nozzarella and one small pizza
wi th tomat oes and anchovi es

Conputer: would you like any drinks with that?

User: Sure, 3 large diet cokes, oh and add pepperoni to the |arge pizzas
Conputer: Is that all?

User: yes

Conputer: Ckay, that will be ready for you in 5 mnutes

User: thanks

In this example, the application starts with an open ended prompt. The context should be
sufficient to guide the user to respond within the domain defined by the application. If the
user's response can't be understood, the application provides guidance. Word spotting can be
used as part of this process, where the presence of particular words triggers particular
behaviors.

The example involves a structured data model going beyond the limits of flat lists of
name/value pairs. The user's second response modifies information provided in the first
response, necessitating some kind of query against the current state of the application data.
This is something that would be hard to do with VoiceXML.

Multimodal dialogs

Visual interfaces based upon HTML are event driven and controlled by the user. Thisisvery
different from the system directed dialogs prevalent with VoiceXML. Microsoft's SALT
proposal extends HTML to trigger speech prompts and activate speech grammarsviaHTML
events, such as onload, onfocus, onmouseover and onclick etc. The results of speech
recognition are handled in two steps. Thefirst isfor the recognizer to apply the speech
grammar to the spoken utterance to create an annotated XML representation of the parse tree.
The second step isto use an XPath expression to extract datafrom this tree and to insert it
into a named variable.
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SALT doesn't provide much in the way of declarative support for dialogs. Asaresult SALT
applications tend to involve plenty of scripting. By contrast, VoiceXML is reasonably good
for representing dialogs, but poor when it comes to event driven behavior. What is needed is
adialog model that supports the best of both approaches.

W3C's work on multimodal interaction aims to support synchronization across multiple
modalities and devices with awide range of capabilities. The vision of a multimodal

interface to the Web in every pocket calls for an architecture suitable for low end devices.
This necessitates a distributed approach with network based servers taking on tasks which are
intensive in either computation, memory or bandwidth. Examples include speech recognition,
pre-recorded prompts, speech grammars, concatenative speech synthesis, rich dialogs and
natural language understanding.

W3C's vision of multimodal aso includes the use of electronic ink as produced by a stylus,
brush or other tool. IBM, Intel and Motorola have proposed an XML format for transferring
ink across the network. This would enable the use of ink for text input, for gestures used asa
means of control, for specialized notations such as mathematics, music and chemistry, and
for diagrams and artwork. Ink is not restricted to flat two dimensional surfces, and in
principle can be applied to curved surfaces or three dimensional spaces. It isthus agoal for
multimodal dialog frameworks to address the use of ink.

Mixed domains: Personal Assistants

Commercial offerings like General Magic's "Portico” and Orange's "Wildfire" provide users
with personal assistants that allow you to browse mail boxes, listen to messages, compose
and send messages, dial by name from your contact list, request and review appointments,
listen to selected news channels and so forth.

This notion of a personal assistant can be considered as a group of intersecting application
subdomains. In current systems, users are required to remember a set of navigation
commands that move you from one subdomain to another. In some systems you have to say
"main menu" to return to the top-level before issuing the command to move to the next
subdomain of interest. A richer dialog model should allow you to move naturally between
different subdomains without such restrictions.

VoiceXML supports the dialog model where you have permanently active navigation
commands, together with task specific form filling dialogs, only one of which is active at any
given time. It seems natural to consider a more flexible model whereby many tasks can be
active at the same time, and waiting for the user to say something relevant to that task.
Perhaps we can define atask based architecture as an evolutionary step beyond VoiceXML?

A task based architecture for multimodal dialogs

Navigation links and form fields in VoiceXML can be seen as examples of a more general notion of
tasks, and suggests an approach involving a dialog interpreter that supports sets of active and
pending tasks, where each task has a name and a priority ...

The previous sections have established the motivation for studying a more elaborate model

for multimodal dialogs. Such a model doesn't spring fully formed out of the blue, so what
follows should be considered as a preliminary sketch. Let's start with some ideas about tasks:
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tasks triggered by voice commands where the corresponding grammar is active for long
periods

taskstriggered by graphical user interface events, such as moving the pointer over some
field, clicks on links, key presses, or recognized gestures based upon stylus movements
taskstriggered by atimer, based upon specified offsets from other events, using the
model established in W3C's SMIL specification

tasks related to the current dialog focus, for instance, collecting information needed to fill
out aform, this generally involves aturn-taking model, asin VoiceXML'sfields

tasks that ask the user to confirm or repeat something that wasn't heard reliably — you
would normally ask the user to say it differently to increase the chances of success

tasks that follow links, change the dialog focus, change the application state, or other
actions, for instance handling a request for a prompt to be repeated, or arequest for help
tasks that create new tasks, terminate current tasks, or which change the priority of other
tasks

hierarchically structured tasks, where one task delegates work to subsidiary tasks, it
creates for that purpose

re-usable tasks involving awell defined interface and information hiding (VoiceXML
subdialogs)

To make it easier for application developers, tasks should be represented declaratively. In the
context of the Web this suggests markup. For instance, you could specify atask that is
triggered by a mouse click, but which is only active between specified start and stop
conditions. The corresponding markup could be derived from W3C's SMIL and XML Events
specifications. The means to express actions will be discussed below following a
consideration of how to approach natural language understanding.

To alow for richer voice interaction, areasonable premise is for multiple grammars to be
active at any time, and corresponding to different tasks. When the user says something that
matches an active grammar, the utterance is handled by the task associated with that
grammar. What if the utterance matches several grammars? This could happen because more
than one task has activated the same grammar, or more likely, because the recognizer isn't
quite sure what the user said. The solution isto prioritize tasks. The priorities can then be
taken into account as part of the recognition process and combined with the recognition
uncertainties to determine the most likely interpretation.

Natural language understanding

Thisis perhaps the most tricky areato deal with due to our very incomplete understanding of
how the human brain operates. Language carries information at multiple levels and assumes a
huge amount of knowledge about the world. Common sense is easy for people but intractable
for machines, at least at the current state of technology. To get anywhere, it iscritical to
dramatically constrain natural language understanding to a narrow areathat is amenable to a
mechanical treatment, and within the scope of application developers.

The output from recognizers
Speech grammars define the set of expected utterances and are used to guide the recognizer.
The output from the recognizer can be defined as an annotated natural language parse tree

represented in XML. By defining the ouput of the recognizer as the most likely parse tree,
there is a considerable loss of information compared with that available to the recognizer
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itself. Thisisatrade-off. A simplified representation makes it easier to apply subsequent
stages of natural language processing, as compared with aricher representation giving the
estimated likelihoods of a plurality of interpretations (for instance, a lattice of possible
phoneme sequences).

Speech technology vendors have worked long and hard to improve the robustness of speech
recognition for things like numbers, currency values, dates, times, phone numbers and credit
card details. It therefore makes sense to incorporate the results of such processing into the
output from the recognizer. The output is the most likely natural language parse tree,
annotated with recognition confidence scores and the results of semantic preprocessing by
recognizers. W3C has been working on an XML representation for this, called NLSML or
natural language semantics markup language. Thiswork is still at an early stage and may
well change name by the time it is done.

Natural language understanding rules

The next step isto apply natural language understanding rulesto interpret the utterance in the
context of the current task and application state. The result is a sequence of actionsto be
performed. The actions cover such things as changing the application state, starting and
stopping other tasks, following links, changing the dialog focus and so on. See the earlier
section on tasks for other ideas. How should these natural language understanding rules be
represented and what do they need to be capable of ?

One posibility is support a sequence of if-then rules where the "if" part (the antecedent)
operates on the output of the recognizer, the current application state, task specific data, and
the dialog history. The "then" part (the consequent) specifies actions, but also can access
information passed to it from the antecedent, and from the same sources as are available to
the antecedent. These rules could be directly associated with grammar rules or could be
bound to grammars at the task level. The rules could in turn invoke additional rule sets
(modules).

The detailed representation of these rulesislikely to be a contentious issue. XML experts
will probably place a premium on consistency with existing XML specifications, for instance
XPath and XSLT. Others who place a premium on simplicity for end-users may prefer a
more consise and easier to learn syntax that is closer to conventional programming
languages. For added flexibility it would be advisable to allow for breaking out to a general
purpose scripting language such as ECMA Script, or arule oriented language such as Prolog.

Task specific data

Tasks may provide locally scoped data. This corresponds to locally scoped variablesin
subroutines in common programming languages. This information is hidden from other tasks,
unless exposed through defined methods. This assumes that tasks can be treated as objects
with methods. An object-oriented approach blends declarative and procedural styles, and
makes it straightforward for tasks to provide appropriate behaviorsin response to a variety of
events.
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Application state

For many applications there will be aneed for richly structured application information,
whether thisis for ordering pizza or for a personal assistant with access to mail boxes,
contact lists and appointment calendars. Application developers will need a consistent
interface to this data, and it is not unreasonable to do so via XML. This doesn't mean that
datais expressed internaly as XML files, but rather that the interface to the data can be
handled via operations on XML structures.

In some cases, this may involve atime consuming transaction with a back-end system, e.g. a
database on another server. Application developers need to be aware of such delays when
designing the interaction with the end-user. For delays of about two seconds or longer, it is
necessary to let the user know that some time consuming task is underway. A tick-tock sound
effect is sometimes used as the aural equivalent of an hour glass. For longer delays, itis
worth considering how to involve the user in some other activity until the task has been
completed.

Dialog history

Sometimes the user might refer back to something mentionned earlier in the dialog. It may be
possible to handle thisin terms of areference to the current application state, otherwise, it is
necessary to maintain a representation of the sequence of prompts and responses.
Observations of human short term memory suggest that only a small number turns need to be
available. The dialog history can be represented at severa levels, for instance:

the text of the utterances as spoken by the user and by the application

the parse trees as output by the recognizer

semantically meaningful information placed in the dialog history by the natural language
understanding rules or directly by active tasks (e.g. handlers for mouse clicks)

The dialog history is accessible by the antecedents and consequents of the natural language
understanding (NLU) rules. Linguistic phenomena such as anaphora, deixis, and ellipsis can
be treated in terms of operations by the NLU rules on the current or preceding utterances.
Anaphoric references include pronouns and definite noun phrases that refer to something that
was mentioned in the preceding linguistic context, by contrast, deictic references refer to
something that is present in the non-linguistic context. Ellipsis is where some words have
been left out when the context makes it "obvious" what ismissing. If the NLU rules aren't
able to make sense of the utterance then application developers should provide some fall
back behavior.

Application developers may want to allow the user to make responses that combine multiple
modalities. One example is where the user is shown a street map centered around his/her
current position. The user might ask how long it would take to walk to "here" while clicking
on the map with astylus. The NLU rulesin this case would have to search the dialog history
for positional information as recorded by the handler for the click event.
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A distributed model of events and actions

The need to support a mass market of low-end devices makes it imperative to provide a
distributed architecture. The Web aready has a model of events, asintroduced into HTML,
the next step will be to extend this across the network.

The events are divided into actions and notifications. Actions are events that cause a change
of state, while notifications are events that are thrown as aresult of such changes. Here are
some examples:

Changing the input focusin an XHTML page
A notification event is thrown by afield when it acquires or |oses the focus. The
corresponding message includes the name of the event and an identifier for the field
involved. The corresponding action event targets the field that will as aresult acquire
the focus.

Changing the value of an XHTML field
An event to change the value can be sent as aresult of user action viaone or more
modes of input, for instance, the keypad, stylus or speech. The action event includes the
new value and targets the field to be updated. As a consequence of the update, a
notification event is thrown to all observersinterested in learning about changes to that
field.

Changing to anew XHTML page
The action event to change to a new page can be triggered in several ways, for instance,
by tapping on alink, selecting alink with the keypad or saying the appropriate
command. The corresponding notification events signal the unloading of the current
page, and the loading of the new page.

Changing the page structure and content
The results of a spoken utterance could lead to changes to the visual page's structure
and content. In a conventional, web page, this would be achieved through scripting and
calls that manipulate the document object modal.

Events can effect user interface specific features or modality independent abtractions. For
example, when the user says a command to follow alink, this could be targeted at abuttonin
the visual interface, resulting in this button appearing to depress momentarily. If the action is
targeted at the page, the button won't be effected.

The XML Events specification describes markup for use in binding handlers to events
following the model defined in the W3C DOM2 Recommendation. The framework needsto
be extended to support the notion of action events, and to describe the representation of
events as XML messages. This can be kept separate from the underlying transport protocols.
In 2.5G and 3G mobile networks, the IETF SIP events specification looks like a natural fit.

In an asynchronous system, care needs to be taken to avoid inconsistencies arising. In one
example, the user says something to select a choice from a menu, but then uses the stylusto
tap on different choice on the same menu. In the time taken to recognize the speech and send
the corresponding action, the visual interface will have already changed the value, based
upon the stylus tap.

The simplest policy isto apply actions in the order they are received. An aternative would be
to include atime stamp and to ignore an action that occurred before the latest action that was
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applied. If amore sophistocated approach is needed, it may be feasible to define script
handlers that intercept the actions before they are applied.

Dialog models involving explicit turn taking provide a further basis for synchronization. The
events are tagged with the turn, and this can be used to identify events that arrive out of turn.
Further work is needed to understand how turn taking relates to the user interface model in
XHTML.

Oneideaisto use an identifier corresponding to the web page. If an event is delivered after
the page has changed, the event can be easily discarded or directed to an appropriate handler.
For applications that last over multiple web pages, a session context seems appropriate, and
fitswith existing ideas for WML and VoiceXML.

When it comes to actions that change the structure and content of a document, then it would
be interesting to compare and contrast approaches based upon transferring small scripts
(scriplets) and more declarative approaches based upon markup. In both cases, it may be
necessary to consider security mechanisms to avoid problems with hostile third parties
intervening in the dialog between devices and servers.

Next Steps

This paper has presented an analysis of the requirements for multimodal dialogs and
proposed a sketch of atask-based architecture using events for synchronization across
modalities and devices. It isto be hoped that this paper will help to stimulate further
discussion bridging the academic and commercial communities. Experience has shown that it
takes several years to create Web standards. Now is the time to ensure that the next
generation of Web user interfaces are grounded on solid review by both communities.
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Abstract

Haptic interactions add new challenges to
multi-modal systems. With the MIAMM!
project we develop new concepts and
techniques to allow natural access to
multimedia databases. In this paper we give
an overview of our approach, and discuss
the architecture and the MMIL interface
language. A short example provides a
general feeling of the possible interactions.

Keywords: Architectures, interface

languages, haptics

1

The main objective of the MIAMM project
(www.miamm.org) is to develop new concepts
and techniques in the field of multi-modal
interaction to allow fast and natural access to
multimedia databases. This will imply both the
integration of available technologies in the
domain of speech interaction (German, French,
and English) and multimedia information access,
and the design of novel technology for haptic
designation and manipulation coupled with an
adequate graphical presentation.

A design study for the envisioned handheld
appliance is show in figure 1. The user interacts
with the device using speech and/or the haptic
buttons to search, select, and play tunes from an
underlying database. In the example, the user
has loaded her list of favourites. She can change
the speed of rotation pressing the buttons.

Introduction

I Multidimensional Information Access using
Multiple Modalities, EU/IST project n°2000-29487
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Figure 1: Design study of the MIAMM device

Haptic feedback can also provide e.g. the rhythm
of the tune currently in focus through tactile
feedback on the button. If the user wants to have
the list rotate upward, she presses the topmost
button on the left and has to apply a stronger
force to accelerate the tape more quickly.

The experimental prototype will use multiple
PHANToOM devices (www.sensable.com), see
figure 3 (Michelitsch et.al. 2002), simulating the
haptic buttons. The graphic-haptic interface is
based on the GHOST software development kit
provided by the manufacturer. The other
modules of the system will be contributed by the
project partners.

In the remainder of the article we will shortly
present the software architecture of MIAMM,
the basic principles for the design of a unified
interface language within the architecture, and
finally a short example dialog that is the basis
for the ongoing implementation.
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Figure 2: Miamm general architecture

Figure 3: The simulation of the buttons using
PHANTOM devices

2 The Architecture

The participants of the Schloss Dagstuhl
workshop  “Coordination and Fusion in
Multimodal Interaction” (see

http://www.dfki.de/~wahlster/Dagstuhl Multi

Modality/ for the presentations) discussed in one
working group architectures for multi-modal
systems (WG 3). The final architecture proposal

follows in major parts the “standard”
architecture of interactive systems, with the
consecutive steps mode analysis, mode
coordination, interaction management,

presentation planning, and mode/media design
For MIAMM we discussed this reference
architecture and checked its feasibility for a
multi-modal interaction system using haptics.
We came to the conclusion that a more or less
pipelined architecture does not suit the haptic
modality. For modalities like speech no
immediate feedback is necessary: you can use
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deep reasoning and react in the time span of 1
second or more.

Consider however the physiology of the senso-
motoric system: the receptors for pressure and
vibration of the hand have a stimulus threshold
of 1um, and an update frequency of 100 to 300
Hz (Beyer&Weiss 2001). Therefore, the
feedback at the buttons must not be delayed by
any time-consuming reasoning processes to
provide a realistic interaction: if the reaction of
the system after depressing one button is delayed
beyond the physiologically acceptable limits, it
will be an unnatural interaction experience.

As a consequence, our architecture (see figure 2)
considers the modality specific processes as
agents which may have an internal life of their
own: only important events must be sent to the
other agents, and other agents can ask about the
internal state of agents.

The system consists of two agents for natural
language processing, one for the analysis side,
and one for the generation and synthesis. The
visual-haptic agent is responsible for the
visualization, the assignment of haptic features
to the force-feedback buttons, and for the
interpretation of the force imposed by the user.
The dialog manager consists of two main blocks,
namely the multi-modal fusion which is
responsible for the resolution of multi-modal
references and of the action planner. A simple
dialog history and user model provide contextual
information. The action planner is connected via
a domain model to the multi-media database. All
accesses to the database are facilitated by the
domain-model inference engine.



In the case of the language modules, where
reaction time is important, but not vital for the
true experience of the interaction, every result,
e.g. an analysis from the speech interpretation, is
forwarded directly to the consuming agent. The
visual-haptic  agent with its real-time
requirements is different. The dialog manager
passes the information to be presented to the
agent, which determines the visualization. It also
assigns the haptic features to the buttons. The
user can then use the buttons to operate on the
presented objects. As long as no dialog intention
is assigned to a haptic gesture, all processing
will take place in the visual-haptic agent, with
no data being passed back to the dialog manager.
Only if one of this actions is e.g. a selection, it
passes back the information to the dialog
manager autonomously. If the multi-modal
fusion needs information about objects currently
in the visual focus, it can ask the visual-haptic
agent.

4 The interface language MMIL
The  implementation of the MIAMM
demonstrator should be based upon the

definition of a unified representation format that
will act as a lingua franca between the various
modules identified in the architecture of the
system. This representation format (called
MMIL, Multi-Modal Interface Language) must
be able to accumulate the various results yielded
by each of these modules in a coherent way so
that on one hand, any other module can base its
own activity upon the information which it
precisely requires and, on the other hand, it is
possible to log the activity within the MIAMM
demonstrator on the sole basis of the information
which is transited within the components of the
system. This last functionality is particularly
important in the context of the experimentation
of innovative interaction scenarios combining
spoken, graphical and haptic modalities, for
which we will have to evaluate the exact
contribution of each single mode to the general
understanding and generation process.

One of the underlying objectives behind the
definition of the MMIL language is to account
for the incremental integration of multi-modal
data to achieve, on one hand, a full
understanding of the user’s multi-modal act
(possibly made of a spoken utterance and a
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gestural activity), and, on the other hand,
provide all the necessary information to generate
multi-modal feedback (spoken output combined
with a graphical representation and/or haptic
feedback) to the user. The integration (fusion) or
design (fission) of multi-modal information
should obviously be based on the same
representation framework, as these two activities
could be seen as two dual activities in any
communication scenario. In this context, one of
the complexities of the design of the MMIL
language will be to ensure that such a multi-
modal coordination can both occur at a low level
of the architecture (e.g.  synchronous
combination of graphics and haptics), up to
high-level dialog processes (e.g. multi-modal
interpretation of a deictic NP in combination
with a haptic event). One question that can be
raised here is the decoupling of real time
synchronization processes (haptic-graphics)

from understanding processes, which occur at a

lower temporal rate?.

One other important issue is to make sure that

MMIL is kept independent from any specific

theoretical framework, so that it can cope for

instance with the various parsing technologies
adopted for the different languages in MIAMM

(template based vs. TAG based parsing). This in

turn may provide to MMIL some degree of

genericity, which could make it reusable in other
contexts.

Given this, we can identify the following three

basic requirements for the MMIL language:

* The MMIL language should be flexible
enough to take into account the various types
of information identified in the preceding
section and be extensible, so that further
developments in the MIAMM project can be

incorporated;
= Whenever it is possible, it should be
compatible with existing standardization

initiatives (see below), or designed in such a
way (in particular from the point of view of
documentation) that it can be the source of
future standardizing activities in the field;

» [t should obviously be based on the XML
recommendation, but should adopt a schema

2 Even if we consider it useful to deal with haptic
synchronization at the dialog manager level, the
performance of such a dialog manager might not be
sufficient to keep up with the update rate required by
haptic devices.



definition language that is powerful enough to

account for the definition of both generic

structures and level specific constraints.
One major challenge for MIAMM appears to be
the creation of a new ISO committee
(TC37/SC4) on language resources which
should comprise, among other things some
specific activities on multi-modal content
representation (see Bunt & Romary 2002). Such
a format is likely to be close to what is needed
within MIAMM and our goal is to keep as close
as possible to this international initiative.

5 A short example interaction

To our knowledge, the envisioned interaction
techniques have not been investigated yet.
Therefore, task and human factors analysis plays
an important part (see also Michelitsch et al.
2002). From the task analysis, we have first
sample dialogs, which we use as starting point
for implementation.

With the interactions below we demonstrate,
how the internal processing will proceed in the
realised prototype. We assume that the user has
listened in the morning to some songs and stored
the list in the memory of MIAMM. First the user
says

“show me the songs | listened to this morning”

The utterance is analysed, resulting in an
intention based MMIL representation. The
multi-modal fusion resolves the time and
retrieves the list of tunes from the persistent
dialog history. The action planner selects as the
next system goal to display the list and passes
the goal, together with the list to the visual-
haptic agent. A possible presentation can be like
the one shown in figure 1. The user now
manipulates the tape, uses force to accelerate the
tape, or revert the presentation direction. A
marker highlights the interpret’s name that is
currently in focus. All this activities are
encapsulated in the visual-haptic agent.

The user next selects one singer by uttering

“select this one”

while pressing the selection button on the right.
Both agents, speech analysis and visual-haptic
processing, send  time-stamped MMIL
representations to the dialog manager. The
visual-haptic agent does not send graphical
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information, but rather the identifier of the
selected object and the intention, e.g. marked.
The multi-modal fusion gets both structures,
checks time and type constraints, and fills the
selection intention with the proper object. The
action planner then asks the database via the
domain model to retrieve all information for this
singer and again dispatches a display order to
the visual-haptic agent.

4 Conclusion

We presented the main objectives and first
specifications of the MIAMM project. The first
experiments as well as precise specification of
both the basic user scenarios and the architecture
show that incorporating a haptic device does not
necessarily make the design of a multi-modal
dialog system more complex but forces the
designer to be aware of the requirements of the
modalities to provide a coherent view of their
various roles in the interaction. The first
prototype will be operational at the end of 2002.
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Abstract

To participate in conversations with people, robots must not only see and talk with people but make use of the conven-
tions of conversation and of how to be connected to their human counterparts. This paper reports on research on en-
gagement in human-human interaction and applications to (non-autonomous) robots interacting with humans in hosting
activities.

Keywords. Human-robot interaction, hosting activities, engagement, conversation, collaborative interface agents, embod-
ied agents.

1. INTRODUCTION

As aresult of ongoing research on collaborative interface agents, including 3D robotic ones, | have begun exploring the
problem of engagement in human interaction. Engagement is the process by which two (or more) participants establish,
maintain and end their perceived connection. This process includes: initial contact, negotiating a collaboration, checking
that other is still taking part in interaction, evaluating staying involved, and deciding when to end connection.

To understand the engagement process | am studying human to human engagement interaction. Study of human to human
engagement provides essential capabilities for human - robot interaction, which | view as a valid means to test theories
about engagement as well asto produce useful technology results. My group has been experimenting with programming a
(non-autonomous) robot with engagement abilities.

2. HOSTING ACTIVITIES

My study of engagement centers on the activity of hosting. Hosting activities are a class of collaborative activity in which
an agent provides guidance in the form of information, entertainment, education or other services in the user's environ-
ment (which may be an artificial or the natural world) and may also request that the human user undertake actions to sup-
port the fulfillment of those services. Hosting activities are situated or embedded activities, because they depend on the
surrounding environment as well as the participants involved. They are social activities because, when undertaken by
humans, they depend upon the social roles of humans to determine next actions, timing of actions, and negotiation among
the choice of actions. Agents, 2D animated or physical robots, who serve as guides, are the hosts of the environment.
This work hypothesizes that by creating computer agents that can function more like human hosts, the human participants
will focus on the hosting activity and be less distracted by the agent interface. Tutoring applications require hosting ac-
tivities; | have experimented with arobot host in tutoring, which is discussed in the next section.

Another hosting activity, which | am currently exploring, is hosting a user in aroom with a collection of artifacts. In such
an environment, the ability of the host to interact with the physical world becomes essential, and justifies the creation of
physical agents. Other activities include hosting as part of their mission: sales activities of al sorts include hosting in
order to make customers aware of types of products and features, locations, personnel, and the like. In these activities,
hosting may be intermingled with selling or instructiona tasks. Activities such as tour guiding or serving as a museum
docent are primarily hosting activities (see [1] for arobot that can perform tour guide hosting).

Hosting activities are collaborative because neither party determines completely the goals to be undertaken. While the
user's interests in the room are paramount in determining shared goals, the host's (private) knowledge of the environment
also congtrains the goals that can be achieved. Typically the goals undertaken will need to be negotiated between user
and host. Tutoring offers a counterpart to room exploration because the host has a rather detailed private tutoring agenda
that includes the user attaining skills. Hence the host must not only negotiate based on the user's interest but also based
on its own (private) educational goals. Accordingly the host's assessment of the interaction is rather different in these two
example activities.
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3. WHAT'SENGAGEMENT ABOUT?

Engagement is fundamentally a collaborative process (see [2], [3]), although it also requires significant private planning
on the part of each participant in the engagement. Engagement, like other collaborations, consists of rounds of establish-
ing the collaborative goal (the goa to be connected), which is not always taken up by a potential collaborator, maintaining
the connection by various means, and then ending the engagement or opting out of it. The collaboration process may in-
clude negotiation of the goal or the meansto achieveit [4], [5]. Described this way, engagement is similar to other collabo-
rative activities.

Engagement is an activity that contributes centrally to collaboration on activities in the world and the conversations that
support them. In fact conversation is impossible without engagement. This claim does not imply that engagement is just
apart of conversation. Rather engagement is a collaborative process that occursin its own right, simply to establish con-
nection between people, a natural socia phenomenon of human existence. It is entirely possible to engage another with-
out a single word being said and to maintain the engagement process with no conversation. That is not to say that en-
gagement is possible without any communication; it is not. A person who engages another without language must rely
effectively on gestural language to establish the engagement joint goal and to maintain the engagement. Gesture isalso a
significant feature of face-to-face interaction where conversations are present [6].

It is also possible to use language and just a few words to create and maintain connection with another, with no other in-
tended goals. An exchange of hellos, a brief exchange of eye contact and a set of good-byes can accomplish a collabora-
tion to be in connection to another, that is, to accomplish engagement. These are conversations for which one can rea-
sonably claim that the only purpose is smply to be connected. The current work focuses on interactions, ones including
conversations, where the participants wish to accomplish action in the world rather than just the relational connection that
engagement can provide.

4. FIRST EXPERIMENT IN HOSTING: A POINTING ROBOT

In order to explore hosting activities and the nature of engagement, the work began with a well-delimited problem: appro-
priate pointing and beat gestures for a (non-autonomous) robot, called Mel, while conducting a conversation. Mel’s be-
havior is a direct product of extensive research on animated pedagogical agents [7]. It shares with those agents concerns
about conversational signals and pointing as well. Unlike these efforts, Mel has greater dialogue capability, and its con-
versational signaling, including deixis, comes from combining the Collagen™ and Rea architectures [8]. Furthermore,
while 2D embodied agents [9] can point to thingsin a 2D environment, 2D agents do not effectively do 3D pointing.

Building a robot host relied significantly on the Paco agent [10] built using Collagen™ [11,12] for tutoring a user on the
operation of a gas turbine engine. Thus Mel took on the task of speaking all the output of the Paco system, a 2D applica
tion normally done with an on-screen agent, and pointing to the portions of the display, as done by the Paco agent. The
user's operation of the display through a combination of speech input and mouse clicks remains unchanged. The speech
understanding is accomplished with IBM ViaVoice™"s speech recognizer, the IBM JSAPI (see the ViaVoice SDK, at
www4.ibm.com/software/ speech/dev/sdk_java.html) to parse utterances, and the Collagen middleware to provide inter-
pretation of the conversation, to manage the tutoring goals and to provide a student model for tutoring.

The Paco 2D screen for gas turbine engine tutoring is shown in figure 1. Note that the agent is represented by a small
window, where text, a cursor hand and a smiling face appear (the cursor hand, however, is pointing at a button at the bot-
tom of the screen in the figure). The face changes to indicate six states: the agent is speaking, is listening to the user, is
waiting for the user to reply, is thinking, is acting on the interface, and has failed due to a system crash.

Our robotic agent is a homegrown non-mobile robot created at Mitsubishi Electric Research Labs [Paul Dietz, personal
communication], consisting of 5 servomotors to control the movement of the robot's head, mouth and two appendages.
The robot takes the appearance of a penguin (called Mel). Mel can open and close his beak, move his head in up-down,
and left-right combinations, and flap his "wings' up and down. He also has a laser light on his beak, and a speaker pro-
vides audio output for him. See Figure 2 for Mel pointing to a button on the gas turbine control panel.

While Mél's motor operations are extremely limited, they offer enough movement to undertake beat gestures, which indi-
cate new and old information in utterances [13], and a means to point deictically at objects with its beak. For gas turbine
tutoring, Médl sitsin front of alarge (2 foot x 3 foot) horizontal flat-screen display on which the gas turbine display panel
isprojected. All speech activities normally done by the on-screen agent, as well as pointing to screen objects, are instead
performed by Mel. With his wings, Mel can convey beat gestures, which the on-screen agent does not. Mel does not
however change his face as the onscreen agent does. Mel points with his beak and turns his head towards the user to con-
duct the conversation when he is not pointing.
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Figure 1:The Paco agent for gas turbine engine tutoring

Figure 2: Mel pointing to the gas turbine control panel

The architecture of a Collagen agent and an application using Mel is shown in figure 3. Specifics of Collagen interna
organization and the way it is generaly connected to the applications are beyond the scope of this paper; see [11] for
more information. Basically, he application is connected to the Collagen system through the application adapter. The
adapter tranglates between the semantic events Collagen understands and the events/function calls understood by the ap-
plication. The agent controls the application by sending events to perform to the application, and the adapter sends per-
formed events to Collagen when a user performs actions on the application. Collagen is notified of the propositions ut-
tered by the agent via uttered events. They also go to the AgentHome window, which is a graphical component responsi-
ble in Collagen for showing the agent's words on screen as well as generating speech in a speech-enabled system. The
shaded area highlights the components and events that were added to the basic Collagen middleware. With these additions, utterance
events go through the Mel annotator and BEAT system [13] in order to generate gestures as well as the utterances that Collagen al-
ready produces. More details on the architecture and Mel's function with it can be found in [14].
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Figure 3: Architecture of Mel

5. MAKING PROGRESS ON HOSTING BEHAVIORS

Mel is quite effective at pointing in adisplay and producing a gesture that can be readily followed by humans. Mel's beak
is a large enough pointer to operate in the way that a finger does. Pointing within a very small margin of error (which is
assured by careful calibration before Mel begins working) locates the appropriate buttons and dials on the screen. How-
ever, the means by which one begins a conversation with Mel and ends it are unsatisfactory. Furthermore, Mel has only
two weak means of checking on engagement during the conversation: to ask "okay?' and await aresponse from the user
after every explanation it offers, and to await (including indefinitely) a user response (utterance or action) after each time
it instructs the user to act.

To expand these capabilities | am studying human-human scenarios to determine what types of engagement strategies
humans use effectively in hosting situations.

Figure 4 provides a constructed engagement scenario that illustrates a number of features of the engagement process for
room hosting. These include: failed negotiations of engagement goals, successful rounds of collaboration, conversational
capabilities such as turn taking, change of initiative and negotiation of differencesin engagement goals, individual assess-
ing and planning, and execution of end-of-engagement activities. There are also collaborative behaviors that support the
action in the world activities (called the domain task) of the participants, in this case touring a room. In a more detailed
discussion of this example below, these different collaborations will be distinguished. Significant to the interaction are
the use of intentionally communicative gestures such as pointing and movement, as well as use of eye gaze and recogni-
tion of eye gaze to convey engagement or disengagement in the interaction.

In this scenario in part 1 the visitor in the room hosting activity does not immediately engage with the host, who uses a
greeting and an offer to provide a tour as means of (1) engaging the visitor and (2) proposing a joint activity in the world.
Both the engagement and the joint activity are not accepted by the visitor. The visitor accomplishes this non-acceptance
by ignoring the uptake of the engagement activity, which also quashes the tour offer.

However, the visitor at the next turn finally chooses to engage the host in severa rounds of questioning, a simple form of
collaboration for touring. Questioning also maintains the engagement by its very nature, but also because the visitor per-
forms such activities as going where the host requestsin part 2. While the scenario does not stipulate gaze and tracking,
in real interactions, much of parts 2 through 6 would include various uses of hands, head turns and eye gaze to maintain
engagement as well asto indicate that each participant understood what the other said.

In part 4, the host takes over the initiative in the conversation and offers to demonstrate a device in the room; thisis an-
other offer to collaborate. The visitor's response is not linguistically complex, but its intent is more challenging to inter-
pret because it conveys that the visitor has not accepted the host's offer and is beginning to negotiate a different outcome.
The host, a sophisticated negotiator, provides a solution to the visitor's objection, and the demonstration is undertaken.
Here, negotiation of collaboration on the domain task keeps the engagement happening.

However, in part 6, the host's next offer is not accepted, not by conversational means, but by lack of response, an indica-
tion of disengagement. The host, who could have chosen to re-state his offer (with some persuasive comments), instead
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takes a simpler negotiation tack and asks what the visitor would like to see. This aspect of the interaction illustrates the
private assessment and planning which individual participants undertake in engagement. Essentially, it addresses the pri-
vate question: what will keep us engaged? With the question directed to the visitor, the host aso intends to re-engage the
visitor in the interaction, which is minimally successful. The visitor responds but uses the response to indicate that the
interaction is drawing to aclose. The closing ritual [14], a disengagement event, is, in fact, odd given the overall interac-
tion that has preceded it because the visitor does not follow the American cultural convention of expressing appreciation
or at least offering a simple thanks for the activities performed by the host.

Part O

<Visitor entersand islooking around the room when host notices visitor.>
Host: Hello, I'm theroom host. Would you like meto show you around?
Part 1

Visitor: <Visitor ignoreshost and continuesto look around>

What isthis? <Visitor looks at and pointsto an object>

Host: That's a camera that allows a computer to see as well as a person to track people as they move around a
room.

Part 2
Visitor: <looks at host> What doesit see?

Host: Come over here <Host moves to the direction of the object of interest> and look at this monitor <points>. It
will show you what the camera is seeing and what it identifies at each moment.

Part 3

Visitor: <follows host and then looks at monitor> Uh-huh. What are the boxes around the heads?

Host: The program identifiesthe most inter esting thingsin the room--faces. That showsit isfinding a face.
Visitor: oh, | see. Well, what elseisthere?

Part 4

Host: | can show you how to record a photo of yourself asthe machine sees you.

Visitor: well, I don't know. Photos usually look bad.

Host: You can try it and throw away theresults.

Part 5

Visitor: ok. What do | do?

Host: Stand beforethe camera.

Visitor: ok.

Host: When you areready, say " photo now."

Visitor: ok. Photo now.

Host: Your picture hasbeen taken. It will print on the printer outsidethisroom.

Visitor: ok.

Part 6

Host: Let'stake alook at the multi-level screen over there <points><then movestoward the screen>.
Visitor: <the visitor does not follow pointing and instead looks in a different direction for an extended period of
time>

Host: <host notices and decidesto see what the visitor islooking at.> Isther e something else you want to see?
Visitor: Nol think I've seen enough. Bye.

Host: ok. Bye.

FIGURE 4: Scenario for Room Hosting

While informal constructed scenarios can provide us with some features of engagement, a more solid basis of study of
human hosting is needed. To that end | am currently collecting several videotaped interactions between human hosts and
visitors in a natural hosting situation. In each session, the host is a lab researcher, while the visitor is a guest invited by
the author to come and see the work going on in the lab. The host demonstrates new technology in a research lab to the
visitor for between 28 and 50 minutes, with variation determined by the host and the equipment available.
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6. ENGAGEMENT AMONG HUMAN HOSTSAND VISITORS

This section discusses engagement among people in hosting settings and draws on videotaped interactions collected at
MERL.

Engagement is a collaboration that largely happens together with collaboration on a domain task. In effect, at every mo-
ment in the hosting interactions, there are two collaborations happening, one to tour a lab and the other to stay engaged
with each other. While the first collaboration provides evidence for ongoing process of the second, it is not enough. En-
gagement appears to depend on many gestural actions as well as conversational comments.  Furthermore, the initiation of
engagement generally takes place before the domain task is explored, and engagement happens when there are not domain
tasks being undertaken. Filling out this story is one of my ongoing research tasks.

In the hosting situations | have observed, engagement begins with two groups of actions. The first is the approach of the
two participants accompanied by gaze at the other. Each notices the other. Then, the second group of actions takes place,
namely those for opening ritual greetings [15], name introductions and hand shakes. Introductions and hand shakes are
customary American rituals that follow greetings between strangers. For people, who are familiar with one another, en-
gagement can begin with an approach, gaze at the potential partner and optionally a mere "hi." These brief descriptions
of approach and opening rituals only begin to describe some of the variety in these activities. The salient point approach
isthat it is a collaboration because the two participants must achieve mutual notice. The critical point about openings is
that an opening ritual is necessary to establish connection and hence is part of the engagement process.

All collaboration initiations can be thwarted, and the same is true of the collaboration for engagement, asisillustrated in
the constructed scenario in Figure 4 in parts 0 and 1. However, in the videotaped sessions, no such failures occur, in large
part, | surmise, due to the circumstances of the pre-agreement to the videotaped encounter.

Once connected, collaborators must find ways to stay connected. In relational only encounters, eye gaze, smiles and other
gestures may suffice. However, for domain tasks, the collaborators begin the collaboration on the domain task.
Collaborations always have a beginning phase where the goal is established, and proposing the domain task goal is a
typical way to begin a domain collaboration. In the videotaped hosting activities, the participants have been set up in
advance (as part of the arrangement to videotape them) to participate in hosting, so they do not need to establish this goal.
They instead check that the hosting is still their goal and then proceed. The host performs his part by showing several
demos of prototype systems. In three of the videotaped sessions, the host (who is the same person in all the sessions)
utters some variant of “Let's go see some demos.” This check on starting hosting is accompanied by looking at the
visitor, smilesand in some cases, a sweep of the hand and arm, which appears to indicate either conveying a direction to
goin or offering a presentation.

How do participants in a domain collaboration know that the engagement process is succeeding, that the participants are
continuing to engage each other? When participants follow the shared recipes for a domain collaboration, they have evi-
dence that the engagement is ongoing by virtue of the domain collaboration. However, many additional behaviors pro-
vide signals between the participants that they are still engaged. These signals are not necessary, but without them, the
collaboration is a ow and inefficient enterprise and likely to breakdown because their actions can be interpreted as not
continuing to be engaged or to participating in the domain task. Some of these signals are also essential to conversation
for the same reason. The signalsinclude:

talking about the task,

turn taking,

timing of uptake of aturn,

use of gaze at the speaker, gaze away for taking turng[17],

use of gaze at speaker to track speaker gestures with objects,

use of gaze by speaker or non-speaker to check on attention of other,

hand gestures for pointing, iconic description, beat gestures, (see[19], [7]), and in the hosting setting, gestures asso-
ciated with domain objects,

head gestures (nods, shakes, sideways turns)

body stance (facing at other, turning away, standing up when previously sitting and sitting down),
facial gestures (not explored in thiswork but see[20]),

non-linguistic auditory responses (snorts, laughs),

socia relationa activities (telling jokes, role playing, supportive rejoinders).

Several of these signals have been investigated by other researchers, and hence only a few are noteworthy here. The tim-
ing of uptake of a turn concerns the delay between the end of one speaker's utterances and the next speaker's start at
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speaking. It appears that participants have expectations about next speech occurring at an expected interval. They take
variations to mean something. In particular, delaysin uptake can be signals of disengagement or at least of conversational
difficulties. Uptake delay may only be a signal of disengagement when other cues also indicate disengagement: looking
away, walking away, or body stance away from the other participant.

In hosting situations, anong many other circumstances, domain activities can require the use of hands (and other parts of
the body) to operate equipment or display objects. In the videotaped sessions, the host often turns to a piece of equipment
to operate it so that he can proceed with ademo. The visitors interpret these extended turns of attention to something as
part of the domain collaboration, and hence do not take their existence as evidence that the performer is distracted from
the task and the engagement. The important point here is that gestures related to operating equipment and object display
when relevant to the domain task indicate that the collaboration is happening and no disengagement is occurring. When
they are not relevant to the domain task, they could be indicators that the performer is no longer engaged, but further
study is needed to gauge this circumstance.

Hosting activities seem to bring out what will be called social relational activities, that is, activities that are not essential
for the domain task, but seem socia in nature, and yet occur during it with some thread of relevance to the task. The
hosts and visitors in the videotaped sessions tell humorous stories, offer rejoinders or replies that go beyond conveying
that the information just offered was understood, and even take on role playing with the host and the objects being exhib-
ited. Figure 5 contains a transcript of one hosting session in which the visitor and the host spontaneously play the part of
two children using the special restaurant table that the host was demonstrating. The reader should note that their play is
highly coordinated and interactive and is not discussed before it occurs. Role playing begins at 00 in the figure and ends
at 17. [The host P has shown the visitor C how restaurant customers order food in an imaginary restaurant using an actual
electronic table, and is just finishing an explanation of how wait staff might use the new electronic table to assist custom-
ers] Note that utterances by P and C are labeled with their letter and a colon, while other material describes their body
actions.

52: Pleft hand under table, right hand working table, head and eyes to table, bent over
C watching P.
P: so that way they can have special privileges to make different things happen
C nods at "privileges' and at "happen”
54: P turns head/eyes to C, raises hands up
C's had down, eyes on table
55: P moves away from C and table, raises hands and shakes them; moves totally away full upright
56: P. Uh and show you how the system all works
C: looks at P and nods
58: P sitsdown
P: ah
00: P: ah another aspect that we're
P rotates each hand in coordination
Clooksat P
01: P: worried about
P shakes hands
02: P: you know
C nods
04: P: sort of ayou know thiswould fit very nicely in a sort of theme restaurant
P looks at C; looks down
05: C: MM-hm
C looks at P, Nods at "MM-hm"
P: where you have lots of
06: P draws hands back to chest while looking at C
C: MM-hm
P: kids
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C nods, looking at P
07: P: | have kids. If you brought them to a
P has hands out and open, looks down then at C
C still nods, looking at P
09: P: restaurant like this
P brings hands back to chest
C smilesand looks at P
10: Plooks down; at "oh oh" lunges out with arm and (together points to table and looks at tabl€)
P: they would go oh oh
11: C: one of these, one of these, one of these
C point at each phrase and looks at table
P laughs; does 3 pointings while looking at table
13: P: | want ice cream <point>, | want cake <point>
C: yes yes <simultaneous with "cake">
C points at “cake” looks at P, then brushes hair back
P looking at table
15: P: pizza <points>
Plooking at table
C: Yesyes French fries <point>
C: looks at table as starts to point
16: P: one of everything
P pulls hands back and looks at C
C:yes
C: looksat P
17: P. and if the system just ordered { stuff} right then and there
Plooks at C, hands out and { shakes}, shakes again after "there"
C looking at P; brushes hair
C: Right right (said after “there”)
20: P: you'd be in big trouble || <laughs>
Plooking at C and shakes hands again in same way as before
Clooking at P, nods at ||
23: C: But your kids would be ecstatic
Clooking at P
P looking at C and puts handsin lap
Figure5 Playtime example

One might argue that social relational activities occur to support other relational goals between participants in the en-
gagement and domain task. In particular, in addition to achieving some task domain goals, many researchers claim that
participants are managing their social encounters, their "social face," or their trust [21,22] in each other. Socia relational
activities may occur in support these concerns.  This claim seems quite likely to this author. However, one need not take
a stand the details of the social model for face management, or other interpersonal issues such as trust, in order to note
that either indirectly as part of social management, or directly for engagement, the activities observed in the videotaped
sessions contribute to maintaining the connection between the participants. Socia relational activities such as the role
playing one in Figure 5 allow participants to demonstrate they are socially connected to one another in a strong way.
They are more than just paying attention to one another, especially to accomplish their domain goals. They actively seek
ways to indicate to the other that they have some relation to each other. Telling jokes to amuse and entertain, conveying
empathy in rgjoinders or repliesto stories, and playing roles are all means to indicate relational connection.

The challenge for participants in collaborations on domain tasks is to weave the relational connection into the domain
collaboration. Alternatively participants can mark a break in the collaboration to tell stories or jokes. In the hosting
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events | am studying, my subjects seem very facile at accomplishing the integration of relational connection and the do-
main collaboration.

All collaborations have an end condition either because the participants give up on the goal (c.f. [23]), or because the
collaboration succeeds in achieving the desired goals. When collaboration on a domain task ends, participants can elect
to negotiate an additional collaboration or refrain from doing so. When they so refrain, they then undertake to close the
engagement. Their means to do so is presumably as varied as the rituals to begin engagement, but | observe the common
patterns of pre-closing, expressing appreciation, saying goodbye, with an optional handshake, and then moving away from
one another. Preclosings [24] convey that the end is coming. Expressing appreciation is part of a socially determined
custom in the US (and many other cultures) when someone has performed a service for an individual. In my data, the
visitor expresses appreciation, with acknowledgement of the host. Where the host has had some role in persuading the
visitor to participate, the host may express appreciation as part of the preclosing. Moving away is a strong cue that the
disengagement has taken place.

Collaboration on engagement transpires before, during and after collaboration on adomain task. One might want to argue
that if that is the case, then more complex machinery is needed than that so far suggested in conversational models of col-
laboration (cf. [2],[3],[25]). | believe thisis not the case because much of the collaboration on engagement is non-verbal
behavior that simply conveys that collaboration is happening. For much of the collaboration to be engaged, no complex
recipes are needed. The portions of engagement that require complex recipes are those of beginning and ending the en-
gagement. Once some domain collaboration begins, engagement is maintained by the engagement signals discussed
above, and while these signals must be planned for by the individual participants and recognized by each counterpart, they
do not require much computational mechanism to keep going. In particular, no separate stack is needed to compute the
effects of engagement because the engagement itself is not discussed as such once adomain task collaboration begins.

How does one account for the social relational behaviors discussed above in this way? While social relational behaviors
also tell participants that their counterparts are engaged, they are enacted in the context of the domain task collaboration,
and hence can function with the mechanisms for that purpose. Intermixing relational connection and domain collabora-
tion are feasible in collaboration theory models. In particular, the goal of making a relational connection can be accom-
plished via actions that contribute to the goal of the domain collaboration. However, each collaborator must ascertain
through presumably complex reasoning that the actions (and associated recipes) will serve their social goals as well as
contribute to the domain goals. Hence they must choose actions that contribute to the ongoing engagement collaboration
as well as the domain collaboration. Furthermore, they must undertake these goals jointly. The remarkable aspect of the
playtime example is that the participants do not explicitly agree to demonstrate how kids will act in the restaurant. Rather
the host, who has previously demonstrated other aspects of eating in the electronic restaurant, relates the problem of chil-
dren in a restaurant and begins to demonstrate the matter when the visitor jumps in and participants jointly. The host ac-
cepts this participation by smply continuing his part init. It appears on the surface that they are just jointly participating
in the hosting goal, but at the same time they are also participating jointly in a social interaction. Working out the details
of how hosting agents and visitors accomplish this second collaboration remains to be done.

Presumably not all social behaviors cannot be interpreted in the context of the domain task. Sometimes participants inter-
rupt their collaboration to tell a story that is either not pertinent to the collaboration or while pertinent, somehow out of
order. These stories are interruptions of the current collaboration and are understood as having some other conversational
purpose. Asinterruptions, they also signal that engagement is happening as expected as long as the conversational details
of the interruption operate to signal engagement. It is not interruptionsin general that signal disengagement or adesireto
move to disengage; it is failure of uptake of the interruption that signals disengagement possibilities. Thus, failure to
uptake the interruption is clearly one meansto signal a start towards disengagement.

Open Questions

The discussion above raises a number of questions that must be addressed in my ongoing work. First, in my data, the host
and visitor often look away from each other at non-turn taking times, especially when they are displaying or using demo
objects. They also look up or towards the other’s face in the midst of demo activities. The SharedPlans collaboration
model does not account for the kind of fine detail required to explain gaze changes, and nothing in the standard models
of turn taking does either. How are we to account for these gaze changes as part of engagement? What drives collabora-
tors to gaze away and back when undertaking actions with objects so that they and their collaborators remain engaged?

Second, in my data, participants do not always acknowledge or accept what another participant has said via linguistic ex-
pressions. Sometimes they use laughs or expressions of surprise (such as “wow”) to indicate that they have heard and
understood and even confirm what another has said. These verbal expressions are appropriate because they express ap-
preciation of ajoke, a humorous story or outcome of ademo. | am interested in the range and character of these phenom-
ena aswell as how they are generated and interpreted.
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Third, this paper argues that much of engagement can be modeled as part of domain collaboration. However, a fuller
computational picture is needed to explain how participants decide to signal engagement as continuing and how to recog-
nize these signals.

7. ANEXT GENERATION MEL

While | pursue theory of human-human engagement, | am also interested in building new capabilities for Mel that are
founded on human communication. To accomplish that, | will be combining hosting conversations with other research at
MERL on face tracking and face recognition. These will make it possible to greet visitors in ways similar to human ex-
perience and may also allow us to make use of nodding and gaze change (though not what a human gazes at), which are
important indicators of conversation for turn taking as well as expressions of disinterest. Building a robot that can detect
faces and track them and notice when the face disengages for a brief or extended period of time provides a piece of the
interactive behavior.

Another challenge for arobot host is to experiment with techniques for dealing with unexpected speech input. People, it
is said, say that darndest things. Over time | plan to be able to collect data for what people say to a robot host and use it
to train speech recognition engines. However, at the beginning, and every time the robot’ s abilities improve dramatically,
| do not have reliable data for conversational purposes. To operate in these conditions, | will make some rough predic-
tions of what people say and then need to use techniques for behaving when the interpretation of the user's utterances falls
below athreshold of reliability. Techniques | have used in spoken-language systems in onscreen application [16] are not
appropriate for 3D agents because they cannot be effectively presented to the human visitor. Instead | expect to use tech-
niques that (1) border on Eliza-like behavior, and (2) use the conversational modelsin Collagen [12] to recover when the
agent is not sure what has been said.

8. SUMMARY

Hosting activities are a natural and common interaction among humans and one that can be accommodated by human-
robot interaction. Making the human-machine experience natural requires attention to engagement activities in conversa-
tion. Engagement is a collaborative activity that is accomplished in part through gestural means. Previous experiments
with a non-autonomous robot that can converse and point provide a first level example of an engaged conversationalist.
Through study of human-human hosting activities, new models of engagement for human-robot hosting interaction will
provide us with a more detailed means of interacting between humans and robots.
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Abstract

Cultural heritage appreciation is a privileged
area of application for innovative, natura—
language centred applications. In this paper
we discuss some of the opportunities and
challenges with a specific view of intelligent
information presentation, that takes into
account the wuser characteristics and
behaviour and the context of the interaction.
We make reference to the new PEACH
project, aimed at exploring various
technologies for enhancing the visitors
experience during their actual visit to a
museum.

Introduction

Since the second half of the Eighties, we have
considered cultural heritage appreciation a
privileged area of application for innovative,
natural—language centred applications. From the
application point of view, we believe this is an
area of high interest, as a) the “users’ of cultura
heritage increase in number at a fast pace; b)
there is a natural request for a quality shift: from
presentation of cultural heritage as a standard
mass product, similar to supermarket goods, to
a way to provide the single person with the
possibility of acquiring information and
understanding on things that interests him most,
and to assist his cultural development; c) the
way in which the cultural experience is carried
on has not changed much for centuries; and
especially the young seem to require novel
modes of being exposed to the cultural material,
so that they would engage and entertain them; d)
for Italy and Mediterranean countries cultural
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heritage can be a natural resource that fuels
economy (Minghetti et al, 2002); €) human-
computer interface technology can have a
decisive role in providing solutions for the
individual .

From the research point of view in the first
phase we have considered this as an opportunity
for exploring ideas related to multimodal
interfaces. The AlFresco System was a system
that integrated language, pointing in input and
language and images in output (Stock et al,
1997). But the main aspect is that it integrated in
a coherent way different interaction attitudes:
the goal-oriented language based modality and
the navigation-oriented hypermedia modality.
Well before the web era the AlFresco
generalized communication act management
approach was perhaps anticipating some of the

present challenges of web interaction.
Subsequently we have begun working on
information  presentation in the physical

environment. This brought in a number of new
issues and some constraints (see Stock, 2001).
Ideas were experimented in two projects,
Hyperaudio (Not et al, 1998) and the European
project HIPS (Benelli et al, 1999).

We shall present here some new lines of
research that we are now carrying on.

1. The PEACH Project

The PEACH (Personal Experience with Active
Cultural Heritage) project objective is that of
studying and experimenting with various
advanced technologies that can enhance cultural
heritage appreciation. The project, sponsored by
the Trento Autonomous Province, is mainly
based on IRST research, with important



contributions by the other two partners: DFKI
and Giunti Multimedia.

The research activity focuses on two technology
mainstreams, natural interactivity
(encompassing natural language processing,
perception, image understanding, intelligent
systems etc.) and micro-sensory systems.
Throughout the project, synergy and integration
of different research sectors will be emphasized.
Two general areas of research are highlighted:

The study of techniques for individual-
oriented information presentation: (i) use
of formalisms and technologies derived
from the field of natura language
generation in order to build contextual
presentations, (ii) use of speech and
gestures as input and audio and animated
characters as output; (iii) use of multi-agent
architectures to provide suggestions and
propose new topics.

The study of techniques for multi-
sensorial analysis and modeling of physical
spaces—that is, the use of visual sensors
such as video cameras, laser telemetry,
infrared sensors, and audio sensors such as
an array of microphones and ultrasonic
signas for monitoring a dynamic
environment, and collecting information
about objects and about the environment
for accurate virtual reconstruction.

The scope of the project is to significantly
increase the quality of cultura heritage
appreciation, in such a way as to transform
passive objects into active ones that can be
manipulated by the observer, and thus aiding to
bridge the gap between our past, which they
represent, and our future, of which they are the
seeds. Extended Appreciation and (Inter)active
Objects are facets of an underlying unifying
vision called Active Cultural Heritage.

1.1 Extended Appreciation

The traditional modes of cultura heritage
appreciation impose numerous limitations that
are not always obvious. For instance, in
observing a large statue, notwithstanding
physical proximity, the observer most likely will
be unable to capture details from every angle, as
these may be too far from his’her viewpoint. In
these cases, direct observation creates
limitations that can be overcome with
augmented reality, such as by using a palm
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computer to observe the details of the statue,
taken from cameras or reconstructed in a virtual
environment. Moreover, access to some objects
can be difficult or even impossible for some
visitors, such as disabled or elderly people.
Creating an accurate virtual representation o the
objects would extend fruition of the exhibit to
these visitors as well.

In general, remote appreciation opens interesting
possihilities, also for the study of an artefact that
due to its fragile nature must be kept under
restricted conditions and is thus not accessible to
everyone. The possibility of interacting with an
accurate virtual representation, allows the non-
invasive access to a work of art in the manner,
time, and place most appropriate for the visitor.
Objects can be manipulated in an innovative,
didactic, and fun way such as by modifying a
work of art, partially or in its entirety.

12 (Inter)Active Objects

It is particularly important for the individua to
be able to “navigate’ an independent
information course based on individually and
dynamically created presentations. One of the
scopes of the project is transcending a museum’s
restrictive environment by transforming a
passive object observed by the visitor into an
active subject capable of providing new
information in a context-sensitive manner, a
kind of hyperlink for accessing additional
situation-specific information to be presented
coherently.

Much of the technology for accessing
information in the Internet today (for example,
adaptive user profiling, information promotion,
database browsing, query by example) has a
natural place of application in this environment.

2. TheMuseum asa Smart Environment

A system that generates presentations of
artworks in a museum must mould to the
behaviour of a person visiting the museum. On
the one hand, the system must facilitate
movements within the space by (i) aiding the
orientation of the user using appropriate
linguistic support such as “ to your right you will
see...”; (i) proposing suggestions about the best
route for continuing the visit, such as with
“ ...along the same lines, the next room contains



an interesting...” . On the other hand, the system
must be able to interpret the implicit intentions
of the person’s movements. For example, the
prolonged observation of one object may be
interpreted as asign of interest.

A system of this type will be able to take into
consideration the constrains posed by the
environment in accessing information (e.g.
objects in an adjacent room may be far if the two
rooms are not connected) emphasising the
emotional impact of seeing the “real” work of
art. Such a system will also be able to affect the
visitor's perception within the environment by
attracting his’her attention to a particular work
or detail; for instance, taking advantage of new
technology such as the ability to superimpose
computer-generated images to the real scene (via
special transparent visors) or by generating
verbal presentations based on rhetorical and
persuasion-oriented strategies.

In this way, the museum visit is a full-fledged
interaction between the visitor and the museum
itself. In order to render possible this interaction,
it is necessary that the museum - in fact the
underlying information system - (i) knows the
physical position of the visitor (and, as much as
possible, his focus of visual attention); (ii)
communicates individual information on the
objects under exhibition—for instance through a
portable device, 3D audio, or using a special
wearable device that automatically superimposes
generated images to the real scene; and (iii)
receives requests from the visitor—verbally
and/or through gestures.

A museum of this type will not be simply
reactive, limiting itself to satisfy the questions of
the visitors, but will also be proactive, explicitly
providing unasked information; for instance,
suggesting the visit to particularly interesting or
famous objects, or alowing access to a
“window” (e.g. aflat screen on the wall) that can
deepen the study of the object under
observation. Such suggestions can be made
based on the observations of the person’s
behaviour, for example, the route chosen by a
visitor or how much time is spent in front of a
work, information noted about the user, such as
age and culture, or considerations relative to the
environment like rooms that are too crowded or
that are temporarily closed. The system should
be able to overhear the visitor's interaction
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(Busetta et al, 2001) and provide further
suggestions on the basis of an internal model of
priorities (for example, satisfying visitor's
interests, fulfilling educational goals, or,
perhaps, increasing museum bookshop’s sales).
Ancther important dimension is that of attracting
the young and keep them hooked to the cultural
experience. With children the playful attitude is
essential. We are conceiving new technology-
based environments, with spoken interaction
(see dso the NICE project with a similar
themel), where as a side effect children will be
motivated to look with attention and learn about
the cultural heritage. One of the central aspect is
the communication attitude. A humorous
interaction is a key resource with children. The
role of humor to keep attention, memorizing
names and help creative thinking is well known.
We are now beginning to see some concrete
results in modeling some processes of humour
production. To this end our initiad work in
computational humor will find a useful terrain of
experimentation here (see  Stock  and
Strapparava, 2002).

3. The Roleof Information Presentation

According to (Bordegoni et al, 1997), a medium
is a physical space in which perceptible entities
are realized. Indeed, in a museum (as well as in
a cultura city, an archaeological site, etc.) the
most prominent medium is the environment
itself. The main requirement for the presentation
of information task is that of integrating the
‘physical’ experience, without competing with
the origina exhibit items for the visitor's
attention.

From a multimedia point of view, this means
that additional uses of the visual channel have to
be carefully weighed. In this context, audio
channel should play the major role in particular
for language-based presentations, athough the
role of non-speech audio (e.g., music or ambient
sounds) should also be investigated. Yet when a
visual display is available (for example a PDA
or awall-size flat screen) images on the can be
used support the visitor in the orientation task
(3D or 2D images can used to support linguistic
reference to physical objects). In this latter case,
the visual channel is shared between the display

1 http://ww.niceproject.com



and the environment but the goal is still to
provide support to environment-related tasks.
From a multimodal point of view, different
modalities can be employed to focus the
visitor's attention on specific objects or to
stimulate interest in other exhibits. For example,
the linguistic part of e presentation (through
speech audio) can make large use of deictic and
crosssmodal expressions both with respect to
space (such as “here”, “in front of you”, “on
the other side of the wall” , etc.) and to time (“ as
you have seen before’, etc) (Not and
Zancanaro, 2000).

The peculiarity of the environment as a medium
is its staticity: the system cannot directly
intervene on this medium (i.e. the system cannot
move or hide exhibits nor change the
architecture of a room, as in virtual settings, at
least without considering technology-based
futuristic extensions.) Therefore, it may appear
that a main limitation of the presentation system
is the need to adapt the other media in service of
the environment. Y et a multimodal approach can
get round the staticity constraint in two ways at
least:

a) Dynamically changing the user's perception of
the environment: by exploiting augmented
reality techniques (for example as described in
Feiner, 1997) it is possible to overlay labels or
other images on what the visitor is actually
seeing. In this way, for example, the system can
plan to highlight some relevant exhibits in the
environment or shadow other less relevant ones.
3D audio effects or the selection of characteristic
voices or sounds for audio messages can
stimulate user's curiosity and attention (Marti et
al., 2001). Yet a similar effect can be obtained
by exploiting the power of language, as we did:
language-based presentations can be carefully
planned to attract the visitor's attention to more
important exhibits and shadow less relevant
ones. The simplest example: when in a visitor
enters a room for the first time, she usually
receives a general room presentation followed
by one that directs the visitor’s attention to the
exhibit the system hypothesizes most interesting
for her.

b) Changing the user's physical position: the
system can induce the user to change her
physical position either by a direct suggestion
(e.0. "go to the other side of the room, the big
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fresco you'll see on the wall is La Maesta’) or
indirectly, for instance by introducing a new
topic (e.g., "La Maesta, one of the absolute
masterpieces of European Gothic painting, is
located on the wall behind you”).

Ultimately, the goal of such system is to support
visitors in making their visiting experience meet
their own interests; but in some cases a visitor
should be encouraged not to miss some
particular exhibits (for example, you cannot visit
the Louvre for the first time and miss the Mona
Lisa). Sometimes this task can be accomplished
by direction giving, but there are other ways to
promote exhibits: for example, by providing at
the beginning of the visit alist of hotspots, or by
planning a presentation that, in a coherent way,
links the exhibit in sight to other ones through
reference to the visitor's interest. More
generally, further research is needed towards
implementing pedagogically-motivated systems
with meta-goals to pursue, educational strategies
to follow and intentions to satisfy. In this
respect, the interaction between the visitor and
the system must evolve from simple interaction
to full-fledged collaboration (for a discussion on
this topic applied to cultural tourism see Stock,
2001).

4. Seven Challenges

The theme discussed here constitute a terrain
where several areas of research can vyield
important contributions. We shall briefly review
some challenges, relevant for language-oriented
presentations.

Visitor Tracking. In our own experience after
various investigations we have ended sticking to
our initial choice - infrared emitters at fixed
positions, sensors on mobile devices. This
choice was also combined with a compass, but
we are sure shortly there will be more interesting
solutions available (e.g. ultrasounds). For the
outdoor scenario, we need a combination of GPS
and finer localization devices. Other techniques
can be envisioned and should be further
investigated, for example, beyond the physical
position, it would be useful to know the
direction of sight of the visitor. For the moment
it requires head-mounted displays and complex



vision recognition hardware, but one can foresee
a future where gaze detection may be possible
with less obtrusive hardware, at least in
structured and internally represented domains.
Representations and reasoning on what is at
sight need obviously to develop substantialy.

Novel devices. Acoustic output has been shown
to be here preferable over written language
which can be usefully exploited for highlights
and follow-ups. Yet improvements on high
quality graphics on a small device would be
highly appreciated since pictures have been
shown to be very helpful in signalling references
to objects in the physical space.

Wearable devices and head-mounted displays
can play arole in specific settings. In particular,
head-mounted displays can be very useful if
coupled with a technology that can overlay
computer generated graphics to real scenes (see
Feiner et al, 1997). This technique is
particularly interesting for archaeological sites
where the visitor would be able to “see” the
buildings as they were originally.

But often the best device for these kind of
applications is no device a al. Speech
recognition in the environment coupled with
"spatialized" audio would allow the visitors to

experience multisensory and  unobtrusive
interaction  with the environment. The
“narration” must develop with individual-

oriented characteristics and at personal times, so
it cannot just be produced once for al by
physically dislocated sound sources.

Expressing Space and time reference. We
need our systems to be able to reason about
where things are, what kind of spatial entity they
are, how they look like from a given position,
how best the visitor can reach them (Baus et al,
2002), when they will appear. For example, the
system should be able to instruct the visitor to
“reach the room at the end of this corridor”
rather than “go forward 10 meters and then turn
left”. There is a substantial tradition in Al
dealing with qualitative temporal reasoning and
a somehow less extended one dealing with
spatial reasoning (Stock, 1997). Representations
must provide us with material at the right level
of detail so that we can properly express it in
words. Of course we need also that the language
we produce is sophisticated in the proper use of
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word characteristics, for time taking into account
concepts like word aspect and tense, or, for
space, for example, being able to choose specific
spatial prepositions. A newer important element
in research is qualitative modelling of movement
(see Galton, 1997), particularly relevant here, as
we have seen that movement is the most relevant
input modality, strictly coupled with our
suggested medium - the environment.

Beyond descriptive texts. Perhaps the biggest
challenge is concerned with keeping the
attention of the user high and granting a long
term memory effect. We need to be able to
device techniques of material presentation that
hook the visitor, that continuously build the
necessary anticipation and release tension. The
"story" (we mean the multimodal story that
includes language, graphics and the visible
physical environment) must be entertaining, and
it should include mechanisms of surprise. The
expectation sometimes must be contradicted and
this contrast will help in keeping the attention
and memorizing the situation. A typica
mechanism of thiskind is at the basis of various
forms of computational humor (see Stock,
1996). Especially with children humor (and
play) can be a powerful means for keeping them
interested. Another aspect where much more
research is needed is concerned with
mechanisms of persuasion: i.e. how we can build
rhetorical mechanisms aimed at the goal that the
hearer/experiencer adopts desired beliefs and
goals. It is not only a matter of rational
argumentation, a field a bit more developed, but
an integration of various aspects, including some
modelling of affect. At the end our philosophy is
that the user is responsible for what she does and
hence for the material that is presented to her,
but yet through the presentation some specific
goals of the museum curator can be submitted
for adoption.

New visit modalities. The advent of technology
opens the way to new modalities of visit,
particularly important with children. A treasure
hunt is an obvious example, where the external
goals cause the innocent visitor to look for
details and come across many different exhibits
with "artificialy" induced attention.

An easier development is that at the end of a
visit, a report of the visit is produced



electronically, available for  successive
elaboration. For instance it will allow the user to
re-follow on a virtual environment what she has
seen and to explore related material at a deeper
level through added hyperlinks.

Support for group visits. A relevant percentage
of visitors come to the museum together with
other people. For natural science museums, the
typical case is a parent with children, for art
museums it is the group of friends. The group
dimension is largely unexplored: how best can a
family (or other group) be exposed in
individually different manners to the materia in
the environment so that they discuss what they
have seen and have a conversation that adds to
their individual experience, bringing in new
interests and curiosity?

Only limited research is devoted to group
visit (see for example, Woodruff et al, 2001)
and most issues are still open. Of course, we
can envisage a big difference in the parent-
child case with respect to the friends
scenario. Another interesting issue can be
the study of dynamic grouping, for example
when grouping extends over time (see for
example, Rahlff, 1999) or is dynamically
created during the visit.

Experimental evaluation. The most
enthusiastic comments of users of these kind of
systems (Marti and Lanzi, 2001) regard the
possibility to move freely during the visit while
being assisted by the dynamic guide. The
visitors felt comfortable in listening at
descriptions without interacting too much with
the PDA interface, mainly used in case of poor
performance by the system (delay in loading a
presentation, lack of information etc.). A feature
that was especially appreciated was how
information came tailored to the context. The
visitors recognized the capability of the tourist
guide to follow their movements offering
appropriate and overall coherent information at
the right moment.

However, our community has not become
sophisticated enough in evaluating mobile
systems for a cultural task. What we really need
are techniques as powerful as the Wizard of Oz
(simulation by hidden humans of systems that at
least in part do not exist yet, and observation of

157

user behaviour with the new means) so that the
results will really help decide on the specific
design choice. Equally important, as in any
educational environment, is to evaluate retention
of concepts and vividness of memory after time
(hours, weeks, years).

The PEACH project, started recently, will
deliver its results in a three year period with
experimentation a the Castello del
Buonconsiglio in Trento, with focus on the
famous frescoes of Torre Aquila DFKI in
particular will aso experiment a the
Voelklinger Huette, aworld cultural heritage site
dedicated to iron and steel industry near
Saarbruecken.
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